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Shock Incarceration and Positive Adjustment 
During Community Supervision: 

A Multi-Site Evaluation 

Abstract 

In recent years, shock incarceration programs, or "boot-camp 
prisons" have been a source of widespread attention. One of the 
oft-cited advantages of shock incarceration programs is that they 
provide offenders with a heightened sense of personal 
responsibility, confidence, and self-discipline as well as an 
increased capability to make a successful return to the communitye 
In this paper, we examine the extent to which offenders emerging 
from shock incarceration programs in five states do, in fact, 
adjust more positively to the day-to-day requirements of living in 
the communi ty • The resul ts sugges.t that shock incarceration 
programs have limited impact on positive adjustment. Supervision 
intensi ty in the community, however, plays a key role in the 
explanation of community adjustment. More intensively supervised 
offenders tend to outperform offenders who are less intensively 
supervised • 

I. Abstract 
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II. Administrative Summary 

Shock Incarceration and positive Adjustment During 
community Supervision: A Multi-Site Evaluation 

Administrative Summary 

I. Overview 

1 

Recently, correctional officials and policy makers have been 
exploring and implementing alternatives to traditional punishment 
tactics. These efforts have largely been mounted in response to an 
emerging consensus that customary punishment mechanisms, such as 
probation and incarceration, are incapable of ensuring public 
safety and. meeting offender needs within existing constraints. One 
alternative that has received significant attention within the past 
few years are the shock incarceration programs (often referred to 
as "boot-camp" prisons). In this study, data were collected on a 
range of measures of successful, or "positive adjustment" to life 
in the community in five states (see Tables la and lb). The 
study's objective was to investigate whether otherwise similar 
groups of offenders from different correctional "treatments, " 
including shock incarceration, were equally successful at adjusting 
to life in the community. 



II. Administrative Summary 

II. Empirical Background 

2 

Previous research on correctional options and their impact on 
posi ti ve adjustment to the c(,:}Dununi ty is limited but suggestive of 
several tentative conclusi~ns: 

• Shock incarceration has little independent impact on 
successful adjustment (MacKenzie et al., 1992). 

• Intensive supervision, in conjunction with shock probation is 
positively associated with successful or "positive adjustment" 
(Latessa and Vito, 1988). 

• Intensive supervision programs (ISpUs) appear to be more 
effective than other tactics when criteria include securing 
employment and attending drug treatment/counseling (Petersilia 
and Turner, 1993). Participation in intensive supervision 
programs is also associated with a higher likelihood of 
revocation for technical violations of community supervision 
condi.tions. 

• 

• Nei ther shock incarceration nor intensive supervision programs 
appear to be particularly effective at reducing recidivism 
rates. But offenders emerging from these programs do not 
recidivate more frequently than their counterparts in other • 
correctional programs (Souryal and MacKenzie, 1993 i Petersilia 
and Turner, 1993). 

This analysis focused on whether participation in shock 
incarceration programs was associated with positive adjustment in 
five states participating in the National Institute of Justice 
(NIJ) program to evaluate the effectiveness of u.s. shock 
incarceration programs. 

• 
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IIo Adminiatrative Summary 

III. Methodological Issues 

3 

The data for this study were collected as part of the National 
Institute of Justice research program on shock incarceration. The 
shOQk incarceration programs studied in the NIJ research program 
were all administered by state correctional officials. 
Participating states were selected so that several programming 
emphases, selection criteria, and regions of the U.s. would be 
represented. Not all of the participating states collected data 
on successful community adjustment. Four of the f;ive states 
included in this analysis were located in the southeastern U.s. 
(sites included Florida, Georgia, Louisiana, New York, and South 
Carolina). still, the regional homogeneity of the sites stood in 
contrast to differences in program emphases between them. All 
shock incarceration programs have a military atmosphere emphasizing 
drill, physical training, strict rules and discipline. But some 
programs in this study emphasized treatment, education and 
rehabilitation, while others emphasized punishment and deterrence. 
Exhibit 1 summarizes the major features of each state's program at 
the time the data for this study were collected. Importantly, some 
program features have changed since 1989-1990 (and 1987-1988, in 
Louisiana) when the data were collected. Table 2 presents the 
sample structure for each of the five states in the study. 

An important focus of the analysis was whether offenders graduating 
from shock incarceration programs adjusted more positively than 
offenders from other programs (i.e., traditional probation, 
incarceration, or shock incarceration program dropouts). Although 
the study groups within each of the states were selected to be 
similar (i~e. comparison groups met legal eligibility criteria for 
entrance into their state shock programs), they were not completely 
equivalent. To the extent that the study groups differ on 
characteristics that are related to successful communi ty 
adjustment, the resul ts of an analysis of group differences in 
successful adjustment that fails to take the other differences into 
account will yield biased results. l 

Demographic and offender characteristics data were, therefore, 
collected along with indicators measuring community supervision 
intensi ty. Our primary interest in these variables was their 
usefulness in controlling for pre-existing group differences. But 
supervision intensity is also interesting in its own right because 
intensive supervision programs (ISP's) are, in and of themselves, 
a viable correctional option. 

Supervision intensity and positive adjustment data were recorded by 
the community supervision officer at three-month intervals (four 

lIn short, such an analysis will lead to the incorrect 
conclusion in the average sample and the degree Clf inaccuracy will 
not improve with increasing sample size. 
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quarters or "waves") up to one-year. Pordtive adjustment items • 
included the indicators presented in Tables l.a. and lb. Supervision 
intensity data were available for analysis in all states except New 
York. In all states except Louisiana, supervision intensity was 
measured by the number of combined face-to-face and telephone 
contacts with the offender during each month of community 
supervision. 

For each three-month wave of the study, the number of monthly 
offender contacts were averaged over all three months (in Florida, 
Georgia, and South Carolina). In Louisiana, supervision intensity 
was measured through the use of three indexes: (1) knowledge of 
offender activities; (2) surveillance of offender activities and 
whereabouts; and (3) requirements for adequate progress during 
community supervisi.on. Perhaps not surprisingly, our preliminary 
analysis revealed that supervision intensity indicators were 
positively skewed (the requirements index in Louisiana was the 
only exception). In each of these states, we worked with the 
supervision intensity indicators in their natural logarithm (log to 
base e) form rather than in their raw metric form (with the 
exception of the requirements index in Louisiana). Exhibi t 2 
summarizes demographic and offender characteristics and important 
~r.roup differences in those characteristics in each of the states. 
A more detailed comparison of these programs is described in 
MacKenzie and Souryal (l.993). 

For analysis purposes, our principal interests were (l.) whether 
offenders from the different groups generally adjusted more or less 
positively over the course of the entire follow-up period (after 
adjusting for pre-existing differences); and (2) whether there were 
important changes and predictors of changes in the levels of 
successful adjustment (and supervision intensity) over the four 
quarters or "waves li of the study. 

• 

• 
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• IV. Resul ts 

• 

• 

We began the analysis by te,sting the positive adjustment measures 
described in Table 1 for internal consistency. The primary concern 
in an assessment of internal consistency is whether the composite 
items measure a unified construct. Empirically, the question is 
how well the current composite correlates with all other composites 
that measure the same construct. Our analysis (using Cronbach's 
coefficient alpha) revealed that both the ten-item composite 
(Fl~rida, Georgia, New York, and South Carolina) and the eighteen­
item composite (Louisiana) achieved reasonable levels of internal. 
consistency in each state. We concluded that positive adjustment, 
as measured in this analysis, represents a reliable construct. 

Analysis of pre-existing group differences in demographic and 
offender characteristics indicated that: (1) some differences were 
statistically significant in each state; and (2) statistical 
controls for demographic and offender characteristics would be 
necessary before comparing the groups (Le., prison, probation, 
shock incarceration program dropouts, and shock incarceration 
program graduates) on positive adjustment. 

Analysis revealed that panel mortality, or subject attrition, was 
suff iciently pronounced to be a concern in thil5 study. The 
greatest levels of subj ect mortality (mortali ty=dropping out of the 
study due to missing data, revocation, re-arrest, or release) were 
observed in Florida and Georgia while the problem was less 
pronounced in the other states. Where attrition sources could be 
identified, they were not usually positive events 0 In short, 
attrition was most likely to be the result of a revocation or a 
re-arrest -- not a release. Moreover, the analysis revealed that 
subject mortality and treatment sample (prison, probation, shock 
incarceration graduates, shock dropouts) were not independent in 
Florida, Georgia, and Louisiana. Thus, our preliminary analysis 
suggested the need to control for subject attrition patterns when 
positive adjustment is compared across groups. 

Two types of models were constructed. First, a model that assessed 
whether positive adjustment scores averaged over the entire one­
year follow-up period were different for different sample 
categories (shock, prison parolee, probationer, etc.) was estimated 
in each state. Put simply, this model largely ignores the over­
time fluctuations in positive adjustment and s,upervision intensity 
and simply aggregates them for all available measurement waves for 
each subject. Second, we focused on whether there were important 
differences in the groups that would only be apparent in an over­
time analysis. The over-time analysis consisted of estimating a 
series of longitudinal regression equations that utilized 
measurements in positive adjustment and supervision intensity at 
each wave within the one-year follow-up period. 

Two important features of the longitudinal regression models are 
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noteworthy. First, they control explicitly for prior values of the 
dependent variable in later waves (2, 3, and 4) of the study. 
Second, they allow the covariance matrix (the composite of 
predictor variables) to change over time. While the latter feature 
has no implications for variables such as type of correctional 
program, race, or age which remain constant over the course of the 
follow-up period, it has important implications for appropriately 
modeling the impact of supervision intensity which does change over 
time. 

As an alternative to the longitudinal regression approach, we 
estimated repeated measures analysis of variance models that did 
not control for prior values of the dependent variable. The 
repeated measures approach allows for explicit tests of the 
hypothesis that the effect of a given predictor variable (e.g., 
type of correctional program) is constant over the course of the 
follow-up period but imposes the requirement that the covariance 
matrix be constant (i.e., the variables are not allowed to change 
their values) over the study period. Although the latter 
requirement was inconsistent with our supervision intensity data, 
this method provided a useful assessment of over-time variation in 
the impact of the other predictor variables. 

Results of the analyses were, in many respects, consistent across 
the five states. Over-time and multivariate cross-sectional 
analysis revealed the following general conclusions: 

• In Florida, the shock graduate sample had higher posi ti ve 
adjustment scores than either the prison parolee sample or the 
shock dropout sample. Over-time analysis revealed that among 
offenders who completed the full one-year follow-up period, 
there were no group differences in positive adjustmen't that 
were either substantively or statistically significant 
(Exhibit 3). 

• In New York, the shock graduate sample had higher positive 
~djustment scores than the shock dropouts but not the prison 
parolees (Exhibit 6). 

• In the longitudinal analyses in Louisiana, there was evidence 
that shock program graduates performed slightly worse than the 
other groups, although substantively, the differences were 
quite small. In the cross-sectional analysis, the shock sample 
performance was not significantly different from the 
performance of the other samples (Exhibit 5).2 

2Analysis of the effect of shock incarceration in the absence 

• 

of control variables (particularly supervision intensity) indicated 
that the shock sample outperformed all of the other groups. The. 
analysis indicated that the shock sample was also supervised 
significantly more intensively than the other groups. When 

I 
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e· In Georgia (Exhibit 4), and South Carolina (Exhibit 7), 
posi ti ve adjustment scores did not differ by the type of 
correctional sanction used. 

e 

• 

• The effect of supervision intensity on positive adjustment 
varied in an interesting fashion. In Florida, Georgia, and 
South CaJ:)lina, where supervision intensity was measured by 
monthly offender contacts, positive adjustment was generally 
positively associated with successful adjustment. Beyond 
about 2 • 0 contacts per month, however, the relationship 
between the con~act levels and successful adjustment leveled 
off. Although, there was only the most limited evidence that 
positive adjustment decreased as supervision intensity 
increased at these levels, there was consistent evidence that 
increases in supervision intensity beyond 2.0 contacts per 
month failed to lead to significant increases in positive 
adjustment until contacts reached extremely high ., evels (e. g. , 
15 to 20 monthly contacts). Taken at face va~ue, these 
models imply a friction, of sorts, that occurs between two and 
very high levels of monthly contacts. The friction in the 
estimated regression curves were evident in all three states 
where contact data were used. Still, offenders with three and 
four contacts per month adjusted more positively than 
offenders with 0.5, 1.0, or 1.5 contacts per month on average. 

In Louisiana, where supervision intensity index scores were 
used, there was no evidence of friction or diminishing 
return/leveling-off relationships between supervision 
intensity and positive adjustment. Instead, the pattern was 
linear and suggestive of a posi ti ve relationship between 
supervision intensity and successful adjustment. 

In sum, the results pointed to the conclusion that offenders 
who were in more frequent contact with their supervising 
officer adjusted more positively than offenders who were in 
less frequent contact with their supervising officer. 

• Over-time assessments of positive adjustment and supervision 
intensity suggested the following conclusions: 

• Both positive adjustment and supervision intensity tend 
to decline weakly over time. In Louisiana, positive 
adjustment and supervision intensity declined more 
strongly for the shock graduate sample than for the other 
groups. In the remaining states, the weak patterns of 
decline in both positive adjustment and supervision 
intensity were relatively uniform across the samples (In 
New York, only positive adjustment was observed to 

supervision intensity was held constant the difference between the 
shock sample and the other groups vanished. 

1 
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decline weakly since supervision intensity information 
was not available). 

• within individual offenders, decreases in supervision 
intensity were associated with decrea.ses in positive 
adjustment scores. Thus, positive adjustment and 
supervision intensity are not only linked between 
subjects. They are linked within subjects as well. 

Demographic and offender characteristics were also 
predictors of positive adjustment during 
supervision. Analysis of these data revealed the 
general conclusions: 

important 
community 
followi.ng 

• Nonwhite offenders tended not to adjust as positively as 
white offenders. 

.. Offenders who were older (either at the beginning of 
community supervision or at their first arrest) adjusted 
more positively than younger offenders. 

.. Property offenders (e.g., burglary, larceny, arson, etc.) 
did not adjust as well as offenders serving a sentence 
for a violent or drug-z'elated offense. 

• 

• Offenders with evidence of prior problematic behavior 4It 
through either: (1) record indicates the presence of a 
prior arrest or conviction; or (2) record indicates that 
current sentence was served because of a revocati.on for 
a technical violation; are defined as having prior 
problems. Offenders with evidence of these prior 
problems did not adjust as well as offenders who had no 
evidence of prior problems. 

Results varied somewhat from state to state but the above patterns 
were quite consistent across states. Exhibits 3-7, present 
summaries of the major findings within each of the states studied. 
Some of the features of these Exhibits require comment. First, the 
impact of demographic and offender characteristics are described on 
the far left-hand side of the diagram. Second, average positive 
adjustment scores controlling for the other predictors are 
presented for each sample within each state in the upper right-hand 
corner of the diagram. The displayed positive adjustment scores 
are cross-sectional (aggregated over the entire one-year period) 
but the over-time analyses lead to similar conclusions in each 
state. 3 The relationships between supervision intensity and 

3There is one possible exception to this rule. In Louisiana, 
the shock sample performs slightly worse than the other groups over • 
time. The differences between the groups in the over-time 
analyses, however, are still quite small. 
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positive adjustment are also depicted in these Exhibits. Both the 
cross-sectional and longitudinal regression curves are presented. 
These curves display two important features: (1) the estimated 
relationships between supervision intensity and positive 
adjustment both cross-sectionally and over time are captured; and 
(2) the estimated (albeit weak) declines in both positive 
adjustment and supervision intensity are evident • 
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V. Conclusions 

Our analysis objective was to assess whether there were significant 
between-group differences in posi ti ve adjustment. The study groups 
were comprised of shock incarceration program graduates and 
comparison groups of prison parolees, probationers, and shock 
program dropouts. Al though the content of the programs, their 
structure, and their offender composition varied by state, the 
resul ts largely did not. Both cross-sectionally and over time, 
there was little evidence that the shock program graduates in any 
state adjusted dramatically better than offenders from other 
groups. Al though there was limi ted evidence that the shock 
graduates outperformed the prison parolees and the shock dropouts 
in Florida and that the shock graduates outperformed the shock 
dropouts in New York, these differences were not apparent in any of 
the other states. 

• 

The an~lysis did reveal that demographic and offender 
characteristics were related to positive adjustment as was the 
level of community supervision. Nonwhites, younger offenders, 
property offenders, subjects with prior arrest or conviction 
records, subjects whose current sentence resulted from a technical 
violation revocation, and less intensively supervised f:'tffenders 
tended to adjust less positively than offenders who did not share 
these a'ttributes. Supervision intensity analysis, although not the • 
primary focus of this research, yielded several particularly 
interesting results which merited exploration: 

• Both supervision intensity and positive adjustment declined 
weakly over time and those declines were evident between 
subjects and even more definitively within subjects. At both 
the aggregate and the individual level declines in supervision 
intensity were generally associated with declines in positive 
adjustment. 

• In Florida, Georgia, and South Carolina, there was evidence of 
a nonlinear relationship between monthly offender contact 
levels and positive adjustment. As monthly contact levels 
approached and exceeded an average of 2.0, gains in positive 
adjustment were more limited than when contact levels were 
below the 2.0 level. There was also some evidenca that 
positive adjustment resumed its upward trajectory when 
monthly contacts reached very high levels. Although such a 
pattern is suggestive of a "friction" model of supervision 
intensity and positive adjustment, more research that relies 
on other instruments, other measures, and new data will have 
to be undertaken to validate this finding. 

• Analysis in Louisiana revealed a generally linear and posi ti ve 
association between supervision intensity and successful 
adjustment during community supervision. Since the Louisiana • 
analysis is based on the use of composite indicators of 



• 
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supervision intensity rather than raw contact levels, the 
absence of nonlineari ty in this assessment suggests that 
something about the measurement of raw contact levels and 
positive adjustment leads to the findings of nonlinearity 
described above. Unfortunately with the available data 'we can 
do little more than speculate about what those factors might 
be. 

We face a similar problem wi ttl the aberrant posi ti ve effect for the 
shock incarceration program observed in Florida. Given the 
available data it is difficult to develop an explanation that is 
data-driven. Instead, we have to re',y on what we know about the 
Florida program. First, the Florida ~hock program has a relatively 
high level of in-sentence attrition. That is, offenders entering 
the Florida shock program over the J.987 to 1991 period only 
graduated at a rate of about 49%. Such a high attrition rate 
raises the possibility of a selection effect. The crucial issue is 
whether the large dropout rate acts as a filter that leaves those 
offenders who are most likely to succeed during community 
supervision in the program while those who are destined for lower 
levels of positive adjustment drop out. One empirical result that 
may support this resul t is the repeated measures analysis of 
variance test for subjects who completed the entire follow-up 
period. Sample comparisons for these offenders revealed no 
significant differences in positive adjustment at any of the four 
waves of the follow-up period. This result suggests that, among 
offenders with a propensity to stay out of serious trouble for the 
entire first year of community supervision, the shock program has 
no effect on positive adjustment. 

Of course, there is also the possibility that offenders in the 
Florida program are performing better than their counterparts 
because the shock experi.ence provides them wi th the special 
equipment they need to adjust successfully in the community. other 
studies in ·~hc. NIJ program on shock incarceration have revealed 
that both shock graduates and shock dropouts are less likely to 
recidivate than prison parolees in Florida. Anti-social attitudes 
decreased more dramatically for Florida shock graduates than they 
did for offenders in other groups. There is a commi tment to 
counseling and education in the Florida program that clearly 
exceeds that of Georgia (which has a heavy emphasis on work, 
punishment, and deterrence). But the time spent in counseling and 
education in Florida is less than what an offender in New York or 
Louisiana would experience and is about the same as what an 
offender in South Carolina would experience. 

Although the shock graduate group in Florida was disproportionately 
comprised of drug and property offenders this pattern does not seem 
to be dramatically at odds with what occurs in other states since 
shock programs often target these types of offenders. In Florida, 
the shock graduates were supervised much less intensively than 
their counterparts in the other Florida programs (i. e., prison 
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parolees and shock dropouts) but the data did not indicate that the ~ 
observed relationship between supervision intensity and positive 
adjustment was conditional on the type of correctional program. 

One possibility that warrants further exploration is the impact of 
shock incarceration compared to other groups when all groups are 
comprised of relatively few offenders with prior arrest/conviction 
records. The samples in Florida all have relatively few offenders 
with prior record~:; compared to what was observed in the other 
states. Although controlling for prior record failed to alter the 
results in our analysis of the Florida data, the homogeneity of the 
groups with respect to this variable could be responsible for the 
absence of an effect. This is certainly a research avenue that 
could provide useful insights into the potential effectiveness of 
shock incarceration on positive adjustment. 

Marginal sample performance differenc.es in New York are even less 
interpretable than those in Florida because the shock graduates do 
not perform better than both the shock dropouts and the prison 
parolees. Instead, they only outperform the shock dropouts. 
Moreover, we did not have access to supervision intensity 
indicators in New York. Since the New York program has a mandatory 
six-month intensive supervision program requirement for shock 
graduates, it seems reasonable to expect that the state's sample 
membership patterns are not independent of its supervision 
intensity indicators. In every state, our analysis revealed that ~ 
supervision intensity and positive adjustment were significantly 
related to each other. Given the consistency of this result, 
across states, there is no reason to expect that these results 
would be markedly different in New York if they could be measured. 

What do these results say about the efficacy of shock 
incarceration? The evidence indicates that despite a wide range of 
program emphases, selection criteria, dismissal/dropout mechanisms, 
and underlying correctional strategies (cf. MacKenzie and Souryal, 
1.993) there is little basis for concluding that offenders who 
emerge from any of the shock incarceration programs will adjust 
dramatically better or dramatically worse than offenders from other 
correctional programs. ThUS, the efficacy of the shock 
incarceration program lies in the definition of success that is 
ascribed to it. Expectations for the program must be consistent 
with what a program that emphasizes short term incarceration and 
short-term treatment is capable of doing. These data indicate that 
no matter what type of program is used, the intensity with which an 
offender is supervised in the community is a critical success 
factor. That other research has discovered this same result is, in 
our view, a highly salient consideration. 

Drug-dependent offenders are more likely to seek treatment and 
continue wi th treatment when they are required to do so as a 
condition of community supervision (Petersilia and Turner, 1993; • 
Anglin and Hser, 1990). When offenders are contacted more often 

1 
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"and experience more requirements, they are more likely to secure 
employment (Peters ilia and TUrner, 1993; Latessa and Vito, 1988). 
Offenders who are intensively supervised often do not find it to 
be a particularly pleasant experience (Petersilia, 1990). In 
fact, given the option, many offenders will choose prison over 
intensive supervision because of the oppressive nature of 
constrained life in the community compared to a relatively 
unburdensome often short term of incarceration. Al though intensive 
supervision is not the cure for all correctional ills, it appears 
to be a viable mechanism for putting some offenders into the 
motions Qf conventional activities in the community. 

Shock incarceration programs, as a group, do not appear to provide 
offenders with unique skills or abilities for adjusting more 
positively to life in the community, nor do they decrease the 
probability of a successful adjustment. But, to the extent that 
shock programs, either with or without intensive supervision, (1) 
facilitate a consistent and predictable system-level response to 
crime while (2) deemphasizing incarceration for offenders whose 
long-term incapacitation makes less sense, their use will continue 
to warrant serious consideration • 
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Table la 
Items and Overall Means For positive Adjustment Construct in 
Florida, Georgia, New York, and South Carolina 

positive Adjustment Items 

Procedure: Increment tl""? index by 1 for each applicable item, sum 
the items and divide by the total number of completed items (if at 
least eight items were evaluated). 

During this period was the offender: 

1. 

2. 

3. 

EmpI oye!d, enrolled in school, or participating in a training 
program for more than 50% of the follow-up period. 
Held anyone job (or continued in educational or vocational 
program) for more than a three month-period during the follow­
up. 
Attained vertical (upward) mobility in employment, 
educational, or vocational program. 
For the last half of follow-up period, individual was self­
supporting and supported any immediate family. 

• 

5. Individual shows stability in residency. Either lived in • 
the same residence for three months or moved at suggestion or 
with the agreement of supervising officer. 

6. 

7. 

8. 

10. 

Individual has avoided any critical incidents that show 
instability, immaturity, or inability to solve problems 
acceptably. 
Attainment of financial stability. This is indicated by the 
individual living within his means, opening bank accounts, or 
meeting debt payments. 
Participation in self-improvement programs. These could be 
vocational, educational, group counseling, alcohol, or drug 
maintenance programs. 
Individual making satisfactory progress during com,muni ty 
supervision period. This could be moving downward in levels 
of sup~}rvision or obtaining final release wi thin period. 
No illegal acti vi ties on any available records during the 
follow-up period. 

Descriptive statistics 

state N= Median Mean S.D. 

Florida 280 0.35 0.38 0.27 
Georgia 246 0.41 0.42 0.24 
New York 237 0.55 0.51 0.30 
South Carolina 326 0.50 0.46 0.29 • 
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'rable lb 
Items and Descriptive statistics For Overall positive Adjustment 
Construct in Louisiana (N=278) 

positive Adjustment Items 

Procedure: Increment the index by 1 for each applicable item, sum 
the items and divide by the total number of completed items (if at 
least fourteen items were evaluated). 

l. 
2. 
3. 

4. 

5. 
6. 
7. 

8. 
9. 

10. 
ll. 
12. 

13. 
14. 
15. 
16. 
17. 

18. 

Is subject working full-time or part-time? 
Is employer's evaluation of subject favorable? 
Subject required to attend Alcoholi9s' Anonymous and is 
is making satisfactory progress. 
Subject required to attend drug treatment program and is 
making satisfactory progress. 
No positive aleo-sensor tests. 
No positive drug screens. 
Subject actively pursuing training or education and making 
satisfactory progress. 
No difficulties in family relationships. 
Subject is avoiding relationships with delinquent peer 
groups. 
Attitude or appearance is satisfactory. 
Subject is compliant and cooperative. 
Subj ect has met curfews, provided information on where­
abouts, has not missed appointments, has not lied to 
officer. 
Subject accepts responsibility for actions. 
Community supervisor evaluation is satisfactory. 
Subject displays evidence of emotional stability. 
Subject is making a successful adjustment. 
Subject is doing better than officer evaluation might 
otherwise indicate. 
Subject has not been arrested during this follow-up period. 

construct Descriptive statistics 

Median = 
Mean = 
S.D. = 

0.433 
0.438 
0.146 
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Table 2 • state Sample Frequency Distributions 

state & Sample Number of Cases Percent of Total 

Florida 

Shock Graduates 112 38.8% 
Shock Dropouts 68 23.5% 
Prison Parolees 109 37.7% 
Total 289 100.0% 

Georgia 

Shock Graduates 79 30.2% 
Prison Parolees 98 37.4% 
Probationers 85 32.4% 
Total 262 1.00.0% 

Louisiana 

Shock Graduates 77 27.7% • Prison Parolees 74 26.6% 
Probationers 111 39.9% 
Shock Dropouts 16 5.8% 
Total 278 100.0% 

New York 

Shock Graduates 94 32.9% 
Shock Dropouts 97 33.9% 
Prison Parolees 95 33.2% 
Total 286 100.0% 

South Carolina 

DPPPS Shock Graduates 85 26.1% 
DOC Shock Graduates 84 25.8% 
Prison Parolees 64 19.6% 
Probationers 69 21.2% 
Split-Probationers 24 7.4% 
Total 326 100.0% 

• 



• • 
Exhibit 1 
Summary of State Shock Incarceration Program Characteristics 

Florida 

One Shock Program 
100 IlIIl1ales Pcr Class 
Awrnge Senll'llee: 3.3 Months (90 to 120 Dnys) 
Regnlar Comlllunity Supervision Upon Release 
Volunlary Dropouts Not Allowed 
Dropout/Dislllissal Rate: 51.1% (Oct. I 987-1an. 1991) 
Stnlclnred Activities: 9.8 Hrs/Day 
RcJ11Ihilit<lth·c ,\clh·ilies: 1.84 IIrs.lDay 
Proportion of Time Spent in Rehabilitative Activities: 0.184 

Georgia 

Two Shock Programs 
Combined Program Capacity: 200 Inmates 
Progrmn Length: 90 Days 
COlllmunity Supervision Status Is Reviewed at Progrnm Completion 
Voluntary Dropouts Not AllOWed 
DropoulIDismissal Rate: 2.8% (1984-1989) . 
Structured Activities: 8.3 HrsIDay I 
RehahiJit8tiv~ Activities: 0.3 Hrs.lDay 

~portion of Time Spent in Rehabilitative Activities: 0.036 ) 

New York 

Program Capacity: 1,500 Inmates 
Program Length: Six Months 
Six Months of Intensive Community Supervision Re'luired 
Voluntary Dropouts Allowed 
DropoulIDismissal Rate: 31.3% (lan. 1988-Dec. 1988) 
Structured Activities: 14.6 Hrs.IDay 
Rehabilitative Activities: 5.6 Hrs.lDay 
Proportion of Time Spent in Rehabilitative Activities: 0.384 

Louisiana 

120 Inmates Per Class 
Average Sentence: 120 Days (90 to 180 Days) 
I\lininllllll Six I\fonths Intensive Supervision Upon Release 
Volnntary Dropouts Allowed 
DropoullDismissal Rate: 43.3% (Feb. 1987-Feb. 1989) 
Structured Activities: 10.0 HrslDay 
Rehabilitative Activities: 3.5 Hrs.IDay 
I'mportion of Time Spent in Rehabilitative Activities: 0.35 

South Carolina 

Approximately 200 Male Inmates/Class 
Program Length: 90 Days 
Supervision Status Reviewed at Release 
DropoulIDismissal Rate: 16.0% (luly 1989-1une 1990) 
Structured Activities: Approximately 11 HourslDay 
Rehabilitative Activities: Approximately 3 HourslDay 
Proportion of Time Spent in Rehabilitative Activities: 0.273 

NdG: Muhl-She CormuUty SupoMoloa Data -... coIJccIcd betMca 1989 cd 1991 In 
Florida, GcotVo. ond SoW. C.roll.... Loola .... c!&ta -... co\Ioc:I«I be_ Octobct 1987 
cd October 1988 ani New Yor&: data -... oollocb! b:twooo SprInc 1988 cd Fall 1990. 
Tho cIoocrlpcJmo of tho J>nlI1Ul1I In IhIo c:ohlbIt ........ 10_ .nth tnrormot\aa ovall.oblo at tho 
limo of data oollcdJcn a11hou&h tho _ moy ClpOrIIO cIIII'c~ at tho cunmt limo. For 
_10, tho GcorJia procrom ...... 11>50'I0I0& .~ ct.Dao cIuriD& 1991 cd 1992: (1) 
tho capacity of tho propom _ 0<b0cIuled to be oxpmiod 10 "ol~ 9().<Ioy boot -.. 
pn>.lJmII with • capocity 01 1,844 bct!e (tol be uocd by !be Goo'llo BoanI 01 !'Waco cd 
Pa:oloo f.,. poIottiaI pore",,". SIx """" \l().day beet _ will be ..an.blo to tho aWe 'a 
trid jld,"," for dlrcct ~ or probollarn" (1lo0.<oi. 1991, p, 1(0). M.,..,.,..,., GcorJia 
oIrlCida Yo.., ... pllDlin& to ID=uo !be 1_ ani a!uoaIlcxaI ~ of !belr 
pIO&J'IlJ1I wIWc tcduc:1n& tho relativelY bcovy ....,.&: ~. 

• 



Exhibit 2 
Study Variable Descriptive Statisti(~s and Summary of Sample Differences In Each State 

Note: En!rics For Catcgorical Variables (e.g. Race, Offense Type) Represent The Percent of Offenders Possessing The 
I\lIrihllt~. Entric:; For Continuous Variahies Rcprc~;cnt the Variahlc's Mcan (and Mcdian, for Contacts Only). 

Florida 

Sample. Difrer 
Si,nifictnlly On: 

A,e @ CS 
Orrcl\.~e - Violent 
nrfi·n .... -11m,. 
(111'11'.(" • 1'1'1""1 
SC'nh"Ul,..,1 "'(1' N('\,' (·,in ... 
MUlllhl~' r(lI1'aC'l~ 

Georgia 

Somple. Dmer 
Sis:nifocsnlly On: 

Al" C CS 
Orreooc - Violent 
orrcnoc - 0.", 
Orre ..... - I'", .. rty 
Senlc""'" For Ne .. • Crime 
Prior Arrelt./C'onvh.·llnnJ 
Monlhly Conlletl 

New York 

Sample. Dirr.r 
Si&nir.cmlly On: 

A10 C Flnl Arrcol 
orr-.. - Dru& 
orr"""" - l'nlporty 
orr-.. - OIhcrNlolerc 
Prior Arrestl/COIlviclJons 

Contr ... , 

PP>SG&SD 
I'P>SG&SD 
S(:> SI1& 1'1' 
!\li.t!o.1J> 1'1' 
Sn& f'f'> Sfi 
Pf'&OSI>> SG 

Conlrull 

PP>SG"PB 
SGAPP>PB 
PP4PB>SO 
SG&PB>PP 
PB>SG>PP 
W>SG>PB 
PP>SG>PB 

CODl,.atl 

SG> SDApp 
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Note: For Ease of Presentation Contrasts 
Do Not Correspond Exactly to Duncan 
Post-Hoc Tests. They Do Provide an 
Approximate Representation. 

Contrast Abbreviations 

SO = Shock Graduates 
SD = Shock Dropouts 
PP = Prison Parolees 
PB = Probationers 
SP = Split-Probationers 
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Exhibit 3 
Summary of Results in Florida 
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Summary of Results in Georgia 
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Exhibit 6 
Summary of Results in New York 

fiiii: Analysis of Demographic & Offender Characteristics 
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Exhibit 7 
Summary of Results in South Carolina 
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Shock Incarceration and Positive Adjustment 
During Community Supervision: 

A Multi-site Evaluation 

1. Overview 

1 

In response to persistent widespread prison overcrowding and public 
demand for more rational and consistent corrections policy, 
legislators, correctional officials, and applied researchers have 
been exploring a range of alternatives to more traditional 
correctional measures. The objectives of these alternatives are 
potentially far-reaching. Common themes include reducing the 
pressure on strained correctional facilities, inducing changes in 
off.ender behavior through the implementation of rehabilitation and 
deterrence measures, and integrating effective treatment for 
psychological and substance-abuse problems with punishment. An 
overarching concern is the public perception that offenders are 
often not punished sufficiently for their criThes and that public 
safety is compromised by an unresponsive correctional bureaucracy 
(Gowdy, 1993; Petersilia, 1990). 

In the view of some policy analysts, a key ingredient of a rational 
corrections policy, is the presence of a "continuum of punishments" 
that bears some resemblance to a continuum of offense seriousness 
(Petersilia et al., 1985; Morris and Tonry, 1990). An integral 
component of such a continuum is a group of intermediate sanction 
programs that provide for a punitive response that falls somewhere 
between one of the two traditional extremes: probation and 
incarceration. 

The term, "intermediate sanctions," is an umbrella phrase that 
encompasses measures such as intensive supervision, shock 
incarceration (boot camp prisons), and shock probation among others 
(Morris and Tonry, 1990; Gowdy, 1993). The underlying strategy for 
these programs is the development of a punishment "continuum." 
Within the framework of the punishment continuum, sanctions can be 
more closely tailored to fit the crimes to which they apply 
(Petersilia and Turner, 1993). Such an approach avoids many of the 
logical difficulties of an "all or nothing" system that emphasizes 
sanctioning extremes. 

In addition to their attention to filling the punishment gap, 
intermediate sanctioning advocates have also focused on the merits 
of integrating these correctional options with treatment, 
counseling, and job training programs (MacKenzie and Shaw, 1993; 
Shaw and MacKenzie, 1992; Gowdy, 1993). Although much emphasis bas 
been placed upon the ability of intermediate sanction programs to 
meet both individual and system level obj ecti ves (Souryal and 
MacKenzie, 1993), corrections policy and practice is ultimately a 
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human enterprise a The success of offenders as they begin their 
transition to living in the community is a source of great interest 
and concern for policy makers and the public alike. 

The use of terms such as adjustment, development, reform, 
rehabilitation, and deterrence, to describe offender experiences in 
the correctional system all convey the impression that criminal 
punishment, by design and implementation, is somehow equipped to 
change or modify behavior. In particular, a commonly held view is 
that the correctional system should somehow spur behavioral changes 
in offenders that will manifest themselves in the successful post­
release adjustment of offenders. Successful adjus'tment is a 
complicated construct to be sure but it is inherently tied to some 
important benchmarks. These include the improvement of offender 
attitudes, an increase in offenders' motivation to change, and a 
modification of offender's activity structures (Cullen and 
Gendreau, 1990; Latessa and Vito, 1988; MacKenzie et al., 1992). 

Researchers have begun to assess the extent to which existing 
intermediate sanction programs are achieving these objectives. 
Several themes appear to be emerging from these efforts. First, 
intermediate sanctions as a group and as they are currently 
operating do not hold much promise for creating dramatic reductions 
(or maybe even modest reductions) in recidivism. 

Second, even though cost containment and reduction are prominent 
objectives associated with the development of intermediate sanction 
programs, there is some evidence that these programs will not 
necessarily create dramatic savings for correctional agencies and 
government budgets (Petersilia and Turner 1993; Gowdy, 1993). 
Shock incarceration programs still emphasize conf inement albeit for 
shorter periods of time than would otherwise be the case. 
Integrating confinement with treatment leads to high costs. Either 
confinement or treatment by itself increases costs as well 
(MacKenzie, 1990). Intensive supervision is, by definition, a 
labor-intensive correctional option that has proven to be expensive 
in practice (Petersilia and Turner, 1993).1 

Finally, many decisionmakers for intermediate sanction programs 
have experienced difficulty in arriving at a consensus about which 
offenders are most appropriately assigned to them. In a practice 
that has come to be known as "net-widening," officials have 
occasionally filled intermediate sanction programs at least 
partially with offenders who otherwise would have been probation­
bound creating further cost increases (Petersilia, 1990; Petersilia 
and Turner 6 1989). Apprehension often surrounds the decision of 
who not to incarcerate because the public generally views 

lAlthough, as Petersilia (1990) notes, the potential for 
significant cost reductions for these programs over the long term 
should not be minimized. 

• 

• 
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incarceration as a desirable means for punishing (and 
rehabilitating) offenders (Petersilia, 1990; Erickson and Gibbs, 
1979; McClelland and Alpert, 1985). 

But results also suggest that offenders who serve sentences that 
fall wi thin the sweep of intermediate sanctions do not perform 
significantly worse than other offenders after release. Thus, the 
use of certain intermediate sanctions may be appropriate for 
certain types of offenders. To the extent that intermediate 
sanctions facilitate a consistent official response to criminal 
acts, the development of such programs could be a useful 
enterprise. Indeed, an important proposition in several prominent 
criminological theories2 leads to the prediction that ceteris 
paribus, more certain punishments will lead to reductions in crime. 
It follows from this that "[i]ntermittent and/or inconsistent 
punishment, which is precisely the kind of punishment our criminal 
justice system provides at times, may actually increase the 
persistence of punished behavior" (Gendreau and Ross, 1981, p. 47). 
As Petersilia and Turner (1993) noted in their recent multi-site 
evaluation of intensive supervision, the development of 
intermediate sanctions for the sake of having a responsive set of 
intermediate punishments is of great importance to many 
correctional officials and policy makers. 

Given the intuitive appeal of more certain punishments and public 
demand for rational corrections policy (~erhaps even at the 
perceived expense of' decarceration) it 1S not particularly 
surprising that intermediate sanctioning programs have become more 
popular in recent years. Evaluations of those programs as they 
develop have been and will continue to be forthcoming. Our paper 
continues this assessment effort. As part of a multi-state study 
of shock incarceration, data relating to the success of offenders 
during community supervision were collected along with o~fender 
demographic, current offense, and criminal history characteristics 
and intensity of community supervision indicators (MacKenzie and 
SCluryal, 1992, 1993; Souryal and MacKenzie, 1993). Successful 
adjustment of offenders, as measured in this study, included but 
was not limited to items such as rearrest and recidivism. Along 
with these more traditional measures of success,offenders were 
evaluated on such items as their ability to gain employment, accept 
personal responsibility for their behavior and their obligations, 
seek and continue with appropriate treatments and self-improvement 
programs, and achieve emotional maturity and stability. Positive 

2These theories include but are not limited to the social 
control, rational choice and deterrence, and social learning 
perspectives (Gottfredson and Hirschi, 1991; Cohen and Felson, 
1979; Hough, 1987; Paternoster, 1989; Burgess and Akers, 1966; 
Akers, 1985). The certainty of punishment appears to be an 
important component of offender decisionmaking calculus and the 
probabili ty that subsequent negative behavior will be extinguished. 
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adjustment scores for groups sentenced to traditional correctional 
programs (prison and/or probation) were then compared to those of 
shock incarcerated offenders in five state correctional systems. 

In section 2, we review the extant literature on the effectiveness 
of two of the more prevalent forms of intermediate sanctions: 
intensive community supervision and shock incarceration. In 
particular, we assess the impact of these programs on community 
supervision performance and post-release adjustment. 3 Section 3 
describes the research design for the current study and Section 4 
presents a set of preliminary analyses. The evaluation results are 
presented in section 5. We discuss the results and implications in 
section 6. 

• 

• 

3Gowdy (1993) recently prepared an exhaustive review of 
National Institute of Justice (NIJ) sponsored research in the area 
of intermediate sanctions. In our discussion of the literature, 
emphasis is placed on the sanctions which bear directly on the • 
research questions considered in this paper. 
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~ 2. Intermediate sanctions and Positive Adjustment 

2.1 community Adjustment and Shock Incarceration 

• 

• 

2.1.1 Overview 

Shock incarceration, (typified by the military-style boot camp 
prison), has received a substantial amount of attention from both 
the research and policy making communities (MacKenzie and Souryal, 
1992, 1993; Gowdy, 1993; Souryal and MacKenzie, 1993). These 
programs apply an integrated schedule of military-type ceremony and 
drill, treatment and counseling, physical work, and exercise; 
usually to younger offenders who have been sentenced for less 
serious crimes. 'rhere is considerable program to program variation 
in the time and resources devoted to each of these areas (cf . 
MacKenzie and Souryal, 1992, Chapter II). Terms in shock 
incarceration facilities are usually shorter than they would be in 
a traditional prison but, in exchange for shorter incarceration 
periods, the time spent in shock facilities is considerably more 
occupied by structured activities. 4 The rigor and intensity of a 
shock program is also greater than that of a traditional prison 
sentence. s 

Analysis of the efficacy of the shock incarceration experience has 
proceeded on three fronts. First, researchers have been concerned 
with the emotional and psychological benefits and consequences of 
participating in these programs {MacKenzie, 1990). Morash and 

4In SO\~4 states (e. g., Georgia) enrollment represents an 
offender's commitment to finish the program. Withdrawal from the 
program is not usually allowed in these cases. In other states 
(e.g., Louisiana) enrollment in the shock program continued at th~ 
mutual discretion of offenders and correctional officials. That 
the attrition rate in shock programs where continued participation 
is discretioncJry can approach and exceed 50% in some states 
(MacKenzie and Souryal, 1992, p. 84), is testimony to the more 
difficult circumstances offenders encounter in shock facilities. 
Some research has used this result to support the contention that 
shock progra'nT:!s have "therapeutic integrity" (Shaw and MacKenzie, 
1992). 

SA recent multi-site process evaluation of shock incarceration 
programs suggests that where correctional officials have authority 
over the decision to retain or dismiss inmates, attrition rates are 
much higher than where tr.ose decisions are made by the sentencing 
judge (MacKenzie and Souryal, 1993). The authors identified 
Florida, New York, Louisiana, and the newer corrections department­
controlled program in South Carolina as states where correctional 
officials have authority over sentencing decisions while the judge 
maintained control in Georgia, Texas,' and in the old probation 
department-controlled program in South Carolina. 

,II 
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Rucker's (1990) concerns are typical. The military style nature of 
many (al though not all) of the shock programs resul ts in an 
emphasis on confrontation, personal responsibility, and toughness. 
These program qualities may have unanticipated and unintended yet 
obvious consequences: increased alienation and antisocial 
behavior. But supporters counter that shock programs can exert a 
deterrent effect and can represent. a potentially useful means to 
rehabilitate offenders. 6 

Second, researchers have examined whether shock programs decrease 
negative behavior (i. e • recidivism and technical violations of 
supervision conditions). The key question for researchers in this 
area is not so much whether changes have occurred in attitudes and 
beliefs. Instead, researchers in this area seek to determine 
whether significant behavior modification has occurred that can be 
attributed to the effect of shock incarceration. 

Finally, impact studies of the shock incarceration experience using 
broader measures of positive adjustment to life in the community, 
such as the one in this paper, have been undertaken. utilization 
of treatmen't resources , acquisition of employment, a transition to 
personal and emotional stability, and the demonstration of 
consistently constructive behavior all represent outcomes, which 
shock incarceration programs, with their emphasis on personal 
responsibility, character-building, and hard work,7 should be well- • 
equipped to induce (MacKenzie, 1990). 

2.1.2 Research 

Recent research on shock programs has examined the effect of shock 
incarceration on attitudes in several states. (MacKenzie and Shaw, 
1990; MacKenzie and souryal, 1992). In these studies, attitudes 
were measured among shock inmates at the beginning of the program 
and were measured again at the program's conclusion. Within­
subject changes in shock inmates were compared to within-subject 
attitude changes for prison parolees, probationers, and shock 
program dropouts who were also measured at the beginning and end of 
their programs. The analysis revealed that the shock experience, 
despite considerable program-to-program variation, had the effect 
of reducing antisocial attitudes. To the extent that antisocial 
atti tudes explain variation in future adjustment and negative 
behavior, this could be an important finding. It speaks directly 
to the question of whether the shock experience heightens short­
term feelings of alienation and antisocial attitudes. An important 

~his paradoxical reliance on two traditionally competing 
theoretical paradigms has not escaped notice on the part of many 
criminc).ogists (Morash and Rucker, 1990; MacKenzie and Souryal, 
1992). 

7And, in some programs, drug treatment and counseling. • 
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• area for future research, however, is whether better attitudes and 
reduced alienation persist over time. Additionally, research will 
need to examine whether there are undesirable consequences 
associated with shock incarceration that manifest themselves after 
a more extended period of time. The available evidence suggests 
that shock incarceration programs appear to meet the threshold 
requirement that they do no harm. 

• 

Other studies, examining post-release offender adjustment, have 
arrived at less promising conclusions. MacKenzie (1991) and 
Souryal and MacKenzie (1993), employing survival-time regression 
analysis in four states, discovered that shock program graduates in 
Florida and Louisiana took longer, as a group, to have their 
community supervision status revoked for new crimes than did prison 
parolees. In Florida, however, shock graduates did not outperform 
shock program dropouts and, in Louisiana, shock graduates and 
probationers performed similarly. 

Souryal and MacKenzie (1993) also focused on Georgia and South 
Carolina. Generally, the results in Georgia supported the finding 
of little or no effect of the shock program. Although initial 
differences in the performances of the shock incarceration, prison 
parolee, and probation groups might suggest otherwise8, the use of 
statistical controls for demographic and offense-related variables 
reduced the between-group differences to non-significant levels. 

In South Carolina, the data suggested that the effect of shock 
incarceration varied by the administering agency. 9 When the 
program was administered by the Department of Probation, Parole, 
and Pardon Services (DPPPS), shock graduates did not perform 
differently from comparison groups on failure criteria. When the 

8Shock incarcerated offenders failed at higher rates than othe.r 
offenders in simple groupwise comparisons. 

qImportantly, this has less to do with the effect of 
administering agency than it does the type of offenders that 
entered the prog~am under the supervision of the different 
agencies. The criteria for entering the program were changed to 
enhance the program's ability to reduce prison overcrowding. In 
short, offenders under the old selection guidelines were sentenced 
directly to a term of shock incarceration followed by a period of 
community supervision. It, in fact, 'was originally referred to as 
a "shock probation" program. Offenders under the new guidelines 
could enter the shock program in one lof two ways. They could 
continue to enter through a direct sen"cence or they could be 
diverted into the shock incarceration program by DOC officials. 
Presumably, the latter group would be comprised of more serious 
offenders since at least some of them were diverted from a prison­
bound pool while the original program would have included 
probationers only (Souryal and MacKenzie, 1993). 
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program was administered by the Department of Corrections (DOC), 
however, the shock graduates performed significantly better than 
the probation and dropout groups. But the DOC shock sample I s 
performance was not significantly different from that of the prison 
sample. Given that the DOC shock sample was comprised at least 
partially of prison-bound offenders, this finding is not 
particularly surprising. It does suggest that the shock program 
does not have the effect of improving performance on community 
supervision when the criteria include time to new arrest or new 
crime and technical revocations. 

other research, emphasizing the Louisiana shock program, (Shaw and 
MacKenzie, 1992; MacKenzie and ShiEl'fl'1, 1993) revealed that shock 
offenders have higher revocation r'ates f~')r technical violations. 
Shock program graduates in Louisiana are required to undergo a 
minimum of six months of intensive community supervision upon 
completing the shock progratll. The policy implications of the 
supposed relationship between intensive supervision and technical 
revocations are significant. As Souryal and MacKenzie (1993) note, 
this relationship could be the beginning of a vicious cycle. If 
offenders go through a shock incarceration and/or an intensive 
supervision program that emphasizes heightened surveillance, there 
may be greater opportunities for a supervising officer to identify 
technical violations. 

• 

Thus, a key question is whether there is truly a higher violation • 
rate among these offenders or whether greater violation rates 
merely reflect greater surveillance (MacKenzie, 1991). If the 
latter were true, the offender who was originall:g' targeted for 
diversion is actually at SUbstantial risk for ultimately returning 
to prison after utilizing other system resources as well. 
Paradoxically, a system that has among its stated objectives the 
goal of reducing costs and demand of prison resources could be 
operating in such a way that those costs and demands are increased. 

Analysis of the Louisiana data also revealed that two cohorts of 
shock offenders in Louisiana had lower rates of revocations for new 
crimes than prison parolees, probationers, and shock program 
dropouts (MacKenzie and Shaw, 1993). Although the shock samples in 
Louisiana were more intensively supervised, attempts were made to 
control for this difference by comparing shock offenders with other 
offenders at the points in the community supervision process when 
all groups were expected to be supervised at regular levels. When 
such controls were employed, differences in new crime rates 
persisted. Nevertheless, the researchers were unable to rule out 
"residual" effects of supervision intensity at earlier points in 
the process or to control explicitly for supervision intensity at 

• 
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an individual level. 10 since much research, however, finds no 
effect for shock incareeration or for supervision intensity alone, 
the Louisiana study suggests that a combination of the two 
treatments is a possible key. At a tactical level, this would 
imply the presence of an interaction effect. Basically, the 
hypothesis to be tested is whether the effect of supervision 
intensity is the same across treatments. The Louisiana research 
indicates that there may be important differences. 

Another area of interest, and the primary focus of this paper, is 
overall adjustment to the requirements of living in the community. 
This construct broadly subsumes future criminal behavior and 
technical violations of supervision conditions. But it also 
includes components such as securing a job or attending school, 
accumulating legitimate income, and maintalning a stable living 
situation (cf. Latessa and Vito, 1988; MacKenzie et al., 1992). 

In a recent evaluation of the Louisiana shock incarceration 
program, examination of the distributions of a positive adjustment 
index among a shock group, a prison parolee group, and a probation 
group over a twelve-month follow-up period revealed that shock 
inmates performed much more positively on community supervision in 
the short term (MacKenzie et al., 1992). By the end of the twelve­
month period, the performance of shock inmates was still stronger 
than the performances of other groups. 

But, two caveats are required. First, the over-time decline in 
performance was most pronounced for the shock group. Second, when 
supervision intensity was controlled, the association between shock 
incarceration and positive adjustment diminished considerably. 
In Louisiana, shock incarcerated inmates are required to undergo 
intensive community supervision after release from the shock 
program and this gives them the appearance as a group of doing 

100ther studies which have not discovered a difference in new 
crime rates between intensively supervised offenders and other 
offenders may point us in the same direction as the findings from 
this study. Perhaps the shock experience coupled wi th intense 
supervision is able to achieve real reductions in new crime rates. 
As Petersilia and Turner (1990, 1993) note, however, these 
reductions may, in many cases, only be observable through offender 
behavior (versus official records of offender behavior). The fact 
that offenders are or were more intensively supervised may lead to 
greater scrutiny of their activities to be sure~ But it is also 
possible that a residual effect of this intense scrutiny is that 
offenders' day to day habits, practices, and routines are well 
documented. Such data may enhance the "detectability" of offenders 
who are more intensively supervised. If this were true , it would 
be reasonable to expect a certain amount of new crime revocation 
rate inflation in the more intensively supervised group that would 
bias comparisons across levels of supervi~ion intensity. 
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better. 11 The greater prevalence of intensively 'supervised 
offenders in the shock offender group accounts for that group's 
stronger performance on the positive adjustment index. 

2.1..3 Summary 

Several important findings have emerged in studies of shock 
incarceration that focus on attitudes and post-release criminal 
behavior. While attitudes become more positive and offenders 
become less antisocial in shock incarceration programs, these 
programs do not necessarily modify behavior as effectively. Thus, 
it does not follow that an improvement in attitudes and 
dispositions will inevitably result in better long-term behavior. 
Indeed, the most prominent finding emerging from these data is the 
lack of behavioral differences across offender groups (shock, 
probation, parole, and shock dropouts) and the general stability of 
this finding across sites. 12 To date, the evidence on shock 
incarceration programs, as with other intermediate sanctions, is 
that there is no large-scale improvement in the behavior of 
offenders that can be attributed to participation in these 
programs. 

llWhether this finding is net of the shock program or 
integrally connected to it, however, is unclear since other groups 
were not supervised at similar levels. 

• 

• 

12The stable exceptions, are the findings of a reduction in new 
crime rates as a function of the shock experience in Louisiana and 
a difference between shock. graduates and prison parolees in Florida • 
(although shock graduates and dropouts performed about the same). 
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~ 2.2 Intensive community supervision 

2.2.~ overview 

One of the more commonly advocated sanction alternatives is the use 
of intensive supervision programs (ISP).13 Intensive superV~S1on 
is similar to more traditional forms of community supervision 
except for increased constraints on and monitoring of activities. 
There are often more demanding requirements for successful 
completion of probation as well (Gowdy, 1.993). At a tactical level, 
the use of intensive supervision results in significantly greater 
contact between the supervising officer and the offender (Latessa 
and Vito, 1988; Petersilia and Turner, 1990). 

Conrad (1985) sugt;;Jests that increased contacts may serve double 
duty. First, increased contact leads to heightened surveillance. 
Thus, an offender who engages in activity that violates terms of 
community supervision has a higher probability of being detected in 
an intensive supervision program. 14 Second, argues Conrad, the 
development of a stronger relationship between the probationer and 
the supervising officer can result in little harm a't worst and can 
do much good. Good rapport and mutual understanding between 
officer and offender can, by itself, have significant implications 
for community adjustment. 1s 

4It 2.2.2 Research 

~ 

Several themes have emerged from findings of evaluation studies in 
this area. First, an artifact of increased supervision is a 
greater opportunity to observe technical violations of supervision 
conditions (Petersilia and Turner, 1990; Clear and Hardyman, 1990). 
Second, ISP's along with other intermediate sanction programs have 

13Intensive supervision is also a broad term that can refer to 
a range of supervision methods. In its simplest and most commonly 
used form, more incense supervision connotes a heightened level of 
contact between the supervising officer and offender. Variations 
of traditional intensive supervision include recent innovations 
such as home detention, electronic monitoring, and programs that 
emphasize working with offenders on a group rather than on an 
individual basis. The research to date on these alternative 
programs has not uncovered any strong differences in recidivism 
that can be attributed to their use (Gowdy, 1993; Corbett and Marx, 
1991; Baumer and Mendelsohn, 1990; Erwin, 1990; Petersilia and 
Turner, 1990). 

14Pearson and Harper (1990) also make this contention. 

ISIf achieving stronger relationships and better rapport with 
offenders has little impact on behavior yet costs more to 
implement, however, the negative considerations increase. 
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often been advocated for reducing prison populations. Two methods 
for accomplishing this have received the most t.ttention. Immediate 
crowding reductions are facilitated by moving prison-bound 
offenders into intermediate non-incarcerative or short-term 
incarcerative facilities (MacKenzie and Piquero, 1993). Moreover, 
sanctioning alternatives that lead to reductions in recidivism 
would also have an impact on prison capacity that is perhaps less 
immediate but no less real (Lattimore and Baker, 1992)8 

Early analysis of the Georgia Intensi ve Probation Supervision 
program revealed promising violation rates for otherwise prison­
bound intensively supervised probationers (Conrad, 1985). Similar 
results emerged in a 1987 evaluation of the Georgia program (Erwin 
and Bennett, 1987). Recidivism rates were generally lower for 
intensively supervised offenders although they tended to be 
detected for violating probation conditions more frequently. The 
Georgia evaluations, however, suffer from a research design that 
utilizes nonequi valent comparison groups .16 

• 

A New Jersey evaluation revealed lower recidivism rates but higher 
drug violation rates for a group cf intensively supervised 
offendersl7 compared to a matched prison parolee group (Pearson, 
1985; Pearson and Harper, 1990; Gowdy, 1993). As was the case in 
Georgia, however, Petersilia and Turner (1990) questioned the 
inferential value of the data collected in the New Jersey program • 
since the offenses committed by ISP participants tended to be less 
serious than offenses committed by comparison group offenders. 

Using an experimental design, that focused on the effects of 
intensive supervision in three California counties, Petersilia and 
Turner (1990) found no strong differences in new crimes and arrests 
between intensively supervised probationers and a control group. 
In two of the three counties they studied, however I technical 
violation rates were higher among probationers who were more 
intensively supervised. Intensively supervised offenders tended to 
undergo counseling and tr~atment programs and secure employment at 
greater rates than the control group. 

A recently published fourteen site evaluation of the effectiveness 
of intensive supervision programs as an intermediate sanctioning 
altl:rnative revealed severa,l key findings (Petersilia and Turner, 
1993) • First, the ISP's studied (at the county level) were 

16petersilia and Turner (1990) make explicit note of this flaw 
in their California study: "[t]he ISP and prison comparison groups 
were not only not very comparable, they differed in characteristics 
that are known to affect recidivism (e.g., high risk)" (p. 15). 

17These offenders served a minimum of sixty days in prison 
before being placed on intensive supervision in the community • 
(Pearson, 1985). 
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objectively more restrictive and were perceived as such by 
offenders than more traditional forms of community superv1s1on. 
Second, there were no significant differences in arrest rates 
during community supervision between intensively supervised 
offenders and a control group. As in the California evaluation, 
technical violation rates were significantly higher for ISP 
offenders. While some would interpret these data negatively, 
Petersilia and Turner offered an alternative view: 

The General .Accounting Office, in its report on intermediate 
punishments, noted that if judged by a standard of zero risk, 
all [ISP] programs fail to protect public safety. However, 
what most of ·these programs try to achieve is a more stringent 
punishment for at least some of the serious offenders who now 
receive only nominal supervision. Judged by that criterion, 
virtually all of the sites succeeded. It is also possible 
that the closer surveillance imposed on [ISP] participants may 
increase the probability that they are caught for a larger 
percentage of the crimes they commit (p. 5). 

Results of the multi-site study suggested that offenders in ISP 
programs were more likely to undergo treatment programs which, in 
many states, were required for at least some offenders as a 
condition of probation or parole. 18 In nearly all of the sites, 
employment rates for ISP participants either equaled or exceeded 
those of control subjects .19 Both of these results lead to the 
expectation that supervision intensity will have a positive effect 
on at least some components of a successful community adjustment 
construct. 

A variation of the pure intensive supervision approach involves 
sanction integration. Often, however, intensive supervision 
programs play a prominent role in these efforts. Shock 
probation/parole programs constitute one such effort. These 

18Legal coercion has been found to be a viable instigator of 
positive behavior on at least some broader measures of posit.ive 
behavior (Anglin and Hser, 1990). Their study focused on the 
impact of requiring offenders to stay in a substance abuse 
treatment program as a condition of community supervision. The 
results suggested that the imposition of treatment requirements 
resul ted in longer treatment participation. A number of other 
stUdies have uncovered similar results (Pearson, 1985; Petersilia 
and Turner, 1990; Pearson and Harper, 1990; Gendreau and Andrews, 
1990). In the Petersilia and Turner (1993) study, the overall 
prevalence of counseling among ISP participants was 45% compared to 
22% for control subjects (p. 8). 

190verall, the authors report a 56% employment rate for ISP 
participa.nts and a 43% employment rate for control subjects 
(Petersilia and Turner, 1993, p. 8). 
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programs usually precede intensive or regular community supervision 
with a short term of incarceration. with novice offenders, the 
short prison term may deter recidivism while more intense community 
supervision (where it is imposed) may help the offender adjust to 
the community in a wide array of areas (Latessa and vito, 1988; 
Vito and Allen, 1981; Vito, et al., 1985; Vito, 1984). 

In a comparison of shock and regular probationers, Vito and Allen 
(1981) found that Ohio shock probationers were reincarcerated more 
frequently than regular probationers. Vito et ale (1985) 
discovered, in their mUltivariate analysis of rearrest in Jefferson 
county Kentucky, that the effect of the shock program on recidivism 
was nonsignificant. Another study comparing the effect of shock 
probation with regular supervision to shock probation with 
intensi ve supervision in Lucas County Ohio found little incremental 
change in positive community adjustment attributable to the use of 
intensive supervision (Latessa and Vito, 1988). In sum, the 
addition of intensive supervision to the shock probation regimen 
resul ted in a greater number of contacts between supervising 
officers and offenders and a higher employment rate among those 
receiving intense supervision. But the study revealed no 
reductions in recidivism in the shock-pIus-intensive supervision 
group. 

2 .2 .3 SU1lL'lllary 

The preponderance of the li terature reports little empirical 
support for the contention that ISP's and their variants will lead 
to dramatic reductions in recidivism. Indeed, an important issue 
for future research to address is the relatively consistent finding 
of higher technical violation rates among ISP participants. 
Moreover, the labor intensive nature of ISP has in practice made it 
a costly correctional option. Whether it is more costly than 
incarceration depends on a host of conditions. 20 It does seem 
reasonable that in many jurisdictions ISP's hold the potential for 
reducing the l()ad on physical facilities. But it seems just as 
probable that human resources will have to absorb the load. At 
best, it appears that ISP's as they are currently being implemented 
do not hold great promise for inducing noncriminal behavior or 
creating revolutionary cost-savings for correctional systems. 

That 1SP's do not achieve these ambitious objectives does not mean 
they should be abandoned. Research provides some insights into the 
potential strengths of ISP's as well. First, while ISP 
participants do not appear to behave significantly better, nor do 
they appear to behave significantly worse. Even though 1SP 
offenders often have higher technical violation rates, the 
possibility of a surveillance effect is too plausible to be ruled 

• 

• 

201n some instances I emphasis on treatment and counseling • 
further ratchets up the cost of sanction delivery. 
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out.21 Second, on some broader measures of post-release behavior, 
largely the behavior considered in this paper, ISP participants do 
appear to perform better. ISP participants, ei ther by meeting 
required conditions of their sentence or through a motivation to 
change, tend to seek out treatment more aggressively and secure 
employment more frequently than their non-ISP counterparts. In 
this research effort, one of our central inquiries will focus on 
the relationship between indicators of supervision intensity and 
successful adjustment to the demands of life in the community in a 
wide array of areas. 

2.3 Assessment 

Although res,~arch designs in many studies on the efficacy of 
intermediate sanctions have not been as strong as researchers would 
like,n one cannot help but be struck by the consistent absence of 
strong behavioral differences for program participants in 
performance across the range of these studies. Such anticlimactic 
findings are not necessarily problematic for these programs. 

21petersilia and Turner (1990, 1993) found this possibility so 
compelling that they recommended deemphasizing technical 
violations. Noting that the pursuit of technical violations, which 
are often relatively trivial events compared to serious new 
criminal activities, consumes a large proportion of ISP officer 
time, deemphasis could have significant effects on the costs and 
quality of community supervision. 

nSeveral important threats to the validity of these studies 
have been identified in previous research efforts (cf. Souryal and 
MacKenzie, 1.993; MacKenzie and Shaw, 1993). First, many studies to 
date have not incorporated a time dimension into their 
methodologies. To conclude simply at the end of a one- or two-year 
follow-up period that one group outperformed or did not outperform 
another may be throwing away important information (schmidt and 
Witte, 1988). Studies that do incorporate a time dimension should 
also control for the number of subjects at risk for failure in a 
given time interval. Sole reliance on an "average time to failure" 
can yield misleading results when the number of subjects at risk at 
any given point is ignored. Another consistent problem in many 
evaluation efforts is the common finding of a priori differences 
between groups that are ultimately compared on failure criteria 
(see especially, Petersilia and Turner's (1990) criticism of the 
Georgia and New Jersey intensive supervision evaluations). Such 
differences can manifest themselves in findings of spurious 
between-group contrasts and selection effects that can be difficult 
to untangle. Although difficult to achieve in applied correctional 
settings, research is inevitably strengthened when random 
assignment to comparison groups is possible. 
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Although shock graduates and ISP offenders do not appear to perform 
dramatically better than other groups nor do they perform 
dramatically worse. Thus, the finding that intermediate sanction 
programs hold their own in comparison to other correctional options 
must be weighed in the balance. More generally, when intermediate 
sanction programs result in less rather than more confinement but 
yield similar aggregate behavior patterns, their use will continue 
to warrant serious consideration (MacKenzie, 1991). 

While Ii ttle research has been conducted on the relationship 
between shock incarceration and broad-based positive offender 
adjustment to the community, a significant amount of research 
suggests that supervision intensity plays a key role. In general, 
studies have found that offenders who are supervised more 
intensively tend to adjust better on measures such as seeking 
treatment and counseling, securing employment, and accepting 
responsibility than other probationers and parolees. Nevertheless 
many of these same studies have revealed that intensively 
supervised offenders are significantly more likely to be revoked 
for a technical violation. The policy maker is thus left to 
predict both a good and a bad outcome from the same set of 
exogenous circumstances. 

Perhaps one explanation is that, in many instances, indicators of 
positive adjustment are simply tasks that offenders are required to 
perform as conditions of community supervision. Offenders may 
perform these tasks more frequently and regularly when they are 
monitored more closely. Since they .are monitored more closely, 
violations are more likely to be detected. Thus, it may be too 
large a leap to conclude that performance of these tasks, which 
lead to higher positive adjustment scores, is indicative of 
anything other than the of.fender meeting minimum requirements to 
avoid revocation. 

It is also possible that intensively supervised groups, with a 
higher technical violation rate, adjust quite positively in other 
ways. Alternatively put, even among those who fail on recidivism 
and probation violation indicators, the net effect of supervision 
intensity in other life areas may well be positive. This raises a 
difficult issue. If offenders are generally adjusting well but are 
then revoked for relatively minor technical infractions, 
researchers and policy makers have to decide whether limi ted 
resources are being put to the best use. In short, whether the 
cure is worse than the illness becomes the relevant question. 
This possibility has led some researchers, most notably, Petersilia 
and Turner (1993) to advocate the deemphasis of technical 
violation-based revocations in the intermediate sanctions realm. 

• 

• 

A central focus for our research is identifying the effects of 
shock incarceration and intensive supervision on a relatively broad • 
measure of adjustment to community supervision. Specifically, we 
focus on a range of posi ti ve behaviors thClt traditionally fall 



• 

• 

• 

17 

outside the sweep of legal scrutiny. Just as previous research on 
the ·effect of shock incarceration has focused on changes in 
attitudes and recidivist behaviors, this analys~G examines the 
impact of correctional sanctions and community supervision on this 
wider spectrum of positive behaviors. It is to this task that we 
turn in the following sections • 
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3. Research Design 

3.~ Overview 

Data comprised of offender adjustment and background variables were 
collected in Louisiana between Spring 1988 and Spring 1989. In 
Florida, South carolina, and Georgia, adjustment and background 
data were collected between 1989 and 1991. New York data were 
collected between Spring 1988 and Fall 1990. Table 1 presents the 
treatment sample distributions by state.23 In this section, we 
review the method by which subjects were selected for the study. 
Subject selection methods varied by state and each state's 
selection process is, therefore, considered individually. 24 We 
then turn to a description of the information that was acquired for 
each offender along with the data collection procedure. 

3.2 Subjects 

3.2&~ Florida 

In Florida, subsets of offenders in prison or the shock program at 
the time data collection commenced were followed on community 
superv~s~on. Offenders in prison who were selected for the study 

• 

met the legal eligibility criteria for the shock program. The. 
Florida program is noteworthy for its relatively high attrition 
rate. In fact, the in-program attrition rate in the Florida shock 
program was the highest of any state in the study. Although 
voluntary withdrawals were not permitted, state officials reported 
attrition rates exceeding 50% for disciplinary and medical reasons 
(MacKenzie and Souryal, 1992). This high attrition rate within the 
Florida shock program has potential implications for the findings 
described later in this report. 

3.2.2 Georgia 

The subJects in the Georgia evaluation were randomly selected from 
populations of shock graduates, probationers, and parolees. 
Probationers and parolees were selected to be legally eligible for 
the shock program. The target sample size for each group was 

23The terms, IIsample" and "treatment sample" are used 
interchangably to refer to the quasi-experimental group (shock, 
prison, probation, etc.) to which offenders were assigned within 
each state. 

24Major differences in the programs are considered in the 
administrative summary preceding this document. A detailed 

.. description of the programming emphases for each state is provided • 
in MacKenzie and Souryal (1993). 
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N=100. Final sample sizes did not equal 100 because some offenders 
transferred out of state and other offenders secured early release 
from supervision. Although dropping out was allowed for medical 
reasons and disciplinary terminations were possible, the prevalence 
of attrition in the Georgia study was virtually zero. We, 
therefore, do not consider this group separately. 

3.2.3 Louisiana 

In Louisiana, the original analysis plan called for collecting data 
on the first 100 offenders who met the legal, suitability, and 
acceptability requirements for the shock program and entered one of 
three correctional sanction programs: shock incarceration, prison, 
and probation. By the end of the data collection period, however, 
the full 100 cases had not been secured in either the shock 
incarceration or prison group. Slightly more than the target of 
100 had been secured in the probation group. Additionally, a small 
group of offenders who entered the shock program but either dropped 
out or were terminated from the program during their sentence was 
followed. 

3 .. 2.4 New York 

In New York, random samples of shock inmates, prison parolees, and 
shock program dropouts were selected. Selected prison parolees met 
the legal eligibility requirements for the shock program. Because 
the prison parolees entered prison prior to the institution of the 
shock pro3ram, however, they were not evaluated on suitability 
criteria. Legal eligibility criteria that were formally 
evaluated for each subject in the prison parolee sample included 
criminal history (no prior service of an indeterminate sentence), 
offense type, and age. All offenders were released and followed on 
community supervision during the window described above. 26 Ta.rget 
sample sizes were 100 for each group. Fourteen of the subjects 
selected in this process were females and they are not analyzed in 
this study. The final sample size was N=286. 

25New York officials refer to this group as the OIpre-shock" 
sample. 

26Importantly, in New York, shock offenders are requir~!d to 
undergo intensive supervision for at least the first six months of 
their parole period. Disaggregated data containing the a.ctual 
levels of supervision intensity in New York were not available for 
analysis. 



20 

3.2.5 South Carolina 

Four groups were selected for the full community superv~s~on 
follow-up study in South Carolina& The first group was comprised 
of a sample of shock graduates who co:mpleted the program in late 
J.989. This group completed the shock program when it was under the 
direction of the South Carolina Department of Probation, Parole, 
and Pardon Services. v Offenders in this group had been directly 
sentenced to the program by the judge hearing their case. 

A second shock sample was comprised of the population of offenders 
who graduated from four consecuti ve shock programs. The shock 
program, for this group, was administered by the South Carolina 
Department of Corrections (DOC). 28 Offenders could enter this 
program via a direct sentence or at the discretion of officials in 
the Department of Corrections given offender compatibility with 
eligibility criteria. It seems reasonable to speculate that the 
pool of offenders from which the DOC group was drawn would have 
been more likely to serve prison time than the DPPPS group (Souryal 

• 

and MacKenzie, 1993). Since positive adjustment data were not 
collected on this group over time, ~owever, we were not able to 
include it ilo our over-time analysis. Instead, positive adjustment 
data were collected at the end of the one'·year follow-up period for 
these offenders. Supervision intensity data (contacts) were only 
collected for this group during the first six months of community • 
supervision. In our analysis of positive adjustment data for this 
group we will aggregate supervision intensity information over the 
entire six month period it was collected and assess its impact on 
positive adjustment scores for the entire year. 

Groups of probationers and prison parolees were selected at random 
from the populations of probationers and prison parolees who met 
legal eligibility criteria for the shock incarceration program and 
began supervision in late 1989. A final follow-up group, the 
split-probation sample, was comprised of offenders originally 
selected for the probation sample. Upon close examination of these 
offenders' records it became apparent that they had served short 
prison sentences. They were, therefore, analyzed as a separate 
group (Souryal and MacKenzie, 1993). 

3.3 Instruments 

3.3.1. Overview 

Data were collected from two sources. Demographic, current offense 
characteristics, and prior criminal history variables were 

VWe will refer to this group as the S.c. DPPPS sample . 

28We refer to 'this sample as the S. C. DOC shock group. • 

-
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available from offenders' official records. At the beginning of 
community supervision, a follow-up instrument was set up for each 
offender. The follow-up instrument was designed mainly to 
facilitate recording of contacts with and related to the offender, 
recidivist activities, and positive adjustment items. The primary 
responsibility for compiling information on positive adjustment to 
community supervision as well as the intensity of supervision 
rested with the communi.ty supervision officer. Offender contact 
information was collected on a monthly basis while positive 
adjustment items were completed on a quarterly basis (every three 
months) .29,30 

3.3.2 positive Adjustment 

3.3.2.1 Description 

In all states except Louisiana, offenders' positive adjustment to 
community supervision was evaluated with a ten-item inde~l that 
measured such attributes as the offender's employment status, 
ability to support himself and his family, and financial and 
emotional stabili ty • The index items and their overall means 
(averaged over the entire study period) are presented in Table 2. 
In Louisiana, an eighteen item index measuring similar attributes 
was used. These' i.:tems along wi th their overall means (also, 
averaged over the, entire study period) are provided in Table 3 
while overall item'means are summarized in Table 4. 

Positive adjustment il'ldex items are scored with a zero if the 
offender is not perfo~!ing well on the item or if the item is not 
applicable and a one if the offender is making satisfactory 
progress. We determine, for each offender, whether appro}rimately 
80% of the items (8 in all states except Louisiana and 14 in 
Louisiana) were completed at time t by the supervising officer. If 
the 80% criterion was met or exceeded, the available ones and 

29In LO'l.lisiana , positive adjustment data were compiled for each 
month. For our analysis, we aggregate these data into quarterly 
measurements. 

3OQuarter, measurement period, and time are used interchangably 
throughout the report. Thus quarter 1, the first measurement 
period, and time 1 all refer to the same fol~ow-up period. When 
the term "month" is used it is constrained to values of 3, 6, 9, 
and 12. Month 3 refers to quarter 1 while months 6, 9, and 12 
refer to quarters 2, 3, and 4, respectively. 

31This index is based on the same set of questions that were 
used in Latessa and Vito's (1988) evaluation of the impact of 
intensive supervision on a sample of shock probationers. 
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zeroes were summed and divided by the number of valid entries for 
the offender. 32 In short, as the positive adjustment score 
approaches 1 eO the offlen~er, according to the supervising officer, 
is adjusting positively in many areas and, as it approaches 0.0, 
there is little evidence that the offender is adjusting positively. 

3.3.2.2 Reliability 

Analysis of the scalability of these items revealed that they 
created an internally consistent composite. Cronbach's coefficient 
a and item-to-composite correlations were computed in each of the 
states at each of the follow-up points. These results indicated 
that the correlation bet .... ·een the positive adjustment index and all 
other 10-item. (or, in the case of Louisiana, l8-item) indexes that 
measure the same construct approaches or exceeds 0.80 in every 
instance. 33 Item-to-total correlations provided no evidence of any 
individual item producin~J a large "drag" on the internal 
consistency of the index~34 Table Sa presents a reliability 
analysis of the positive adjustment scores in each of the state::.: 
except Louisiana. Reliability analy~es for the Louisiana construct 
are depicted in Table Sb. 

32The calculation is: I: (P~) /Nil where P~ refers to l's and 0 I S 

indexed over items with valid responses and ~ indicates the number 
of items with valid responses. 

33This interpretation of the inference associated with 
reliability measures such as Chronbach I s alpha is supplied by 
Norusis (1989). The reliability analyses reported here were 
calculated by subprogram RELIABILITY in SPSS release 4.0. 

34Positive adjustment item #8 (in all states except Louisiana) 

• 
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had a smaller i tem-to-total correlation in each state but its 
effect on Cronbach's a was negligible. Item 8 asks the officer to 
report whether the offender was participating in self-improvement 
programs (which could include vocational, educational, group 
counseling, or alcohol or drug maintenance programs). Given its 
small impact on the scale I s internal consistency 1 we decided to • 
retain it in our analysis of the positive adjustment construct. 
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~ 3.3.3 community supervision Intensity 

• 

~ 

Supervising officers were asked to provide information measuring 
the intensity of their supervision of the offender. In all states 
except Louisiana, intensity of supervision is measured with a 
variable that indicates the number of contacts with the offender. 3s 
We refer to this variable as a "primary offender contacts" 
indicator. In Florida, complete data were collected recording the 
number of contacts with family, employer, and treatment delivery 
professionals. We refer to this variable as a "secondary contacts" 
indicator. contact data were not available for New York subjects 
and data pertaining to secondary contacts were collected 
incompletely in South Carolina and Georgia.~ contact information 
was collected each month but positive adjustment data were 
collected each quarter. For this analysis, contact variables were 
aggregated over months wi thin measurement periods so that they 
represent the mean number of contacts per month during each quarter 
of the study.37 Table 6 presents overall descriptive statistics 
for contacts in Florida, Georgia, and South C~rolina. 

In Louisiana, intensity of supervision is measured through the us,e 
of three indexes measuring different dimensions of supervisicln 
intensity. A knowledge index measures how much the supervisirlg 
officer knows about the offender's activities. constraints on the 
offender's movements and formal requirements of communi1:y 
supervision \rlere measured with a second index. A third indE~x 
summarizes the level of surveillance that the supervising officer 
applies with respect to the offender # Increases in the 

3Soriginally, it was anticipated that primary contact variables 
would tap two dimensions: face-to-face and telephone contacts. 
Complete data were not collected on these two dimensions in Georgia 
and South Carolina, however. We, therefore, analyze the influence 
of aggregate primary contacts which is the simple sum of the two 
components in Florida, Georgia, and South Carolina. 

36For the DOC shock sample in South Carolina, secondary 
contacts were collected only for the first six months of the study 
and not at all for the other samples. In Georgia, the quality af 
these data were better but data for family contacts at month 3 as 
well as data for contacts with employer and treatment officials at 
months 1-3 were missing for virtually all sUbjects. I't is 
difficult to justify using this information in the absence of a 
good baseline measure of these scores. 

37The calculation is: I: (Cj ) /Nj where Ci refers to the number of 
reported contacts indexed over the months wi th valid contact 
information within measurement periods and Nj refers to the number 
of months within the three month measurement period for which 
contact data were reported. 
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requirements and surveillance indexes are associated with 
heightened supervision intensity while lower scores on the 
knowledge index connote higher levels of knowledge about offender 
activities. As in the other states, supervision intensity 
information, although collected on a monthly basis, is aggregated 
by quarter. 38 The components of these indexes and their overall 
means are presented in Table 7. 39 

3.4 Procedure 

3.4.1 Official Records 

Official-record information was collected for each offender at the 
beginning of the study. These data included the sample to which 
the offender belonged (shock, prison, probation, etc.), the 
offender's race/ethnicity, age at release, age at first arrest (in 
Louisiana, New York, and South Carolina), the type of offense 
committed (violent, property and "other", or drug-related), 40 
whether the current sentence was the result of new criminal 
activity (regardless of whether the offender was in community 
supervision) or a technical violation of community supervision 
conditions,41 and whether the offender had a record of prior 
arrests and/or convictions in his corrections file. 42 These 

38The calculation is the same for each index: I: (Xi) /Ni where ~ 
refers to the knowledge, requirements, or surveillance score 
indexed over months within measurements periods. Ni refers to the 
number of months within the three month measurement period for 
which supervision intensity data were reported. 

~~e note here that increases in the knowledge index are 
associated with decreases in knowledge about the offender's 
activities while increases in the requirements and surveillance 
iridexes imply increased supervision intensity. 

40In New York, offenses were classified as property, drug­
related, and "other." The "other" category includes crimes against 
persons • 

• INo offenders in the New York study were serving a current 
sentence for a technical violation. 

• 

• 

420ther variables measuring criminal history were available in 
the analysis files. The prior arrests and/or convictions indicator 
subsumes all of them except in some states where a count of the 
number of prior arrests and/or convictions was available. The 
separate indicators tended to be correlated with each other. After 
testing several preliminary models, we decided to use the broader • 
indicator but the use of the more narrow indicators did not lead to 
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• characteristics are, of course, fixed for the duration of the 
study. 

• 

• 

3 .4 .2 Follow--Up 

3 .. 4.2.1 Follow-Up Procedure 

Offenders were then followed for one year or until they exited from 
the study. During the follow-up period, community supervision 
officers were asked to compile recidivism, contact, and positive 
adjustment information at three-month intervals. 43 As noted 
earlier, primary interest here is in positive adjustment and 
supervision intensity information. Information on these variables 
was not relevant and generally not collected after offenders exited 
from the study.44 

different sets of conclusions. 

43AI'though officers actually completed the forms once every 
three months, questions regarding contacts were specifically 
directed toward each month within each quarter. positive 
adjustment data, however, were quarter-specific in all states 
except Louisiana. 

44In some cases, offenders exited the study and then returned 
later. These subjects are identifiable because they have at least 
one interrupted measuremen't on the positive adjustment index. For 
these offenders, the exit may have been a "true" exit (i.e., the 
offender dropped out of the study). Alternatively, the supervising 
officer may have failed, for one reason or another, to compile an 
evaluation for an offender at a particular measurement period. 
Cases in both of these categories are treated as having exited the 
study for purposes of the longitudinal analysis since measurement 
continuity is required. As described later, however, this paper 
includes a cross-sectional analysis \ilhich will take the extra 
information associated with these offenders into account. 
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3.4.2.2 Follow-Up Attrition/Panel Mortality: overview 

We define attrition in this study as the point in the one-year 
follow-up period at which consecutive measurements on the dependent 
variable (positive adjustment) cease to exist in the data. Thus, 
a case that has measurements at quarter 1 and quarter 2 but not at 
quarter 3 or quarter 4 would be defined as completing two 
measurement periods. 45 

Using this definition of attrition, Figures 1 (Florida), 2 
(Georgia), 3 (Louisiana), 4 (New York), and 5 (South Carolina) 
indicate the sources of attrition as best as they can be identified 
from the current data. 46 In Figures 1-5, we also introduce the 
"exit cohorts" which will be an important tool for avoiding 
specification bias in both cross-sectional and longitudinal models 
of supervision intensity and positive adjustment. In each state, 
cohort 0 (or the "missing" cohort) is comprised of offenders with 
no positive adjustment evaluation for the first three months of the 
study. The number of offenders in this cohort varies by state. In 
Georgia and New York approximately 50 offenders had no measurement 

45In some cases, measurements were interrupted. An example of 
this would be a case with measurements at quarters 1, 2, and 4 but 

• 

no measurement for quarter 3. A case such as this, under our • 
definition of attrition, would fallout of the over-time study at 
the end of the second quarter. As we shall describe later, we 
attempt to make use of this information in one of our analyses by 
aggregating all available positive adjustment data for the entire 
twelve month follow-up period for each case. 

46Since the source of attrition was not a variable that was 
explicitly collected in these data sets, we have to make some 
inferences about the basis for a case's termination or interruption 
in measurements. Our approach to this problem is simple. Among 
those cases with a termination or interruption in measurement we 
interrogate fields that indicate whether the subject had 
experienced one of the following outcomes: (1) revocation for a 
new crime; (2) revocation for a technical violation; (3) revocation 
for an absconding incident; (4) jailed for any reason; (5) new case 
pending; (6) arrested; or (7) legally released (in Georgia, 
Louisiana, and New York only). In the case where more than one 
event occurred offenders were mapped to categories in the order 
presented above (except in states where legal release information 
was available it had the highest precedence). In Georgia, we could 
not assess arrest, jailing, or case pending terminations. If the 
case terminated or had interrupted measurements we associated that 
termination with the applicable disruption source. In New York, 
terminations or interruptions could be tied to ~ source in all of 
the cases. In other states, the reasons for termination or 
interruption were not always apparent from the data. We map those ~ 
cases to an "unknown" attrition source category. 
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at the fir~·'·.: period. 47 This cohort was comprised of fewer numbers 
of offenders in Florida, Louisiana, and South Carolina. 

Exit cohort 1 is comprised of offenders who completed the first 
quarter but exited with no second quarter measurement. Similarly, 
exi t cohorts 2 and 3 include offenders who were continuously 
measured through the second and third periods, respectively. Exit 
cohort 4 includes offenders with a complete set of four 
measurements on the positive adjustment scale. We note here that 
the exit cohort groups f;atisfy the formal definition of a variable 
insofar as their categories are mutually exclusive and exhaustive. 

3.4.2~3 The Case For Using Exit Cohorts 

The establishment of exi t cohorts has several advantages. The 
major benefit is that it provides a useful mechanism for 
controlling panel mortali ty (and, in the process, sweeping up 
effects for which panel mortality proxies). In short, exit 
cohorts facilitate a division of the subjects into categories based 
on their unobserved propensity to complete the study. The cohort 
categories represent the observed manifestation of the propensity 
to complete the study but it seems reasonable to expect that true 
but unobserved propensity would be some continuous variable that 
underlies these categories. If this variable were observable, we 
might even be able to assign a name to it like the iVA-trait" (for 
attrition), a, or y. (Lattimore and Linster, 1993; Nagin and smith, 
1991; Maddala, 1983). Since it is not observable (and we have no 
single behavior or instrument in which we are interested) in this 
context, however, the cohort categories must suffice. 

An examination of Figures 1-5 reveals that most of the sources of 
attrition are not positive events (e.g., legal release would be an 
exception). To the extent that unobserved propensity to complete 
the study is relat.ed to both positive adjustment and other 
independent variables, statistical models of positive adjustment 
that omit this variable will be technically misspecified. 
Similarly, if supervision intensity is assumed to be at least 
partially stochastic, the part of supervision intensity that can be 
predicted from the data is of some interest. If this component of 
supervision intensity is a function of propensity to complete the 
study and other predictor variables yet these predictor variables 
and unobserved propensity to complete the study are correlated, 
models of supervision intensity will also be misspecified. 

Another advantage of the use of discrete exit cohort categories is 

47Although, as described below, the sources of this early 
attrition could be identified with a high level of confidence in 
New York. In Georgia, sources of attrition were more ambiguous . 

..-------------------------------------
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that inclusion of k-l (where k is the wave, or measurement period, 
of the panel model being estimated) cohort dummy variables into a 
statistical model of positive adjustment or supervision intensity 
does not impose a particular (say, linear) functional form on the 
model. Instead, each cohort category in such a model would be 
compared to the reference categorYe The cohort dummy variables 
would then be constrained only to have the impact of adjusting the 
intercept term up or down by a certain quantity (the parameter 
estimate) relative to the reference category controlling for other 
effects in the model. Since the sUbstantive interpretation of a 
statistically significant exit cohort effect is inherently 
ambiguous in the first place, such a constraint would be 
appropriate. 48 Not surprisingly, the utility of the exit cohort 
effect is not in its theoretical implications. It is simply used 
in this analysis as an instrumental variable to proxy for other 
effects that would dri ve posi ti ve adjustment (or, supervision 
intensity) up or down, net of other predictor variables. 

• 

• 

48For example, it would be difficult to interpret the finding 
that in measurement period 3, offenders who were in cohort #3 
(i.e., offenders who were about to exit the study) adjusted less 
positively than offenders in cohort #4. On its face, it seems 
plausible that offenders who are about to exi t (usually for a 
negative rather than a positive reason) would also not be adjusting 
as positively to life in the community. However, in practice, it 
would be difficult to get at the true cause of lower positive 
adjustment. The unobservable propensi ty to complete the study 
simply proxies for an omitted variable that would represent the 
true cause of an offender's lower positive adjustment net of other • 
effects in the model. 
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4It 3.4.2.4 Attrition Patterns By Treatment Sample 

• 

• 

Tables Sa through Se break down the attrition patterns by treatment 
samples for each of the fi ve states. 49 These data reveal that 
at'tri tion rates as a percentage of the total sample size were 
greatest in Florida (7909%) and Georgia (76.0%). As these data 
also reveal, identification of the sources of attrition in Florida 
and Georgia was more difficult than in the other states. In both 
Florida and Georgia, it seems reasonable to speculate that a 
significant portion of the unknown attrition sources were legal 
releases. This would not be inconsistent with the data insofar as 
the greatest drop in case follow-up (as a percent of potential 
cases at a given measurement period) occurred between the ninth and 
twelfth months of the follow-up periods in both states. 

Attrition rates were significantly lower in Louisiana (36.0%), New 
York (53.5%), and in those cases followed over time in south 
Carolina (31.8%) .50 In Louisiana, legal release was the single 
most commonly identified source of attrition while in the other 
states, revocations for technical violations and new crimes were 
more prevalent sources. The shock samples studied were more likely 
to complete the entire follow-up period than other samples in New 
York and Georgia. In Florida, South Carolina, and Louisiana, the 
shock samples had slightly lower completion rates. Importantly, 
however, in no state did the shock sample complete the study at 
dramatically worse rates than other samples. 

One way of analyzing the sample differences formally is to create 
a variable that ranges in value from zero to four. 51 Next, each 
case can be assigned a value on that variable that corresponds to 
the number of quarters completed. The average number of study 
periods completed may then be compared across the study groups. 
Table 9 presents these comparisons for each of the states. 

49Importantly, the rates reported in Tables Sa-Be should not be 
interpreted as the correct recidivism/failure rates for the states 
in this study. It was possible for offenders to fail via multiple 
paths. It was also possible for offenders to have valid positive 
adjustment scores after a failure event had occurred (suggesting 
the offender had not permanently exited the study). These 
tabulations, put simply, represent our best estimate of what 
factors may have been responsible for subject attrition. In the 
absence of a variable that explicitly measures this, however, our 
inferences about sources of attrition will necessarily be inexact. 

~his, of course, excludes offenders in the s.C. DOC shock 
sample who were not followed over time. Data on these offenders 
were compiled at the end of the one-year follow-up period • 

51This variable is the same as the exit cohort variable. 
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The results indicate that in Florida, the shock and prison samples 
had significantly longer follow-up periods than the dropout sample. 
In Louisiana, the probation and shock samples had longer follow-up 
periods than the prison and dropout samples. The contrast between 
the probation sample and the prison and dropout samples was 
statistically significant. 

In New York, the shock sample was followed significantly longer on 
average than the shock dropout sample although the shock and prison 
samples were followed for about the same length of time. In 
Georgia and South Carolina, the samples were all followed for 
approximately equal periods of time. Even in the states where 
samples had different follow-up periods, though, the average 
follow-up period never differed by more than one quarter. 52 
Moreover, in none of these analyses does sample membership explain 
more than seven percent of the variation in average number of 
quarters followed. 

Table 10 presents joint sample by exit cohort proportion 
distributions which largely complement the information presented in 
Table 9. This analysis also suggests that relatively small yet 
statistically significant amounts of variance in cohort membership 
are explained by treatment sample membership. 

In Florida and Louisiana, the exit cohort distributions differ by • 
sample as they did in Table 9. As in Table 9, the New York and 
South Carolina data reveal that exi t cohort distributions are 
independent of treatment sample. 

Unlike Table 9, however, the joint distribution of proportions in 
Georgia indicates that treatment sample and exit cohort membership 
are not independent. Instead, the probation sample is over­
represented in the third exit cohort while the shock graduate 
sample is overrepresented in the f ourth exit cohort. The proximity 
of the third and fourth exit cohorts rendered the difference too 
small to be detected by the analysis of variance test in Table 9. 
We thus have further evidence that treatment sample membership and 
position in the exit cohort structure are not statistically 
independent of each other. 

52And only in Florida was there a difference that went much 
beyond a one-half of a unit. The dropout group in Florida had a 
mean follow-up period of 1. 7 quarters while the prison parolee • 
group was followed for 2.5 quarters on average. Smaller contrasts 
were observed in other states. 
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~ 3.4.2.4 The Impact of Attrition on Fixed Effect Distributions 

Table 11 describes the aggregate changes in the composition of the 
study sample at each measurement period. One column is reported 
for each follow-up period. Since the groups are neither completely 
independent nor dependent, the proper application of a test of 
significant differences is not clear. 53 Rather than pursue this 
issue, we adopt a simpler approach. The means of the study 
variables at month 3 represent the baseline score for each 
variable. These scores are incremented and decremented by 20% of 
their original value and then compared to the scores at months 6, 
9, andl 12. Asterisks indicate those scores that changed by more 
than :20% of their baseline value. 54 

~ 

• 

The results of this analysis indicate that the composition of the 
cases with respect to the predictors do not vary by large 
magnitudes over the course of the study period. Some variation, 
however, is noteworthy and requires comment. When relatively large 
variation was evident it tended to be associated with the treatment 
sample indicators. In all states but Florida, these relatively 
large differences did not appear until the fourth quarter of the 
follow-up period. 

In Florida, the shock dropout sample's prevalence in the dataset 
decreased by 53.6% over the four quarters. In fact, the shock 
dropout sample's presence in the dataset dropped most dramatically 
between the sixth and ninth months of the study period. While the 
shock sample in Florida maintained a relatively stable presence in 
the dataset, prison sample offender presence increased by 32.8%. 
There was also a spike in the presence of violent offenders in the 
dataset at the ninth month but patterns closely reflecting the 
baseline reemerged at month 12. In Florida, it is reasonable to 
conclude that cohort membership can be predicted with bette~ than 
chance accuracy given knowledge of sample membership. 

In Georgia, there is evidence of increasing strength of presence 
for the shock sample while the prevalence of the probation sample 
decreases over the study period. Moreover, the Georgia data reveal 
that violent offenders increased their presence in the dataset over 

53For example, the month 3 column includes subjects in all four 
measurement cohorts while the month 6 column only includes subjects 
in measurement cohorts 2, 3, and 4. Since analysis of variance and 
differen~e of proportions tests assume that the comparison groups 
are either independent or dependent, the validity of statistical 
significance tests in this context is questionable (Blalock, 1979). 

~he choice of 20% change in the mean of the variable is 
clearly arbitrary but 20% change implies 80% stability which is a 
criterion that is often deemed to meet minimal standards for test­
retest reliability. 
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the follow-up period while the presence of drug offenders decreased 
somewhat. These differences are probably not large enough to 
distort results, however, since the proportions were small at the 
outset. 

The Louisiana data also indicate that sample prevalence changes 
over the duration of the follow-up period. While the shock 
graduate and shock dropout samples maintain a relatively stable 
presence over time, the presence of the probation sample grows and 
the presence of the prison sample diminishes. As in Florida and 
Georgia, the means for the other variables remained relatively 
stable over the follow-up period. 

In New York and South Carolina, analysis of dataset composition at 
each follow-up period reveals little evidence of over-time change. 
The means for nearly all of the variables at each follow-up point 
are stable as are the treatment sample prevalences. 

3.4.3 Summary 

A maj or procedural issu,e with respect to this analysis is panel 
mortality. In every state, our analysis has to deal squarely with 
large numbers of subjects not completing the study. Matters are • 
complicated by the absence of a concrete variable that defines the 
reason for an exit from the study. Our response to this problem 
was to ascertain from the data as best we could what the basis for 
subject attrition was in every case where it occurred. We were 
more successful at this task in Louisiana, New York, and South 
Carolina than in Florida and Georgia. 

While it appears that source distributions do not differ 
dramatically by state, the high unknown rates in Florida and 
Georgia force us to make qualifications. We simply do not know why 
there are fewer ca,ses available for analysis in these two states 
over the entire follow-up period or why their attrition rates were 
greater between the ninth and twelfth months. In future research 
efforts, the acquisition of more detailed information surrounding 
the attrition event will be required to improve our ability to make 
inferences about the way these processes operate. 

We concluded that most of the identifiable reasons for panel 
mortality were not positive. Indeed, it seems reasonable to 
suspect that there is something qualitatively different about the 
subj ects who did not complete the study. It may also be that there 
are differences between offenders who exit early and offenders who 
exit late. To the extent that these differences are related to 
treatment sample membership and other variables of interest 
(particularly positive adjustment), a model that omits this effect 
would be technically misspecified. While the substantive • 
interpretation of an "exit cohort" effect is ambiguous at best, its 
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potential value for avoiding specification bias appears to justify 
further exploration of its meri ts for use as an instrumental 
variable. 

Our next task was to determine whether membership in particular 
"exit cohorts" was independent of treatment sample. The analysis 
revealed that in N~w York and South Carolina, the two variables 
were essentially independent but in the other states, there was 
clear evidence of a relatively weak but statistically significant 
association. 

Despi te the finding of some dependence between exi t cohort and 
sample membership in three states, few other differences 
attributable to panel mortality emerged. In particular, we focused 
on changes in the composition of the analysis datasets at each wave 
of the follow-up period. The results of this effort revealed 
changes in treatment sample distributions in Florida, Georgia, and 
Louisiana but few other differences were evident. Thus, while some 
samples were overrepresented in early and late exit cohorts, other 
variables maintained their baseline means throughout the one-year 
follow-up period. 

We leave the assessment of panel mortality wi th the tentati ve 
conclusion that it will be necessary to control for exit cohort 
membership in our subsequent analysis. We base this conclusion 
primarily on the finding that exit cohorts are not independent of 
t:t:"eatment sample in three of the five states in the study. We base 
it secondarily on the expectation that whatever effects are swept 
up by exit cohort membership, an early exit from the study will not 
have positive implications for adjustment to the community. For 
now, enough evidence exists to carry the exit cohort effects 
forward to the preliminary analyses that we conduct in the next 
section. The evidence presented in this section also suggests that 
the composition of the data sets in each state remain relatively 
stahle in terms of the other study variables for the duration of 
the follow-up period. Thus, while exit cohorts appear to be 
related somewhat to treatment sample, there appears to be little 
basis for pursuing other associations. 
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4.1 Overview 

In this section, we turn to a detailed description of both the 
structure and content of the data. We also conduct a number of 
preliminary analyses that have special relevance for the 
mUltivariate models we develop in section 5. 

In the terminology of Cook and Campbell (1979)55 ow:' analysis 
consists of multiple post-tests (repeated over time) with 
nonequivalent comparison groups. Diagramatically, the structure 
assumes the form presented in Figure 6 and it may be conceptualized 
as a mUlti-wave panel design, where the same subjects are followed 
over time and measurements are taken at several fixed points in the 
follow-up period. 56 

The problems associated with this type of design are well­
documented in the research design literature but the most important 
of them bears repeating here. Group assignment in post-test only 
designs is a critical success factor. To the extent that group 
assignment is random, the conclusions one draws about the 
differences between the groups (as a function of their receiving 
different treatments) are strengthened considerably. To the extent 
that group assignment is not random, the analysis becomes an 
exercise in establishing differences between groups that are 
different at the outset (Cook and Campbell, 1979; Dunn and Clark, 
1987). These sorts of differences '1re evident in the data studied 
in this analysis and we are necessarily concerned about the a 
priori differences between the treatment samples within states. 
consequently, we begin this preliminary analysis by examining the 
extent to which sample membership can be predicted with better than 
chance accuracy from the other predictors wi thin each of the 
states. 

After examining the a priori or fixed-effect differences between 
the samples in each state, we turn to the question of whether the 
treatment samples ~xperience different supervision levels in 
addition to different treatments. Supervision intensity indicators 
are distinct from the other predictor variables because they are 
collected at three month intervals over a maximum one-year follow­
up period along with positive adjustment information. Although 
some states have policies governing supervision intensity levels 

5SSee Chapter 3 in their text for a discussion of this point. 

• 

~All of the predictor variables except supervision intensity 
are fixed at the beginning of the study and do not change. We 
routinely refer to these variables as fixed effects and explicitly • 
distinguish them from suparvision intensity which is not fixed. 
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for offenders in certain classes of correctional programs, 57 we 
will treat this issue as an empirical question. 58 Importantly, 
though, we will be unable to develop conclusive models of 
supervision intensity because important variables that determine 
supervision intensity levels are not available for analysis. In 
sum, our supervision intensity analyses will be descriptive rather 
than explanatory. 

One of our concerns is whether supervision intensity can be 
predicted with better than chance accuracy given treatment sample 
membership information. Given some of the special requirements 
imposed on shock program graduates for intensive community 
supervision, some differences in supervision intensity levels is to 
be expected. 59 This assessment will be particularly important 
since the literature to date suggests that supervision intensity is 
a key predictor of positive adjustment. 

Next, we turn to a descriptive analysis of the positive adjustment 
construct itself. Included in this phase is the dis,tribution of 
positive adjustment scores in each of the states and descriptive 
bivariate analyses between positive adjustment scores and each of 
the predictor variables. Three topics receive special attention in 
this section: (1) the relationship between treatment sample and 
positive adjustment; (2) the between-subjects relationship between 
supervision intensity and positive adjustment; and (3) the within­
subject association of supervision intensity and positive 
adjustment. 

Our most pressing task at the moment is to provide an overview of 
some of the analytical methods that we employ to assess a priori 
group differences, univariate distributions, time-stability, and 
initial model specification. We turn to this issue next. 

57In Florida, shock graduates are supervised in the community 
at the same level as prison parolees, although from time to time 
the court will order shock offenders to receive intensive 
supervl.sl.on. In Louisiana and New York, shock graduates are 
required to be intensively supervised in the community for at least 
six months after leaving the program. In Georgia, most shock 
graduates receive regular levels of community supervision and in 
south Carolina, supervision intensity levels are dictated by an 
offender's risk SCI:llre and applicable court orders. A more detailed 
process evaluation of programs in these states and others has 
recently been compiled by MacKenzie and souryal (1993). 

58This empirical question can be squarely addressed in all 
states except New YClrk where supervision intensity indicators were 
not available • 

59See footnote 4, supra. 
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The assessment of a priori group differences on the fixed-effect 
variables in the study pose no special analysis problems. 
Essentially, the objective is to compare the groups on the relevant 
criteria and test the null hypothesis that the groups are the same. 
Among the fixed effects in our analysis, only age at community 
supervision and age at first arrest are continuous predictors. The 
other predictor variables are categorical. For the categorical 
predictors, we simply compare the relative frequency distributions 
over the categories are the same across the treatment groups. This 
test is accomplished with a test statistic for independence that is 
distributed as X2 with (r-1) (c-1) degrees of freedom (where rand 
c refer to the number of rows and columns of an r x c contingency 
table) (Blalock, 1979). 

with the age variables, we impose the assumption that the age 
values are normally distributed in the populations from which these 
data are drawn, that the variances of those distributions are 
approximately equal across treatment samples and that each of the 

• 

n observations are independently sampled. We then test the null 
hypothesis that JJ.l = 1-'2 = .•. = JJ.k where k = the number of samples 
ldthin the state and JJ.j = the mean age (at beginning of community. 
supervision or first arrest) in the population from which these 
data are drawn indexed over sample catE~gories. The test statistic 
is distributed as F with n-1 (numerator) and n-k-1 (denominator) 
degrees of freedom (Dunn and Clark, 1987). 

4.2.2 Variables Collected Over Time: supervision Intensity 
and positive Adjustment 

4.2.2.1 Univariate Analyses: Naive Models 

While the analysis of fixed effect variables pose no special 
problems or difficulties, the same cannot be said for the variables 
that are collected over time. We begin our analyses of both 
supervision intensity and positive adjustment by exploring their 
univariate distributions both cross··sectionally and at each of the 
four study periods. oo 

OOorhe cross-sectional analysis of these variables involves 
summing all available scores for the ith subject and dividing by 
the number of available scores: ~Xv/Nij where i refers to the ith 
case and j refers to the number of available scores. Our analysis 
treats supervision intensity indicators and positive adjustment • 
scores similarly in cross-sectional analyses. 
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• These distributions are capable of helping us to reach some 
informal conclusions but more formal methods are available. When 
data are collected over time, it is often useful to construct naive 
models of the way the variables "behave" over time. 'l'he models are 
referred to as "naive" because they do not incorporate a vector of 
explanatory effects. They simply facilitate a formal expression 
for generating expected values of variables at various points in 
time. We adopt this approach by elaborating somewhat on the usual 
presentation of a repeated measures analysis of variance framework. 

• 

• 

We begin by noting that the naive repeated measures analysis of 
variance model is simply comprised of a test of the null hypothesis 
that there is zero within-subject change over time. For the two 
time period case the model assumes the form 

and 

(1) 

(2) 

where wit is random measurement error at time t, v it is random 
variation in Yit that is restricted to time t and T is a parameter 
estimated from the data by the method of ordinary least squares 
when B- is constrained to a value of 1.0 (Allison, 1990). The t­
test for the statistical significance of T, under. these 
constraints, yields a p-value which is the same as that for the F­
test effect for time, or within-subject change, in the repeated 
measures analysis of variance model. The estimated value of r is 
the average change in ~ from time t-~ to time t across the entire 
vector of cases. For each state, we estimate the T values between 
each two adjacent time periods for all available cases and provide 
tests of whether these values are significantly different from 
zero. 

The form of eg. (1) has not escaped controversy (cf. Kessler and 
Greenberg, 1981; Markus, 1980; Cronbach and Furby, 1970). In 
short, the constraint that the implied regression coefficient for 
Yil be equal to 1. 0 mayor may not be a point of conten\tion. The 
obvious alternative to (1) is: 

(3) 

where B is now estimated via the method of ordinary least squares 
(given that requisite error term assumptions have been met) and a 
is the value of Yi2 when Yil is equal to zero. What does B say about 
change in Yit? In and of itself, it is just what it appears to be: 
a tool for predicting the value of a score at time 2 based on the 
score at time 1. As values of the coefficient approach 1.0 then 
the constraint that subjects perform exactly the same over the 
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interval is justified. 61 As values of the estimated effect move. 
away from 1.0, however, there is some interaction that estimates y~ . 
to be a function of the joint distribution of initial score and 
time. 

If B is positive then subjects with relatively high scores at time 
1 will be predicted to have relatively high scores at time 2. If 
B is negative, then subjects with relatively high scores at time 1 
will have relatively low scores at time 2 (Kessler and Greenberg, 
1981) • 62 Sincf~ such a crossover effect in the context of within­
subject change is quite rare, the expectation is usually that B 
will be bounded by zero and one (Allison, 1990). 

Given these properties, the estimate of B is usually referred to as 
a "stability coefficient" that reveals the percent of variation in 
y~ that is stable and, by consequent, the percent of variation due 
to instability (Liker et al., 1985). The stability coefficient, 
when properly estimated, has the property of sweeping up the time­
stable effects of omitted variables and, therefore, controlling for 
persistent heterogeneity or state-dependence in the variable of 
interest {Allison, 1990; Liker et al., 1985).63 This model has 

61But for an adjustment for time, Q, which is equivalent to T 

in the case where B=1. In this case, time is const:I"tined to affect. 
all cases uniformly. 

62Following Kessler and Greenberg (1981), it is also possible 
to subtract 1.0 from the value of the estimated coefficient, B to 
yield an estimate of the effect of a score on Yil on the change in 
y over the interval (represented by the vector, Ay, over the 
datase·t). Thus, B-1 is an estimate of the shift in Ay for a unit 
increase in Yil. If B = .50 then .8-1= -.50 and it can be concluded 
that a unit increase in values of Yil are associated with a 0.5 unit 
decrease in Yil to Yi2 change. This particular property leads to the 
regression to the mean phenomenon which requires that very high and 
very low initial scores are differenced to a gr~ater degree than 
scores tha1; are closer to the mean at time 1. 

~ile the stability coefficient can be estimated by the 
method of ordinary least squares, the results are problematic. In 
short, there is usually a SUbstantial stability component when a 
variable is measured on the same observation at two or more points 
in timE.. 0 The error term (~) in an equation with a lagged 
endogenous variable (say, Yeot) is indirectly related to Ytol through 
the component of y that is time-stable. The consequences of OLS 
estimation of the stability coefficient in this context are 
twofold: (1) the estimates will be biased, or incorrect; and (2) 
they will be inconsistent (bias persists, regardless of the sample 
size) (Markus, 1980; Liker et al., 1985). Two-stage least squares. 
estimation, where an instrument for the lagged endogenous variable 
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been described in the psychometric literature as the analysis of 
covariance approach to studying wi thin-subj ect change (Markus, 
1980; Maxwell and Howard, 1981; Bock, 1975). 

While this method has much to recommend it in the context of the 
issues described above, its utility seems to be most relevant in 
the mUltivariate context where controlling for the lagged 
endogenous variable has causal implications (Liker et al., 1985). 
For purposes of the descriptive analysis conducted in this section 
we will rely on the formulation presented in equation (1) and 
return to the latter approach when we estimate mUltivariate 
models. 64 

4.2.2.2 Analyses -:.: i..b. Effects For sample Membership 

Next, we expand 'the naive repeated measures models above to include 
effects for treatment samples. The model is specified by 

Yit = T + Yit-l + o~ + ••• + 01c-lXt-ii + et (4) 

where k-1 = the number of treatment sample dummy variable;:, (given 
that k is the number of samples within the state). In this 
context, the T parameter estimate is not so useful since its 

is used instead of the lagged endogenous variable itself, can be 
used to provide biased, but consistent estimates of the stability 
coefficient (Markus, 1980). 

64We did estimate simple stability coefficient models for 
supervision intensity and positive adjustment scores in each state 
via the method of ordinary least squares which yields biased but 
consistent results in the absence of serial correlation. In the 
presence of serial correlation, the consiste:l'lCY property is lost as 
well (Pindyck and Rubinfeld, 1991). The lllethod of instrumental 
variables is used to correct for this when good instrumental 
variables can be constructed. Due to our inability to secure good 
instruments for these variables, however, we proceeded with OLS 
estimation. The estimates in these models revealed considerable 
evidence of stability over time and these estimates usually placed 
in the range of 0.4 to 0.8 for both sets of scores in each state 
and were virtually always statistically significant at any 
reasonable alpha error level. Estimates in this range indicate 
that (1) in most cases, at least half of the variation in the 
latter score is explained by a time-stable component; and (2 ) 
subjects who started at relatively high levels of supervision 
intensity and positive adjustment tended to maintain a relatively 
high score on these variables. 
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interpretation is not the same.~ It now represents the average ~ 
change over the interval of interest when all predictors are (at 
least in the hypothetical sense) set to zero and 6 is a 1 x k-1 
vector of treatment effects on supervision intensity or positive 
adjustment at the end of the interval controlling for the initial 
scores.~ In this assessment, our use for the T parameter estimate 
is much more limited. Put bluntly, in the words of Huck and McLean 
(1975), the results of analysis of this parameter in an explanatory 
context are "worthless" (p. 515). They continue: 

[t]o note that the entire group of subjects, averaged across 
treatment groups, significantly increased (or decreased their 
performance ••• does not necessarily reveal anything at all 
about the treatments. The phenomena of testing, history, 
maturation, regression, and so on are all potentially 
confounded with the average influence of the various 
treatments, and thus it is impossible to know what causal 
factor was responsible for the change (or lack of change) 
between ••• trials" (pp. 515-516). 

~A comparison of the estimate of T to its standard error with 
the t-distribution, in this context, no longer yields the same p­
values as the F-test for a within-subjects change (time) main • 
effect in the repeated measures analysis of variance framework and 
it no longer estimates the mean of the change vector. 

~hese effects which appear in this model as main effects are 
actually equivalent to the time by predictor variable, say ~, 
interaction terms that are routinely estimated in repeated measures 
analysis of variance models. In a pre-test/post-test design, this 
effect measures the change in the difference scores across the two 
measurement units as a function of scores on ~ (usually type of 
treatment). In a design such as this where there is no pre-test 
and there are multiple post-tests, it. simply indicates whether 
there was an effect of ~ on the change in scores across times. 
Equivalently, this is a test for whether the effect of ~ on the 
dependent variable is constant over measurements. Put simply, the 
question is whether the observed effects are time-stable. 

The between-subject effects, in the context of change score 
analysis simply reflect the average impact of ~ on the dependent 
variable (not the change score) over time. In the pre-test/post­
test paradigm, this test is of little use because interest is 
usually centered on whether some factor induces differential change 
in scores over time. In the multiple post-test study, the absence 
of a time by ~ interaction effect implies that tests for overall 
between-subjects effects will yield approximately the same results 
as the between-subjects tests at each of the individual test. 
points. 
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This is an important issue because the addi tion of factors and 
covariates to naive models often transforms what was a significant 
estimate of over-time change into a nonsignificant effect. What 
substantive importance might such a change have? The most 
plausible interpretation is that the patterns were not strong 
enough to withstand the segmentation of the study population into 
groups defined by the study factors. That is, they were weak 
trends at the outset and they became sUbstantively unimportant when 
partialed with respect to other factors (Winer, 1971).67 In somJ, 
although not all, of our data this phenomenon is evident. Where it 
occurs, we are inclined to ascribe less importance to the effect 
of unobserved variables that create a pattern of trend in the data. 
Where it does not occur we have not acquired any new information. 

When significant interaction effects between time and sample occur, 

67Unfortunately, this is difficult to visualize because one of 
the two fundamental assumptions of the usual repeated measures 
analysis of variance model is that there be a common covariance 
matrix across the between-subject effects (Littell et al., 1991). 
The repeated measures analysis of variance test, as noted earlier, 
is primarily comprised of a regression of difference scores onto a 
vector X. When there is little variation in the dependent variable 
(i.e., little change over time), the introduction of a large number 
of variables will tend to decrease the relative efficiency of all 
of the para~eter estimates. ceteris paribus, statistically 
significant l:'esults are more probable when the variables of 
interest are more widely dispersed. We do not submi t this to 
suggest that null effects for time are merely an artifact of 
reduced power. We do submit that if the over-time decline were 
sufficiently pronounced, this modest attack on statistical power 
would not convert a previously significant result into a null 
result. 

There are two possible responses to this issue. One is to evaluate 
the type I, or incremental sum of squares (Draper and Smith, 1981, 
pp. 97-98), for the time effect. The other is to simply take as 
given that there is a weak to moderate decline pattern in the 
sample. Under this approach we would use changes in significance 
levels that accompany the use of partial sums of squares (controls 
for covariates) as evidence to support the claim. Since, our 
earlier analyses of supervision intensity will have already 
considered the univariate effect of within-subject change over time 
(the equivalent of examining the incremental sums of squares) we 
shall take the migration of a statistically significant F-test for 
time in the univariate context to a null F-test for time in the 
multivariate context as evidence of a weak effect for time. since 
our principal concern is to explain changes in positive adjustment 
and main effects of time offer no substantively useful insights 
into this problem, no complications are introduced by pursuing this 
route. 
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however, new. information has been acquired. The form'of eg. (4) 4It 
can provide insights into the structure of the interaction effect. 
As we shall see in the coming section there is little evidence of 
differential sample effects on either supervision intensity or 
positive adjustment over time. The exception to this will be in 
Louisiana where the shock graduate sample's decline on both 
supervision intensity and positive adjustment is significantly 
greater than what is observed in the other states. 

To help put this type of interaction effect into perspective, we 
state a special case of eq. (4) and explicitly estimate the 
regression function: 

(5) 

where Xu = a dummy variable that is equal to 1 for the group of 
subjects in the shock sample and the coefficient for Yit is 
restricted to 1.0 and thus drops out of the equation. Thus the 
parameter vector for this function, a f is comprised of two 
elements: 

a = [ '[ 0] (6) • 

Both elements of a are key: (1) '[ is the estimat.ed change due time 
that applies to subjects in all groups; and (2) 0 is the increase 
or decrease in Yu that can be attributed to membership in the shock • 
sample over the interval. The significance test for the point 
estimate of change in the shock sample compared to all other 
subjects is the ratio of 6' to its standard error. The two-tailed 
test is distributed as student's t with n-2 degrees of freedom. We 
refer to the sum of the elements in B as scalar A' which denotes 
the estimated change for subjects in the shock sample (Azbock) and the 
estimated change for subjects in another sample (A~). 

4.2.2.3 Analyses with Effects For Exit Cohorts 

In this section of the analysis we return to the exi t cohorts 
presented in section 3. By analyzing levels and changes in 
supervision intensity across these cohorts we can respond to two 
important issues: (1) whether different exit cohorts experience 
different patterns of supervision intensity; and (2) whether, in 
fact, there is basis for the assumption that an early exit has 
negative consequences for positive adjustment. As analysis in 
section 3 revealed, treatment samples were not equally represented 
across exit cohorts in Florida, Georgia, and Louisiana. To the 
extent that this preliminary analysis reveals a relationship in 
reveals a relationship between exit cohort membership and either 
supervision intensity or positive adjustment, it will be necessary 
to adjust models of these variables for exit cohort membership in 
analyses presented later in the paper. 

• 
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• 4.2.2.4 Analyses To Assess Proper Specification and Functional Form 

4.2.2.4.~ Causal ordering 

• 

• 

Using cross-sectional measures of positive adjustment and 
superv1s10n intensity, we attempt to identify the correct 
functional form of the relationship between these two variables. 
Our efforts here are centered on developing a reasonable 
specification of the process by which supervision intensity is 
expected to influence or impact positive adjustment. 

This is not a trivial matter. Indeed, it amounts to imposing an 
important assumption on the dat:,a., We note here that it is 
certainly possible for superV1S10n intensity and positive 
adjustment to have reciprocal effects on each other. This is a 
difficult analysis issue with these data since superV1S10n 
intensity is, at best, only partially stochastic. That. is, under 
ordinary circumstances where the two variables would influence each 
other, an analysis that takes simultaneity into account would be 
appropriate. It is questionable whether a set of sufficiently 
"ordinary" requirements exists. There are a myriad of 
legislatively imposed requirements at the macro level and 
judicially imposed requirements at the micro level that drive 
supervision intensity at least as much as positive adjustment does. 
The kaleidoscope of possibilities creates inherent omitted variable 
bias in any attempted specification of a simultaneous process with 
the data available for this analysis. 

Thus, supervision intensity in many states behaves more like a 
manipulated variable than one which could be modeled simultaneously 
with positive adjustment. Since the behavior of this variable 
emulates a manipulated condition more than it emulates being a 
stochastic player with positive adjustment, it seems reasonable to 
cast analytical models of the process in a recursive sequence. 
Such a sequence would place exogenous variables on the far left 
hand side of the model and allow for them to influence supervision 
intensity which is cast as an intervening endogenous variable.~ 
The exogenous variables and supervision intensit~ indicators then 
exert a causal influence on positive adjustment. 

68At this juncture of the model, we would expect that variables 
such as sample membership, type of offense, and cri.minal history 
would exert an effect on supervision intensi ty although these 
effects would have to be taken as purely descriptive rather than 
causal for the reasons already indicated. 

~e believe that when such a framework is transferred to the 
individual time points it is consistent with reasonable temporal 
ordering of the processes involved. First, positive adjustment 
data are essentially the supervising officer's evaluation of 
offender behavior at the end of kth three month follow-up period 
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4.2.2.4.2 Assessment of Relationship Between Longitudinal Changes 4It 
In positive Adjustment and Supervision Intensity 

Another important issue that we address in this analysis is that of 
cross-sectional (sample-wide) effects compared to within-subject 
effects. It is possible for supervision intensity to impact 
positive adjustment in two dimensions. First, the joint 
distribution of positive adjustment and supervision intensity can 
be modeled in the population at arlY given point in time as: 

(7) 

where Xu = the supervision intensity level at time t and y = the 
positive adjustment score at time t. Next, it is possible for 
changes in positive adjustment within subjects to be related to 
changes in supervision intensity within subjects. We can represent 
this process as a special case of eq. (5) above: 

Yit = a + Yit-! + 1'(:Kn - :Kn-l) + Git (8 ) 

where a is an intercept term, the coefficient for Yit-l is restricted 
to unity and I' is a regression coefficient for the difference in 
supervision intensity over an interval t. The parameter estimate, 
1', is the primary concern in eq. (8). The significance test for 
the point estimate is the ratio of I' to its standard error. The 
two-tailed test is distributed as student's t with n-2 degrees of • 
freedom. The estimated effect is the amount of change in y within 
subject i over the interval t for a unit increase in the change in 
x within subject i over the same interval (Allison, 1990; Liker et 
al., 1985; Kessler and Greenberg ~ 1981).70 Estimation of this 
model by the method of ordinary least squares leads to unbiased 
estimation of the parameter 1'. 

We hypothesize a priori that wi thin-subj ect changes in posi ti ve 
adjustment will be at least partially explained by within-subject 
changes in supervision intensity (indicating a positive 
relationship between Ax and Ay). Earlier analysis of positive 
adjustment data in Louisiana indicated that, for shock parolees, 
declines in supervision intensity were accompanied by declines in 
positive adjustment (MacKenzie et al., 1992). The authors suggest 
that this result would likely hold in a within-subjects analysis: 

(up to k=4). Supervision intensity is occurring and is recorded 
throughout the follow-up period. Since supervision intensity is 
technically prior to the officer evaluation (which is actually the 
dependent variable) a recursive model such as the one described 
above seems to capture a reasonablE' temporal specification of the 
relevant events. 

70A more intuitive representation is: AYi = a + B(AXj) + AGi' • ~ 
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The performance of all groups declined over time but the 
decline in performance was greatest for the shock parolees. 
Although the shock parolees adjusted more positively, this 
appeared to be a result of the intensity of supervision, not 
self-directed choice. This significant deterioration in 
performance of shock parolees over time was most likely the 
result of a reduction in the intensity of their supervision 
(MacKenzie et al., 1992, p. 446). 

Using the parameter estimates of 'Y described above within each 
state, we explici tly test the hypothesis that wi thin-subj ect 
changes in positive adjustment are a function of within-subject 
changes in supervision intensity. For each state we execute tests 
for contrasts between each of the adjacent time periods and, then, 
we estimate a test for the differences between initial and ending 
values on these variables for all subjects who were measured at two 
or more consecutive points. 

4.2.2.4.3 Analysis of Covariance Models of Cross-sectional 
positive Adjustment Including Effects For supervision 
Intensity and Sample Membership 

Finally, we turn to a slightly elaborated set of models where the 
relationship between treatment sample and cross-sectional positive 
adjustment is specified while adjusting for cross-sectional 
supervision intensity. These models are specified within the 
general analysis of covariance framework and amount to a regression 
of positive adjustment onto supervision intensity while allowing 
for individ.ual treatment sample effects on the criterion: 

(9) 

where Xl is a covariate (say, sup~rvision intensity) and Sk = the 
kth sample (where k-1 sample dummy variables are included in the 
model). Band 0 are parameters estimated from the data by the 
method of ordinary least squares (Dunn ar.d Clark, 1987; Draper and 
Smith, 1981). 

One of the areas we explore in detail in this section is the 
possibility that the effects of supervision intensity on positive 
adjustment are conditional on sample membership (i.e., a 
supervision intensity by treatment sample interaction effect). We 
assess these effects by generalizing eg. (9) to allow for 
multiplicative terms for sample categories and supervision 
intensity and we then explicitly test the significance of the 
parameter estimates. This process helps us to reach some tentative 
conclusions about the impact of shock incarceration and supervision 
intensity on positive adjustment to community supervision • 

---~_' ... m. ________________________________________________________ ___ 
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4.3 A Priori Fixed-Effect Group Differences 

4.3.1 Overview 

In the ideal case, offenders would be selected so that they "ere 
similar in all respects except for the "treatment" they received. 
Analysis of offender characteristics across the samples in each 
state, however, revealed noteworthy differences in offender 
characteristics in addition to the treatments they received. In 
this section, we e~plore the basic structure of each state's fixed 
effects and describe the by-sample differences that emerge. 

At the outset, we note that there are some important differences 
between the states themselves. The programs in New York and 
Louisiana have strong rehabilitative and treatment components while 
the programs in Florida, Georgia, and South Carolina tend to 
emphasize work, drill, and physical training. 71 The program in 
Florida is comprised of a large proportion of first-time offenders 
while many offenders in the other programs have either a prior 
arrest or conviction. In-program attrition rates are highest in 
Florida followed by Louisiana and New York. Attrition rates in the 
Georgia and South Carolina shock incarceration programs are 
relatively low. A more complete overview of the different program 
characteristics is presented in the administrative summary 
preceding this document. 

4.3.2 Florida 

Three samples, including shock graduates, shock program dropouts, 
and prison parolees, were selected for follow-up in Florida. 
Violent offenders comprised almost half of the prison parolee 
sample while they represented less than a third of the offenders in 
the other samples. Drug offenders, on the other hand, were much 
more prevalent in the shock graduate group than in either the shock 
dropout group or the prison parolee group. Shock graduates were 
also more likely to be serving their current sentence for a 
technical violation than other offenders. A by-sample analysis of 
offender age suggests that shoc:k dropouts are slightly younger than 
either shock graduates or prison parolees. The results of these 
comparisons are presented in detail in Table 12. 

• 

• 

71The program in Georgia stands out in particular for the small 
amount of time that is devoted to non-work activities. Although, 
as Bnwen (1991) notes, this emphasis is shifting toward a stronger. 
focu:; on education and treatment. 



47 

4It 4.3.3 Georgia 

• 

• 

The Georgia study followed three groups over a twelve-month period: 
shock graduates, prison parolees, and probationers. Table 13 
conveys our analysis of a priori group differences on categorical 
predictors. The results indicated that shock graduates and prison 
parolees were more likely to be violent offenders than 
probationers. Shock graduates were less likely to be drug 
offenders than probationers and prison parolees while prison 
parolees were less likely to be property offenders than other 
treatment samples. Prison parolees were more likely to be serving 
time for a technical violation of community supervision (37.8%) 
than both shock graduates (17.7%) and probationers (1.2%). Not 
surprisingly, given the above result, prison parolees were more 
likely to have a prior offense history (75.5%) than shock graduates 
(39.2%) or probationers (10.6%). Table 13 also reveals that prison 
parolees were significantly older than offenders in other groups. 

4.3.4 Louisiana 

In Louisiana, four groups were followed over a one-year period on 
community supervision. The sample structure included a group of 
shock graduates, prison parolees, probationers, and shock program 
dropouts. Table 14 provides by-sample comparisons on the 
categorical predictors in the study.72 These results indicate that 
prison parolees were more likely to be violent offenders than 
offenders in other groups. Probationers and shock graduates, on 
the other hand, were both over-represented in the drug-offender 
category. In general, probationers were more likely than other 
subjects to be serving a sentence for a new crime. As Table 14 
also indicates, prison parolees tended to be older at the beginning 
of community supervision while shock entrants (both graduates and 
dropouts) were generally younger at the time of their first arrest. 

4.3.5 New York 

The New York data were comprised of three offender samples: shock 
graduates, shock program dropouts, and prison parolees. Table 15 
presents our comparisons of categorical predictor distributions 
across samples. The res\llts indicate that property offenses were 
more common in the shock sample while drug and other offenses were 
significantly more prevalent in the prison and dropout samples. 
Moreover, the prison parolee and dropout samples were significantly 
more likely than the shock sample to have a prior arrest or 
conviction in their correctional file. Table 15 reveals that shock 

. 72We note that the shock dropout sample, comprised of only 
s~xteen offenders, is very small and findings associated with this 
group should be interpreted cautiously. 
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graduates, as a group, tended to be older at their first arrest ~ 
than either prison parolees or shock dropouts. 

4.3.6 South Carolina 

The South Carolina study followed five samples over a one-year 
follow-up period. The study included samples of DPPPS shock 
graduates, DOC shock graduates I prison parolees, probationers, a.nd 
a small group of split-probationers. Positive adjustment data were 
collected on the DOC shock sample once at the end of the twelve 
month follow-up period while data were collected in the other 
samples at three-month intervals throughout the one-year follow-up 
period. 73 

Tests for pre-treatment sample differences revealed several 
important findings. First, nonwhites were much more prevalent in 
the DOC shock sample than in other groups. Offenders in the 
probation and DOC shock samples were more likely to have committed 
a new crime (as opposed to a technical violation). Prior offenses 
were documented for over 90% of the DOC shock sample compared to a 
rate of 50% to 70% in the other samples. Table 16 presents the 
results of these tests. In addition, Table 16 indicates thC',t 
split-probationers tended to be older than other offenders at the 
beginning of community supervision while the two shock samples a.nd • 
the prison parolee sample were younger, on average, at their first 
arrest than either the probation or the split-probation samples. 

4.3.7 Summary 

The results of these descriptive analyses establish the case, at 
least for the fixed effects in our study, that the study groups 
with which we are working are nonequivalent on factors that we 
expect to be related to the dependent variable. In particular, the 
analysis reveals statistically significant differences in offense 
distributions by sample in all states except South Carolina. 
Sample differences with respect to prior record or whether the 
current sentence was for a technical violation of community 
supervision or a new crime were also observed in every state. 
Finally, the results suggest that offenders across samples are not 
always about the same age. Moreover, in New York, Louisiana, and 
South Carolina, there were important by-sample differences in age 
at first arrest. 

73Secondary contact information was not available in south 
Carolina. Primary contact information was collected but was 
missing on many observations during the firs'c three months. 
primary contact data were only collected for the first six months. 
for the DOC shock sample. 
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• As a result of these differences , it will be necessary in our 
analyses to control for the effects of these potentially 
confounding variab1es. 74 Although we recognize that statistical 
control methodology is inferior to full-fledged case-control 
studies we also are prepared to be particularly confident of those 
findings that emerge in the presence of statistical controls when 
they persist across states. 

• 

• 

4.4 supervision Intensity 

One of our principal areas of focus in this report is on 
supervision intensity. In this section, we examine three issues 
associated with this variable: (1) its distribution in each of the 
states where data were collected; (2) whether and how it changes 
ovsr time; and (3) whether levels of supervision intensity are 
conditional on treatment sample. 75 

4.4.1 Univariate Distributions 

One of our principal concerns early on in the analysis process was 
the skewness that was evident for supervision intensity measures in 
each of the states we studied. Particularly striking were the 
differences in the means and the medians for these distributions. 
Histograms for these distributions also concerned us. In 
particular, each distribution was characterized by a large group of 
cases at the lower end of the distribution with a few extremely 
large values at the upper end. Since our later analyses rely on 
regression functions that minimize the sum of the squared 
deviations between the actual and predicted values of positive 
adjustment, the presence of such extreme cases on a key variable 
such as supervision intensity is problematic. 

To confront this problem we assessed each supervision intensity 
measure separately and concluded that it was reasonable to work 
with a natural log transform of the contact variables collected in 

~We note here that only South Carolina's data presented with 
differences in racial composition by sample. Nonwhites were 
significantly under-represented (49.4%) in the DPPPS shock sample 
while they were significantly over-represented in the DOC shock 
sample (73.8%). In the other samples nonwhites comprised about 60% 
of the cases. 

75Again, we note that supervision intensity data were not 
collected in New York. Nor were they collected over time for the 
DOC shock sample in South Carolina. Secondary contact information 
was not available in South Carolina and Georgia. Three indexes, 
rather than contacts, were used to measure supervision intensity in 
Louisiana. 
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Florida, Georgia, and South Carolina. In Louisiana, the ~ 
supervision intensity indicators were not based directly on 
contacts. Nevertheless, natural log transformations of the 
knowledge and surveillance indexes improved the skewness of these 
distributions as well. Our analysis did 110t reveal any evidence of 
a major skewness problem with the requirements index in Louisiana. 
This index was, therefore, retained in its original metric. 
Working with the average of the contact variable~6 averaged over 
all available follow*'up periods for each. subject, Table 17 presents 
the effects of transforming these indicators. TI 

Table 17 a:.50 provides some basis for comparing Florida, Georgia, 
and South C~arolina on aggregate, or cross-sectional, levels of 
supervisiorl intensity. The data suggest that offenders in Florida 
(median primary contacts = 2.25) tend to be contacted more 
,frequently than offenders in Georgia (median = 1.82) and South 
Carolina (1.50).D 

4.4.2 Change In supervision Intensity Over Tim~ 

4.4.2.1 Overview 

In this section, the analysis focuses on how supervision intensity 
levels change over the course of the follow-up period. To do this 
we estimate a set of naive repeated measures analysis of variance • 
models within each state. The emphasis here is to observe whether 
there is a significant trend in supervision intensity across the 
entire dataset within each state. 

4.4.2.2 Florida 

In Florida, our examination of primary contacts over time reveals 
a general declining trend in supervision intensity over time (Table 
18). Repeated measures analysis of variance tests reveal 
statistically significant effects for time in the six and nine 
month analyses. The F-test for time is not statistically 

7~e will refer to this type of averaging of the data irA later 
analyses as a "cross-sectional" analysis. We will be returning to 
this type of analysis often given subject attrition levels over the 
follow-up period. 

TIsince a number of caseS in each state had mean contact levels 
that did not exceed 1.0 (and values of zero were observed in some 
cases) the log transformations used in this paper are calculated by 
taking: In(raw score + 1.0). . 

78A comparison of the means is not particularly useful in this. 
context given the positive skewness in the distributions. 
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significant in the twelve month analysis. The T estimates provide 
some insight into the details. They reveal that time 1 to time 2 
change in the natural log of primary contacts is negative and 
statistically significant (r = -.195; P < .001). Change between 
time 2 and time 3, however, is not statistically significant 
(T = -.095; P < .210). Time 3 to time 4 change is also not 
statistically significant (T = -.082; P < .433). 

Figure 7 augments this presentation by showing the changes in'the 
natural log transform of primary contact levels at each quarter. 
There are three legends in Figure 7. The first legend presents 
primary contact levels at the first and second quarters averaged 
over all subjects who completed testing at both times. The second 
legend displays primary contact lavels over the first three 
quarters for all subjects who completed three measurements. The 
third legend shows contact levels at each of the four quarters for 
all subj ects who completed four quarterly evaluations. For all 
groups, the largest change occurs between time 1 and time 2 with a 
"leveling-off" pattern thereafter. In short, the average number of 
monthly primary contacts during the first three months of the study 
was about 7.5. By the last three months of the study (for those 
remaining in the study), this figure declined to an average of 
about 5.8 monthly contacts. 

Data for secondary contacts (contacts with family and employer and 
treatment officials) were also collected in Florida over time. Our 
analysis of these data, presented in Table 19, reveals significant 
over-t~m~ decline in these contact levels in each context. Figure 
8 graphs th~ decay over ~he follow-up period for those who complete 
six, nine, and twelve months of testing, respectively. Again, the 
T estimates are illuminating. BetWeen time 1 and time 2 there was 
a statistically significant decline in the log-values of secondary 
contacts (T = -.134; P < .002). Neither changes between time 2 and 
time 3 (T = -.066; p < .301) nor between time 3 and time 4 
(T = -.114; P < .238) wel::'e statistically significant. 

The ~ssessment is more clear with untransformed data. During the 
first three months of the follow-up period, offenders' family/ 
employer /treatment associates were contacted an average of 3.1 
times per month. By the end of the study period (final three 
months), average monthly secondary contacts declined to about 2.4. 
As with primary contacts, the declines for secondary contacts were 
statistically significant between times 1 and 2 but not thereafter. 

4.4~2.3 Georgia 

In each of the three measmrement contexts for over-time changes, 
analysis of the log transform of primary contact levels as they 
evolve over the study reveals a pattern of decay. Table 20 
indicates that repeated measures F-tests for a time effect are 
statistically significant in each case. The data are plotted in 
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Figure 9 and also suggest over-time decline in supervision ~ 
intensity levels. Estimated l' values support these results. 
Change at each of the intervals was negati ve and statistically 
significant although the change at each interval was less than the 
change at the previous interval. Thus det..-..:ines became more diffuse 
over the course of the follow-up period (time 1 to time 2 
T = -.204, P < .001; time 2 to time 3 T = -.146, P < s013i time 3 
to time 4 l' = -0119, P < .014). Examination of the untransformed 
data reveals a total decrease of about 1 contact per month over the 
one year follow-up period. At the beginning of the study, 
offenders were contacted about 3.1 times per month on average. By 
the end of the follow-up, this level had dropped to about 2.2. 

4.4.2.4 Louisiana 

In Louisiana, we are concerned with the amount of change in the 
three supervision intensity index scores over time. Repeated 
measures analysis of variance tests for a time effect on the log 
transform of knowledge index scores reveal nonsignificant 
differences for each interval. Table 21 presents these analyses 
which are supported by the l' estimates and Figure 10. 79 The data 
do not provide strong support for significant changes in knowledge 
scores over the follow-up period. 80 

Table 22 presents the repeated measures analysis of variance tests •. 
for a trend in the log transform of surveillance scores. While the 
data provide little support for significant change in scores 
between times 1 and 2, change was strongly evident thereafter. The 
F-test for the Tl-T2 difference was not statistically significant. 
The l' estimate for the T1-T2 contrast was also nonsignificant 
( l' = - . 024 ; p < • 288) • La ter contrasts, however, revealed 
pronounced declines in these scores (Figure 11). The F-tests for 
time effects at nine and twelve months were statistically 
significu.nt as were the l' estimates for the T2-T3 and T3-T4 
contrasts (T2-T3 l' = -.135, P < .001; T3-T4 l' = -.080, P < .002). 
Raw surveillance scores also corroborate the trend. At the 
beginning of the follow-up, the average score was 0.87. This 
figure dropped to 0.37 by the end of one year of follow-up. After 
early stability, the evidence suggests a significant decline in 
surveillance activity after the six month follow-up point. 

75--The estimated '[ values were: T1-T2 l' = -.04, P < .184; T2-T3 
l' = +.018, p < .534; T3-T4 l' = .028, P < .355. 

8~he untransformed data suggest strong stability. The average 
monthly knowledge sc~ras at time 1 was 1.24. At the end of the 
twelve month follow-up, the average score had increased to about 
1.32. Since this is an increase of lack of knowledge, the data 
still imply decreasing knowledge of offender activities over time. 
but the declines are not statistically significant. 

I~I ____ -------
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The results of requirements index analysis in Table 23 follow the 
same pattern. Scores are stable at the first interval and decline 
at subsequent intervals. Figure 12, along with the T estimates, 
confirm these trends. 81 Raw requirements scores averaged about 
2.87 at the beginning of the follow-up period and declined to about 
2.39 by the end of the study. In Louisiana, the results suggest 
that while knowledge levels are quite stable over the study period, 
surveillance and requirements levels both decline after the six 
month point. 82 

4.4.2.5 South Carolina 

Analysis of supervision intensity over time in South Carolina is 
restricted to primary contact data and excludes the DOC shock 
sample. There is evidence of an over-time decline in primary 
contact levels. Repeated measures tests for a time effect (see 
Table 24) yield statistically significant results ac times 2, 3, 
and 4. Figure 13 displays the trend which suggests a relatively 
uniform. decline in prinl.ary contact levels over time. Estimated T 
values at each interval indicate the presence of significant 
negative change. 83 However, the change is not as marked at the 
first interval as it is in later intervals. The data indicate that 
offenders were contacted about 2.4 times per month on average 
during the first three months. During the last three months 
offenders were contacted about ~.3 times per monthc consistent 
with what was observed in Louisiana, there is a pattern of early 
stability followed by an unmistakable pattern of decay. 

4.4.2.6 Summary 

The results of this analysis of trends in superv~s~on intensity are 
reasonably clear. In none of the states was a pattern of 
increasing supervision intensity over time in evidence. In overy 
state, supervision intensity was lower at the end of the twelve 
month period than at the beginning. The patterns of this decay 

81For the T1-T2 contrast, the T estimate was not significantly 
different from zero (T = -.037; P < .490). Both of the other 
contrasts, however, yielded negative T values which were 
statistically significant (T2-T3 T = -.269, P < .001; 
T3-T4 T = -.329, P < .001). 

s2Perhaps levels of knowledge of offender activities, once 
established, are more easily maintained than surveillance (which is 
labor-intensive for the officer) and requirements (which are labor­
intensive for the offender and officer) • 

83Estimated T values were: T1-T2"r = -.075; p < .001; 
T2-T3 T = -0162, P < .001; T3-T4 T = -.158, P < .001). 
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assumed different forms in different states, howeVer. In Florida ~ 
and Georgia, the steepest declines in supervision intensity 
occurred early in the follow-up period followed by more stable 
contact levels in later months. In Louisiana and South Carolina, 
supervision intensity tended -to be stable at the beginning of the 
study period and declined after the six month point. still, the 
overarching pattern is one of declining, not increasing, 
supervision intemsity over the follow-up period. 

4.4.3 supervision Intensity By Sample 

4.4.3.2 Overview 

We begin this analysis by averaging contact information over the 
entire period that each subject was followed. 84 Thus, for an 
offender who was followed for two f1Il~~' - ""'R we take the average 
supervision intensity over the two q_ a~~ "l..o""J '-~J -For an offender who 
was followed for four quarters we '/ r; thQ L. "'rage number of 
contacts over all four quarters. Sil~' such a -,tap imposes a 
cross-sectional framework onto these long:L, '1'.~.~.nal data, we refer to 
these aggregated values as "cross-sectional II 0001"05. 

Next, we compare these average cross-sectiona1 scores by treatment 
sample. Ou:t" obj ecti ve here is to determine whett1er cross-sectional 
supervision intensity can be predicted with be'~ter than chance. 
accuracy from knowledge of treatment sample. A finding of 
significant differences across samples indicates further 
nonequi valence of the treatment samples that would have to be 
controlled in a statistical analysis of positive adjustment. 

Finally, a repeated measures analysis of variance model is 
developed that specifies the over-time distribution of supervision 
intensity scores as a function of within-subject change, sample 
membership, and an interaction of the two terms. This analysis is 
designed to help us assess whether longitudinal supervision 
intensity patterns vary by treatment sample. 

4.4.3.2 Florida 

A test of the hypothesis that overall supervision intensity is 
equal across samples reveals that, in fact, the samples are 
different. Table 25 indicates that shock offenders are supervised 
less inte!lsi vely than their prison parolee and shock dropout 
counterparts. Figure 14 portrays this result. 

84Again, we are working with the natural log transform of 
contact values and, in Louisiana, the knowledge and surveillance 
scores. • 

I 
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Repeated measures analysis of variance results generate themes that 
are consistent with what has already been noted. During the first 
nine months, significant changes in supervision intensity are 
evident over time and the shock sample is generally supervised less 
intensively than either the prison parolee or dropout groups. The 
largest decreases occurred between the first and second follow-up 
points. Among subjects who were followed for an entire year, 
neither a time nor a sample effect was evident. Table 26 presents 
the repeated measures analysis for primary contacts and Table 27 
depicts the resul ts for secondary contacts. In none of the 
comparisons was a treatment sample x time interaction effect 
evident. Thus, in Florida, we retain the null hypothesis that 
changes in contact levels over time are consistent across treatment 
samples. 

4.4.3.3 Georgia 

Based on results presented in Table 28, the null hypothesis of 
equal levels of cross-sectional contacts is rej ected. The analysis 
indicates that probationers and parolees were supervised at 
significantly different levels while shock graduates were 
supervised at about the average level. Duncan post-hoc tests 
indicate that average log contact levels for the shock group were 
not significantly different from those of either of the other two 
groups. 

Throughout the follow-up period, there is a consistent decline in 
supervision intensity and this decline is relatively stable across 
samples. Table 29 presents the results of the repeated measures 
analysis of variance tests. 85 The hypothe-sis tests suggest the 
presence of a stable between-group difference in level of contacts. 
As with the overall test described above, the shock sample occupies 
the middle position of the three groups with respect to contact 
levels. 

4.4.3~4 Louisiana 

Analysis of the cross-sectional knOwledge, requirements, and 
surveillance indexes in Louisiana reveal strong between-group 
differences in supervision intensity. The important contrast in 
each case is the difference between shock offenders and other 
groups. In each comparison, the Duncan post-hoc tests indicate 
that shock offenders are supervised at significantly higher levels 
than the other groups (Table 30). 

Over time, there is little evidence of a significant decrease in 

85The time x sample interaction term was nonsignificant for 
each test but the main effe.cts for time and sample were both 
significantly different from zero at each follow-up. 
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knowledge (Table 31). This is consistent with the results e 
presented in tp~ univariate analysis. Al though there is some 
evidence that the shock and prison mean knowledge scores approach 
each other over time, the evidence is not strong enough to achieve 
statistical significance. We thus conclude that shock offenders 
have stronger knowledge scores than other groups and that the 
difference is time-stable. Figure 16 compares the overall 
knowledge scores for each of the samples. 

surveillance index scores are not as time-stable (see Table 32 and 
Figure 17). There is strong evidence of an over-time decline in 
surveillance levels after the six-month follow-up point (time 
effects are significant at nine and twelve months). There is also 
continued evidence that the shock sample is supervised more 
intensively than other samples (between-subject effects are 
consistently significant). Although the analysis suggests that by 
the end of the study, the shock sample is still supervised more 
intensively than other groups, the difference between the groups is 
not nearly as great as at the beginning of the study (time x sample 
effects were statistically significant at quarters 2, 3, and 4). 

The statistical significance of these interaction effects require 
special attention. Our analysis suggests that decline is not 
uniformly distributed across the sample categories. At each of the 
intervals, surveillance of the shock sample declines at a greater 
rate than in the other groups. Returning to the model developed in • 
egs. (5) and (6), we estimate A values for the shock sample 
compared to the other groups. The results indicate that at the six 
month point, the shock sample's trajectory was significantly 
different than that of subjects in the other groups (A~k = -.116, 
Aoch« = . 012; p < .010). This pattern continued at month 9 (Aabocl: = -
1.367, Aocber = -.329; p < .001) and at month 12 (A~k = -.255, AOIher = -
.021; P < .001). 

As in the analysis of the knowledge index, the scores for the shock 
sample approach those of the prison sample more closely than the 
other groups. For this analysis, it seems reasonable to conclude 
that the shock sample has higher scores, that there is a general 
downward trend in those scores for all samples after six months, 
and that scores decay at a greater rate in the shock sample than in 
other groups. 

Our analysis of the requirements index leads to similar 
conclusions. The results indicate again that there is over-time 
score decay at nine and twelve months and that decay is greatest 
for the shock sample. 86 The estimates of A confirm these 

S6.rhe between-subjects F-test was statistically significant f('lr 
each analysis. Significant within-subject (time) effects were. 
evident in the nine and twel ve month analyses. statistically 
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observations at six months where the shock sample did not differ 
from the other groups (.6.abock = -.111, aocbcr = -.008; p < .385). As 
indicated by the significant time x sample interaction effects, 
however, the shock group did differ from the other groups at nine 
months (a~ = -.730, a~ = -.109; p < .001) and at twelve months 
(A~ = -.704, a~ = -~202; P < .002). 

Table 33 along with Figure 18 suggest, however, that there is no 
single group toward which the shock sample moves. In the analyses 
of the knowledge and surveillance indexes the shock sample was on 
a convergent path with the prison sample but the other samples are 
not clearly distinguishable from each other in this analysis. 
Thus, there is a more general convergence toward common 
requirements levels among the samples than was apparent with the 
knowledge and surveillance indexes. 

4.4.3.5 South Carolina 

Analysis of cross-sectional log primary contact levels by sample in 
South Carolina yields a statistically significant F-test. Duncan 
post-hoc tests indicate that contacts are greatest for the DPPPS 
shock sample and the prison sample although the scores for these 
groups are only significantly different from those of the probation 
sample (Table 34). supervision intensity levels for the DOC shock 
sample along with the split-probationers place these groups 
squarely in the middle of the distribution and they are not 
significantly different from any of the other samples (Figure 19). 

Repeated measures analysis of variance tests tend to support the 
anal~sis of the aggregated primary contact variable above (Table 
35).7 The probation sample along with the split-probation sample 
tend to be supervised less intensively while the prison and shock 
groups are supervised more intensively. 88 There is a general 
decline in supervision intensity among all groups although the 
decline is more pronounced at months nine and twelve than at month 
six. Table 35 also indicates that there is a weak pattern of 
convergence in primary contact levels among the groups over time 
although the convergence is not statistically significant. In the 

significant time x sample effects were also evident beyond the six­
month point. 

87Note again that the DOC shock sample will be absent from this 
analysis. 

8SBetween-subjects (sample) effects were statistically 
significant in each analysis. Within-subjects (time) effects were 
also statistically significant for each of the analyses and time x 
sample effects were not statistically significant. 



58 

way of formal conclusions, we surmise from these data that there is • 
general decline in supervision intensity over time and that the 
rate of decline is approximately the same across samples. 

4.4.4 supervision Intensity and Exit Cohorts 

4.4.4.1 Overview 

As noted earlier, exit cohorts are defined according to the point 
in the follow-up period where subjects exited the study. The 
variable ranges from zero (for those who were not measured on 
positive adjustment at the first quarter) to four (for those who 
were measured at each quarter). In a manner similar to the 
previous analysis where the relationship between sample membership 
and supervision intensity was examined, this sub-section focuses on 
the relationship between exit cohort. membership and supervision 
intensity. We examine each state in turn. within each state we 
assess whether timing of attrition from the study was associated 
w-ith patterns of cross-sectional supervision intensity. 

4.4.4.2 Results 

Cross-sectional analysis of both primary and secondary contact 
levels by exit cohorts revealed that all exit cohorts were. 
supervised at approximately the same levels within each of the 
states. 89 Tables 36-39 present the single factor analysis of 
variance results in Florida, Georgia, Louisiana, and South 
carolina, respectively. In sum, it seems reasonable to conclude 
that although samples are differentially represented in the exit 
cohorts, the exi t cohorts are not comprised of differentially 
supervised offenders. Thus, at least in the cross-sectional 
context, supervision intensity and exit cohort membership are 
independent of each other. 

89In short, the null hypothesis of equal cohort means CQuid not 
be rejected in any of the four states with supervision intensity. 
data. 

I 
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4It 4.4e5 summary of Preliminary supervision Intensity Analysis 
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Our analysis in this sec·tion focused on several key que.stions. 
First, we examined uni variate distributions of the supervision 
intensity indicators. Given the positively skewed distributions 
associat,ed with most of these indicators, we concluded that there 
were reasonabla grounds for working with a natural log transform of 
those indicators.~ 

Npxt, we considered the overall averages in supervision intensity 
~hu concluded that offenders in Florida tended to be supervised at 
higher levels, on average, than offenders in Georgia and South 
Carolina. 91 The median monthly primary contacts level for Florida 
offenders was 2.25. This compared to values of 1.82 and 1.50 in 
Georgia and South Carolina, respectively.92 

Analysis of the movement of superv~s~on intensity over time 
revealed evidence of longitudinal decay in contact levels in 
Florida and Georgia over the first two follow-up periods. changes 
in supervision intensity levels tended not to decline as uniformly 
at later follow-up periods in these states. In Louisiana and South 
Carolina declines in supervision intensity were also evident but 
they did not become statistically significant until after six 
months. 93 

We found considerable evidence of variation in supervision 
intensity by sample. This result has important implications for 
our subsequent analyses. Since we hypothesize that supervision 
intensity and sample will both be related to positive adjustment, 
it will be important to control for their shared variance. In 
Florida, the analysis revealed that shock graduates were supervised 
less intensively than the other groups. In Georgia, shock 
graduates did not differ from either the probationers or the prison 
parolees but probationers and prison parolees did differ from each 
other. In Louisiana, there was a large difference in supervision 
intensity levels by sample. The results of our analyses indicated 

~In Louisiana, of course, we concluded that the requirements 
index did not need to be transformed since it was not nearly as 
positively skewed as other indicators in Louisiana or indicators in 
other states. 

91We could not include Louisiana in this comparison because the 
supervision intensity indicators are not the same. 

92Because of the positive skewness in the distributions, the 
means for the states provided a biased comparison of the 
differences. 

93Knowledge of offender acti vi ties in Louisiana did not change 
significantly over time in any of the analyses that we conducted. 

~-------~~--------
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that shock offenders were supervised at significantly greater e 
levels than offenders in the comparison groups. In South carolina, 
probationers tended to be supervised at the lowest levels while 
DPPPS shock graduates and prison parolees were supe:r'vised at 
significantly higher levels. DOC shock graduates ami split­
probationers did not differ from any of the other groups. Repeated 
measures analysis of variance tests for the over-time stability of 
these patterns suggested little in the way of time-by-sample 
interaction effectse~ 

We also tested the hypothesis that exit cohort membership "Nas 
independent of supervision intensity. The results of these 
analyses were entirely consistent across states. Supervision 
intensity did not vary by ·the timing of exit from the study. While 
this result has little sUbstantive importance, it does suggest that 
the main complication of exit timing is associated with treatment 
sample. We will return to this issue again in the next section as 
we analyze positive adjustment scores. 

In general, we conclude from this analysis that supervision 
intensity generally declines over time. The data we presented in 
this section suggest, however, that these declining patterns while 
evident are not particularly strong. In some follow-up periods 
declines were more evident than in others (patterns varied by 
state) and plots of the mean contact levels did not suggest 
particularly steep descents although downward trends were evident. ~ 

Moreover, we suggest that although particular levels of supervision 
intensity can be partially explained by membership in a particular 
sample within states, the downward shift in those levels over time 
is not attributable to membership in a particular sample. Finally, 
our analysis reveals that supervision intensity is not related in 
a meaningful way to membership in a particular exit cohort nor are 
changes in supervision intensity over time conditioned by cohort 
membership. 

~A notable exception here is in Louisiana. The data suggest 
that over-time declines in requirements and surveillance were 
generally a little sharper for the shock sample than for the other 
groups. Still, the analysis revealed evidence for at least a weak. 
declining pattern in the ather samples CiS well. 
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4.5 positive Adjustment To Community supervision 

4.5.~ overview 

The dependent variable in our analysis is positive adjustment. to 
community supervision. In this section of the report, we present 
the univariate distributions for the positive adjustment constru1ct 
in each state and describe how these distributions change oVler 
time. We then begin the process of explaining the variance in 
these distributions with three key predictor variables in our data. 

The structure of this section roughly parallels what was presented 
in the supervision intensity analysis. We begin the inquiry by 
simply examining the cross-sectional and longitudinal distributions 
of positive adjustment in each state. Naive models estimating the 
'f parameter are presented followed by a descriptio" of cross­
sectional and longitudinal (repeated measures) sample differences. 

Next, we assess whether exit cohort membership is independent of 
cross-sectional positive adjustment levels as it was with 
supervision intensity. Our analysis will reveal that, in fact, 
timing of exit has statistically and substantively significant 
impacts on positive adjustment that will need to be controlled in 
a properly specified positive adjustment model • 

The relationship between positive adjustment and our supervision 
intensity indicators is assessed in the next section. In this 
analysis, 'ie pay particularly close attention to the functional 
form of the relationship in each statee We then examine the 
possibility that sample membership and superv~s~on intensity 
interact with each other in predicting positive adjustment scores. 
Finally, we present a series of bivariate analyses that reveal the 
strength of association between each of our predictors and positive 
adjustment within each state. 

4.5.2 Univariate positive Adjustment Distributions 

In this section, we present descriptive summaries of the positive 
adjustment construct in each state. The analysis is principally 
concerned with two different dimensions of the construct. First, 
we average all available positive adjustment scores (k ~ 4) for 
each subject to create cross-sectional positive adjustment 
scores. SlS 

The second dimension with which we are concerned is the 
longitudinal distribution of the positive adjustment scores. Table 

~ 

SlsThis is analogous tC'l the way we . aggregated our supervision 
intensity indicators over time for each subject. 
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40 presents descriptiv~ statistics for both dimensions within each~ 
state. Perhap~ the most striking conclusion we can draw from this 
table is that the results are quite stable across states. Cross­
sectional and longitudinal scores are highest in New York and 
lowest in Florida ana Georgia. Louisiana and South Carolina tend 
to occupy the middle position throughout the one-year follow-up 
period. Although the standard deviations in Louisiana are 
significantly smaller than in other states, the state means tend to 
stay within about 0.20 points of ~ach other in every comparison. 

Figures 20-24 present cross.-sectional positive adjustment 
histograms for Florida, Georgia, Louisiana, New York, and South 
Carolina, respectively. These histograms do not provide the same 
sense of uniformity that is implied by the descriptive statistics 
in Table 40 but they all suggest reasonable dispersion of cases 
along the entire length of the scale in every state except 
Louisiana. The histograms in Louisiana and Georgia stand out as 
being more different than the others. In both of these states, 
positive adjustment scores tend to cluster more clos~ly at the 
mean. In Louisiana, the scores are never higher than about 0.8. 96 
These results are consistent with the sma:tler standard deviations 
in these two states. In all states, there are significant clusters 
of cases with zero values and several spikes with relatively large 
numbers of cases at several points along the continuum. In short, 
these distributions seem to provide a reasonable target for our 
analysis efforts in this report. ~ 

4.5.3 Univariate positive Adjustment Over Time 

4.5.3.1 overview 

In this section, we estimate a series of repeated measures analysis 
of variance models along with the T parameter to assess the within­
subject change on the positive adjustment construct over the course 
of the follow-up period. 

4.5.3.2 Florida 

Results in Florida (Table 41) suggest that positive adjustment 
tends to decline over time. The analysis revealed that declines 
were statistically significant beyond the p < .10 level at each 
follow-up. Analysis of r estimates, however, reveals some 

96Although, we note that maximum scores rounded off to about 
0.9 in all but the final time period. In that period, the maximum 
score was about 0.78. The instrument in Louisiana, the reader will 
recall, is different than the one used in the other states and 
positive adjustment data were collected every month compared to~ 
every three months in other states. ~ 
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variation. Between months 3 and 6, subjects declined by about .04 
points on average (T = -.044; p < .015). During the 6 to 9 month 
period, the decline was more pronounced (T = -.071; P < .002). At 
the final follow-up, the change parameter decreased and was no 
longer statistically significant at the a=.05 level (T = -.06; 
P < .093). Figure 25 plots the means which reveal a general 
declining pattern, although, as the T parameter estimates suggest, 
the declines (relative to the means) are not partioularly large. 

4.5.3.3 Georgia 

The repeated measures analysis presented in Table 42 conveys a less 
conclusive set of results. If the means are to be taken as an 
indicator, there is little variation in positive adjustment over 
time. Figure 26 tends to reinforce this view. Average within­
subject changes also tend to support this conclusion as measured by 
the F-tescs for within-subject effects and the change parameter 
estimates. Between months 3 and 6, the change estimate is negative 
but not statistically significant (T = -.041; P < .171). Between 
months six and nine, the change estimate is still neg-ative but only 
marginally significant (T = -.042; P < .077). During the final 
three months, the analysis reveals even less evid,.'~nce of change 
(T = -.037; p < .232). In Georgia, it is clear that the means are 
not increasing over time but the finding of very small levels of 
within-subject change over time seems to suggest that subjects are 
not adjusting significantly worse over time either. In short, 
there is virtually no evidence for significant over-time change in 
positive adjustment scores in Georgia. 

4.5.3.4 Louisiana 

The over-time distribution of positive adjustment scores in 
Louisiana suggests a stronger pattern of decline than what was 
observed in Georgia but not unlike what was observed in Florida. 
Repeated measures tests in Table 43 provide evidence for rejecting 
the null hypothesis (no within-subject change) for each analysis. 
Figure 27 plots the means. An e:tamination of the means in both 
Table 43 and Figure 27, however, reveals that the declines, while 
apparently quite widespread among subjects, is not particularly 
dramatic. The T estimates support this conclusion. During the 
month 3-month 6 interval! there was about a .04 point decline on 
average (T = -.036; p < .00l). By month 9, the change over the 
previous three months was slightly greater but still not large by 
any standard (T = -.052; P < .001). At month twelve, the change 
estimate for the previous three months had decreased slightly again 
(T = -.047; P < .001). While these results clearly support the 
idea af widespread decline in positivp. adjustment scares it would 
be misleading to suggest that these declines were very large. 
Indeed, these average declines never amount to much more than 10% 
of the sample mean. 
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4.5.3.5 New York 

positive adjustment scores in New York tend to suggest a declining 
pattern but it is also weak and erratic. Table 44 presents the 
repeated measures analysis of variance results and Figure 28 plots 
the means. A perusal of Figure 28 suggests that the largest 
decrease occurs between months six and nine. The change estimates 
support this conclusio:n. At month six, the three month change 
estimate was negative but weak and nonsignificant (T = -.026; 
p < .1.32). At month nine, consistent with Figure 28, the change is 
more definitive (T = -.062; P < .001). By month twelve, positive 
adjustment score decay was still evident and statistically 
significant but much closer to zero (T = -.029; P < .014). As in 
the other states, there appears to be evidence of a decline, it is 
widespread enough to be statistically significnnt, and it is not 
particularly large. 

4.5.3.6 South Carolina 

• 

The weak case for within-subject decay in South Carolina positive 
adjustment scores is rivaled only by Georgia. Table 45 presents 
the repeated measures tests and Figure 29 depicts the means. Decay 
between months 3 and 6 was evident but also weak and nonsignificant 
(T = -.035; P < .087). This lack of within-subject change was even 
more in evidence at month 9 (T = -.024; P < .205) and at month 12 
(T = -.031; P < .181). There seems to be little evidence for SOlid. 
inferences about declines in positive adjustment in South Carolina. 

4.5.3.7 Summary 

The evidence from this analysis of within-subject change with 
respect to positive adjustment to community supervision is that 
scores do not tend to increase over time. Indeed, in every state, 
the change parameters estimated from the data were negative in 
direction suggesting that the dominant pattern is one of decreasing 
scores. Particularly noteworthy, however, is the small magnitude 
of the change parameter estimates. In only two instances did these 
values imply a one period decrease of greater than .05 points that 
was statistically significant. The data in Georgia and South 
Carolina were noteworthy for their marked absence of statistically 
significant patterns. In Florida and New York, the patterns of 
change were erratic at best. Only in Louisiana were declines 
statistically significant at each interval. Based on the results 
of this section, we conclude that positive adjustment scores are 
more likely to decrease than increase over time but the expected 
magnitudes of these decreases are relatively small (especially 
compared to the mean sc~res presented in the previous section) . 

ft-

• 
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~ 4.5.4 positive Adjustment Distributions By Sample 

4.5.4.1 Overview 

In this section, we consider whether positive adjustment scores 
vary by treatment sample. We first consider the differences in 
cross-sectional positive adjustment scores across treatment 
samples. We then turn to an over-time assessment (repeated 
measures analysis) of the relationship between sample and positive 
adjustment. While the results of this analysis have implications 
for our conclusions, the fact that our study groups are 
nonequivalent on predictors that are related to positive adjustment 
renders it preliminary in scope. 

4.5.4.2 Florida 

In Florida, cross-sectional positive adjustment varies 
significantly by treatment sample. Table 46 presents the single­
factor analysis of variance results. The F-test is statistically 
significant at the a=.05 level and Duncan post-hoc tests indicate 
that the shock graduates outperform the shock dropouts but not 
prison parolees. The prison sample, which occupies the middle 
position, is not significantly different from either the shock or 
the dropout samples. Figure 30 plots the sample means. 

~ Repeated measures analysis of the relationship between treatment 
sample and positive adjustment reveals that in any single time 
period, the samples are not significantly different from one 
another (Table 47). Between-subjects F-tests for each analysis 
yield null results and we would conclude from the longitudinal 
analysis that the samples do not differ significantly with respect 
to their positive adjustment scores. Indeed, an examination of the 
means suggests that the shock graduate sample outperforms the 
dropouts inconsistently. 

• 

The weak pattern of change in positive adjustment scores over time 
does not vary by sample. From this analysis, it seems reasonable 
to conclude that there are no striking sample differences in 
positive adjustment and that over-time changes in positive 
adjustment are not conditional on sample membership. 

4.5.4.3 Georgia 

Cross-sectional positive adjustment scores in Georgia do not differ 
significantly by sample. Table 48 presents the sample comparisons 
and Figure 31 plots the sample means. Repeated measures analysis 
of these data provide no additional insights. At every follow-up 
point, the samples perform at about the same levels and there is no 
evidence of differential change in positive adjustment levels over 
time across the treatment samples. Table 49 pres,ents these tests. 

~_J 
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4.5.4.4 Louisiana 

Analysis of overall positive adjustment scores revealed that the 
sample of shock graduates outperformed the other samples which were 
not significantly different from each other. Table 50 presents 
this analysis and Figure 32 plots the sample means. A repeated 
measures analysis of these data (Table 51) suggested that the 
shock sample tended to perform better than the other samples at 
each time point although the decline in positive adjustment over 
time was more pronounced for the shock sample. The result of this 
is that shock positive adjustment scores, though significantly 
greater than those of the other groups at the outset of the study, 
converged toward the other groups by the end of the study. 

The results of our assessment. of the interaction effect (see egs. 
(5) and (6» suggest a strong "regression to the mean" pattern in 
the shock sample that is especially pronounced at months 9 and J.2" 
At month six, however, the pattern is nonexistent: A~ = -.048, 
AOIbcr = -.03J.; P < .388. At month 9, however, the difference is more 
dramatic: Aabock = -.094, Aotber = -.037; P < .002. And at month J.2, the 
difference persists although it is slightly weaker: 
Aabock = -.076, A~a = -.038; P < .073. In short, it appears that the 
shock sample is responsible for generating the largest share of 
over-time change that is evident from the univariate repeated 
measures tests. 

4.5.4.5 New York 

The results of our analysis of overall positive adjustment in New 
York (see Table 52), as in Florida, suggest that the shock graduate 
offenders perform better than the shock dropout offenders but not 
significantly different than the prison parolees. 97 Figure 33 
depicts the sample positive adjustment performances. Repeated 
measures analysis of variance (Table 53) indicates that the 
differences between the groups at different time points are 
inconsistent with respect to statistical significance. 

In particular, some of the groupwise differences are statistically 
significant while others are not. Table 53 indicates that the 
shock sample tends to perform better than the other samples at each 
measurement period although in some cases dropouts perform better 
than parolees and vice-versa. The results of the sample by time 
interaction sffect tests in Table 53 suggest that within-subject 
changes in positive adjustment are not conditi.:-mal on sample 
membership. 

• 

97These inferences are based on Duncan post hoc tests displayed .• 
in Table 52. 
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From this analysis, we conclude that the shock sample generally 
adjusts more positively than the other groups. We also conclude 
that the weak pattern of change that we discovered in New York is 
approximately evenly distributed across the sample categories. 

4.5.4.6 South Carolina 

Overall positive adjustment analysis by sample in South Carolina 
indicates that there are no significant differences across the 
groups (Table 54) .98 Figure 34 shows that there is very little 
difference in overall sample performances. The over-time analysis 
yields results that are consistent with this overall finding. The 
data indicate that no sample has dominant positive adjustment 
scores at any of the four measurement periods and that there is no 
evidence of differential change rates in positive adjustment scores 
across sample categories. Table 55 presents the results of this 
assessment. 

4.5.4.7 Summary 

The results of this phase of the analysis varied somewhat by state. 
In Florida, New York, and Louisiana, there was evidence that the 
shock samples outperformed at least some of the other groups. The 
most striking and persistent finding was in Louisiana where the 
shock sample clearly dominated the other groups on positive 
adjustment at every follow-up point but also declined in positive 
adjustment over time at more than twice the rate of other samples 
after the six month point. Al though there was at least weak 
evidence of decline in virtually all sample categories (including 
the shock sample) in each state, the shock samples in New York and 
Louisiana continued to outperform other groups through the end of 
the study. The shock sample in Florida outperformed the shock 
dropouts in the cross-sectional analysis but there was little 
evidence of a consistently stronger performance for the shock 
sample in the longitudinal analysis. In Georgia and South 
Carolina, there were no evident differences in performance or in 
change behavior across the sample categories. 

98In this analysis, w~e include the S. C. DOC shock sample 
although thuir data were collected only at the end of the one year 
follow-up period. In the over-time analysis we will not include 
the DOC sample in the comparisons. 

l ______________________ ~ ____ ~_ 

-~-J 
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4.5.5.1 overview 
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In this section, we return to the exit cohorts described earlier. 
As we noted earlier, a subject is assigned to a cohort category 
according to the number of consecutive measurements taken on the 
subject. beginning at the first quarter. Cases that were not 
measured at the first quarter were assigned to cohort 0 while cases 
that were measured at the first quarter but not beyond were 
assigned to cohort 1. Subjects who were measured at the first and 
second quarters but not beyond were assigned to cohort 2 and 
subjects who completed only the first three measurements were 
assigned to cohort 3. Cohort 4 is comprised of subjects who 
completed all four measurements. As in the previous section, we 
assess cohort effect on cross-sectional p-c)si ti ve adjustment scores. 

4.5.5.2 Results 

Table 56 presents the exit coho~t analysis for each of the states. 
Figures 35-40 graph the means in Florida, Georgia, Louisiana, New 
York, and South Car~lina, respectively. The data in Florida 
suggest that positi'l'~\ adjustment scores vary significantly by exit 
cohort. The Duncan ~ost hoc test for Florida indicates that exit 
cohort 4 had the strongest performance while the other groups were 
not significantly different from each other. 

In Louisiana and New York, the results indicate that subjects who 
continue follow-up until the end of one year had significantly 
higher positive adjustment scores than subjects who dropped out 
within the first six months. In South Carolina, the patterns 
observed in the other states were evident but not statistically 
significant. In Georgia, the above patterns were not evident and 
the cohort differences in successful adjustment were not 
statistically significant. 

4.5.5.3 Summary 

In Florida, Louisiana, and New York, the data reveal evidence of 
cohort effects on positive adjustment. In Georgia and South 
Carolina, there is no evidence that membership in a particular exit 
cohort is associated with a stronger or weaker cross-sectional 
positive adjustment score.~ The nature of the effect also appears 
to be stable across states. 

• 

• 

99The patterns are not statistically significant, although t.he 
graphs in all states but Georgia are suggestive of a positive 
association between number of continuous follow-up periods and. 
successful adjustment. 
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The importance of this cohort effect leads us to the question of 
what it means and what its importance for our analysis might be. 
The longevity of a subject's follow-up period is clearly most 
affected by detected acts of recidivism, technical revocations, and 
legal releases. Thus, we expect that the cohort variable sweeps up 
these effects. On balance, our preliminary analysis suggests that 
whatever this effect includes, when subjects fail to complete the 
study, they do not adjust as positively. 

If we include the cohort effect in our mUltivariate analysis, we 
are, therefore, analyzing the effect of our predictors on positive 
adjustment controlling for whether the offender is on an early exit 
trajectorys To the extent that being on an early exit trajectory 
(e.g., an unobserved propensity to fail or be legally released) is 
related to our other predictor variables and is also related to 
positive adjustmen~, mUltivariate models of positive adjustment 
that do not include this variable will suffer from omitted variable 
bias (Neter et al., 1989; Draper and Smith, 1981). There are also 
good theoretical reasons for including this variable in a 
mUltivariate model of positive adjustment. It is reasonable to 
believe that subjects who are on an early exit trajectory will not 
adjust as positively as other offenders. In our analysis, by 
controlling for cohort effects on positive adjustment variables, we 
are simply incrementing or decrementing the value of the intercept 
term depending upon how long the offender was followed. From that 
point forward, our models formally impose the expectation that 
predictor variables will impact positive adjustment in the same way 
r~gardless of cohort. lOO 

4.5.6 Assessment of thE:' Relationship Between supervioJion Intensi ty 
and positive Adjus~ment 

4.5.6.2 Overview 

A key issue in our analysis is identifying 'the nature of the 
relationship between supervision intensity and positive adjustment 
to community supervision. lOI, The literature to date suggests that 
this relationship should be positive. Our early analyses support 

. lOOAs a practical matter, the inclusion of the cohort effect had 
virtually no impact on the conclusions we drew from our models. 
Variables that were significantly related to positive adjustment 
without the cohort effect were also significantly related to 
positive adjustment when the cohort effect was added to the models. 
The addition of the cohort effect did improve the predictive power 
of our models somewhat although the improvement was not dramatic. 

lOlAgain, we note that supervision intensity data were not 

• 
collected in New York. The New York data are not, consequently, 
considered in this analysis. 

'-------~---~ 
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this expectation in every state that we studied but the evidence 4It 
also suggests the need for some additional complexity.lm In this 
section, for each state, we develop an estimate for the effect of 
cross-sectional supervision intensity on cross-sec't:ional posi ti ve 
adjustment. 103 

4.5 .. 6.2 Florida 

The results of our initial assessment (a simple linear regression 
analysis) of the relationship between primary contact levels as 
well as secondary contact levels and positive adjustment in Florida 
are presented in Table 57. The data suggest that increases in 
supervision intensi ty are associated with increases in posi ti ve 
adjustment. Importantly, the analysis also reveals that secondary 
contacts have no effect on positive adjustment when primary 
supervision intensity is controlled. We attribute this to the 
strong positive correlation between these two indicators (r = .846; 
P < .OO~). 

When both variables are included in the model, the variance 
inflation factors associated with their estimated effects exceed 
3 • 5. Since these indicatoral are also highly correlat~d over 
time,l04 it appears reasonable to conclude that there is little 
benefit in retaining both of them for use in the same model. From 
this point forward, we work only with primary contacts in our 4It 

1mWe are referring to the need for nonlinear specification. 
When fitting polynomial regression, it is customary to work with 
mean centered data on the polynomial terms (to minimize 
collinearity) (Draper and Smith, 1981). We adopt this practice in 
all nonlinear specifications reported in this paper. 

10Jwe believe that the evidence we have presented so far 
justifies the decision to work with cross-sectional rather than 
longitudinal data. In all of the states, both supervision 
intensity and positive adjustment decline weakly over time. 
Repeated measures analysis of variance tests also suggest that 
these declines are, with the exception. of Louisiana shock 
graduates, not conditional on sample membership. Even in 
Louisiana, all groups tended to decline but the f:jhock sample's 
decline was more dramatic. Given this uniformity both across 
states and within states over time, things are made much simpler by 
working tentatively with cross-sectional data. We will return to 
the longitudinal dimension of the data in a later section. 

I04Zero-order correlations between primary and secondary contact 
indicators for each of the four qua:r:ters are: r 1 = .834, r 2 = .710, 
r3 = .811, and r 4 = .783. Each of the correlations is statisticallY. 
significant beyond the p < .oo~ level. 

1- __ _ _______ _ 
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4It analysis of positive adjustment. 

4It 

• 
I 

L 

Our diagnostics for the functional form of the relationship 
between supervision intensity and positive adjustment suggested 
that a linear function might not provide the most appropriate fit 
to the data. Our diagnostic effort consisted principally of 
smoothing out the supervision intensity distribution. This 
invo-l ved rank-ordering the subj ects in each state on their overall 
supervision intensity scores. We then divided the cases into ten, 
twenty f and forty equally sized groups (ordered by supervision 
intensity) and assessed the distribution of overall positive 
adjustment scores across the ordered groups in each configuration. 

Figure 40 presents the resulting graph for the twenty group 
assessment. There is a prominent nonlinear quali ty to the 
relationship although the relationship is generally positive. 
still, a model that passes a curve through these data rather than 
a straight line would appear to provide a better fit. continuing 
our diagnostic effort, we fit polynomials of degree 2 and 3 and 
found that the third degree (cubic) polynomial provided the best 
fit to the data. Table 58 presents the results of estimating the 
polynomial models and Figure 4~ conveys the estimated regression 
functions.l~ Figure 41B presents some diagnostics for the fit of 
the model. The data in Figure 41B suggest that the curves in the 
positive adjustment distribution are captured most adequately by 
the cubic model. 

In short, Figure 41A reveals that after about 1.8 monthly contacts, 
the return in positive adjustment is not as great. We note that 
key components of this curve are not fit on a small number of 
cases. The 50th and 90th percentiles of the primary contacts 
distributions are noted by vertical lines drawn through the graph. 
These data clearly suggest, whether polynomials of degree two or 
three are fit, that returns on positive adjustment are not strong 
above 1. 8 contacts per month. The cubic model fits an upward curve 
at the right tail of the supervision intensity distribution but it 
is clear that this inference is based on a very small number of 
ca\ses and we are hesitant to infer a great deal from it. The 
Florida data strongly suggest that our inferences about the 
relationship between supervision intensity and positive adjustment 
should be based on fitting a curve rather than a straight line. 

!~The cubic term implies a reasonably strong positive linear 
trend after the second bend in the curve,. We note, however, that 
this strong upward trend is based on a few cases with very large 
primary contact scores. The feature of the curve that is in the 
range of more cases is the relatively flat portion between curves 
1 and 2. 

___ ~_~ ___________ ~ ~_~ ________________ J 
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4.5.6.3 Georgia 

The results in Georgia lead us to basically the same conclusions 
that we reached in the Florida analysis. Figure 42 presents the 
smoothed joint dist~ibution of supervision intensity and positive 
adjustment and again reveals a nonlinear pattern. Table 59 
presents both the linear and polynomial models. There is a clear 
improvement in the fit of the model that we can attribute to the 
use of a third degree polynomial term. Figure 43A conveys the 
curves that are fit via our parameter estimates and Figure 43B 
assesses how well each function fits the data. 106 Interestingly, 
we note that dimininshing returns in posi ti ve adjustment as a 
function of increasing supervision intensity are evident once again 
at slightly fewer than 2 contacts per month. This result is quite 
consistent with what we observed in Florida. We conclude that an 
adequate accounting of the relationship between supervision 
intensity and positive adjustment will include a nonlinear 
component. 

• 

• 

lO6Again I the strong increase in the third degree of the 
polynomial function is estimated from a relatively small group of 
extreme cases. We tend to emphasize the pattern implied by the 
sec~nd degree of the polynomial between curves 1 and 2 which is. 
estlmated on a much larger number of cases. 
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~ 4.5.6.4 Louisiana 

• 

• 

Nonlinear patterns are much less pronounced in Louisiana. 1OO 

Figure 44 presents the smoothed j oint distribution of the knowledge 
index and positive adjustment while Figure 45 presents a comparable 
graph for the surveillance index and Figure 46 depicts the 
requirements index. Tables 60, 61, and 62 present the linear, 
quadratic, and cubic models for knowledge, surveillance, and 
requirements scores, respectively. Figure 47 presents the 
estimated effects for the knowledge index, while Figures 48 and 49 
present the estimated effects for the surveillance and requirements 
indexes, respectively. 

Several conclusions are evident. First, the strongest case for 
curvilinearity is associated with the knowledge index. The problem 
with this effect is that is largely based on the influence of three 
observations which are represented as spikes at the right-hand side 
of the graphs in Figure 4 7B. When these two cases are removed from 
the analys::i.s, the quadratic and cubic terms are no longer 
statistically significant. We conclude from this that while it 
would probably be unreasonable to tamper with the observations 
(since with supervision intensity there will always be extreme 
values), neither would it be desirable to make a solid inference 
about a curve beyond the 99th percentile of the distribution. We 
note that specification of the nonlinear model does not distort the 
relationship seriouslY before the 90th percentile of the knowledge 
index but between the 90th and 99th percentile, the function is 
seriously distorted. It appears that a nonlinear specification in 

lOOGiven the shared variance problems associated with our use 
of two superv~sl.on intensi ty indicators in Florida, we also 
assessed the potential for this problem in Louisiana. simple zero­
order correlations suggest that while the measures are certainly 
correlated, they do not proxy for each other. That is, they appear 
to tap different dimensions of community supervision (as they were 
intended to do). Variance inflation factors in models that we 
estimate did not suggest that any problems were created by entering 
all three variables in the model simultaneously. Zero-order 
correlations for these measures were as follows: 

Knowledge and Surveillance 
Knowledge and Requirements 
Surveillance and Requirements 

Overall 

-.42 
-.18 

.67 

Q1 

-.38 
-.19 

.69 

Q2 

-.34 
-.11 

.64 

Q3 

-.34 
-.09 

.42 

Q4 

-.20 
.01 
.30 

All correlations greater than 10.111 are statistically significant 
beyond the p < .07 level. On the basis of this evidence we 
retained all three measures of supervision intensity as separate 
indicators . 

1 
I 
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this context would not be particularly useful. 

Second, a marginally significant quadratic effect for surveillance 
is also apparent (Table 61 and Figure 48A). Further analysis 
(Figure 48B) reveals, however, that the nonlinear specification is 
conditioned on the presence of one influential observation. When 
this observation is removed, the quadratic term becomes 
nonsignificant. lOS Distortions in the fit of the function in 
Figure 48B are strongly in evidence when nonlinear terms are 
included in the surveillance model. We conclude that the linear 
specification if; most appropriate. 

Finally, there is no evidence of a curvilinear effect of the 
requirements index on positive adjustment. We conclude tentatively 
here that limited support for nonlinear specification is evidenced 
by the estimated regression function but that the actual 
distribution of the data do not support our proceeding with these 
specifications. The linear function appears to provide the best 
fit to the available data. 

4.5.6.5 South Carolina 

• 

AS in Florida and Georgia, a strong case for nonlinearity is 
apparent in South Carolina. The smoothed joint distribution for 
primary contact levels and positive adjustment prasents with. 
nonlinear features (Figure 50) as does the estimation of models to 
capture these effects. Our estimated polynomial models yield 
statistically significant quadratic and cubic effects (Table 63). 
Figure 51A presents the curves that these models imply. Figure 51B 
assesses the fit of the functions to the data and reveals some 
ambiguity about whether the second or third degree model provides 
the best fit to the data. The ambiguity, however, is again in the 
extreme right tail of the supervision intensity distribution and 
either approach leads us to the same SUbstantive conclusions about 
the bulk of the cases. As in Florida and Georgia, the model 
implies that more than about two contacts per month on average 
yields little return on positive adjustment. We conclude, once 
again, that the use of a nonlinear specification is appropriate. 

405.6.6 Summary 

In this section of the analysis we have considered the nature of 
the relationship between supervision intensity and positive 
adjustment. In so doing lit appears that, at least in three of the 

IOSNote that we do not permanently remove these observations ,,' 
from the analysis. We only removed them for purposes of assessing 
their influence on the statistical significance of the POlynOmial. 
terms. 
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four states where superv~s~on intensity data were available, the 
effect of supervision intensity on positive adjustment is generally 
positive although the relationship is not linear. In particular, 
the data suggest that the relationship between supervision 
intensity and positive adjustment levels off significantly beyond 
a certain level and then begins to increase again. Interestingly 
we are able to state the leveling-off point across these three 
states with some degree of precision: it appears that incremental 
returns in positive adjustment as a function of supervision 
intensity diminish beyond 1.8 to 2.0 contacts per month. We are 
struck by the consistency of this effect across states. 

The third degree of the function in each state is based on a very 
small number of extreme cases. Our attention is drawn more to the 
first and second degrees of the polynomial which show an initial 
strong positive relationship followed by a very weak relationship 
between supervision intensity and positive adjustment. The 
principal conclusion we draw from the available evidence is that in 
all states except Louisiana, an appropriate accounting of the 
relationship between positive adjustment and supervision intensity 
will include a nonlinear specification. In Louisiana, we conclude 
that there is little evidence to support a nonlinear specification 
but we also reiterate that supervision intensity in Louisiana is 
not measured by the number of contacts. Thus, we are not in a 
position to make useful comparisons about this apparent disparity • 

4.5.7 Asse::;sment of Wi.thin-Subject Cbange: supervision 
Intensity and Positive Adjustment 

In the previous section, we considered the between-subjects 
relationship between supervision intensity and posi ti ve adjustment. 
The analysis implies that, at any given point in time, there will 
be a curvilinear relationship between supervision intensity and 
positive adjustment across the population. However, this result 
has nothing to say about the impact of small short-term change 
(such as that observed in this study) on positive adjustment within 
sUbjects. In this section, we assess whether there is within­
subject covariance between within-subject changes in supervision 
intensity and positive adjustment. The model described in eg. (8) 
is the equation of interest and ~ is the parameter estimate. 

Table 64 presents the analysis results for all states. Several 
comparisons are described within each state. First, the 
corresponding change within each of the adjacent time periods are 
estimated. Next, each subject's range of continuous measurements 
is determined. The time 1 measurement is then subtracted from the 
final measurement (either time 2, time 3, or time 4). For each 
subject, we then have the total change in positive adjustment and 
the total change in supervision intensity over their entire study 
period. A ~ coefficient is then estimated on the total change 
throughout each subject's follow-up period. We note at the outset 
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that this latter·test is statistically significant in every state ~ 
but Georgia (where p < .165). 

The data in Table 64 provide some support for the hypothesis that 
the observed over-time changes in positive adjustment can be 
attributed, at least partially, to the observed over-time changes 
in supervision intensity. As expec.:ted, the estilliates of 'Yare 
positive in all analyses (supervision intensity and positive 
adjustment tend to increase and decline together) and most of the 
estimates are statistically significant. We thus find evidence to 
reject the null hypothesis that within-subject superV1S1on 
intensity and positive adjustment ar8 unrelated in the population. 
ceteris paribus, within-subject increases and decreases in 
supervision intensity are likely to lead to corresponding increases 
and decreases in positive adjustment. 

4.5.8 Positive Adjustment, Treatment Sample, and supervision 
Intensity 

4.5.8.~ Overview 

In this section, we turn to an assessment of the effect of sample 
on cross-sectional positive adjustment while adjusting for the 
cross-sectional effects of supervision intensity. The approach is ~ 
based on the analysis of covariance model presented in eq. (9). .., 

In addition to focusing on the additive effect we consider the 
possibility that the effect of supervision intensity on positive 
adjustment may not be similar across samples. We attend to this 
possibility by testing whether the data support a sample by 
supervision intensity interaction effect. Given that there are 
significant differences in supervision intensity levels across 
samples, we expect that this section will help us reach some more 
solid conclusion~ regarding both the effects of sample membership 
and supervision intensity in predicting outcomes on overall 
positive adjustment. As in previous sections, we consider each 
state's data in turn. 

Finally, in this section we focus on somewhat of a tangential but 
still important issue. A point about which we were concerned was 
the "paradox" described in an earlier section where offenders with 
high levels of supervision intensity were predicted also to have 
high rates of technical violations and high levels of positive 
adjustment. The problem is that we expect offenders with technical 
violations during their term of community supervision to adjust 
significantly less positvely than their counterparts who did not 
have a technical violation. This puts us in the posi tion of 
predicting polarized outcomes from the same set of exogenous 
circumstances. In this section we consider whether supervision 
intensity ·is generally positively associated with successful. 
adjustment in the presence and absence of a technical violation. 
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• 4.5.8.2 Florida 

• 

We begin our assessment of the Florida data by testing several 
variants of interactions between treatment sample and primary 
contacts. Table 65 presents the results of these analyses. Using 
the simple linear specification of supervision intensity results 
and allowing it to interact with sample membership yields a model 
where the main effect for primary contacts is statistically 
significant but neither the main effect for sample nor the 
interaction term is statistically significant. 

The expansion of this model to a quadratic specification yields 
statistically significant main effects for the quadratic 
supervision intensity term and the interaction effect. A plot of 
the function is presented in Figure 52 and reveals that the sample 
differences are indeed noteworthy. We note, however, that this 
curve depicts some potential for instability not unlike what we 
observed earlier in Louisiana. The differences in the supervision 
intensity distributions across samples is the culprit. The 90th 
percentile for supervision intensity in the shock graduate sample 
is 3.5 monthly contacts. The 90th percentile for shock dropouts 
and prison parolees is slightly more than 19 monthly contacts. The 
largest dispari ty in the functions is between the 3.5 and 19.0 
monthly contacts levels. Indeed, if four influential shock 
graduate cases are removed from this region of the graph, quadratic 
and linear interaction terms are no longer statistically 
significant. Estimating a function with linear, quadratic, and 
cubic terms that interact with sample leads to the model described 
in Equation 3 of Table 66. Figure 53 plots the functions and 
reveals little evidence of important differences across samples. 

Given this information, Table 66 presents what we believe to be a 
reasonable estimate of the effect of sample and supervision 
intensity on positive adjustment. The effect of sample is 
statistically significant and indicates that the shock sample 
performs significantly better on overall positive adjustment than 
the prison parolee and the shock dropout sample after adjusting for 
supervision intensity. The cubic effect of supervision intensity 
controlling for sample membership is presented in Figure 54. Two 
prominent features are evident in the curve: (1) the leveling-off 
effect occurs again at about 2.0 contacts per month and (2), the 
shock graduate sample performs significantly better than the shock 
dropout and the prison ~arolee sample adjusting for the effects of 
supervision intensity.! 

t09In our single-factor analysis, we noted that the shock 
sample's performance differed from the dropouts but not from the 
prison parolees. In this analysis, the shock sample differs from 
both. The mechanics of the function suggest the following: (1) 
supervision intensity (particularly at the tail) is positively 
associated with successful adjustment; (2) prison parolees are 
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4.S.8.3 Georgia 

In Georgia, there is no evidence of an interaction effect between 
the linear formulation of primary contacts and sample membership. 
Table 67 presents the assessments. The quadratic and cubic models 
yield a statistically significant interaction effect between sample 
and the quadratic and cubic effects of primary contacts, however, 
a plot of the function (Figure 55) reveals that this interaction 
term is due to three cases in the prison sample that force the 
positive adjustment curve downward dramatically at relatively high 
contact levels. The dramatic nature of this downward shift is not 
like anything we observe for prison parolees in other states. 
consequently, we are inclined to view this as more an aberration 
than a meaningful estimate of what is occurring among prison 
parolees in Georgia. 

Our final specification of the effect of S "'1lple adjusting for 
supervision intensity is presented in Table ci8. The results of 
this analysis suggest that the effect of sample continues to be 
nonsignificant. Moreover, the polynomial specification of 
supervision intensity continues to be statistically significant. 
Figure 56 presents the effects of supervision intensity controlling 
for the effects of sample membership. The curve suggests the 
following two conclusions: (1) there is significantly less 
incremental change in positive adjustment attributable to changes 

• 

in supervision intensity when monthly contacts exceed the 2.0. 
level; and (2) probationers have slightly higher positive 
adjustment scores than the other two groups but the differences are 
not statistically significant. 

4aS.8.4 Louisiana 

The data in Louisiana do not provide a great deal of support for 
the presence of substantively important interaction effects between 
sample and supervision intensity on overall positive adjustment. 
Table 69 presents the assessment of interaction terms for the 
linear specifications of knowledge, requirements, and surveillance. 
Product terms for surveillance and requirements are statistically 
significant. Figure 57 plots the surveillance functions and does 
not reveal any substantively important differences. Although the 
functions do diverge, the differences do not become significant 
until beyond the 90th percentile of the surveillance distribution. 
We, therefore, conclude that implementation of a product term for 
this effect would add unnecessary complexity to our models. 

supervised significantly more intensively than shock graduates; and 
(3) some of the higher positive adjustment scores in the prison 
parolee sample are attributable to supervision intensity rather~ 
than sample membership. ~ 



• 

• 

I 
I. 
I 

79 

Things are not as clear for the significant requirements x sample 
interaction term. The regression functions are plotted in Figure 
58A and reveal that the intercept terms for probationers and shock 
graduates are significantly higher than for the other groups .110 

Interestingly, the relationship between positive adjustment and 
requirements for probationers is slightly negative (although not 
significantly different from zero) while, for other groups, the 
relationship is clearly positive. By itself, this would constitute 
an important interaction effect. As 1"igure 58B reveals, however f 
when other measures of supervision intensity are controlled, the 
interaction effect vanishes and the regression functions for each 
of the samples are not significantly different. We, therefore, 
conclude that the estimation of this interaction effect would 
create unnecessary complexity. 

After working through several preliminary models, we arrived at 
separate models for each of the supervision intensity variables 
adjusting for sample membership. Table 70 presents each of these 
three sets of tests and Figure 59 presents the specification for 
the knowledge effect. The results indicate that after controlling 
for knowledge, the shock graduates continue to adjust more 
successfully than other groups. Figure 60 presents the estimated 
effect of surveillance. The results of this analysis suggest that 
the samples perform about the same on posi ti ve adjustment when 
surveillance is controlled. Figure 61 depicts the linear effect of 
requirements as estimated by the model and indicates that shock 
graduates continue to perform better than the other groups. Thus, 
in two of the three specifications, shock graduates continue to 
outperform the other groups on the positive adjustment scale. 

When these simple two variable models are expanded to include the 
other supervision intensity terms, however, things change (Table 
71) • In particular I we are concerned here with the partial 
regression coefficients for the sample categories after adjusting 
for all three supervision intensity scales simultaneously. The 
results provide evidence that the shock sample adjusts less well 
than the probation sample and the shock dropout sample although its 
performance is not significantly different from the prison parolee 
sample. Figures 62 (Knowledge), 63 (surveillance), and 64 
(Requirements) I however I encourage us to use caution in reading too 
much into these differences since they appear to be relatively 
small. Nonetheless, it is interesting to note that the 
significantly positive effect of shock sample membership that was 
observed previously can be explained away by controlling 

l1~his is consistent with what we observed in the previous 
section when we noted that the shock and probation groups seemed to 
converge toward each other over time. 
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supervl.sl.on intensity variables. l11 Thus, in Louisiana, the • 
tentative conclusion must be that the shock sample does not 
outperform the other groups (and, indeed, may do worse) when 
indicators of supervi~ion intensity are controlled. ll2 

4.5.8.5 South Carolina 

In South Carolina, assessments for interaction effects yielded no 
statistically significant results for any specification of primary 
contact levels. Table 72 presents the hypothesis tests for this 
analysis. Our final specification of a model for treatment sample 
adjusting for supervision intensity in South Carolina leads us to 
the results described in Table 73. The effect of sample continues 
to be nonsignificant while the third degree polynomial term for 
primary contacts continues to be statistically significant. Figure 
65 presents the estimated effect of supervision intensity 
controlling for treatment sample effects. When average monthly 
contacts approach and exceed the 1.5 to 2 .0 range , positive 
adjustment does not continue to increase (as it does with increases 
at the lower end of the distribution). Figure 65 also suggests 
that the samples perform quite similarly as groups. 

4.5.9 Assessment For Whether supervision Intensity Effects Are • 
Conditional on The Absence of Technical Violations 

4.5.9.~ Results 

Analysis presented in Table 74a reveals the observed failure rates 
when failure is defined by: (1) arrest; (2) a new crime 
revocation; and (3) a technical violation within each state. 
Analysis results in Table 74b indicate, as expected, that 
successful adjllstment is inversely related to failure on all three 
criteria. Table 74c suggests that intensity of supervision is 
positively associated with prevalence of technical revocations in 

1l1This result is consistent with an earlier analysis of these 
same data described by MacKenzie et al. (1992). 

l12Given the large difference in supervision intensity scores 
between the shock sample and other groups in the Louisiana study, 
this finding suggests that there may be a spurious effect for shock 
sample membership due supervision intensity. since the groups are 
so nonequivalent on supervision intensity, however, the question of 
whether the result is spurious or whether there is an unanalyzable 
(in these data) interaction effect between sample membership and 
supervision intensity appears relevant. A test of this hypothesis 
would require a shock group followed on both low and high intensity • 
and a comparison group followed on both low and high intensity. 

w, 
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Florida and Louisiana although there is no relationship between 
these variables in Georgia and South Carolina. 

An interesting question is, therefore, whether the effect of 
supervision intensity on positive adjustment is still positive even 
for technical violators. In general, the data suggest that it is. 
The correlations between supervision intensity and positive 
adjustment for those who have technical violations and those who do 
not are presented in Table 74d. The results suggest that, in 
general, supervision intensity and positive adjustment, are 
positively related regardless of whether the offender has a 
technical violation. In short, there appears to be little need for 
constructing an interaction term that would include this type of 
effect. 

4.5.9.2 Summary 

In Florida and Louisiana, adjustments for supervision intensity had 
iEplications for the single-factor results described earlier. In 
Florida, the shock sample outperforms both the prison parolees and 
the shock dropouts when supervision intensity is controlled. In 
the single-factor analysis we concluded that the shock graduates 
outperformed the shock dropouts but not the prison parolees. In 
Louisiana, adjusting for supervision intensity (particularly for 
surveillance) reduced what had been a significant positive effect 
for the shock program into a weak negative effect. We attributed 
this result to our earlier finding that shock graduates are 
supervised significantly more intensively than other groups. 

The conclusions in all other states remain virtually the same. In 
Florida, the shock sample ,continued to perform slightly better than 
other groupsll3 while, in Georgia and south Carolina, the 
performance of the shock sample was virtually indistinguishable 
from those of other groups. Effects of supervision intensi ty 
continued to display their curvilinear functional form in Florida, 
Georgia, and South Carolina. Our analysis for significant 
interaction effects between treatment sample and supervision 
intensity on positive adjustment provided little basis for the 
inclusion of product terms in our models. We thus concluded that 
supervision intensity operates similarly within different samples 
to effect positive adjustment outcomes and we impose this 
assumption on the remainder of our models. 

Finally, we conducted a test to determine whether there was any 

mAl though the shock graduate sample outperformed both the 
dropout and prison parolee samples after controlling for 
supervision intensity. Before controlling for supervision 
intensi ty I' the shock graduates outperformed the shock dropouts but 
not the prison parolees. 

" 
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justification for modeling the relationship between supervision e 
intensity and positive adjustment separately depending on whether 
offenders had a technical violation. The results of this analysis 
suggested that supervision intensity and positive adjustment were 
posi ti vely related regardless of whether offenders were revoked for 
technical violations. 

4.5.~O Differences in positive Adjustment Across Fixed Effects 

4.5.~O.~ Overview 

In this section, we turn to an assessment of the impact of our 
fixed effects on overall positive adjustment. First, we analyze 
the singular influences of each of the fixed effects on cross­
sectional positive adjustment scores. This effort will provide us 
with an overview of which predictors are positively associated with 
successful adjustment. 

4.5.~O.2 Florida 

The results of our single factor assessment in Florida are 
presented in Table 75. The data suggest that nonWhites have lower 
positive adjustment scores while offenders who were older at the 
beginning of community supervision had higher positive adjustment. 
scores. Violent offenders tended to have slightly higher positive 
adjustment scores on average while scores for the drug offenders 
were not significantly different from the overall average. 
"Property and other" offenders tended to adjust less positively 
than violent offenders. If the offender was serving his current 
sentence as a result of a new crime (versus a technical 
revocation), his adjustment score tended to be higher. positive 
adjus'I-!ilc..nt scores were lower for those offenders with a prior 
criminal history~ 

4.5.~O.3 Georgia 

Table 76 presents the single factor analysis results for the 
Georgia data. The data suggest that nonwhites adjust less 
positively than whites and that property and "other" offenders 
adjust less positively than violent and drug offenders. Prior 
arrest and/or conviction histories tended to be associated with 
lower positive adjustment scores as well. 

4.5.~O.4 Louisiana 

Analyses of the relationships between fixed effects and positive 
adjustment scores for Louisiana are presented in Table 77. Thee 
resul ts of these analyses indicate that nonwhites adjust less 
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positively than other offenders while drug offenders tended to 
adjust more positively than violent, and property and nother" 
offenders. 

4.5.~O.5 New York 

Assessment of the zero-order impacts of fixed effects on positive 
adjustment are described in Table 78. The results indicate that 
nonwhites adjusted less positively than whites. Offenders who were 
older at the beginning of community supervision and older at their 
first arrest generally adjusted more positively than other 
subjects. 

4.5.~Oo6 south Carolina 

~able 79 presents the effects of the fixed predictors on cross­
sectional positive adjustment scores in South Carolina. The 
distributions indicate that nonwhites adjust significantly less 
positively than whites. The data also suggest that offenders with 
a 'prior criminal history did not adjust as positively as other 
offenders. 

The results presented in this section provided few surprises. 
Nonwhites, offenders who were younger at release and younger at 
tlleir first arrest, and had demonstrated problem behavior before 
adjusted less positively on average than other offenders. The 
effect of type of offense tended to vary by state. In Florida and 
Georgia, violent offenders tended to do better than other groups 
while in Louisiana drug offenders outperformed the other groups. 

4e6 Summary of Preliminary Analysis 

This section completes our preliminary assessment of the data. 
Thus far, our examination of these data have revealed a number of 
important findings which we carry into the next section of the 
analysis. We review the most prominent of them here. 

• The research design we employ is essentially a comparison of 
nonequi valent groups on multiple post-tests collected over 
time. 

• The groups, or samples, that we compare in each state tend to 
differ on characteristics that we expect to be related to the 
dependent variable (e.g., age, type of offense committed, 
supervision intensity, etc.). Based on this we conclude that 
it will be necessary to control for these effects before 
making inferences about the relationship between sample 
membership and positive adjustment. 
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Our analysis employs two types of predictor variables: fixed~ 
and time-varying effects. Fixed effects collected at the 
outset of the study include sample (shock, prison, probation, 
etc.), race, age at the beginning of community supervision, 
type of offense, arrest/conviction criminal history, an 
indicator for whether the current offense is the result of a 
technical violation or a new crime, and, in Louisiana, New 
York, and South Carolina, the offender's age at first arrest. 
Supervision intensity indicators and positive adjustment are 
both time-variant: they are both collected over the course of 
a one-year follow-up period. 

Univariate analysis of supervision intensity indicators, which 
measured the number of face-to-face and telephone offender 
contacts in Florida, Georgia, and South carolina, indicated 
that extreme values in the distr.ibutions tended to distort the 
mean as a measure of central tendency. After examining the 
distributions in some detail, we decided to work with a 
natural leg transformation of the contact variables in these 
states. In Louisiana, supervision intensity is measured by 
three scales which measure: (1) officer's knowledge of 
offender activities; (2) the level of surveillance of those 
activities; and (3) intensity of requirements imposed on the 
offender . univariate analysis of these indexes suggeste.d that 
working wi th natural log transforms of the knowledge and 
surveillance indexes would be a reasonable step as well. We~ 
left the requirements index in its original metric.'" 
Supervision intensity information was not available for 
analysis in New York. 

Positive adjustment and supervision intensity generally 
declined over time in all states. The magnitude of decline, 
however, was notably weak. We found little evidence that the 
rate of decline in these scores varied in the different 
samples in each state. 

As a matter of preliminary analysis we decided to test whether 
supervision intensity and positive adjustment were related to 
each other wi thin subj ects . This assessment was conducted by 
regressing over-time changes in positive adjustment scores 
onto over-time changes in supervision intensity indicators. 
In every state, the data provided support for the conclusion 
that supervision intensity and positive adjustment tend to 
move in the same direction within individuals (i.e., they are 
positively related). 

Assessment of "exit cohort" effects revealed that offenders 
who completed the study tended to adjust more positivelly than 
offenders who did not. 

Analysis of positive adjustment scores by sample membership~ 
categories showed th~~ shock offenders adjusted significantly.., 
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more positively than other samples in Florida, New York, and 
Louisiana. In Florida and New York, the shock sample 
outperformed the shock dropouts but not the prison parolee 
sample. In Louisiana, the shock sample outperformed each of 
the other samples. In Georgia and South Carolina, there were 
no between-sample differences on the positive adjustment 
index. 

over-time analysis of the singular effect of sample membership 
on positive adjustment suggested that group differences 
remained .celatively stable over time. 114 The most notable 
exception to this pattern was in Louisiana where the shock 
sample, although performing better, converged toward the other 
groups over time. 

The effect of supervision intensity on positive adjustment 
appears to be generally positive although there is 
considerable evidence that it is nonlinear. The most common 
finding (in our cross-sectional analyses) was a general 
"leveling off" of the effect of supervision intensity beyond 
about 1.8 to 2.0 offender contacts per month. 

Assessments for sample by supervision intensity interaction 
effects yielded null results. We conclude that supervision 
intensity tends to affect positive adjustment in similar ways 
across samples. 

• We estimated analYsis of covariance models of cross-sectional 
positive adjustment that compared sample performances 
adjusting for cross-sectional supervision intensity levels. 
In Georgia and South Carolina, the results of earlier sample 
comparisons remained unchanged after controlling supervision 
intensi ty . In Florida, the shock sample outperformed both the 
prison parolee and shock dropout groups. After adjusting for 
supervision intensity levels in Louisiana, the effect for the 
shock program was slightly negative and marginally 
significant. These analyses support the retention of 
nonlinear models to represent the relationship between 
supervision intensity and positive adjustment. 

• Analysis of the relationship between fixed effects and 
positive adjustment indicated generally that nonwhites, 
younger offenders and subjects with prior records did not 
perform as well as others on the cross-sectional positive 
adjustment construct. 

114In Florida, however, the shock sample did not perform 
significantly differently from the other groups in the over-time 
analysis. still, there was no time x sample interaction effect in 
these tests. 
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In the next section, our focus shifts to the development of tit 
mUltivariate models predicting positive adjustment. Our first 
concern is the specification of a full mUltivariate model of cross­
sectional positive adjustment~ Our focus then shifts to the 
specification of a mUltivariate positive adjustment model that 
utilizes the longitudinal information in our data. 

• 

• 



'. 

• 

• 
L __ _ 

5. Analysis Results 

5.~ overview 

87' 

In this section, we present several mUltivariate models of positive 
adjustment to assess whether shock incarceration programs exert an 
effect net of other predictor variables. As in the previous 
sections, a signific?nt amount of attention is focused on the 
effect of supervision intensity indicators as well. 

within each state, a model similar to those developed earlier will 
be estimated using indicators of cross-sectional supervision 
intensity and cross-secticmal positive adjustment. For these 
analyses, positive adjustment and supervision intensity scores are 
simply averaged over all available measurement periods for each 
subject. These models are estimated with fixed effects treated as 
exogenous variables. Supervision intensity indicators are treated 
as intervening variables"llS A diagram of this model, which we 
refer to hereafter as the cross-sectional model, is presented in 
Figure 66. 

Next, we turn to the longitudinal structure of the data. There are 
obviously several ways that an analysis of these data could 
proceed. We will approach the problem with two different methods. 
First, we conduct a simple set of repeated measures analysis of 
covariance tests with two broad objectives: (1) to determine what 
variables are predictive of positive adjustment at different waves 
of the study (between-subject effects); and (2) to determine 
whether effects differ significantly across waves (time x between 
subject effect interactions). Second, we analyze the data as a 
series of three separate two-wave longitudinal regression models 
(see Figure 67). Both of these methods have their advantages and 
disadvantages which we review in the next section. 

5.2 Analysis Methods 

5.2.~ Repeated Measures Analysis 

We begin the longitudinal component of the analysis in each state 
by specifying a simple set of repeated measures analysis of 
covariance models. These analyses are based on two important 
assumptions: (1) the dependent variables have a mUltivariate 
normal distribution; and (2) the dependent variables share a common 
covariance matrix (Littell et al., 1991). The first assumption is 
:merely an extension of standard uni variate ANOVA models which 
require that the dependent variable be normally distributed in the 

llSExcept, of course, in New York where supervision intensity 
indicators are not available. 

---1 
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population from which the sample is drawn (Draper and smith, 1981; ~ 
Dunn and Clark, 1987). The second assumption, however, is 
problematic for our purposes. First, we have to confront the 
problem of attrition. The decay in the sample size has 
implications for the solution to the normal equations: 

.B = (X'X)·1 (X'y) (10) • 

In short, the dimensions of the X and Y matrices change over the 
course of the follow-up period because the sample size 
deteriorates. Cohort 4 subjects will be in every follow-up period 
and consequently will always be considered when the normal 
equations are solved but the same is not true for cohorts 1, 2, and 
3 • consequently, wi thin each state, to analyze data at four waves, 
ten vectors of coefficients have to be estimated along with three 
separate sets of between and within-subjects effects. 

Adding to the problem is the lack of a common covariance matrix. 
For the fixed effects, the covariance matrix is, of course, common 
across the matrix of scores on the dependent variables (positive 
adjustment scores at the four different waves) and no problems are 
created. Our supervision intensity indicators, however, are not 
fixed. Instead, they vary along with positive adjustment over time 
and, by definition, violate t:he assumption of a common covariance 
matrix. There are two consequences associated with this for our 
purposes: (1) we have to force some sort of cross-sectional. 
(averaged) indicator for supervision intensity into the covariance 
matrix (and hope that it is sufficiently correlated with what we 
should have entered that the effects arE~ accurately estimated); and 
(2) since it is unlikely that we will be able to achieve this, the 
efficiency and unbiasedness of our estimates for the effect are 
highly questionable and the time by supervision intensity 
interaction tests could be biased and inconsistent. 

Despite these problems, a repeated measures analysis of variance 
approach is a satisfactory way to address the two obj ecti ves 
described above, at least for the fixed effects. With respect to 
supervision intensity, this method is less useful. Consequently, 
we only include a cumUlative average of raw contacts through the 
highest wave of each repeated measures analysis. For the repeated 
measures analysis of waves 1-3, then, the common covariance matrix 
would include the average number of monthly contacts (or 
supervision intensity scale scores in Louisiana) during the first 
nine months of the follow-up period. 

For each repeated measures analysis, we present the vector .B of 
parameter estimates for each wave, an F-test for the main effect of 
time (within-subject change), and F-tests for time x predictor 
interaction effects that are statistically significant. only 
variables that made a statistically significant contribution to the 
model in at least one wave are presented. Time x predictor. 
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interaction effects that are not statistically significant are not 
presented. Finally, we present the mean positive adjustment scores 
for each sample adjusted for the average values of the covariates 
for each sample. These are usually referred to as "least-squares 
means" and they are calculated via the LSMEANS option of the GLM 
procedure in SAS (release 6) software (Littell et al., 1991). 

5.2.2 Longitudinal Regression Models 

An alternative approach that allows us to estimate four sets of 
models and include the appropriate indicators of superV1S10n 
intensity at each time point is the analysis of covariance model 
that is estimated outside of the repeated measures analysis of 
variance framework. Schematically~ such an analysis can be 
represented as a series of two-wave longitudinal regression models 
wi th diminishing sample sizes at each wave of the four-quarter 
follow-up period. In each model, subjects from exit cohorts that 
have valid measurements for that model are included. 116 Thus, each 
wave is based on a different number of cases. Using the exit 
cohort indicators developed earlier, however, the model for each 
wave statistically controls for exit cohort membership.117 The 
fixed effects predictor variables described in the previous section 
along with the natural log transform of the contact variables are 
entered into the models. 1l8 

The positive adjustment model takes a generalization of the form 
presented earlier in eg. (3): 

Pit = a + oPit-l + 'Ysit + BXj + Il (11) 

and the supervision intensity model assumes the form: 

(12) • 

Note from egs. (11) and (12) that 0 and h arQ stability 
coefficients estimated by the method of ordinary least squares for 
positive adjustment scores (p) and supervision intensity scores 

116For example, cases in exit cohort 3 are included in the wave 
1, 2, and 3 models but not in the wave 4 model. 

117Except, of course, at wave 4, when only one exi t cohort 
remains in the analysis. 

1l8In Louisiana, the natural log transform. of the knowledge and 
surveillance scores are entered. The requirements scores are 
retained in their original metric. 
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(s) .119 The Xj are fixed predictor variables that do 'not change. 
over time. 1W The parameter estimates in B will be interpreted as 
usual. The stability coefficient has several useful 
interpretations: (1) it represents the percent of variation in the 
temporally prior value of the dependent variable that is stable 
over time; (2) when it is positive, it indicates that observations 
that scored relatively high at time t-l also scored relatively high 
at time t; and (3) when it is negative, it indicates that 
observations that scored relatively high at time t-l scored 
relatively low at time t. 

In an effort to validate the longitudinal regression models that we 
develop, the observations are rank ordered by the predicted values 
of the dependent variables. We then divide the observations into 
five approximately equal-n groups cut at the 80th, 60th, 40th, and 
20th percentile ranks. within each of these "quintile" groups, the 
average predicted value of the dependent variable is compared to 

119tJnder this framework, the stability coefficients when 
estimated by the method of ordinary least squares are biased but 
consistent when there is no serial correlation in the errors. When 
serial correlation is present the estimates of the stability 
coefficients are biased and inconsistent (Pindyck and Rubinfeld, 
1991) G Any time temporal processes are studied, the risk Of. 
autocorrelation is high. Diagnostics for it are difficult to 
implement when there are only a handful of within-subject 
observations (for many of our cases, there were only two or three 
observations). The method of instrumental variables is usually 
invoked as a means to confront this issue (Liker et al., 1985; 
Markus, 1980). The categorical nature of the predictors hampered 
our ability to create an instrument for the lagged endogenous 
variable, however. The problem is that the introduction of the 
instrument into a two-stage least squares estimation procedure 
introduces linear dependencies into the X matrix. We also 
attempted to create an instrument by using prior values of the 
lagged endogenous variable but the stability coefficients looked 
less reasonable under this framework than they did when estimation 
by ordinary least squares was employed (i.e., occasionally, the 
estimates approached or exceeded 1.0 and sometimes the standard 
errors increased dramatically). In most of the models, these 
problems were not evident but they emerged in enough models that 
our comfort level with them was not high. Only in the worst cases 
of multicollinearity created by the instrument were the estimates 
between the OLS and 2SLS models for the other variables at variance 
wi th each other. In this paper, we will present the results of our 
OLS estimation efforts. 

lWAlthough it is possible to constrain these variables to have 
the same coefficients over time (Allison, 1990), we do not impose. 
this constraint in this analysis given its exploratory nature. 
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the average actual value of the dependent variable. These analyses 
essentially help us to determine whether the models, as specified, 
do a reasonably good job of discriminating between low, medium, and 
high scorers on the dependent variable. 

We also extend our assessment of the curvilinear effect of 
supervision intensity on positive adjustment scores to include an 
examination of these effects over the course of the follow-up 
period. Although we estimate these effects in the moo.els, we 
complement this presentation by graphing the estimated regression 
function of this relationship cross-sectionally and longitudinally 
for a hypothetical subject in exit cohort 4. For this hypothetical 
subject, we assume that the other variables in the models are 
constrained at their mean values for the relevant time period. 121 

For each state, we compare the longitudinal regression models to 
the repeated measures analysis of variance approach and draw some 
conclusions about the processes that appear to be at work. Our 
preference, primarily because of the lack of a common covariance 
matrix, is the longitudinal regression approach and the majority of 
our interpretive effort is placed on the models developed in this 
framework. We turn next to the models that were estimated within 
each of the states. 

5.3 Florida 

5.3.1 Cross-sectional Model 

The analysis in Florida consists of a system of two equations 
(Figure 68). The first regresses primary contact levels on the 
fixed effects. The results of this model indicate that shock 
offenders are supervised less intensively than prison parolees and 
dropouts. Older offenders also tend to be supervised less 

l2lWe note that even though the regression models are estimated 
with supervision intensity variables in log metric (as discussed 
earlier), these graphs exponentiate the log units back into their 
original metric. The graphs are still dispersed on a log scale. 
because the skewness of the original distribution distorts the 
portion of the graphs where most of the cases are located. In 
addition, the graphs that we present for these analyses indicate 
the location of the 50th and 90th percentiles of the supervision 
intensity distribution.. These indicators refer to the 50th and 
90th percentiles of the cross-sectional (or overall) distribution. 
To calculate these percentiles, we average supervision intensity 
indicators across all periods for which each subject was followed. 
The median and 90th percentile of the derived distributions are the 
statistics indicated on the graph. We place these on the graphs in 
order to help the reader superimpose the frequency distribution on 
the regression functions. 
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intensively while violent offenders were generally s~ervised more ~ 
intensively than either property or drug offenders. 1 

The analysis also reveals that the shock group performs 
significantly better than the prison parolee group controlling for 
the other predictors. The difference between the shock group and 
the dropouts, however, is not as large and is only marginally 
significant. Nonwhites tended to adjust less positively than 
whites and violent offenders generally outperformed property and 
"other" offenders. Offenders who had committed new crimes as 
opposed to technical violations of community supervision tended to 
adjust more positively as well. The analysis, as expected from our 
diagnostic efforts, suggests a curvilinear effect for supervision 
intensity. The exit cohort effects are also statistically 
significant and indicate generally that offenders who are followed 
longer tend to have higher positive adjustment scores. Model 
validation charts for supervision intensity and positive adjustment 
are depicted in Figure 69. 

5.3.2 Repeated Measures Analysis 

Tables 80-83 presents the analysis of covariance results at the 
first through the fourth waves, respectively. The analysis 
indicates that shock graduates performed significantly better than 
offenders in either of the other two samples. The least squares ~ 
means portray the estimated magnitudes of those differences.'" 
Nonwhites, younger offenders, subjects who had committed a property 
offense and technical violators all performed significantly worse 
than their counterparts in other categories on the positive 
adjustment scale. These patterns emerged with relative consistency 
throughout the analysis.l~ The estimated linear effect of 
cumulative contacts is positive and statistically significant at 
virtually each wave and within each analysis. 

122In these analyses, we deleted the prior criminal histC?ry 
variable because it confounded the effect of the new cr~me 
indicator. When both variables were included in the model, neither 
was statistically significant. The effect of the new crime 
indicator was stronger than the prior criminal history indicator so 
we retained it for both the cross-sectional and the four-wave panel 
models. 

tnAlthough most of the coefficients were not statistically 
significant in the four-wave analysis, their signs and magnitudes 
were similar to those observed in the one-, two-, and three-wave 
studies. The major exception to this is the effect for the shock 
sample. The coefficients for the shock sample were much lower and 
not statistically significant at each of the four waves among the • 
58 subjects who were studied over the entire follow-up period. 
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The results for the positive effect of the shock sample over time 
are at odds wi th what was observed in the absence of control 
variables. Thus, the addition of important control variables in 
Florida has the effect of illuminating the differences between the 
groups. 

The four-wave repeated measures analysis (Table 83) suggests a 
complete absence of this positive effect of shock incarceration. 
This finding suggests that, among offenders who are able to persist 
on community supervision for one year, the type of correctional 
program makes no difference in adjustment to the community. 

The only statistically significant within-subjects interaction term 
was observed in the two-wave analysis. Table 81 indicates that the 
effect of having committed a violent offense on positive adjustment 
was significantly lower at the six-month point than at the three­
month follow-up (p < .072). The repeated measures analysis 
revealed that, at each interval, the main effect for within-subject 
change was statistically nonsignificant. We take this as evidence 
of relatively weak and erratic patterns of change over time in the 
dataset which is consistent with our observations in section 4. 

5.3.2 Longitudinal Regression Model 

Figure 70 presents the four-wave longitudinal model in Florida. We 
note at the outset that all stability coefficients are positive and 
significantly different from zero. Thus, subjects with high scores 
at any particular period are also likely to have high scores at the 
next period. For positive adjustment scores, at least 40% of the 
variation in scores at times 2, 3, and 4 was stable from the 
previous time period. For supervision intensity about 70% of the 
variation was reliable. 

Supervision intensity at wave 1 is predicted by sample, age at the 
beginning of community supervision and type of offense. positive 
adjustment at wave 1 is higher among shock offenders, subjects who 
were older at the beginning of community supervision, violent 
offenders, and offenders who were serving their current sentence 
for a new crime instead of a technical violation. Nonwhi te 
subjects and subjects in the early exit cohorts tended to adjust 
significantly less positively than other offenders. The analysis 
also reveals that the effect for supervision intensity is 
curvilinear. Model validation charts are presented in Figure 71. 

Wave 1 superv~s~on intensity is the strongest predictor of 
supervision intensity at wave 2. At wave 2, offenders who were 
older tended to be supervised at :slightly greater levels of 
intensity, controlling for positive adjustment at wave 1 which is 

l 
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marginally significant. l24 There is no direct effect of ShOCk. 
incarceration on positive adjustment at wave 2. Direct effects for 
age at the beginning clf community supervision, the drug offense 
indicator (versus property and other offenses), and the new crime 
indicator (versus technical violation) were evident as was the 
curvilinear effect for supervision intensity. The cohort effects 
are also statistically significant in the expected direction. 
Subjects who persist in the study had higher positive adjustment 
scores than those who drop out earlier. The wave 1 positive 
adjustment was, as expwcted, the driving predictor and its effect 
indicates that about 48% of the value of wave 2 positive adjustment 
is directly attributable to positive adjustment at wave 1. Figure 
72 presents model validation charts for the second wave equations. 

At wave 3, supervision intensity is driven by a cohort effect 
(offenders who exit after wave 3 were supervised significantly less 
intensively than offenders who completed the study) and the level 
of supervision at wave 2. This result suggests that supervision 
intensity declined among those subjects that were more likely to 
exit the study. This same group, with lower supervision levels, 
goes on to perform worse on positive adjustment at wave 3 as well. 
Moreover, at wave 3, the shock and dropout samples both perform 
significantly better than the prison sample on positive adjustment. 
The data also reveal that older offenders perform better than 
younger offenders. The effect of supervision intensity on positive 
adjustment at wave 3 is both positive and linear. Figure 73. 
conveys the fit of the models at wave 3. 

At wave 4, supervision intensity is predicted solely by the 
intensity of supervision at wave 3. Positive adjustment is 
predicted by a quadratic effect of supervision intensity and the 
positive adjustment score at wave 3. Thus, the impact of the fixed 
effects on positive adjustment at the end of the study was 
completely indirect under the longitudinal specification. Model 
validations for the fourth quarter are depicted in Figure 74. 

In Figure 75, we graph the partialed effects of supervision 
intensity on positive adjustment both cross-sectionally and for 
each wave of the longitudinal model. 125 The graph represents a 
hypothetical subject in exit cohort 4 who scores the average value 
on each of the predictors. The results reveal some variation with 
respect to functional form although the first inflection point 
consistently occurs at about the 1.8 to 2.0 contacts per month 
point. 

l~his is one of the few instances in any of our analyses where 
positive adjustment at one wave has a statistically significant 
impact on supervision intensity at a subsequent wave. 

125By "partialed" we are referring to the effect implied by the. 
estimated partial regression coefficient. 
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• .5.3.3 Summary of Florida lI!esul ts 

.' 

• 

The models in Florida provid.e clear evidence of a lift in positive 
adjustment scores associated with membership in the shock 
incarceration sample. This effect is quite strong at the beginning 
and is generally indirect Erom that point forward. It is never 
negative, however. The repeated measures analysis of variance 
tests reveal no within-subject interaction terms for sample 
effects. This suggests that there are no great fluctuations in 
sample performance relative to other samples over time. 
Interestingly, however, the results for the four wave repeated 
measures model show no differences in sample performance. This 
result is important because it implies that, among those offenders 
who are able to continue on community supervision over the course 
of an entire year, there are no sample differences in positive 
adjustment • Although the sample size for the four-wave analysis is 
small to be sure (n=58), an examination of the adjusted means fails 
to reveal any hint of a positive effect for the shock graduate 
sample. 

The longitudinal regression model at wave 4 provides some evidence 
that the dropout sample has moved closer to the shock sample but 
the initial effect of membership in the shock sample would, other 
things equal, lead us to the expectation that shock offenders 
adjust more positively than prison parolees and dropouts. The only 
evidence of a null effect for shock incarceration emerges in the 
four-wave repea'ted measures analysis of variance tests presented in 
Table 82. still, these tests detect a slight ( although not 
statistically significant) positive effect for membership in the 
shock sample. On balance, the evidence in Florida when the model 
is fully specified is that the shock sample outperforms the prison 
parolees and the shock dropouts. 

Assessment of the impact of other variables revealed that the 
effect of supervision intensity is generally curvilinear and 
suggests a "diminishing returns" relationship between contacts and 
offender adjustment (Figure 75). The data suggest that returns 
begin to diminish, on average, when mean monthly contacts approach 
or exceed the 1.8 to 2.0 level. While the data also provide some 
support (at least in the earlier waves) for a subsequent lift in 
positive adjustment at extremely high contact levels, this end of 
the function is estimated on a very small number of cases and 
should be interpreted with caution. 

Nonwhites tend to adjust less positively than white offenders 
initially and older offenders adjust more positively than younger 
offenders. There is evidence th.at violent and drug offenders tend 
to adjust slightly more positively than offenders who commit 
property and other types of offenses. Subjects serving a sentence 
for a new crime tended to adjust more positively than subjects who 
had been revoked for a technical violation. Finally, the results 
reveal that cohorts of offenders who remained in the follow-up 
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period for more measurements outperformed offenders with fewer. 
measurements. 

5.4 Georgia 

5.4.1 Cross-Sectional Model 

Figure 76 presents the Georgia cross-sectional model. The data 
indicate that prison parolees are generally supervised more 
intensively than both probationers and shock graduates. The cross­
sectional positive adjustment model reveals no direct effect for 
sample membership. The model does indicate that nonwhites and 
offenders with a prior criminal history perform worse while violent 
and drug offenders outperform property offenders. The effect of 
supervision intensity is curvilinear. Analysis of the impact of 
cohort membership yielded no important differences between the 
cohort groups. Validation charts for both the supervision 
intensity and positive adjustment equations are presented in Figure 
77. 

5.4.1 Repeated Measures Analysis 

The repeated measures analysis reveals no statistically significant 
effects for sample membership at any of the waves (Tables 84-87) •• 
The least squares means reveal only trivial differences between the 
samples. The analysis also indicated that nonwhites, offenders 
with a prior record, and offenders who were contacted less 
frequently did not perform as well as other subjects. The effect 
of the nonwhite indicator did not emerge as being statistically 
significant until the second wave of the analysis. The result of 
this difference is that there is a statistically significant 
nonwhi te x time interaction term in the two- and three-wave 
analyses. No other time interactions were statistically 
significant. The main effect for time is not statistically 
significant in these analyses which suggests that there were no 
substantively important within-subject differences in positive 
adjustment scores over time. 

5.3.2 Longitudinal Regression Model 

Figure 78 presents the longitudinal regression model for the 
Georgia analysis. The stability coefficients indicate positive and 
statistically significant prior time effects on the temporally 
current endogenous variables. The weak coefficient between time ~ 
and time 2 positive adjustment stands out, however. This result 
suggests that most of the variation at time 2 is not stable from 
time 1. There is evidence of more stability at subsequent time. 
points for positive adjustment and at all time points for 
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~ supervision intensity. 

• 

• 

These data suggest that prison parolees and violent offenders are 
more intensively supervised than other groups at the outset of the 
study. positive adjustment at the first wave is driven principally 
by supervision intensity at wave 1 and the presence of a prior 
criminal history. The regression coefficients indicate that the 
effect of supervision intensity on positive adjustment is generally 
positive but curvilinear (although achieving only marginal levels 
of statistical significance). Moreover, direct effects for exit 
cohort, race, age, and type of (')ffense were not statistically 
significant at wave 1. Validation graphs for these models appear 
in Figure 79. 

At wave 2, supervision intensity is predicted only by superv~s~on 
intensity at the prior wave. Positive adjustment is directly 
affected by the nonwhite indicator f the type of offense, 
supervision intensity, and wave 1 positive adjustment (although the 
effect here is weak). The results indicate that nonwhites and 
property/other offenders adjust less positively than white 
offenders and subjects who committed violent or drug offenses. The 
effect of supervision intensity is curvilinear. Model validation 
charts are presented in Figure 80. 

Supervision intensity at wave 3 is predicted largely by supervision 
intensity at wave 2. Evaluation of the positive adjustment 
equation suggests that nonwhites and offenders serving their 
sentence for a new crime (versus a technical revocation) adjusted 
less positively than other subjects. Violent and drug offenders 
continue to adjust more positively at wave 3 than their property 
offending counterparts even controlling for prior positive 
adjustment. The effect for snpervision intensity continues to be 
curvilinear. Model validation charts are provided in Figure ~1. 

Wave 4 superv~s~on intensity is predicted directly by prior 
supervision intensity although there is evidence for direct effects 
of the drug offender indicator (suggesting that drug offenders are 
supervised more intensively than property offenders) and the 
presence of a prior criminal history (offenders with priors are 
supervised more intensively than offenders without priors). Wave 
4 positive adjustment is predicted by prior positive adjustment 
although at wave 4 older offenders appear to adjust slightly more 
positively net of prior positive adjustment~ The model reveals a 
curvilinear effect of supervision intensity although the cubic term 
is no longer statistically significant. Model validation charts 
are provided in Figure 82. 

The curves depicted in Figure 83 reveal the partialed effects of 
supervision intensity on positive adjustment for the cross­
sectional and the longitudinal models. The results suggest that 
positive adjustment generally increases' until an average of about 
1.8 to 2.0 contacts per month. Beyond this point, the incremental 

l~ _____ ~ ____ ~ ____ ~ _____ _ 
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gains in positive adjustment associated with increases in e 
supervision intensity are much less evident. As was the case in 
Florida, there is evidence of a second inflection, both cross­
sectionally and in waves 1, 2, and 3 but this point estimate is 
based on a very small number of cases and must be interpreted 
cautiously. 

5.3.3 Summary 

The results of the Georgia analysis suggest a marked absence of 
differences between the treatment samples with respect to positive 
adjustment. Other predictor variables, however, have effects on 
positive adjustment at various points in the follow-up period. 
Although the effect of being nonwhite on positive adjustment is 
negative overall, the longitudinal study does not reveal its 
emergence as a predictor of pCJsi ti va adjustment until wave 2. 126 
Age at the beginning of community supervision, which is a 
relatively stable predictor of positive adjustment in other states, 
does not have a significant effect at all on positive adjustment in 
the cross-sectional model and does not become important until very 
late in the follow-up period (wave 4) in the longitudinal study. 
In general, the data suggest that "property/other" offenders do not 
adjust as well as violent and drug offenders and that the presence 
of a prior criminal history also detracts from positive adjustment. 
Interestingly, none of the cohort effects were statisticallY. 
significant in the Georgia models but this is consistent with the 
results observed in our preliminary analysis of these data. 

The consistent finding of a curvilinear relationship between 
superv~s~on intensity and positive adjustment is a prominent 
feature of these models (Figure 83). As in the Florida study, the 
data suggest that positive adjustment increases with monthly 
contacts until the average number of monthly contacts reaches the 
1.S to 2.0 level. Beyond this point, there is considerably less 
evidence that contacts and positive adjustment are related to each 
other. 

, ' 

126rrhis result was evident in both the repeated measures and. 
panel regression studies. 

iii 
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4It 5.4 Louisiana 
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5.4.2 Cross-sectional Model 

The results of the cross-sectional analysis in Louisiana are 
presented in Figure 84. 1V These data indicate that a significant 
portion of the variance in supervision intensity is explained by 
sample membership. Shock offenders were generally supervised much 
more intensively than offenders in other samples. Nonwhite 
offenders tended to be supervised significantly less intensively 
than other offenders. After controlling for the additional 
covariates that we include in these models, there was no evidence 
of an effect for sample on positive adjustment. 

Nonwhite offenders tended to adjust less positively than white 
offenders while older off~nders tended to adjust better than 
younger offenders. The cohort effects were statistically 
significant in this model and suggested that subjects remaining in 
the study to the end, adjusted significantly more positively than 
offenders in the three exit cohorts. Indeed, the effects for the 
exit cohorts dampen off in ordinal fashion suggesting that there is 
a stable positive relationship between the length of follow-up and 
positive adjustment during community supervision. Supervision 
intensity indicators were not curvilinearly related to positive 
adjustment in this model. Thus, we estimate the model with a 
linear term for each of these indicators. The linear terms suggest 
that supervision intensity and successful adjustment are positively 
related to each other. The validation charts for these equations 
are presented in Figure 85. 

5.4.2 Repeated Measures Analysis 

Tables 88-91 present the repeated measures analyses in Louisiana. 
The resul ts provide some evidence that the shock sample does 
slightly worse as a group than the other three samples in the first 
six months of the follow-up period. After the six-month point, the 
shock sample continued to perform at a lower level than the other 
groups in most of the comparisons but the differences were no 
longer statistically significant. The least squares means provide 
the basis for these contrasts ~ Our conclusion from this assessment 
is that the shock sample tends not to perform quite as well as the 
other samples when other fixed effects and the aggregated 

lVWe excluded type of offense and age at first arrest variables 
from the models presented in this section. The missing data on 
these variables reduced the effective sample size from n=255 to 
n=221 and they added very little explanatory power to either the 
supervision intensity or positive adjustment models. Age at first 
ar~'est was especially problematic since its correlation with age at 
the beginning of community supervision was .71 (p < .001). 

~-~------~----~~-----~~---~-~~----------------------~------I 
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supervision intensity indicators are controlled. 

The data also indicate that nonwhites and younger offenders 
generally performed more poorly than other offenders. positive 
effects for the aggregated supervision intensity indicators were 
also evident. There was weak evidence of a slightly positive 
effect for the new crime (vs. probation violation) indicator. This 
result suggests that offenders who were serving a sentence for a 
new crime were performing slightly better than offenders who were 
serving time for technical violation. 

Within-subject analysis in Louisiana revealed that there were no 
strong time x fixed predictor interaction effects. The main effect 
for time was also nonsignificant. This confirms what we have 
observed in other states, namelYr that whatever purely within­
subject changes over time were evident were not particularly 
strong. We conclude that there is no evidence of widespread 
within-subject variation in positive adjustment over the course of 
the follow-up period. Several time x supervision intensity 
interaction terms were evident. These effects, however, are 
difficult to interpret since they are cumulative. The 
interactions do indicate that the changes in the effects of 
supervision intensity indicators are changes of degree rather than 
changes of kind. We will return to the comparative magnitude of 
these effects in the next section. 

5.4.3 Longitudinal RegresE;ion Model 

Figure 86 presents the longitudinal regression model in Louisiana. 
All stability coefficients are positive and statistically 
significant indicating that subjects who score high on the 
endogenous variables at any particular point are likely to score 
high on those variables at subsequent points as well. 

As expected from the cross-sectional model above, superv~s~on 
intensity (all three indicators) at wave 1 is largely predicted by 
sample membership and the nonwhite indicator. Shock offenders are 
supervised more intensively while nonwhites are supervised less 
intensively. positive adjustment at wave 1 is predicted by a 
negative effect for the shock sample compared to probationers, 
prison parolees, and shock dropouts. No effects in subsequent 
waves eliminate or cancel out this initial negative impact and we 
conclude, consistent with the repeated measures analysis, that the 
shock sample does not perform quite as well as the other groups in 
the study. 

• 

• 

Wave 1 analysis also suggests that nonwhites adjust less positively 
than whites. Cohort effects were statistically significant and 
reveal that the longer subj ects st~y in the study the more 
positively they adjust to life in the community. supervision. 
intensity analysis indicates the presence of a linear effect for 
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knowledge, requirements, and surveillance index scores. Figure 87 
presents the validation charts for the models. 

Analysis of supervision intensity at wave 2 reveals that, for all 
three indicators, the indicator at wave 1 was the driving 
predictor. On the knowledge index, the scores for the prison 
sample did not increase as much as they did for the other 
samples128 and on the surveillance and requirements index, the 
scores for the shock sample, did not decrease as much as they did 
for other samples. positive adjustment at wave 2 is predicted by 
a weak negative effect for the shock sample and the nonwhi te 
indicator. cohort effects were statistically significant in the 
expected direction as were the effects for the supervision 
interlsi ty indicators. Validation charts are presented in Figure 
88. 

Supervision intensity at wave 3 is predicted most effectively by 
supervision intensity at wave 2. There was a significant direct 
effect of the nonwhite indicator on the knowledge index (officers 
knew less about the activities of nonwhites) and a significant 
direct effect of age at community supervision on the requirements 
index (older offenders were given fewer requirements) but these 
effects were not particularly important compared to past values of 
supervision intensity. The requirements index at wave 3 was 
significantly predicted by positive adjustment at wave 2 but this 
was not true of either of the other supervision intensity measures. 
Because of collinearity problems associated with this particular 
analysis, we deleted positive adjustment at the earlier wave from 
this model. 129 

Positive adjustment at wave 3 is directly predicted by supervision 
intensity, a significant cohort effect, and positive adjustment 
values at the second wave. All of the supervision intensity 
indicators are statistically significant and positively related to 
successful communi ty adjustment. Analysis of cohort effects 
reveals that offenders who exit the study after wave 3 adjusted 
significantly less positively than offenders whO completed wave 4 

128Since increasing scores on the knowledge index imply a 
decreasing level of knowledge of offender activities, this means 
that knowledge of activities for prison parolees did not drop off 
as much between wave 1 and wave 2 as it did for other groups. 

129This appears to be a collinearity problem. Positive 
adjustment at wave 2 has a variance inflation factor exceeding 4.0 
and is sharing significant variance with the knowledge and 
surveillance indexes at wave 2 (both of the variance inflation 
factors for these effects exceed 2.0). Removing positive 
adjustment from the equation causes the effect of the knowledge 
index to be statistically insignificant while the surveillance 
effect becomes positive and statistically significant. 

_________________ J 
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measurement. The fit of these models is assessed with the. 
validation charts in Figure 89. 

Wave 4 supervision intensity is primarily a function of wave 3 
supervision intensity.. On the knowledge index, the analysis 
revealed that officers reported knowing more about older offenders 
while the surveillance index was predicted by positive adjustment 
at wave 3. This latter result appears to be a function of 
mul ticollineari ty. 130 consequently, we decided to discard pasi ti ve 
adj'ustment from this equation. The dominant theme in these 
analyses is the effect of past supervision intensity. Analysis of 
the positive adjustment construct reveals that none of the 
treatment groups performs as well as the probation group. The 
shock group actually performs significantly worse than the 
probation group. The analysis also reveals that nonwhites do not 
perform as well as whites and older offenders perform better than 
younger offenders. Supervision intensity indicators at wave 4 are 
all positively associated with successful adjustment. Wave 4 
validation charts are presented in Figure 90. 

Figure 91 conveys the effects of the knowledge index over the 
cross-sectional and longitudinal models while Figures 92 and 93 
present comparable comparisons for the surveillance and 
requirements indexes, respectively_ A review of Figures 9),-93 also 
suggests that therle is no substantively different effects by time. 
Differences that appear in the graph are clearly differences in. 
degree rather than differences in kind. In sum, the Louisiana data 
indicate that more intensive supervision ge~erally leads to more 
positive adjustment. 

5.4.3 Summary 

The cross-sectional and longitudinal models in Louisiana lead to 
similar conclusions. There was a weak negative effect of shock 
incarceration relative to all of the other groups. This effect 
emerged in both the repeated measures and longitudinal regression 
models. AI~hough the negative effects were not large, they were 
stable over time. It seems reasonable to conclude that net of the 
other effects, membership in the shock sample was neither 
particularly helpful nor harmful. 

The effects of supervision intensity were generally positive. and 
the fixed effects influence positive adjustment in ways that would 

~his result appears to be a function of the col linearity 
between the knowledge index and positive adjustment at wave 3. 
When either variable is taken out of the surveillance equation, the 
other becomes nonsignificant. The variance inflation factor for 
the knowledge index is 1.97 and, for positive adjustment, the. 
variance inflation factor is over 2.56. 
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be reasonably expected given our analysis so far. Nonwhi tes tended 
to adjust less positively while older offenders tended to adjust 
more positively. Cohort effects were also statistically 
significant and suggested that early attrition was associated with 
lower positive adjustment scores. 

5.5 New York 

545.~ Cross-sectional Model 

The New York cross-sectional model is presented in Figure 94. 131 

The results indicate that positive adjustment to community 
supervision is not significantly associa'ted with participation in 
the shock incarceration program. Al though the estimated regression 
coefficient compares the shock group to the prison parolees and the 
coefficient for the dropouts is negative, the contrast between the 
shock group and the dropout group is only marginally significant 
(p < .11). 

Nonwhite offenders tended to adjust less positively than white 
offenders while offenders who were older at the age of their first 
arrest tended to adjust more ~ositivelY than offenders who were 
younger at their first arrest. 32 Offenders who committed violent 

mAs noted previously, supervision intensity date;' were not 
available in New York. From what we have observed in other states, 
omitted variable bias is a possible source of error in this 
analysis that cannot be ruled out. To the extent that supervision 
intensity is related to other predictor variables and positive 
adjustment the results presented in this section will be biased 
(incorrect on the average sample) and inconsistent (they will not 
become more correct as the sample size increases). 

132When age at the beginning of community supervision and age 
at first arrest are both included in the models simultaneously, 
neither effect is statistically significant. If we include age at 
the beginning of community supervision in the model, the effect for 
the shock sample is statistically significant. since we 
consistently have information on age at community supervision in 
every state and age at first arrest was not strongly predictive of 
positive adjustment in Louisiana and south Carolina, our first 
inclination was to include age at community supervision in the New 
York model and eliminate the age at first arrest effect. Doing 
this, however, would have led us to different conclusions because 
age at first arrest, as we noted in the descriptive analysis 
section, is significantly larger in the shock sample than in the 
other groups. Since offenders who are younger at their first 
arrest tend not to adjust as well in New York, the statistically 
significant effect for the shock sample when age at community 

1____ _ ________ _ 
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offenses and "other" offenses tended to adjust significantly more • 
positively than offenders who committed property offenses although 
their performance, on average, was not significantly different from 
that of the drug offender group. Cohort effects, as in Florida and 
Louisiana, suggest that offenders who persisted in the study tended 
to adjust more positively than offenders who exited early. Figure 
95 presents the validation charts for this model. 

5.5.2 Repeated Measures Analysis 

Repeated measures analyses are presented in Tables 92-95. The 
results indicate that the shock graduate sample is marginally 
outperforming the shock dropout sample (p < .05) at the first wave 
but it is not performing differently than the prison parolee 
sample. At later waves, things become more ambiguous. The general 
theme in Tables 92-95, however, is that the shock sample is doing 
marginally better than the dropout sample and not significantly 
different than the prison parolees. The difference is 
statistically significant at some periods but not at others. These 
marginal changes in the value of the test statistic were not large 
enough to create a statistically significant time x sample 
interaction effect. It seems reasonable to conclude, therefore, 
that the shock graduates are certainly not doing worse than the 
other groups and, compared to the dropouts, they may be doing a. 
little better. 

Within-subjects analysis indicates that the nonwhite indicator and 
age at first arrest are quite unimportant factors at the beginning 
of the follow-up period. During the other follow-up -geriOds, 
however, these effects are statistically significant. 33 The 
regression coefficients indicate that nonwhites and younger 
offenders tend not to perform as well as other subjects. Offense 
type and prior criminal history exerted no independent effects on 
positive adjustment. Within-subjects analysis revealed a stronger 
case for over-time change (i~e., a significant main effect for time 
in the six month analysis: Table 93) but these effects were 
substantially weaker in the nine and twelve month analyses. 

supervision is partially attributable to omitted variable bias when 
age at first arrest is not controlled. Controlling for age at 
first arrest reduces the effect of shock incarcera"tion 
considerably. 

133This result is confirmed by the presence of statistically 
significant time x nonwhite and time x age at first arrest. 
interaction effects in the two-, three-, and four-wave analy:ses. 
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~ 5.5.3 Longitudinal Regression Model 

• 

• 

The four waves of data in New York (Figure 96) reveal relatively 
strong stability coefficients. This result again suggests most of 
the variation in positive adjustment at any given point is reliable 
from the previous point. Moreover, subjects who have high positive 
adjustment scores at time t-l are likely to have high scores at 
time t. since supervision intensity is not available in New York, 
the results of the regression analyses in this section will 
parallel closely the repeated measures results described above. 
The longitudinal regression models I however, include the temporally 
prior versions of positive adjustment in the models at waves 2, 3, 
and 4 and the exit cohort dummy variables at waves 1, 2, and 3. 

At the first wave, the shock sample does not significantly 
outperform the prison sample although it does outperform the shock 
dropout sample (p < .05). In remaining waves, the coeff icients for 
the shock dropout group vary somewhat but they are never strong 
enough to put the dropouts at a higher average positive adjustment 
score than the shock graduates. There seems to be sufficient 
evidence to conclude that the shock graduates are marginally 
outperforming the shock dropouts although there is no evidence that 
they are outperforming the prison parolees. 

In addition, the analysis reveals that the negative effect for the 
nonwhite indicator is strongest at waves 2 and 3.1~ The positive 
effect of age is strongest at wave 4 but also exerts a weak effect 
at the first wave. The effect of prior record is negative and 
statistically significant at wave 4 only. Cohort effects were 
strong and statistically significant at each of the first three 
waves of the analysis. Figure 97 portrays the validation charts 
for each model. 

5.5.3 Summary 

Initial analysis of the data in New York provide some support for 
the contention that shock incarceration is positively related to 
successful adjustment in the community. In particular, when age at 
first arrest is not controlled, the effect of shock incarceration 
on positive adjustment is statistically significant. Since shock 
offenders tend to be older at their first arrest, however, and 
offenders who are older at their first arrest adjust more 
positively, this initial effect of shock incarceration appears to 
be spurious. There is also evidence in New York, as in other 
states, that demographic characteristics (e.g., race and age) have 
a role to play in the explanation of posi ti ve adjustment. There is 
little evidence that offending characteristics such as offense type 

l~his is consistent with the repeated measures results 
described earlier. 
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and criminal history have effects on positive adjustment dUring~ 
community supervision. 

5.6 South Carolina 

5.6.~ Cross-sectional Model 

Figure 98 presents the results of the cross-sectional model in 
South Carolina .13S The data indicate that there is no difference 
in treatment sample performance during community supervision net of 
the covaria.tes. The analysis does reveal that nonwhites adjust 
less positively than whites and that property and "other" offenders 
adjust less positively than offenders serving sentences for violent 
crimes. The presence of a prior arrest and/or conviction also 
detracted from positive adjustment. Supervision intensity was 
curvi1inearly related to cross-sectional positive adjustment but 
cohort effects were not evident. Figure 99 presents the validation 
results for these models. 

5.6.2 Repeated Measures Model 

The South Carolina repeated measures models are presented in Tables 
96-99. The results suggest that treatment sample is unrelated to 
positive adjustment. l36 There is only limited support for effects" 
of age and criminal history characteristics. The data reveal that'" 
nonwhites consistently adjust less positively than whites. Within­
subjects analysis indicates a nonsignificant main effect for time 
and no substantively important time x predictor variable 
interaction effects. As in the other states, it seems reasonable 
to conclude that patterns of within-subject change are weak and 
inconsistent in South Carolina. 

13SAge at first arrest was unrelated to positive adjustment 
controlling for age at the beginning of communi ty supervision. 
Given that the correlation coefficient for these two variables is 
+.63 (p < .001), we omit age at first arrest from the analysis. 

l~he one exception to this conclusion is in the fourth wave 
of the analysis where prison parolees performed significantly 
better than shock sample and the probationers at the p < .10 level. 
This effect, not evident in earlier waves, generates a 
statistically significant time x sample interaction term in the 
four wave repeated measures model. When we move to the panel. 
specification, however, no evidence of this effect is evident. 

L--_______________________________________________________ __ _I 
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• 5.6.3 Longitudinal Regression ModE..l1 

I 

I. 

The results of the longitudinal analysis are depicted in Figure 
100. 137 stability coefficients are consistently positive and 
statistically significant. The analysis suggests that at the first 
wave, primary contact levels were significantly lower for the 
probation sample than for all other groups. Younger offenders also 
tended to be supervised more intensively at the outset of community 
supervision. Interestingly, offenders in cohort 1 were supervised 
at lower levels than offenders in the other cohorts. Perhaps not 
coincidentally, these offenders were on the verge of dropping out 
of the study at the first wave. This is similar to the finding we 
observed in some of the intermediate waves in Florida. 

Positive adjustment at wave 1 is not predictable from treatment 
sample. It is predictable from race (nonwhites adjust less 
positively) t age (older offenders adjust more positively) and 
offender characteristics (offenders with new crimes did better than 
offenders serving sentence for a technical violation; offenders 
with prior records did more poorly than offenders without prior 
records) • Supervision intensity is cUl;'vilinearly related to 
positive adjustment at the first wave while cohort effects were not 
statistically significant. Figure 101 presents the validation 
charts for these models. 

Supervision intensity at the second wave is largely predictable 
from supervision intensity at the first wave (83% of the variation 
in supervision intensity is stable over the first two time 
periods). As in the first wave, however, there is a cohort effect. 
Cohort 2 offenders, which is on the verge of dropping out of the 
study at wave 2, were supervised significantly less intensively at 
wave 2 than were their counterparts in cohorts 3 and 4. positive 
adjustment at wave 1 also exerted a weak positive effect on 
supervision intensity at wave 2. 

positive adjustment at wave 2 continues to be negatively associated 
with the nonwhite indicator. Moreover, property and "other" 
offenders performed significantly worse than violent and drug 
offenders controlling for other predictors at wave 2. A relatively 
weak negative effect for membership in cohort 2 is also evident 
along with a quadratic effect for supervision intensity. Figure 
~02 depicts the validation assessment for the wave 2 models. 

Wave 3 analysis indicated that supervision intensity at wave 2 was 
the sole statistically significant predictor of primary contact 
levels in the third wave. Analysis of positive adjustment at wave 
3 continued to reveal a negative effect for the nonwhite indicator 
as well as a negative effect for membership in cohort 3. The 

137We reiterate here that longitudinal data were not available 
for the DOC shock sample in south Carolina. 
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quadratic effect for primary contact levels also continues to be~ 
statistically significant at the third wave. Figure 103 presents 
the validation work for the wave 3 models. 

Analysis of the wave 4 supervision intensity data suggested a 
positive effect of an offender's having committed a violent offense 
on primary contact levels (although the result is only marginally 
significant). supervision intensity at wave 3 was the dominant 
predictor in this model, however. positive adjustment at wave 4 
continued to be negatively associated with the nonwhite indicator. 
The data at wave 4 also suggest that violent and drug offenders 
outperformed property and "other" offenders whil'2 offenders with 
prior criminal histories tended not to do as well as offenders that 
had no prior arrest or conviction. supervision intensity continued 
to be quadratically related to positive adjustment. Figure 105 
reveals the validation assessment for the wave 4 models. 

Figure 106 presents the partialed effects of supervision intensity 
for the cross-sectional analysis and the longitudinal study. These 
results indicate once again that there is less gain in positive 
adjustment per unit increase in contacts beyond 1.8 to 2.0 contacts 
per month. The curves suggest a diminishing returns function that 
is consistent with the results observed in Florida and Georgiao 

5.6.4 Summary 

The results of the analysis in South Carolina support two 
relatively consistent themes in the analyses across the states. 
First, the data suggest that there is no effect of shock 
incarceration on positive adjustment to community supervision. 
Second, the effect of supervision intensity on positive adjustment 
appears to be curvilinear. The inflection in the curves is evident 
at about 1.8 to 2.0 contacts per month and is very similar to the 
expected distributions observed in Florida and Georgia. The South 
Carolina data also reinforce other persistent findings: nonwhites 
tend not to adjust as well as whites while older offenders tend to 
adjust more posi ti vely than younger offenders. Moreover, the South 
Carolina analysis indicated that violent and drug offenders tend to 
outperform property offenders while subjects with prior records did 
not adjust as well as their counterparts who had never been 
arrested or convicted. 

• 

• 
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411 6. Discussion and Conclusions 

• 

• 

In this analysis, we sought to determine whether shock 
incarceration programs impart unique qualities to offenders that 
help them adjust more positively to community superv~s~on. 
utilizing a quasi-experimental design that compared shock 
incarceration programs to other correctional programs, such as 
probation and prison, the provided no support for the contention 
that shock program graduates perform dramatically better. Instead, 
the common denominator appears to be that the shock programs do at 
least no worse than the other correctional options we examined. 

Early in the analysis we made several observations about 
distributions of key variables in our analyses. Most promi.nent 
among these was the finding of a relatively uniform decrease in 
both positive adjustment scores and levels of supervision intensity 
over time. Further analysis revealed that these declines were 
evident in all states (to some degree) and that they tended to be 
relatively consistent across sample categories within states. The 
strength of these trends is questionable I however. Further 
analysis indicated that the raw wi thin-subj ect change on these 
variables was relatively small. But another analysis of the 
linkages between within-subject change for supervision intensity 
and wi thin-su'bj ect change fflr positive adjustment revealed that the 
two are indeed linked at the individual level as well as cross­
sectionally. As superv~s~on intensity scores declined or 
increased, positive adjustment scores tended to move in the same 
direction. since our analysis finds overall evidence of decline in 
both variables over time, limited though it is, there is 
reassurance in the finding that changes in them are linked within 
subjects. 

Analysis of predictor variable distributions across the sample 
categories reveals significant cause for concern. In every state, 
important differences in the samples were uncovered with the small 
number of study variables that were available to us. This leads us 
to wonder about important differences in the samples on study 
variables that were not available to us. To the extent that there 
are sample differences and positive adjustment differences on those 
omitted variables, the results of our analysis will be biased. 

The results in Florida provide the only reasonably strong evidence 
for a positive effect of the shock program. Indeed, if the results 
in Florida had been observed in the other states, our conclusions 
regarding the effect of the shock incarceration experience would 
have been substantially altered. Shock graduates in Florida 
achieved significa.ntly higher positive adjustment scores than both 
prison parolees and offenders who dropped out of the shock program. 
This pattern tends to take rOiJt at the outset of communi ty 
supervision and it persists throughout the one-year follow-up 
period. Shock offenders also do better than other offenders 
regardless of whether key variables such as offense type and 

---- ~~---------------~-------------~-~---~~ 
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supervision intensity are controlled. Indeed, the shock offenders ~ 
do better in the presence of these controls than in their absence. 

Analysis of the data in Louisiana, Georgia, New York, and South 
Carolina, however, suggested a less impressive effect for shock 
incarceration. In Louisiana, what appeared at first to be a lift 
in positive adjustment scores that could be attributed to the shock 
program, disappeared when supervision intensity indicators were 
controlled. When demographic characteristics and supervision 
intensi ty were controlled in our over-time models, there was 
evidence that the shock program graduates did not perform quite as 
well as the other groups. 

Similarly, higher than average positive adjustment scores among New 
York shock program graduates diminished considerably when 
demographic and criminal history characteristics were controlled. 
Although the shock graduates still appeared to do marginally better 
than a comparison group of shock dropouts, they did not do better 
than·a comparison group of prison parolees. The absence of a 
control for supervision intensity in these data is problematic. In 
every state studied in this paper, supervision intensi ty and 
positive adjustment scores were related to each other. We have no 
reason to believe that these same relationships are not present in 
New York. Supervision intensity and sample membership are also 
related in New York since shock offenders are required to spend at 
least the first six months ·of their parole period in intensive. 
supervision. The omission of this variable means that our . 
equations in New York are inherently misspecified and we draw our 
conclusions from the analysis of the New York data with caution. 

The data in Georgia and South Carolina are more definitive. 
Regardless of the analysis or the variables included in whatever 
model, the graduates of the shock programs in these two states did 
not have significantly higher positive adjustment scores. 

Reconciling the divergent finding in Florida with these results is 
not an easy task. One possibility is that unique qualities 
associated with the Florida program are responsible for more 
positive offender behavior after graduation. Such a suspicion 
would not be at odds with the available evidence. The results of 
a study of attitude changes in shock programs indicated that shock 
graduates in Florida improved their scores on antisocial attitude 
scales to a greater degree than shock graduates in other states 
(MacKenzie and Souryal, 1993). Another study focusing on 
recidivism patterns found that shock graduates and dropouts in 
Florida outperformed prison parolees on failure rates and time to 
failure (Souryal and MacKenzie, 1993). The Florida program did not 
emphasize treatment as much as some programs (e.g., Louisiana and 
New York) but did devote more time to rehabilitative activities 
than others (e.g., Georgia). 

The data also indicate that the Florida program (and the comparison. 
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groups in Florida) were comprised of offenders who were relatively 
unlikely to have a prior arrest or conviction. This stands in 
contrast to the analyses we conducted in the other states which 
indicated that the majority of offenders did have a prior arrest or 
conviction record. Perhaps the Florida shock program exerts unique 
effects when prior record is held constant in this fashion. Given 
the small number of offenders with prior records in this analysis, 
our controlling for prior record made no difference in any of the 
results. In fact, its effect was weaker than that of the new crime 
indicator and we, therefore, did not include it in our final 
Florida models. Whether there are important effects associated 
with the Florida program when first-time offenders are emphasized, 
however, seems to be a useful next question emerging from this 
research. 

There are other possibilities, too. The Florida program, as we 
noted earlier, has the highest attrition rate of any shock program 
that was studied in this analysis. Indeed, termination rates have 
approached and exceeded 50% in the past (see administrative summary 
or MacKenzie and souryal (1993». Such a high termination rate 
compels the question of whether shock graduates in Florida 
represent an atypical group of offenders. The unobservable (in 
these data) propensity to successfully complete a high attrition 
program such as the one in Florida may actually be the variable or 
a good indicator of the variable that drives positive adjustment 
during community supervision. We have evidence from the repeated 
measures analysis in Florida that this result is plausible. When 
the analysis was restricted to offenders who completed the entire 
one-year follow-up period, no effects for sample membership were 
evident. Thus, among offenders with a propensity to persist in the 
community supervision program" positive adjustment does not vary by 
sample category. 

The results in Florida notwithstanding, the preponderance of the 
data, in this set of analyses, clearly support the conclusion that 
shock incarceration has little if any effect on positive adjustment 
during community supervision. 

Although not originally the focal point of our study, the analysis 
did reveal that there is a generally positive relationship between 
supervision intensity and successful adjustment during community 
supervision. The estimation of these effects, in Florida, Georgia, 
and South Carolina (where offender contacts were used to measure 
intensity), revealed that they were nonlinear. The shape of the 
partial regression functions were quite similar across these three 
states. The usual pattern was a monotonically increasing function 
up to a medium level of supervision (around 1.8 to 2.0 monthly 
contacts in Florida, Georgia, and South Carolina). There was 
usually a consistent "leveling off" effect up to very high levels 
of supervision intensity. The regression functions were erratic at 
these very high levels of supervision intensity. In some analyses, 
the curve resumed an upward trajectory while in others, the 
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function curved downward. Since the third degree polynomial is a. 
relatively complicated function and the third degree is based on a 
very small number of cases, we do not emphasize the specification 
in the upper regions of the function. The "leveling off" pattern, 
however, is pronounced and appears in some form or another in every 
state. The consistency with which the pattern appears is a streng 
indicator of the possibility that increasing supervision intensity 
does not lead to consistent corresponding increases in expected 
values of positive adjustment. 

Finally, our analysis examined the effects of a number of other 
predictor variables on positive adjustment. The results indicated 
that nonwhites tended not to adjust as well as whites. Offenders 
who were older at the beginning of community supervision tended to 
adjust more positively than younger offenders. In most of the 
analyses, violent and drug offenders performed better than property 
offenders while offenders with evidence of prior trouble (including 
a confirmed criminal history or serving a current sentence for a 
technical violation of community supervision conditions) tended not 
to adjust as well as their counterparts with a less problematic 
past. 

The common-denominator conclusion from these analyses thUS appears 
to be that shock programs, by themselves, do not appear to 
instigate dramatic improvements in offender adjustment during 
community supervision. In fact, the analysis provides no SOlid. 
evidence that any particular comparison group outperformed other 
comparison groups. Although increased supervision intensity is 
associated with positive adjustment, the relationship, in these 
data appears to be nonlinear. since supervision is, by definition, 
labor-intensive, future research should examine whether there is 
truly a "diminishing-returns" effect. 

If one of the criteria for shock incarceration programs is that 
they induce incremental improvement in offender behavior then these 
shock programs largely did not measure up. On the other hand, the 
true value of these programs may not rest in their ability or 
observed propensity to modify behavior over the short term. 
Rather, changes in policy that lead to consistent and predictable 
correctional responses to offender behavior may yield posi ti ve 
results over the long term. Such programs may, therefore, be 
beneficial for their ability to increase the certainty of 
punishment. This is distinct from enhancing the correctional 
system's ability to increase the therapeutic value of its programs 
or the severity of punishment (Petersilia and Turner, 1993; Gowdy, 
1993). Moreover, expectations for what programs can accomplish 
should be tempered with a certain pessimism about the potential for 
modifying behavior in very short periods of time under tight fiscal 
and manpower constraints (Souryal and MacKenzie, 1993). 

In previous analyses, researchers have 
incarceration experience may reduce 

found that the ShOCk. 
anti-social attitudes 
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(MacKenzie and Souryal, 1993). But other research suggests that 
shock incarceration, like other intermediate sanctions, does not 
appear to lead to strong stable reductions in recidivism and other 
negative acti vi ties. Thus, the short-term improvement in attitudes 
that these programs appear to induce do not appear to translate 
into improved offender behavior. Although, more research needs to 
be conducted, the data acquired to date have not revealed dramatic 
improvements on these criteria that can be attributed to the use of 
intermediate sanctions. This analysis tends to confirm, rather 
than contradict, the existing data • 
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Table 1 

• state Sample Frequency Distributions 

State & Sample Number of Cases Percent of Total 

Florida 

Shock Graduates 112 38.8% 
Shock Dropouts 68 23.5% 
Prison Parolees 109 37.7% 
Total 289 100.0% 

Georgia 

Shock Graduates 79 30.2% 
Prison Parolees 98 37.4% 
Probationers 85 32.4% 
Total 262 100.0% 

Louisiana 

Shock Graduates 77 27.7% 
Prison Parolees 74 26.6% 
Probationers 111 39.9% • Shock Dropouts 16 5.8% 
Total 278 100.0% 

New York 

Shock Graduates 94 32.9% 
Shock Dropouts 97 33.9% 
Prison Parolees 95 33.2% 
Total 286 100.0% 

South Carolina 

DPPPS Shock Graduates 85 26.1% 
DOC Shock Graduates 84 25.8% 
Prison Parolees 64 19.6% 
Probationers 69 21.2% 
Split-probationers 24 7.4% 
Total 326 10000% 

• 
I 
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Table. 2 
Items and Overall Means For positive Adjustment Construct :iA 
Florida, Georgia, New York, and South Carolina lIP 

positive Adjustment Items 

Procedure: Increment the index by 1 for each applicable item, sum 
the items and divide by the total number of completed items (if at 
least eight items were evaluated). 

During this period was the offender: 

1. Employed, enrolled in school, or participating in a training 
program for more than 50% of the follow-up period. 

2. Held anyone job (or continued in educational or vocational 
program) for more than a three month-period during the follow­
up. 

3. Attained vertical (upward) mobility in employment, 
educational, or vocational program. 

4. For the last half of follow-up period, individual was self­
supporting and supported any immediate family. 

5 • Individual shows stabili ty in residency. Ei ther lived in 
the same residence for three months or moved at suggestion or 
with the agreement of supervising officer. 

6 . Individual has avoided any cri tical incidents that Sh. 
instability, immaturity, or inability to solve problems 
acceptably. 

7. Attainment of financial stability. This is indicated by the 
individual living within his means, opening bank accounts, or 
meeting debt payments. 

8. Participation in self-improvement programs. These could be 
vocational, educational, group counseling, alcohol, or drug 
maintenance programs. 

9. Individual making satisfactory progress during community 
supervision period. This could be moving downward in levels 
of supervision or obtaining final release within period. 

10. No illegal activities on any available records during the 
follow-up period. 

Descriptive statistics 

state N= Median Mean S.D. 

Florida 280 0.35 0.38 0.27 
Georgia 246 0.41 0.42 0.24 
New York 237 0.55 0.51 0.30 
South Carolina 326 0.50 0.46 0.29 

• 
-
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Table 3 
Items and Descriptive Statistics For Overall positive Adjustment 
Construct in Louisiana (N=278) 

positive Adjustment Items 

Procedure: Increment the index by 1 for each applicable item, sum 
the items and divide by the total number of completed items (if at 
least fourteen items were evaluated). 

1. Is subject working full-time or part-time? 
2. Is employer's evaluation of subject favorable? 
3. subject required to attend Alcoholics' Anonymous and 

is making satisfactory progress. 
4. subject required to attend drug treatment program and is 

making satisfactory progress. 
5. No positive aleo-sensor tests. 
6. No positive drug screens. 
7. Subject actively pursuing training or education and making 

satisfactory progress. 
8. No difficulties in family relationships. 
9. subject is avoiding relationships with delinquent peer 

groups. 
10. Attitude or appearance is satisfactory. 
11. Subject is compliant and cooperative. 
12. Subj ect has met curfews, provided information on where­

abouts, has not missed appointments, has not lied to 
officer. 

13. Subject accepts responsibility for actions. 
14. community supervisor evaluation is satisfactory. 
15. Subject displays evidence of emotional stability. 
16. Subject is making a successful adjustment. 
17. Subject is doing better than officer evaluation might 

otherwise indicate. 
18. Subject has not been arrested during this follow-up period. 

construct Descriptive statistics 

Median = 
Mean = 
S.D. = 

0.433 
0.438 
0.146 



Table 4: Positive Adjustment Item Means (Averaged Across All 
Available Measurement Periods For Each Subject) In Florid. 
Georgia, New York, south Carolina, and Louisiana· 

Item # FL GA NY SC 

Instrument 1 (Table 2) 

1 .415 .447 .589 .472 
2 .362 .430 .357 .497 
3 .181 .187 .094 .252 
4 .354 .393 .480 .478 
5 .648 .624 .801 .687 
6 .438 .552 .572 .502 
7 .278 .378 .447 .431 
8 .203 .174 .524 .234 
9 .381 .408 .558 .493 

10 .516 .575 .675 .554 

Range of Valid N= 279-282 245-246 237 325-326 

Instrument 2 (Table 3 • r LA Subjects Only: N=278) 

Item Mean Item Mean 

1 .567 10 .877 
2 .188 11 .746 
3 .117 12 .707 
4 .144 13 .697 
5 .130 14 .126 
6 .143 15 .741 
7 .032 16 .647 
8 .629 17 .155 
9 .397 18 .965 

aNote: Items are described in Table 2 for FL, GA, NY, and SC. 
Table 3 describes items used in Louisiana. For the computation of 
these means, there was a maximum of four measurement periods in all 
states except Louisiana where there was a maximum of twelve 
measurements. 
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Table 5A 

• Reliability Analysis of Linear positive Adjustment Scale by state: 
Florida, Georgia, New York, and South Carolina 

Follow-Up Point Mean Item-Total r Cronbach's a 

Florida 

Month 3 .5121 .8263 
Month 6 .5539 .8527 
Month 9 .6018 .8777 
Month 12 .5246 .8340 

Georgia 

Month 3 .5139 .8281 
Month 6 .5571 .8564 
Month 9 .5748 .8659 
Month 12 .5887 .8720 

New York 

Month 3 .5822 .8712 
Month 6 .6410 .8972 e Month 9 .6132 .8817 
Month 12 .6610 .9048 

South Carolina 

DPPPS Shock. Prison, Probation and Split-Probation Samples 

Month 3 .5391 .8401 
Month 6 .5985 .8769 
Month 9 .5788 .8666 
Month 12 .6252 .8893 

DOC Shock Sample 

Month 12 .5870 .8705 

t. 



Table 5B 
Reliability Analysis of Linear Positive Adjustment Scale ~ 
Lousisiana -

Follow-Up Point Mean Item-Total r Cronbach's ex 

Month 1 .3795 .8059 
Month 2 .3667 .7958 
Month 3 .3693 .7929 
Month 4 .4110 .8303 
Month 5 .4069 .8237 
Month 6 .3741 .8040 
Month 7 .3862 .8172 
Month 8 .3835 .8196 
Month 9 .3609 .7917 
Month 10 .3439 .7808 
Month 11 .3601 .8015 
Month 12 .3979 .8473 

• 
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Table 6 
Descriptive statistics For Monthly contact Variables In Florida, 
Georgia, and South Carolina& 

stateb 

Florida 

Primary contacts 
N= 
Range 
Median 
Mean 
Standard Deviation 

secondary contacts 
N= 
Range 
Median 
Mean 
Standard Deviation 

Georaia 

primary contacts 
N= 
Range 
Median 
Mean 
Standard Deviation 

South Carolina 

primary contacts 
N= 
Range 
Median 
Mean 
Standard Deviation 

Descriptive statistics 

276 
0.00 to 64.75 
2.25 
6.62 
9.53 

276 
0.00 to 17.78 
1.35 
2.83 
3.26 

241 
0.00 to 30.00 
1.82 
2.55 
3.07 

310 
0.00 to 12.67 
1.50 
1.73 
1.40 

aNote: contact data are averaged over all available measurement 
periods for each offender. 
~ote: contact data were not available in New York. 

1 



Table 7 
Supervision Intensity Indexes in Louisiana (N=27S) 

Items and Descriptive statistics 

Knowledge ,,,,,Index: 

Each response of "don't know" causes the index to increment by one 
unit: 

1. why subject isn't working (WS) 
2. whether subject is going to school (e1) 
3. whether having difficulty with family (i2) 
4. whether spending tirue with other offenders (i7) 
5. where subject is getting financial support (mis1) 
6. whether subject has physical health problems (mis2) 
7. whether subject shows signs of emotional instability (mis3) 
B. whether subject shows signs of mental health problems (mis4) 

Range=8i Median=1.0i Mean=1.24i std. Dev.=1.13 

Requirements Index: 

Each imposed requirement causes the index to increment by one uni~. 
Is subject required to: .., 

1. attend AA (sal) 
2. attend drug treatment (sa2) 
3. keep a curfew (pr4) 
4. keep agent informed of activities (pr6) 
5. make monthly appointments (prB) 
6. pay restitution (pr14) 

Range=5.86i Median=2.61i Mean=2.72; std. Dev.=1.11 

Surveillance IndexL 

Each reported contact increments the index by one unit: 

1. was employer contacted (w7) 
2. was teacher/administrator contacted (e3) 
3. was community service supervisor contacted (pr13) 
4. was subject tested for alcohol (sa4) 
5. was subject tested for drugs (sa6) 

Range=4; Median=O.39i Mean=O.71i std. Dev.=O.84 

• 



Table Sa 

• Study Attrition Sources by Treatment Sample in Florida 

Treatment Sample & Source Frequency Percent 

Total Number of Cases 289 100.0%-
Shock Sample 112 38.8% 
Dropout Sample 68 23.5% 
Prison Parolee Sample 109 37.7% 

completed 4 Measurement Periods 58 20.1%b 
Shock sample 21 18.8% 
Dropout Sample 6 8.8% 
Prison Parolee Sample 31 28.4% 

Revoked For A New Crime 49 17.0%b 
Shock Sample 15 13.4% 
Dropout Sample 11 16.2% 
Prison Parolee Sample 23 21.1% 

Revoked For A Technical Violation 28 9.7%b 
Shock Sample 6 5.4% 

I 
Dropout Sample 13 19,,1% 
Prison Parolee Sample 9 8.3% 

r • Absconding, Jail, Case pending, 
Or Arrest 83 28.7%b 

Shock Sample 37 33.0% 
Dropout Sample 17 25.0% 
Prison Parolee Sample 29 26.6% 

other/Unknown 71 24.6%b 
Shock Sample 33 29.5% 
Dropout Sample 21 30.9% 
Prison Parolee Sample 17 15 .. 6% 

·Percentages are the treatment samples' respective contributions 
to the total sample size. 
bpercentages represent the share of the treatment sample that 
experiences the attrition event. 
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Table 8b 
study Attrition Sources by Treatment Sample in Georgia 

Treatment Sample & Source Frequency Percent 

Total Number of Cases 262 100.0%a 
Shock Sample 79 30.2% 
Prison Parolee Sample 98 37.4% 
Probation Sample 85 32.4% 

Completed 4 Measurement Periods 63 24.1%b 
Shock Sample 26 32.9% 
Prison F<:~',lee Sample 25 25.5% 
Probatic" Sample 12 14.1% 

Legally Released 9 3.4%b 
Shock sample 0 0.0% 
Prison Parolee Sample 7 7.1% 
Probation Sample 2 2.4% 

Revoked For New Crime 34 13.0%b 
Shock Sample 15 19.0% 
Prison Parolee Sample 14 14.3% 
Probation Sample 5 5.9% • Revoked For Technical Violation 2.7%b 7 
Shock Sample 4 5.1% 
Prison Parolee Sample 0 0.0% 
Probation sample 3 3.5% 

Absconding Violation 9 3.4%b 
Shock Sample 2 2.5% 
Prison Parolee Sample 1 1.0% 
Probation Sample 6 7.1% 

Unknown/other 140 53.4%b 
Shock Sample 32 40.5% 
Prison Parolee Sample 51 52.0% 
Probation Sample 57 67.1% 

~Percentages are the treatment samples' respective contributions 
to the total sample size. 
bpercentages represent the share of the treatment sample that 
experiences the attrition event. 
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Table 8c 
study Attrition Sources by. Treatment Sample in Louisiana 

Treatment Sample & Source 

Total Number of Cases 
Shock Sample 
Prison Parolee Sample 
Probation Sample 
Shock Dropout Sample 

completed 4 Measurement Periods 
Shock sample 
Prison Parolee Sample 
Probation Sample 
Shock Dropout Sample 

Legally Released 
Shock Sample 
Prison Parolee Sample 
Probation sample 
Shock Dropout Sample 

Revoked For Any Reason 
Shock Sample 
Prison Parolee Sample 
Probation Sample 
Shock Dropout Sample 

Jailed 
Shock Sample 
Prison Parolee Sample 
Probation Sample 
Shock Dropout Sample 

Absconding 
Shock Sample 
Prison Parolee Sample 
Probation Sample 
Shock Dropout Sample 

Other/Unknown 
Shock Sample 
Prison Parolee Sample 
Probation Sample 
Shock Dropout Sample 

Frequency 

278 
77 
74 

111 
16 

178 
45 
38 
86 

9 

35 
10 
20 

3 
2 

15 
5 
4 
5 
1 

31 
11 

8 
9 
3 

12 
2 
4 
5 
1 

7 
4 
o 
3 
o 

Percent 

100.0%a 
27.7% 
26.6% 
3ge9% 

5.8% 

64.0%b 
58.4% 
51.4% 
77.5% 
56.3% 

12.6%b 
13.0% 
27.0% 

2.7% 
12.5% 

S.O%b 
6.5% 
5.4% 
4.5% 
6.3% 

11.2%b 
14.3% 
10.8% 

8.1% 
18.8% 

4.3tb 

2.6% 
5.4% 
4.5% 
6.3% 

2 ~5%b 
5.2% 
0.0% 
2.7% 
2.5% 

apercentages are the treatment samples' respective contributions 
to the total sample size. 
bpercentages represent the share of the treatment sample that 
experiences the attrition event. 

--- -------.~--



Table ad 
study Attrition Sources by Treatment Sample in New York 

Treatment Sample & Source Frequency Percent 

Total Number of Cases 286 1.00.0%' 
Shock Sample 94 32 9% 
Dropout Sample 97 33.9% 
Prison Parolee Sample 95 33.2% 

Completed 4 Measurement Periods 1.33 46.5%b 
Shock Sample 52 55.3% . 
Dropout Sample 35 36.1% 
Prison Parolee sample 46 48.4% 

Revoked For A New Crime 26 9.1%b 
Shock Sample 6 6.4% 
Dropout Sample 10 10.3% 
Prison Parolee Sample 10 10.5% 

Revoked For A Technical Violation 40 14.0%b 
Shock Sample 5 5,,3% 
Dropout Sample 22 22e7% 
Prison Parolee Sample 13 13.7% • Absconding 43 15.0%b 
Shock Sample 17 1.8.1% 
Dropout Sample 14 1.4.4% 
Prison Parolee Sample 12 12.6% 

Arrest 42 14.7th 

Shock Sample 13 1.3.8% 
Dropout Sample 15 1.5.5% 
Prison Parolee Sample 14 14.7% 

Legal Release 2 0.7%b 
Shock Sample 1. 1..1.% 
Dropout Sample 1. 1..0% 
Prison Parolee Sample 0 0.0% 

·percentages are the treatment samples' respective contributions 
to the total sample size. 
bpercentages represent the share of the treatment sample that 
experiences the attrition event. 

• 
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Table 8e 
study Attrition Sources by Treatment Sample in South Carolina 

Treatment Sample & Source Frequency Percent 

Total Number of Cases 326 100.0%-
DPPPS Shock Sample 85 26.1% 
DOC Shock Sample 84 25.8% 
Prison Parolee Sample 64 19.6% 
Probation Sample 69 21.2% 
Split-Probation Sample 24 784% 

Completed 4 Measurement Periods 165 68.2%b 
DPPPS Shock Sample 62 72.9% 
Prison Parolee sample 37 57.8% 
Probation Sample 47 68.1% 
Split-probation Sample 19 79.2% 

Revoked For A New Crime 16 6.6%b 
DPPPS Shock Sample 4 4.7% 
Prison Parolee Sample 4 6.3% 
Probation Sample 6 8.7% 
Split-Probation Sample 1 4.2% 

Revoked For A Technical Violation 12 5. O%b 
DPPPS Shock Sample 7 8.2% 
Prison Parolee Sample 2 3.1% 
Probation Sample 3 4.4% 
Split-Probation Sample 1 4.2% 

Absconding, Jail, Case Pending, 
or Arrest 20 8.3%b 

DPPPS Shock Sample 3 3.5% 
Prison Parolee Sample 11 17.2% 
Probation Sample 5 7.2% 
Split-Probation Sample 1 4.2% 

Other/Unknown 29 12.0%b 
DPPPS Shock Sample 9 10.6% 
Prison Parolee Sample 10 15.6% 
Probation sample 8 11.6% 
Split-Probation Sample 2 8.3% 

·percentages are the treatment samples' respective contributions 
to the total sample size. 
bpercentages represent the share of the treatment sample that 
experiences the attrition event • 

--- ---- --------



Table 9 ... 
Mean Number of study Periods Completed By Sample For Each State 

state and Sample 
N= Mean 

Florida 
Shock Graduatesa 

112 2.277 Shock Dropoutsb 
68 1. 691 Prison Parolees· 109 2.532 Total 

289 2.235 F (2,286) = 10.44; p < .001 

Georgia 
Shock Graduates. 79 2.418 Prison Parolees. 98 2.194 Probationers· 85 2.047 Total 

262 2.214 F(2,2.59) = 1.39; p < .250 

Louisiana 
Shock Graduates.,b 77 3.234 Prison Paroleesb 74 3.081 Probationers' 111 3.62.2 Shock Dropoutsb 

16 3.000 Total 
278 3.335 F (3,274) = 5. 76; P < .001 

New York 
Shock Graduates. 94 2.798 Shock Dropoutsb 

97 2.124 Prison Parolees.,b 95 2.442 Total 
286 2.451 F (2,283) = 4.20; p < .016 

South Carolina 
DPPPS Shock Graduates. 85 3.541 Prison Parolees. 64 3.344 Probationers· 

69 3.420 split-Probationers· 24 3~542 Total 
242 3.455 F (3,138) = 0.67; p < .568 

INote: Samples with different letters are significantly different 
at the .05 a error level using a Duncan multiple range test • 

• 

• 
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Table 10 
Joint Sample by Exit Cohort Distributions Within states· 

state and SampleC: 

Florida ¢2 
Shock Graduates 
Shock Dropouts 
Prison Parolees 
Total 

Missing 

= .010; P < 
.107 
.132 
.08'/ 
.080 

Georgia ¢2 = .092; P < 
Shock Graduates .101 
Prison Parolees .245 
Probationers .177 
Total .179 

Louisiana ¢2 = .113; P < 
Shock Graduates .000 
Prison Parolees .000 
Probationers .009 
Shock Dropouts .063 
Total .007 

New York ¢2 = 
Shock Graduates 
Shock Dropouts 
Prison Parolees 
Total 

.046; P < 
.117 
.237 
.:200 
.185 

South Carolina ¢2 = .053; P < 
DPPPS Shock Graduates 
Prison Parolees 
Probationers 
Split Probationers 
Total 

1 

.001 

.179 

.338 

.358 

.232 

.002 

.190 

.082 

.212 

.157 

.002 

.065 

.081 

.036 

.125 

.061 

.107 

.138 

.217 

.158 

.171 

.174 

.035 

.063 

.073 

.125 

.062 

Exit Cohortb 

2 

.232 

.324 

.368 

.263 

.228 

.163 

.141 

.:1.78 

.221 

.270 

.054 

.125 

.162 

.128 

.093 

.126 

.115 

.118 

.109 

.116 

.000 

.103 

3 

.295 

.118 

.369 

.225 

.152 

.255 

.329 

.248 

.130 

.135 

.126 

.125 

.130 

.064 

.093 

.032 

.063 

.118 

.250 

.130 

.083 

.153 

4 

.188 

.088 

.535 

.201 

.329 

.255 

.141 

.241 

.584 

.514 

.775 

.563 

.640 

.553 

.361 

.484 

.465 

.729 

.578 

.681 

.792 

.682 

aNote: cf>~ is a PRE measure of association calculated by x2/n 
(Blalock, 1979). 
~ote: Exi t cohort categories are constructed as described in 
Figures 1-5. The "Missing" cohort refers to subjects with no 
positive adjustment score for the first quarter of the follow-up 
period. 
CNote: Entries are proportions of the tr:~atment sample in each exit 
cohort. Proportions sum to ~1. 0 across", columns • 



Table 11 
Changes in Composition of Analysis Files Over Time: variation. 
Fixed Effect Means at Each Follow-Up Wave (etM" denotes Month) 

state and Predictor 

Florida N= 

Shock Sample (0/1) 
Dropout Sample (0/1) 
Prison Sample (0/1) 
Nonwhite Indicator (0/1) 
Age @ Comma Supv. 
Offense=Violent (0/1) 
Offense=Property (0/1) 
Offense=Drug (0/1) 
New Crime Indicator (0/1) 

Georgia N= 

Shock Sample (0/1) 
Prison Sample (0/1) 
Probation Sample (0/1) 
Nonwhite Indicator (0/1) 
Age @ Comma Supv. 
Offense=Violent (0/1) 
Offense=Property (0/1) 
Offense=Drug (0/1) 
New Crime Indicator (0/1) 
Prior Offense Indicator (0/1) 

Louisiana N= 

Shock Sample (0/1) 
Prison Sample (0/1) 
Probation Sample (0/1) 
Dropout Sample (0/1) 
Nonwhite Indicator (0/1) 
Age @ Comma Supv. 
New Crime Indicator (0/1) 
Prior Offense Indicator (0/1) 

(Continued) 

M3 

266 

.376 

.222 

.402 

.571 
19.4 

.335 

.523 

.143 

.838 

215 

.330 

.344 

.326 

.628 
21.7 

.149 

.581 

.270 

.813 

.428 

.279 

.268 

.399 

.054 

.638 
25.1 

.744 

.736 

Means 

1-16 

199 

.402 

.181 

.417 

.603 
19.4 

.367 

.492 

.141 

.839 

174 

.322 

.379 

.299 

.632 
21.7 

.149 

.575 

.276 

.792 

.460 

259 

.278 

.263 

.409 

.050 

.633 
25.3 

.751 

.733 

M9 

123 

.439 

.114· 

.447 

.593 
19.7 

.415-

.431 

.154 

.846 

128 

.297 

.391 

.313 

.656 
21.6 

.164 

.617 

.219 

.781 

.453 

214 

.257 

.224 

.467 

.051 

.620 
25.2 

.810 

.740 

M12 

58 

.362 

.103-

.534-
.517 

19.7 
.362 
.466 
.172 
.845 

63 

.413-.3. 

.1 
.683 

21.7 
.175-
.619 
.206· 
.762 
.460 

178 

.253 
.213" 
.483-
.051 
.605 

25.6 
.800 
.762 

-Denotes changes that deviate ± 20% from baseline score (Month 3) • 
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Table 11 (Continued) 
Changes in composition of Analysis Files Over Time: Variation in 
Fixed Effect Means at Each Follow-Up Wave ("M" denotes Month) 

Means 

state and Predictor M3 M6 M12 

New York N= 233 184 151 133 

Shock Sample (0/1) .356 .380 .384 0391 
Dropout sample (0/1) .318 .288 .291 .263 
prison Sample (0/1) .326 .332 .325 .346 
Nonwhite Indicator (0/1) .803 .783 .781 e774 
Age @ First Arrest 18.1 18.3 18.4 18.5 
Offense=Other/Violent (0/1) .240 .245 ~225 &226 
Offense=Property (0/1) .206 .196 .192 .180 
Offense=Drug (0/1) .554 .560 .583 .594 
Prior Offense Indicator (0/1) .893 .880 .881 .872 

south Carolina N= 242 227 202 165 

DPPPS Shock Sample (0/1.) .351 .361 .356 .376 
prison Sample (0/1) .264 .264 .262 .224 
Probation Sample (0/1) .285 .282 .277 .285 
split-probation Sample (0/1) .099 .093 .104 .115 
Nonwhite Indicator (011) .562 .551 .530 .540 
Age @ Comm. Supv. 21.1 21.1 21.1 21..2 
Offense=Violent (011) .140 .145 .119 .121 
Offense=Property (0/1) .640 .621 .639 .606 
Offense=Drug (0/1) .219 .233 .243 .273-
New Crime Indicator (0/1) .884 .885 .886 .915 
prior Offense Indicator (OIl) .591 .581 .594 .600 

-Denotes changes that deviate ± 20% from baseline score (Month 3). 

1_- __ ._ .. _. 



Table 12 
Sample Comparisons on Categorical Predictor Variables in Flori~ 

Sample Study Variable Distributions 

Race I Ethni,s:~i ty N= White 

Shock Graduates 112 42.9% 
Shock Dropouts 68 51.5% 
Prison Parolees 109 38.5% 
Total 289 43.3% 

X2m = 2.868; p < .238 

Current Offense N= Violent 

Shock Graduates 112 24.1% 
Shock Dropouts 68 29.4% 
Prison Parolees 109 42.2% 
Total 289 32.2% 

X2 (4) = 19.248; P < .001 

Type of Offense 

Shock. Graduates 
Shock Dropouts 
Prison Parolees 
Total 

Prior Offenses 

Shock Graduates 
Shock Dropouts 
Prison Parolees 
Total 

X2~ = 1.3; p < .522 

(Continued) 

N= New Crime 

112 77.7% 
68 83.8% 

109 89.9% 
289 83.7% 

N= No Priors 

112 ,69.6% 
68 '70.6% 

109 76.2% 
289 72.3% 

Nonwhite 

57.1% 
48.5% 
61.5% 
56.8% 

Drug 

22.3% 
4.4% 

11.9% 
14.2% 

Property/Other 

53.6% 
66.2% 
45.9% 
53.6% 

Technical Violation 

22.3% 
16.2% 
10.1% 
16.3% 

Priors Indicated 

30.4% 
29.4% 
23.9% 
27.7% 

• 

• 
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Table 12 (continued) 
Sample comparisons on continuous Predictor variables In Florida1 

Sample study Variable Distributions 

Age at community Supervision N= 

Shock Graduates~b 112 
Shock Dropoutsb 68 
Prison Parolees· 109 
Total 289 

F (2.286) = 2. 76; P < • 065 

Mean 

19.3 
19.0 
19.7 
19.4 

S.D. 

1.9 
1a8 
1.9 
1.9 

INote: Samples with different letters are significantly different 
at the .05 a error level using a Duncan multiple range test. 



Table 13 
Sample comparisons on categorical Predictor Variables in Georgi~ 

Sample 

Race/Ethnicity N<>= 

Shock Graduates 79 
Prison Parolees 98 
Probationers 85 
Total 262 

X2 (2) = 2.456; P < .293 

Current Offense N= 

Shock Graduates 79 
Prison Parolees 98 
Probationers 85 
Total 262 

X2 (4) = 10.2; P < .037 

Type of Offense N= 

Shock Gra~uat;es 79 
Prison Parolees 98 
Probationers 84 
Total 261 

X2 -(2) - 38.248; p < .001 

Prior Offenses N= 

Shock Graduates 79 
Prison Parolees 98 
Probationers 85 
Total 262 

x2 m = 78.897; p < Q001 

(Continued) 

study Variable Distributions 

White Nonwhite 

40.5% 59.5% 
32.7% 67.4% 
43.5% 56.5% 
38.6% 61.5% 

Violent Drug Property/other 

17.7% 19.0% 63.3% 
20.4% 29.6% 50.0% 

7.1% 31.8% 61.2% 
15.3% 27.1% 57.6% 

New Crime Technical Violation • 82.3% 17.7% 
62.2% 37.8% 
98.8% 1.2% 
80.1% 19.9% 

No Priors Priors Indicated 

60.8% 39.2% 
24.5% 75.5% 
89.4% 10.6% 
56.5% 43.5% 

• 
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Table 13 (continued) 
Sample Comparisons on continuous Predictor Variables in Georgia1 

sample study Variable Distributions 

Age at communit~ supervision N= 

Shock Graduates· 76 
Prison Parolee~ 97 
probationers· ~5 
Total 258 

F(2.2SS) = 37.5; p < .001 

Mean 

20.5 
2304 
21.0 
2108 

S.D. 

1.9 
2.7 
2.5 
2.8 

INote: Samples with different letters are significantly different 
at the .05 a erro~ level using a Duncan multiple range test. 

-~--~---~ ------ -- -- -----~- -------------~-----~--~----~~--~--~--



Table 14 
Sample comparisons on categorical Predictor Variables 
in Louisiana 

Sample 

RacelEthnicit~ N= 
Shock Graduates 71 
Prison Parolees 74 
Probationers 110 
Shock Dropouts 15 
Total 270 

X2 (3) = 4.352; p < .226 

Current Offense N= 
Shock Graduates 69 
Prison Parolees 71 
Probationers 96 
Shock Dropouts 15 
Total 251 

X2 (6) = 11.736; p < .068 

TYpe of Offense N= 

Shock Graduates 71 
Prison Parolees 73 
Probationers 97 
Shock Dropouts 15 
Total 256 

X2 (3) = 24.572; p < .001 

Prior Offenses N= 

Shock Graduates 71 
Prison Parolees 74 
Probationers 110 
Shock Dropouts 15 
Total 270 

X2~ = 6.22; p < .101 

(Continued) 

study Variable Distributions 

White 
42.3% 
29.7% 
35.5% 
53.3% 
36.7% 

Violent 
5.8% 

16.9% 
7.3% 
0.0% 
9.2% 

New Crime 

66.2% 
63.0% 
91.8% 
60.0% 
74.6% 

No Priors 

19.7% 
31.1% 
30.0% 

6.7% 
26.3% 

Nonwhite 
57.8% 
70.3% 
64.6% 
46.7% 
63.3% 

Drug 
30.4% 
22.5% 
36.5% 
20.0% 
29.9% 

PropertYiother 
63.8% 
60.6% 
56.3% 
80.0% 
61. 0% 

Technical Violation 

33.8% 
37.0% 

8.3% 
40.0% 
25.4% 

Priors Indicated 

80.3% 
68.9% 
70.0% 
93.3% 
73.7% 

,------------------'-'~---------.--------- --~------
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Table 14 (Continued) 
Sample COlIlparisons on continuous Predictor variables 
in Louisiana1 

sample study Variabl. ".' Distributions 

Age at community Supervision N= Mean S.D. 

Shock Graduates· 75 23 .. 8 4.8 
Prison Paroleesb 74 27.0 5.7 
Proba tioners· 110 24.5 5.3 
Shock Dropouts··b 16 2S.8 408 
Total 275 25.1 S.3 

F rJ•271) = 5.42; p < .002 

Age at First Arrest N= Mean S.D. 

Shock Graduates· 60 19.5 3.8 
Prison Paroleesb 67 22.3 S.3 
Probationers .. b 110 20.8 4.S 
Shock Dropouts· 14 19.2 laS 
Total 251 20.8 4.6 

Fa.U7) = 4.74; p < .004 

-----l 

INote: Samples with different letters are significantly different 
at the .OS a error level using a Duncan multiple range test • 



Table 15 
sample comparisons on categorical Predictor variables in New Yo~ 

Sample Study Variable Distributions 

Race/Ethnicity N= White Nonwhite 

Shock Graduates 94 17.0% 83.0% 
Shock Dropouts 97 16.5% 83.5% 
Prison Parolees 95 17.9% 82.1% 
Total 286 17.1% 82.9% 

X2m = 0.067; p < .967 

Current Offense N= Drug Other/Violent Property 

Shock Graduates 94 68.1% 16.0% 16.0% 
Shock Dropouts 97 48.5% 26.8% 24.7% 
Prison Parolees 95 44.2% 28.4% 27.4% 
Total 286 53.5% 23.8% 22.7% 

X2 (4) = 12.354; P < .01.5 

Prior Offenses N= No Priors Priors Indicated • 
~ Shock Graduates 94 18.1% 81.9% 

Shock Dropouts 97 5.2% 94.9% 
Prison Parolees 95 5.3% 94.7% 
Total 286 9.4% 90.6% 

X2 (2) = 12.240; p < .002 

(Continued) 
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Table 15 (continued) 
sample Comparisons on continuous Predictor Variables in New York1 

sample study Variable Distributions 

Age at cOlIllTlunity SU12ervision N= Mean S.D~ 

Shock Graduates' 94 22.1 2.6 
Shock Dropouts' 97 22.1 2.2 
Prison Parolees· 95 21.7 2.4 
Total 286 22.0 2.4 

F(.?283) = 1.00; p < .367 

Age at First Arrest N= Mean. S.D. 

Shock Graduates' 94 "© .) I'" ,,., , 

Shock Dropoutsb 97 l'L 10 'J7 
Prison Paroleesb 95 17.5 108 
Total 286 18.0 ({g2 

F (2.283) = 16eOl; p < .001 

INote: Samples with different letters are significantl:rr different 
at the .05 a error level using a Duncan multiple range test • 
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Table 16 
Sample comparisons on Categorical Predictor Variables 
in South Carolina 

sample 

Race/Ethnicity 

DPPPS Shock 
DOC Shock 
Prison Parolees 
Probationers 
Split-probationers 
Total 
Xz~ = 10.845; p < .028 

study Variable Distributions 

N= White Nonwhite 

85 50.6% 49.4% 
84 26.2% 73.8% 
64 39.1% 60 .. 9% 
69 42.0% 58.0% 
24 37.5% 62.5% 

326 39.3% 60.7% 

.... -

Current Offense N= Violent Drug Property/other 

DPPPS Shock 
DOC Shock 
Prison Parolees 
Probationers 
Split-probationers 
Total 
X2~ = 12.143; p < .145 

85 
83 
64 
69 
24 

325 

14.1% 23.5% 62.4% 
9.6% 34.9% 55.4% 

20.3% 17.2% 62.5% 
11.6% 20.3% 68.1% 

4.2% 33.3% 62.5% 
12.9% 25.2% 61.9% 

Type of Offense N= New Crime Technical Violation 

DPPPS Shock 
DOC Shock 
Prison Parolees 
Probationers 
Split-Probationers 
Total 
X2~ = l5.861; P < .003 

Prior Offenses 

DPPPS Shock 
DOC Shock 
Prison Parolees 
Probationers , 
Split-Probationers 
Total 
X2~ = 30.365; p < .001 

(Continued) 

85 
84 
64 
69 
24 

326 

N= 

85 
84 
64 
69 
24 

326 

87.1% 12.9% 
95.2% 4.8% 
81.3% 18.8% 
98.6% 1.5% 
83.3% 16.7% 
90.2% 9.8% 

No Priors Priors Indicated 

47.1% 52.9% 
9.5% 90.5% 

39.1% 60.9% 
37.7% 62.3% 
33.3% 66.7% 
32.8% 67.2% . 

• 
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Table 16 (continued) 
sample comparisons on continuous Predictor Variables 
in South Carolina l 

sample study Variable Distributions 

Age at community SU12ervision N= Mean S.D. 
DPPPS Shock' 85 20.6 2.1 
DOC Shock' 84 21.1 2.3 
Prison Parolees' 63 21.0 1.9 
Probationers' 68 21.1 2.2 
Split-probationersb 23 23.4 2.0 
Total 323 21.1 2.2 
F(4,318) = B. 07 ; P < .001 

Age at First Arrest N= Mean S.D. 
DPPPS Shock' 85 18.8 1.9 
DOC Shock6 82 18.3 2.9 
Prison Parolees' 64 18.7 1.7 
Proba tionersb 69 19.7 2.3 
Split-probationersb 24 19.8 2.6 
Total 324 18.9 2.4 
F(4,319) = 4.69; p < .002 

INote: Samples with different letters are significantly different 
at the .05 a error level using a Duncan multiple range test. 

l _______ _ 
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Table 17 
Effects of Natural Log Transformatiun of Overall Supervision • 
Intensity Indicators In Florida, Georgia, Louisiana, 
and South Carolinaa 

state and Indicator Median Mean S.D. Skewness 

Fl,;:,rida 

Primary Contacts 2.25 6.63 9.53 +2.,25 
Primary Contacts' 1.18 1.50 0.94 +0.91 
Secondary Contacts 1.35 2.83 3.26 +1.99 
Se~ondary Contacts' 0.98 1.12 0.71 +0.73 

Georgia 

Primary Contacts 1.82 2.55 3.07 +4.60 
primary contacts' 1.04 1.08 0.56 +0.90 

Louisiana 

Knowledge Index 1.00 1.24 1.13 +1.65 
Knowledge Index' 0.G9 0.70 0.46 +0.32 
Surveillance Index 0.39 0.71 0.84 +1.35 
Surveillance Index' 0.33 0.43 0.43 +0.69 • South Carolina 

Primary Contacts 1.50 1. 73 1.40 -,.~. 95 
Primary contacts' 0.92 0.90 0.43 +0.27 

aNote: The prime symbol ( , ) denotes the log transform of the 
indicator. 
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Table 18 
Repeated Measures Analysis of Variance Tests For Decay in 
primary contact Levels Over study Period In Florida 

Time Period 

Three Month Analysis 

Primary contacts @ Month 3 

six Month Analysis 

Primary Contacts @ Month 3 
Primary contacts @ Month 6 

Ho: No within Subject Change: 

Nine Month Analysis 

Primary Contacts @ Month :3 
Primary Contacts @ Month 6 
Primary Contac'ts @ Month 9 

Ho: No within Subject Change: 

Twelve Month Analysis 

Primary contacts @ Month :3 
Primary Contacts @ Month 6 
Primary Contacts @ Month 9 
Primary contacts @ Month 12 

Ho: No within Subject Change: 

N= 

276 

217 
217 

Log 
Mean 

1.56 

1~54 

1.33 

F (l,216r1,'. 40; 

141 1.55 
141 1.33 
141 1.25 

F (2,139;=9 .16 ; 

73 1.63 
73 1.49 
73 1.45 
73 1.38 

P < 

P < 

Raw 
Mean 

7045 

7.20 
5.91 

.001 

7.52 
5.86 
5.21 

.001 

8.48 
6.53 
5.99 
5.79 

F (3:10;=1.94; p < .131 

1 __ - __ ____ ___ ___ ___ _ __ ______ __ _______ _ ______________ ____ _ _ ___ _ 
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Table 19 • 
Repeated Measures Analysis of Variance Tests For Decay in 
Secondary contact Levels Over study Period In Florida 

Time Period 

Three Month Analysis 

Secondary Contacts @ Month 3 

Six Month Analysis 

Secondary contacts @ Month 3 
Secondary contacts @ Month 6 

Ho: No within Subject Change: 

Nine Month Analysis 

Secondary Contacts @ Month 3 
Secondary contacts @ Month 6 
Secondary Contacts @ Month 9 

Ho: No within Subject Change: 

Twelve Month Anal.,Ys.is 

Secondary Contacts @ Month 3 
Secondary Contacts @ Month 6 
Secondary contacts @ Month 9 
Secondary Contacts @ Month 12 

Ho: No within Subject Change: 

N= 

276 

217 
217 

Log 
Mean 

1.12 

1~09 

0.94 

F (1,216;=1.5 • 821. ; P 

141 1.13 
141 0.99 
141 0.92 

F (2,139;=6. 655; P < 

73 1.15 
73 1.06 
73 1.03 
73 0.92 

F (3,70;=3.484; p < 

< 

Raw 
Mean 

3.08 

2.93 
2.45 

.001. 

3.08 
2.67 
2.49 

.001. 

3.29 
2.85 
2.73 
2.38 

.020 

• 

• 
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Table 20 
Repeated Measures Analysis.of Variance Tests For Decay in 
primary contact Levels Over study Period In Georgia 

Time Period 

Three Month Analysis 

Primary contacts @ Month 3 

six Month Analysis 

Primary contacts @ Month 3 
Primary contacts @ Month 6 

Ho: No within subject Change: 

Nine Month Analysis 

Primary contacts @ Month 3 
Primary contacts @ Month 6 
Primary contacts @ Month 9 

Ho: No within Subject Change: 

Twe~ve Month Analysis 

Primary contacts @ Month :3 
Primary contacts @ Month 6 
Primary contacts @ Month 9 
Primary contacts @ Month 12 

Ho: No Within Subject Change: 

N= 

241 

226 
226 

Log 
Mean 

1.17 

1.18 
0.99 

F (l,mr17. 78; 

175 1.23 
175 1.07 
175 0.94 

F (2.173)=11 • 74; 

91 1.27 
91 1.07 
91 1 .. 00 
91 0.88 

P < 

P < 

Raw 
Mean 

3.13 

3.07 
2.50 

.001 

3.29 
2.83 
2.23 

.001 

3.35 
2.88 
2.47 
2.16 

F (3.88)=8.20; p < .001 

l ____________________________________________________________________ _ 



Table 21 
Repeated Measures Analysis of Variance Tests For Decay in ~ 
Knowledge Index Scores Over Study Period In Louisiana 

Time Period 

Three Month Analysis 

Knowledge Index @ Month 3 

Six Month Analysi!.;! 

Knowledge Index @ Month 3 
Knowledge Index @ Month 6 

Ho: No within subject change: 

Nine Month Analysis 

Knowledge Index @ Month 3 
Knowledge Index @ Month 6 
Knowledge Index @ Month 9 

Ho: No within subject change~ 

Twelve Month Analysis 

Knowledge Index @ Month 3 
Knowledge Index @ Month 6 
Knowledge Index @ Month 9 
Kllowledge Index @ Month 12 

Ho: No within Subject Change: 

N= 

278 

262 
262 

Log 
Mean 

0.67 

(l.67 
0.63 

F(l.261)=2 .305; 

221 0.68 
221 0.65 
221 0.66 

F (2,219)=0 • 4 76 i 

184 0.67 
184 0.65 
184 0.64 
184 0.67 

F (3.181rO .411; 

P < 

P < 

P < 

Raw 
Mean 

1.24 

1.25 
1.15 

.130 

1.26 
1.19 
1.28 

.622 

1.23 
1.18 
1.21 
1.32 

.745 

• 

• 



• 
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Table 22 
Repeated Measures Analysis of Variance Tests For Decay in 
surveillance Index Scores Over Study Period In Louisiana 

Time Period 

Three Month Analysis 

Surveillance Index @ Month 3 

Six Month Analysis 

Surveillance Index @ Month 3 
Surveillance Index @ Month 6 

Ho: No within Subject Change: 

Nine Month Analysis 

Surveillance Index @ Month 3 
Surveillance Index @ Month 6 
surveillance Index @ 110nth 9 

Ho: No within Subject Change: 

Twelve Month Analysis 

Surveillance Index @ Month 3 
Surveillance Index @ Month 6 
Surveillance Index @ Month 9 
Surveillance Index @ Month 12 

Ho: No Within Subject Change: 

N= 

278 

262 
262 

Log 
Mean 

0.47 

0.48 
0.45 

F (1,251;=1 .134; 

221 0.46 
221 0.46 
221 0.32 

F (2.219r16. 662; 

184 0.47 
184 0.45 
184 0.33 
184 0.25 

~? < 

p 

F (3,181)=13.2; p < 

< 

Raw 
Mean 

O~87 

0.87 
0~80 

.288 

0.83 
0.81 
0.50 

.001 

0.84 
0.82 
0.51 
0.37 

.001 

~-l 



Table 23 
Repeated Measures Analysis of Variance Tests For Decay in • 
Requirements Index Scores Over study Period In Louisiana 

Time Period N= Raw Mean 

oq. ... , 

Three Month Analysis 

Requirements Index @ Month 3 278 2.87 

six Month Analysis 

Requirements Index @ Month 3 262 2.89 
~equirements Index @ Month 6 262 2.84 

Ho: No within Subject Change: F (1.261)=0 ~ 79; P < .375 

Nine Month Analysis 

Requirements Index @ Month 3 221 2.90 
Requirements Index @ Month 6 221 2.93 
Requirements Index @ Month 9 221 2.63 

Ho: No within Subject Change: F(2.219;=11.165; p < • 001 • Twelve Month Analvsis 

Requirements Index @ Month 3 184 2a95 
Requirements Index @ Month 6 184 2.96 
Requirements Index @ Month 9 184 2.70 
Requirements Index @ Month 12 184 2.39 

Ho: No within Subject Change: F(3.18l)=lS.B94; p < .001 

• 
I 



• 

• 
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Table 24 
Repeated Measures Analysis.of Variance Tests For Decay in 
Primary contact Levels Over study Period In South Carolina' 

Time Period 

Three Month Analysis 

Primary contacts @ Month 3 

six Month Analysis 

Primary contacts @ Month 3 
Primary contacts @ Month 6 

Ho: No Within Subject Change: 

Nine Month Analysis 

Primary contacts @ Month 3 
Primary contacts @ Month 6 
Primary contacts @ Month 9 

Ho: No within Subject Change: 

Twelve Month Analysis 

Primary contacts @ Month 3 
Primary contacts @ Month 6 
Primary contacts @ Month 9 
Primary contacts @ Month 12 

Ho: No Within Subject Change: 

N= 
Log 
Mean 

231 1.05 

229 1.05 
229 0.98 

Raw 
Mean 

2.35 

2.35 
2.12 

F (1.228)=13.83 i P < .001 

211 1.06 
211 0.99 
211 0.83 

F(2.209r17 .47 i P < .001 

172 1.07 
172 0.99 
172 0.86 
172 0.71 

2.38 
2.13 
1.68 
1.33 

F (3.169)=19.55 i P < .001 

aNote: Analyses do not include .the s.c. DOC shock sample • 

-



overall supervision Intensity by Treatment sample In Florida' Table 25 

Treatment sample 

Shock Graduates& 
Shock oropouts

b 

prison paroleesb 

Total 

Fa~m = 6.10; P < .001 

§econdary contact 'Level§ 

Shock Graduates& 
Shock Dropouts

b 

prison paroleesb 

N= 

106 
65 

105 

276 

106 
65 

105 

276 

0.93 3 
1.184 
1.188 

1.088 

• 

Total 

'Note: samples with different letters are significantly different ~ 
at the .05 a error level using a Duncan multiple range test. 
'Note: Means are the natural log transforms of original variables • 

F (2:273) = 4. 91; P < . 0
0 

B 

• 



~ ~--------------------------------------

• 
Table 26 
Repeated Measures Analysis of Variance Tests For changes In Primary 
contacts Over Time By Treatment Sample In Florida· 

Treatment Sample M3 

Month 3 Analysis 

Shock Graduates (N=106) 1.34 
Shock Dropouts (N=65) 1.61 
Prison Parolees (N=105) 1.75 

Sample: F(2.273) = 6.7; p < • oo~ 

Month 6 Analysis 

Shock Graduates (N=89) 
Shock Dropouts (N=43) 
Prison Parolees (N=85) 

1.29 
1.56 
1.78 

M6 

1.09 
1.44 
1.54 

M9 

Sc;tmp~e: Fq.214) = 6.58; p < .002 
W~th~n-SubJect Change: F(1.:ZU) = ~3.6~4; P < .001 
Within-Subject Change x Sample: F(2.2U) = 0.387; P < .680 

M12 

~ Month 9 Analysi~ 

• 

Shock Graduates (N=60) 
Shock Dropouts (N=18) 
Prison Parolees (N=63) 

1.23 
1.50 
1.88 

1.02 
1.49 
:' .• 59 

0.93 
1.32 
1.54 

s~mp~e: Fq.lJ8) = 8.48; P < .001 
Wl.th~n-SubJect Change: F a.IJ7) = 5.0~5; P < .008 
Within-Subject Change x Sample: F~2~ = 0.499; p < .737 

Month 12 Analvsis 

Shock Graduates (N=29) 
Shock Dropouts (N~8) 
Prison Parolees (N=36) 

1.32 
1.39 
1.94 

1.22 
1.44 
1.72 

1.21 
1.45 
1.65 

s~mp~e: F q.7rJ) = 3.42; p < .038 
W~th~n-Sub)ect Change: F~~ = 0.6~8; P < .606 
Within-Subject Change x Sample: F(6.I36) = 0.3~8; P < .927 

1.07 
1.43 
1.62 

aNote: M=Month and means are natural log transformations • 



Table 27 
Repeated Measures Analysis of Variance Tests For Changes 4It 
Secondary contacts Over Time By Treatment sample In Florida-

Treatment Sample M3 

Month 3 Analysis 

Shock Graduates (N=106) 0.98 
Shock Dropouts (N=65) 1.18 
Prison ~arolees (N=105) 1.22 

Sample: F(2.27J} = 4.9; p < .008 

Month 6 Analysis 

Shock Graduates (N=89) 
Shock Dropouts (N=43) 
Prison Parolees (N=85) 

0.95 
1.12 
1.23 

M6 

0.83 
0.94 
1.05 

M9 M12 

sc:mp~e: F q.2U) = 3.32; p < .038 
W~th~n-SubJect Change: F(1214) = ~5.0~9; P < .OO~ 
Within-Subject Change x Sample: F(2.2U) = 0.359; p < .699 

Month 9 Analysis 

Shock Graduates (N=60) 
Shock Dropouts (N=18) 
Prison Parolees (N=63) 

0.95 
1.11 
1.30 

0.85 
0.98 
1.13 

0.76 
0.74 
1.12 

Sample: Fa.138} = 4.69; p < .011 
w~th~n-sub~ect Change: F(2.lJ7) = 6.242; p < .001 
W~th~n-SubJect Change x Sample: F(4.274) = 0.536; p < .709 

Month 12 Analysis 

Shock Graduates (N=29) 
Shock Dropouts (N=8) 
Prison Parolees (N=36) 

1.04 
0.94 
1.29 

0.98 
0.92 
1.16 

0.94 
0.89 
1.14 

Sc:mp~e: Fq.70) = ~.02; P < .364 
w7th7n-Sub~ect Change: F(J.68} = 1.315; p < .277 
W~th~n-SubJect Change x Sample: F~lM) = 0.306; p < .933 

0.84 
0.91 
0.99 

aNote: M=Month and means are natural log transformations • 

• 

• 
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Table 28 
~ Overall Supervision Intensity by Treatment Sample In Georgia l 

• 

• 

Treatment Sample 

primary contact Levels 

Shock Graduatesa.b 

Prison Parolees' 
Probationersb 

Total 

F (2.238) = 5. j 2; p < • 005 

N= 

75 
89 
77 

241 

Mean2 

1.071 
1.213 
08936 

1.080 

INote: Samples with different le~ters are significantly different 
at the .05 a error level using a Duncan multiple range test. 
2Note: Means are natural log transformations • 



Table 29 
Repeated Measures Analysis of Variance Tests For Changes In prima~ 
contacts Over Time By Treatment Sample In Georgia' 

Treatment Sample 

Month 3 Analysis 

Shock Graduates (N=75) 
Prison Parolees (N=89) 
Probationers (N=77) 

MJ 

1.14 
1.39 
0.96 

Sample: F(2.238) = ~O.65; P < .oo~ 

Month 6 Analysis 

Shock Graduates (N=69) 
Prison Parolees (N=85) 
Probationers (N=72) 

1.17 
1.39 
0.93 

M6 

0.99 
1.10 
0.87 

M9 M12 

s~mp~e: F q.%23) = 8.52; p < .OO~ 
W~th~n-SubJect Change: F(1.223) = ~6.6~7; P < .oo~ 
Within-Subject Change x Sample: F(2.223) = 2 .3~4; P < .~O~ 

Month 9 Analysis 

Shock Graduates (N=51) 
Prison Parolees (N=69) 
Probationers (N~55) 

1.18 
1.41 
1.06 

1.08 
1.14 
0.97 

0.99 
1.00 
0.80 

s~mp~e: Fq.172) = 4.00; p < .020 
W~th~n-SubJect Change: F(2.l71) = ~0.629; P < .OO~ 
Within-Subject Change x Sample: F~~~ = 0.89~; P < .470 

Month 12 Analysis 

Shock Graduates (N=34) 
Prison Parolees (N=34) 
Probationers (N=23) 

1.24 
1.46 
1.02 

1.21 
1.09 
0~83 

1.18 
0.96 
0.79 

s~mp~e: Fq.88) = 4.74; p < .Ol~ 
W~th~n-SubJect Change: F~~ = B.36~; P < .Oo~ 
Within-Subject change x Sample: F~lrn = ~.221; P < .298 

1.10 
0.82 
0.65 

aNote: M=Month and means are natural log transformations • 

• 

• 



~-----------.---------------------------------------------------------------------

Table 30 
__ Overall supervision Intensity by Treatment Sample In Louisiana! 

• 

• 

Treatment Sample 

Knowledge Scores 

Shock Graduates' 
Prison Paroleesb 

Probationersb 

Shock Dropoutsb 

Total 

F (3,274) = 19.55; p < 

Surveillance Scores 

Shock Graduates' 
Prison Paroleesb 

Probationersb 

Shock Dropoutsb 

Total 

F (3,274) = 113.73,· P < 

Requirements Scores 

Shock Graduates' 
Prison Paroleesb 

Probationers!} 
Shock D!"opoutsb 

Total 

F (3,274) = 46.62; p < 

N= 

77 
74 

111 
16 

278 

.001 

Tl 
74 

111 
16 

278 

.001 

77 
74 

111 
16 

278 

.001 

0.417 
0.700 
0.890 
0.725 

0.699 

0.948 
0.294 
0.200 
0.245 

0.435 

3.751 
2.203 
2.382 
2.538 

INote: samples with different letters are significantly different 
at the .05 Q error level using a Duncan multiple range test. 
2Note: Means for knowledge and surveillance scores are natural log 
transformations • 



Table 31 
Repeated Measures Analysis of Variance Tests For Changes ~ 
Knowledge Scores Over Time By Treatment Sample In Louisiana· . .., 

Treatment Sample M3 

Month 3 Analysis 

Shock Graduates (N=77) 0.33 
Prison Parolees (N=74) 0.69 
Probationers (N=lll) 0.89 
Shock Dropouts (N=16) 0.74 

Sample: F (3,174) = 22.84; p < .001 

Month 6 Analysis 

Shock Graduates (N=72) 
Prison Parolees (N=69) 
Probationers (N=107) 
Shock Dropouts (N=14) 

0.32 
0.68 
0.89 
0.74 

M6 

0.39 
0.55 
0.84 
0.64 

M9 

s~mp~e: Fq,258) = 22.84; p < .001 
Wl.thl.n-Sub]ect Change: F(1,258) = 2.105; p < .148 
within-Subject Change x Sample: F(3,258) = 2.336; p < .074 

Month 9 Analysis 

Shock Graduates (N=58) 
Prison Parolees (N=49) 
Probationers (N=101) 
Shock Dropouts (N=13) 

0.28 
0.68 
0.90 
0.74 

0.35 
0.62 
0.83 
0.66 

0.39 
0.64 
0.83 
0.58 

sample: F(32l?) = 19.50; p < .001 
w~th+n-sub~'ect Change: F(2,216) = 0.453; p < .636 
Wl.thl.n-SubJect Change x Sample: F~~~ = 0.964; p < .450 

Month 12 Analysis 

Shock Graduates (N=48) 
Prison Parolees (N=38) 
Probationers (N=87) 
Shock Dropouts (N=11) 

0.30 
0.62 
o. at.' 
0.78 

0.37 
0.60 
0081 
0.71 

0.40 
0,,66 
0.77 
0.58 

s~mp~e: F q,l80) = 11.56; p < .001 
Wl. thl.n-SubJ ect Change: F (31718) = 0.453; p < .636 
within-Subject Change x Sample: F(9,433) = 0.952; p < e480 

M12 

0.42 
0.70 
0.80 
0.60 

• 

aNote: M=Month and means are natural log transformations. • 



Table 32 
Repeated Measures Analysis of Variance Tests For Changes In • 
Surveillance Scores Over Time By Treatment Sample In Louisianaa 

Treatment Sample M3 

Month 3 Analysis 

Shock Graduates eN=77) 1.10 
Prison Parolees (N=74) 0.31 
Probationers eN=111) 0.17 
Shock Dropouts (N=16) 0.30 

Sample: F(3.274) = 121.42; p < .001 

Month 6 Analysis 

Shock Graduates (N=72) 
Prison Parolees (N=69) 
Probationers (N=107) 
Shock Dropouts (N=14) 

1.09 
0.33 
0.17 
0.33 

M6 

0.98 
0.32 
0.21 
0.23 

M9 

sc;.mp~e: Fq.2S8) == 109.1; p < .001 
W~th~n-SubJect Change: F(1.2S8) = 2.272; p < .133 
Within-Subject Change x Sample: F(3.2S8) = 2.855; p < .038 

Month 9 Analysis 

Shock Graduates (N=58) 
Prison Parolees (N=49) 
Probationers (N=101) 
Shock Dropouts (N=13) 

1.07 
0.38 
0.17 
0.30 

1.00 
0.39 
0.21 
0.18 

0.63 
0.28 
0.18 
0.16 

sc;.mp~e: Fq.217) = 76.2; p < .0001 
W~ th~n-sub~ ect Change: F (2.216) = 13.37; p < .001 
w~th~n-SubJect Change x Sample: F~4n) = 8.732; p < .001 

Month 12 Analysis 

Shock Graduates (N=48) 
Prison Parolees (N=38) 
Probationers (N=87) 
Shock Dropouts eN=ll) 

1.06 
0.43 
0.17 
0.32 

1.00 
0.39 
0.21 
0.22 

0.61 
0.32 
0.19 
0.19 

M12 

0.37 
0.25 
0.20 
0.10 

s~mp~e: Fq.1BO) = 44.98; P < .0001 
W~th~n-SubJect Change: F(3.1i8) = 16.181; p < .001 
within-Subject Change x Sample: F(9.433) = 10.018; p < .001 

aNote: M=Month and means are natural log transformations. 

• 

• 



• 

• 

• 

Table 33 
Repeated Measures Analysis of Variance Tests For Changes In 
Requirements Scores Over Time By Treatment Sample In Louisiana· 

Treatment Sample 

Month 3 Analysis 

Shock Graduates (N=77) 
Prison Parolees (N=74) 
Probationers (N=111) 
Shock Dropouts (N=16) 

M3 

4.16 
2.34 
2.34 
2.73 

Sa.mple: F(J.274) = 56.62; p < .001 

Month 6 Analysis 

Shock Graduates (N=72) 
Prison Parolees (N=69) 
Probationers (N=107) 
Shock Dropouts (N=14) 

4.15 
2.42 
2.36 
2.79 

M6 

4.04 
2.20 
2.45 
2.87 

M9 

s~mp~e: Fq.2S8) = 55.86; p < .001 
W1th1n-Sub)ect Change: F(1.2S8) = 0.313; p < .576 
Within-Subject Change x Sample: F t3•2S8) = 2.087; p < .102 

Month 9 Analysis 

Shock Graduates (N=58) 
Prison Parolees (N=49) 
Probationers (N=101) 
Shock Dropouts (N=13) 

4.13 
2.67 
2.34 
2.59 

4.13 
2.55 
2.45 
2.71 

3.29 
2.33 
2.45 
2.13 

s~mp~e: F q.217) = 36.57; p < .001 
W1th1n-Sub)ect Change: F(2216) = 13.78; p < .001 
Within-Subject Change x Sample: F~~~ = 6.430; p < .001 

Month 12 Analysis 

Shock Graduates (N=48) 
Prison Parolees (N=38) 
Probationers (N=87) 
Shock Dropouts eN=11) 

4.19 
2.80 
2.36 
2.82 

4.26 
2.71 
2.40 
2.68 

3.39 
2.58 
2.46 
2.06 

s~mp~e: Fq.l80) = 24.11; p < .001 
W1th1n-Sub)ect Change: F(Jlro = 18.75; p < .001 
Within-Subject Change x Sample: F(9.4JJ) = 7.58; p < .001 

aNote: M=Honth 

M12 

2.73 
2.54 
2.20 
1.82 



Table 34 
Overall Supervision Intensity by Treatment Sample 
In South Carolinal 

Treatment Sample 

Primary contact Levels 

DPPPS Shock Graduates· 
DOC Shock Graduates~b 
Prison Parolees' 
Prebationersb 

split-Probationers~b 

Total 

F~~) = 3.54; P < .008 

N= 

81 
79 
62 
65 
23 

310 

Mean2 

1.00 
0.83 
1.00 
0.79 
0.92 

0.91 

lNote: Samples with different letters are significantly different 
at the .05 a error level using a Duncan multiple range test. 
2Nete: Means are natural log transformations. 

\ 

• 

• 

• 
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Table 35 
Repeated Measures Analysis of Variance Tests For Changes In Primary 
Contacts Over Time By Treatment Sample In South Carolina~b 

Treatment Sample M3 M6 M9 M12 

Month 3 Analysis 

Shock Graduates (N=Sl) 1.14 
Prison Parolees (N=62) 1.15 
Probationers (N=65) 0.83 
Split Probationer (N=23) 1.08 

Sample: F(3,'Z21) = 5 .~7; P < .002 

Month 6 Analysis 

Shock Graduates (N=SO) 1.14 1.11 
Prison Parolees (N=61) 1.15 1.03 
Probationers (N=65) 0.S3 0.79 
Split Probationer (N=23) 1.0S 0.92 

Sample: F ($,%2.5) = 5. ~2; P < .002 
Within-Subject Change: Fn,22S) = ~6.496; P < .001 
Within-Subject Change x Sample: F(3,22S) = 1.671; p < .174 

Month 9 Analysis 

Shock Graduates (N=72) 
Prison Parolees (li=5S) 
Probationers (N=5S) 
Split Probationer (N=23) 

1.15 
1.16 
0.S3 
1.0S 

1.13 
1.05 
0.77 
0.92 

0.94 
0.S2 
0.73 
0.78 

Sample: F($.W) = 5.27; p < .002 
Within-Subject Change: F(2.2fJ6) = 17.377; p < .001 
Within-Subject Change x Sample: F~~~ = 1.647; p < .133 

Month 12 Analysis 

Shock Graduates (N=62) 
Prison Parolees (N=40) 
Probationers (N=49) 
Split Probationer (N=21) 

1.15 
1.21 
0.S3 
l~OS 

ls13 
1.07 
0.79 
0.91 

0.95 
0.90 
0.74 
0.76 

Sample: F($.l68) = 4.55; p < .004 
Within-Subject Change: F(31~ = 18.627;" P < .001 
Within-Subject Change x Sample: F(9,404) = 1.712; p < .084 

0.69 
0.S6 
0.65 
0.59 

aNote: M=Month and means are natural logs • 
~ote: These analyses do not include the S.C. DOC shock sample. 



Table 36 
Overall Supervision Intensity by Exit Cohort in Florida1 

Exit Cohort 

primary Contact Levels 

cohorto• 
Cohortl -
cohor~· 
Cohort]a 
Cohort4• 

F(4.271) = 1.03; p < .392 

Secondary contact Levels 

Cohorto• 
Cohort1-

Cohort2• 

Cohort3· 
Cohort/ 

F(4.27l) = 0.82; p < .515 

N= 

16 
64 
73 
65 
58 

16 
64 
73 
65 
58 

Mean2 

1.228 
1.511 
1.541 
1.385 
1.659 

0.840 
1.080 
1.100 
1.060 
1.177 

INote: Cohorts with different letters are significantly different 
at the .05 a error level using a Duncan multiple range testo 
2Note: Means are natural logs. 

• 

• 

• 
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Table 37 
Overall supervision Intensity by Exit Cohort in Georgia1 

----------------------~-----------------------------------------------

Exit Cohort 

Primary Contact Level~ 

Cohorto• 
Cohort1• 

Cohor~· 
Cohort3

a 

Cohort4• 

F(4.'ZJ6) = 0.27; p < .895 

N= 

31 
36 
46 
65 
63 

Mean2 

1.029 
1.020 
1.099 
1.084 
1.123 

INote: Cohorts with different letters are significantly different 
at the .05 a error level using a Duncan multiple range test. 
2No'te: Means are natural logs • 



Table 38 
Overall supervision Intensity by Exit Cohort in Louisianal 

Exit Cohort 

Kno'wledge Scores 

cohortoa 
Cohortla 
Cohor~' 
cohor~a 

cohortl 

F (4,273) = O. 64; P < • 63 B 

surveillance Scores 

Cohortoa 

Cohortla 
Cohor~a 

Cohort3' 

Cohort4' 

F (4,273) = 1 .19; P < .317 

Requirements Scores 

Cohorto' 
Cohortl' 
Cohor~' 
Cohort3' 

Cohort/ 

F(4,273) = 0.67 i P < .612 

N= 

2 
17 
45 
36 

178 

2 
17 
45 
36 

178 

2 
17 
45 
36 

178 

Mean2 

1.099 
0.697 
0.660 
0.760 
0.692 

0.000 
0.405 
0.532 
0.439 
0.417 

2.000 
2.490 
2.721 
2.581 
2.782 

lNote: Cohorts with different letters are significantly different 
at the .05 a error level using a Duncan multiple range test. 
3Note: Means are natural logs. 

• 

• 
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Table 39 
Overall supervision Intensity by Exit Cohort in South Caro1ina1•2 

Exit Cohort 

Primary contact Levels 

cohorto& 
Cohort1-

Cohor~a 

Cohort]­
Cohort/ 

F(3.Z27) = 1.75; p < .158 

N= 

8 
22 
37 

164 

0.579 
0.928 
0.919 
0.951 

INote: 
at the 
2Note: 
3Note: 

Cohorts with different letters are significantly different 
.05 a errQr level using a Duncan multiple range test. 
s. C. DOC shock sample is not included in these calculations. 
Means are natural logs • 



Table 40 
Overall (Cross-Sectional) and Period-Specific positive 
Adjustment Scores by State 

state and Period N= Mean Std. Dev. 

Florida 
Overall 280 0.38 0.27 
Month :3 266 0.42 0.29 
Month 6 199 0.40 0.31 
Month 9 123 0.42 0.34 
Month 12 58 0.48 0.31 

Georgia 
Overall 246 0.42 0.24 
Month 3 215 0.45 0.30 
Month 6 174 0.42 0.32 
Month 9 128 0.38 0.32 
Month 12 63 0.36 0.30 

Louisiana 
Overall 278 0.44 Oe15 
Month :3 276 0.48 0.16 
Month 6 259 0.46 0.18 
Month 9 214 0.43 0.17 
Month 12 178 0.42 0.17 

New York 
Overall 237 0.51 0.30 
Month 3 233 0.54 0.31 
Month 6 184 0.57 0.33 
Month 9 152 0.58 0.32 
Month 12 133 0.58 0.34 

South Carolinaa 

Overall 326 0.46 0.29 
Month 3 242 0.51 0.31 
Month 6 227 0.48 0.33 
Month 9 202 0.48 0.33 
Month 12 165 0.47 0.34 

aNote: The s.c. DOC shock sample is included in the overall measure 
but iE' excluded from the period-specific measures. 

• 

• 

• 
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Table 41 
Repeated Measures Analysis of Variance Tests For Decay in 
positive Adjustment Scores Over Study Period In Florida 

Time Period N= Mean 

Three Month Analysis 

Positive Adjustment @ Month 3 266 0.42 

six Month Analysis 

Positive Adjustment @ Month 3 199 0.45 
Positive Adjustment @ Month 6 199 0.40 

Ho: No within Subject Change: F (l.198r6. 06; p < .015 

Nine Month Analysis 

Positive Adjustment @ Month 3 123 0.~3 
Positive Adjustment @ Month 6 123 0.49 
Positive Adjustment @ Month 9 123 0.42 

Ho: No Within Subject Change: Fa.IUr8.176; P < .001 

Twelve Month Analysis 

positive Adjustment @ Month 3 58 0.58 
Positive Adjustment @ Month 6 58 0.57 
Positive Adjustment @ Month 9 58 0.54 
Positive Adjustment @ Month 12 58 0.48 

Ho: No Within Subject Change: F (3,55)=2 .24 ; p< .094 



Table 42 
Repeated Measures Analysis of Variance Tests For Decay in 
positive Adjustment Scores Over study Period In Georgia 

Time Period 

Three Month Analysis 

Positive Adjustment @ Month 3 

six Month Analysis 

Positive Adjustment @ Month 3 
positive Adjustment @ Month 6 

Ho: No Within Subject Change: 

Nine Month Analysis 

positive Adjustment @ Month 3 
positive Adjustment @ Month 6 
positive Adjustment @ Month 9 

Ho: No within Subject Change: 

Twelve Month Analysis 

Positive Adjustment @ Month 3 
Positive Adjustment @ Month 6 
Positive Adjustment @ Month 9 
Poslt~ve Adjustment @ Month 12 

Ho: No Within Subject Change: 

N= 

215 

174 
174 

Mean 

0.45 

0.45 
0.41 

F(1,l7J)=1.S9; p < .171 

128 
128 
128 

Oe45 
0.42 
0.38 

F (2,126)=2 • 4 70; P < • 089 

63 
63 
63 
63 

0.45 
0.38 
0.40 
0.36 

F(3,6fJr1. 02; p < .390 

• 

• 

• 
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Table 43 
Repeated Measures Analysis of Variance Tests For Decay in 
Positive Adjustment Scores Over Study Period In Louisiana 

Time Period 

Three Month Analysis 

Positive Adjustment @ Month 3 

~ix Month 1L~alysis 

Positive Adjustment @ Month 3 
Positive Adjustment @ Month 6 

Ho: No Within Subject Change: 

Nine Month Analysis 

Positive Adjustment @ Month 3 
Positive Adjustment @ Month 6 
Positive Adjustment @ Month 9 

Ho: "No Within Subject Change: 

Twelve Month Analysis 

Positive Adjustment @ Month 3 
Positive Adjustment @ Month 6 
Positive Adjustment @ Month 9 
Positive Adjustment @ Month 12 

Ho: No Within Subject Change: 

N= 

276 

259 
259 

Mean 

0.48 

0.49 
0.46 

F(1.2S8r~7.63; p < .001 

214 
214 
214 

178 
178 
178 
178 

0.50 
0.49 
0.43 

0.50 
0.50 
0.46 
0.42 

F(3.175r17.480; p < .001 

J 



------------------------------------------------------~---------------------

Table 44 
Repeated Measures Analysis of Variance Tests For Decay in 
positive Adjustment Scores Over Study Period In New York 

Time Period N= Mean 

Three Month Analysis 

positive Adjustment @ Month 3 233 0.54 

six Month Analysis 

positive Adjustment @ Month 3 184 0.60 
positive Adjustment @ Month 6 184 0.57 

Ho: No within subject change: F (l.lBJr2 .288; P < .132 

Nine Month Analysis 

positive Adjustment @ Month 3 151 0.63 
Positive Adjustment @ Month 6 151 0.64 
positive Adjustment @ Month 9 151 0.58 

Ho: No within Subject Change: F(2.U9)=6.305; p < .002 

Twelve Month Analysis 

positive Adjustment @ Month 3 133 0.64 
positive Adjustment @ Month 6 133 0.67 
positive Adjustment @ Month 9 133 0.61 
positive Adjustment @ Month 12 133 0.58 

Ho: No within Subject Change: F fJ.13Or6 • 882 ; P < .001 

• 

• 

• 
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Table 45 
Repeated Measures Analysis of Variance Tests For Decay in 
positive Adjustment Scores Over Study Period In South Carolina 

Time Period N= Mean 

Three Month Analysis 

Positive Adjustment @ Month 3 242 0.51 

six Month Analysis 

positive Adjustment @ Month 3 227 0.52 
Positive Adjustment @ Month 6 227 0.48 

Ho: No Within subject change: F (1.'116)=2.962; p < .087 

Nine Month Analysis 

Positive Adjustment @ Month 3 202 0.53 
Positive Adjustment @ Month 6 202 0.50 
Positive Adjustment @ Month 9 202 0.48 

Ho: No within subject Change: F rz.ZIJOr2. 415; P < .092 

Twelve Month Analysis 

Positive Adjustment @ Month 3 165 0.53 
Positive Adjustment @ Month 6 165 0.52 
positive Adjustment @ Month 9 165 0.51 
positive Adjustment @ Month 12 165 0.47 

Ho: No Within Subject Change: F (J.mr1. 832; p < .144 



Table 46 
Overall (Cross-Sectional) Positive Adjustment 
Among Florida subjects 

sample 

Overall Adjustment 
Shock Graduates' 
Shock Dropoutsb 

Prison Parolees.,b 

F (2.Z'17)=3 .15; P < .05 

N= 

280 
108 

65 
107 

Mean (S.D.) 

0.38 (0.27) 
0.43 (0.28) 
Oe33 (0.26) 
0.36 (0.26) 

Note: Samples with different letters are significantly different 
at the .05 a error level using a Duncan multiple range test. 

• 

• 

• 
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Table 47a 
positive Adjustment Among Florida Subjects Completing Three 
Months of positive Adjustment Evaluation 

Time Pejriod & Sample 

Adjustment by Month 3 
Shock Graduates' 
Shock Dropoutsb 
Prison Parolees·,b 

F (2.UJr4. 07; P < .02 

N= 

266 
100 

59 
107 

Mean 

0.42 
0.47 
0.33 
0.41 

Note: Samples with different letters are significantly different 
at the &05 a error level using a Duncan multiple range test. 



Table 47b 
positive Adjustment Among Florida Subjects Completing six 
Months of positive Adjustment Evaluation 

Time Period & Sample 

Adjustment by Month 3 
Shock Graduates· 
Shock Dropouts' 
Prison Parolees' 

F(2.196;=1.S4; p < .161 

Adjustment by Month 6 
Shock Graduates' 
Shock Dropouts' 
Prison Parolees· 

F(2,l96;=l. 67; P < .191 

Effect of SAMPLE 

N= 

199 
80 
36 
83 

199 
80 
36 
83 

Global Test of Effect of G'roup 
Membership: 

Effect of TIME 

Mean 

0.45 
0.47 
0.37 
0.46 

0.40 
0.45 
0.34 
0.39 

F (2,196;=2 • 00; p < .13 S 

Test of Hypothesis That There is NQ within Subject Change Over 
Two Measurement Periods: :f'(1,l9-.s;=4.58; p < .034 

Effect of TIME x SAMPLE 
Test of Hypothesis That Between Sample Differences 

Are Time-Stable: F(2,I96;=0.5S; P.< .56 

Note: Samples with different letters are significantly different 
at the .05 a error level using a Duncan multiple range test. 

• 

• 

• 
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Table 470 
positive Adjustment Among Florida Subjects Completing Nine 
Months of positive Adjustment Evaluation 

Time Period & Sample 

Adjustment by Month 3 
Shock Graduates' 
Shock Dropouts' 
Prison Parolees' 

F (2,121))=0 .29 i P < • 746 

Adjustment by Month 6 
Shock Graduates' 
Shock Dropouts' 
Prison Parolees' 

F(2,120rO.71; P < .494 

Adjustment by Month 9 
Shock Graduates' 
Shock Dropouts' 
Prison Parolees' 

F(2,l2fJr1.32; P < .271 

Effect of SAMPLE 

N= 

123 
54 
14 
55 

123 
54 
14 
55 

123 
54 
14 
55 

Global Test of Effect of Group 
Membership: 

Effect of TIME 

Mean 

0.53 
0.52 
0.58 
0.53 

0.49 
0.52 
0.43 
0.47 

0.42 
0.48 
0~38 

0.37 

F (2,l2fJ)=O .49; P < .615 

Test of Hypothesis That There is No Within Subject Change Over 
Three Measurement Periods: F(2,Il9)=7.52; p < .001 

Effect of TIME x SAMPLE 
Test of Hypothesis That Between Sample Differences 

Are Time-Stable: F(4,2J8)=1.54; p < .191 

Note: Samples with different letters are significantly different 
at the .05 a error level using a Duncan multiple range test • 



Table 47d 
positive Adjustment Among Florida Subjects Completing Twelve 
Months of positive Adjustment Evaluation 

Time Period & Sample 

Adjustment by Month 3 
Shock Graduates' 
Shock Dropouts' 
Prison Parolees' 

F (2,$$rO .19; P < .825 

Adjustment by Month 6 
Shock Graduates' 
Shock Dropouts' 
Prison Parolees' 

F(2~~=0.67; P < .517 

Adjustment by Month 9 
Shock Graduates' 
Shock Dropouts' 
Prison Parolees' 

F (2,$$rO. 02; p < .979 

Adjustment by Month 12 
Shock Graduates' 
Shock Dropouts' 
Prison Parolees' 

F (2,55)=0.39; p < .678 

Effect of SAMPLE 

N= 

58 
21 

6 
31 

58 
21 

6 
31 

58 
21 

6 
31 

58 
21 

6 
31 

Global Test of Effect of Group 
Membership: 

Effect of TIME 

Mean 

0.58 
0.55 
0.58 
0.59 

0.57 
0.58 
0.45 
0.59 

0.54 
0.55 
0.52 
0.54 

0.48 
0.43 
0848 
0.51 

F(2,55)=O.18; p < .837 

Test of Hypothesis That There is No Within Subject Change Over 
Four Measurement Periods: F(3,SJr1.25; p < .301 

Effect of TIME x SAMPLE 
Test of Hypothesis That Between Sample Differences 

Are Time-Stable: F(6.106rO. 63; p < .705 

• 

• 

Note: Samples with different letters are significantly different 
at the .05 a error level using a Duncan multiple range test. ~ 
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Table 48 
Overall (Cross-Sectional) Positive Adjustment 
Among Georgia Subjects 

Sample 

Overall Adjustment 
Shock Graduates· 
Prison Parolees· 
Proba tioners· 

F (2.24JrO • 00; p S 1. 0 

N= 

246 
79 
89 
78 

Mean (S.D.) 

0.42 (0.24) 
0.42 (0.24) 
0.42 (0.25) 
0.42 (0.23) 

Note: Samples with different letters are significantly different 
at the .05 a error level using a Duncan multiple range test • 



Table 49a 
positive Adjustment Among Georgia Subjects Completing Three 
Months of positive Adjustment Evaluation 

Time Period & Sample 

Adjustment by Month 3 
Shock Graduates· 
Prison Parolees· 
Probationers· 

F (2.212;=0.42; p < .66 

N= 

215 
71 
74 
70 

Mean 

0.45 
0.48 
0.44 
0.44 

Note: Samples with different letters are significantly different 
at the .05 a error level using a Duncan multiple range test. 

• 

• 
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Table 49b 
positive Adjustment Among Georgia Subjects Completing six 
Months of Positive Adjustment Evaluation 

Time Period & Sample 

Adjustment by Month 3 
Shock Graduates· 
Prison Parolees· 
Proba tioners· 

F (2.171;=0.42; p < .655 

Adjustment by Month 6 
Shock Graduates· 
Prison Parolees· 
Proba tioners· 

F (2,171)=0.55; p < .577 

Effect of SAMPLE 

N= 

174 
56 
66 
52 

174 
56 
66 
52 

Global Test of Effect of Group 
Membership: 

Effect of TIME 

Mean 

0.45 
0.48 
0.44 
0.43 

0.41 
0.38 
0.43 
0.43 

F (2,171;=0.03; p < .968 

Test of Hypothesis That There is No Within Subject Change Over 
Two Measurement Periods: F a,l71)=1.96; P < .164 

Effect of TIME x SAMPLE 
Test of Hypothesis That Between Sample Differences 

Are Time-Stable: F (2,171)=1 .18; P < .311 

Note: Samples with different letters are significantly different 
at the .05 a error level using a Duncan multiple range test • 



Table 49c 
positive Adjustment Amcmg Georgia Subjects Completing Nine 
Months of positive Adjustment Evaluation 

Time Period & Sample 

Adjustment by Month 3 
Shock Graduates' 
Prison Parolees' 
Probationers' 

F (2,I2SrO .46; P < • 633 

Adjustment by Month 6 
Shock Graduates' 
Prison Parolees' 
Probationers' 

F(2,I2Sro .OB; P < ~927 

Adjustment by Month 9 
Shock Graduates' 
Prison Parolees' 
Probationers· 

F (2,l2SrO. 01; p < .985 

Effect of SAMPLE 

N= 

128 
38 
50 
40 

128 
38 
50 
40 

128 
38 
50 
40 

Global Test of Effect of Group 
Membership: 

Effect of TIME 

Mean 

0.45 
0.47 
0.47 
0.41 

0.42 
0.41 
0.42 
0.44 

0.38 
0.38 
0.38 
0.39 

F(2,l2SrO.02; p < .982 

Test of Hypothesis That There is No within Subject Change Over 
Three Measurement Periods: F (2,124)=2 .37; P < • 098 

Effect of TIME x SAMPLE 
Test of Hy~othesis That Between Sample Differences 

Are Time-Stable: F(4,248rO .27; P < .896 

Note: Samples with different letters are significantly different 
at the .05 a error level using a Duncan multiple range test. 

• 

• 
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Table 49d 
positive Adjustment Among Georgia Subjects Completing Twelve 
Months of Positive Adjustment Evaluation 

Time Period & Sample 

Adjustment by Month J 
Shock Graduates· 
Prison Parolees· 
Probationers· 

F (2,60r1. 08 i P < .346 

Adjustment by Month 6 
Shock Graduates· 
Prison Parolees· 
Probationers' 

F(2,60rO.81i p < .45 

Adjustment by Month 9 
Shock Graduates' 
Prison Parolees· 
Probationers· 

F (2,60)=0 .17 i P < • 845 

Adjustment by Month 12 
Shock Graduates· 
Prison Parolees· 
Probationers· 

F(2,60rO• 02 ; P < .98 

Effect of SAMPLE 

N= 

63 
26 
25 
12 

63 
26 
25 
12 

63 
26 
25 
12 

63 
26 
25 
12 

Global Test of Effect of Group 
Membership: 

Effect of TIME 

Mean 

0.45 
0.50 
0.46 
Oe33 

0~38 

0.36 
0.44 
0 .. 32 

0.40 
0.37 
0.42 
0.39 

0.36 
0.37 
0.36 
0.35 

Test of Hypothesis That There is No Within Subject Change Over 
Four Measurement Periods: F~~)=0.69i p < .561 

Effect of TIME x SAMPLE 
Test of Hypothesis That Between Sample Differences 

Are Time-Stable: F(6,116rO• 82 i P < .558 

Note: Samples with different letters are significantly different 
at the .05 a error level using a Duncan multiple range test • 



Table 50 
Overall (Cross-sectional) positive Adjustment 
Among Louisiana Subjects 

Sample 

Overall Adjustment 
Shock Graduates· 
Prison Paroleesb 

Probationersb 

Shock Dropoutsb 

F(3.2ur19.16i P < .001 

N= 

278 
77 
74 

111 
16 

Mean (S.D.) 

0.44 (0.15) 
0.53 (0.15) 
0.42 (0.15) 
0.39 (0.12) 
0.43 (0.12) 

Note: Samples with different letters are significantly different 
at the .05 a error level using a Duncan multiple range test. 

• 

• 
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Table 51a 
Positive Adjustment Among Louisiana Subjects Completing Three 
Months of positive Adjustment Evaluation 

Time Period & Sample N= Mean 

Adjustment by Month 3 276 0.48 
Shock Graduates· 77 0.60 
Prison Paroleesb 74 0.47 
Probationersb 110 0.41 
Shock Dropoutsb 15 0.47 

F (3,272)=26.44; p < .001 

Note: Samples with different letters are significantly different 
at the .05 a error level using a Duncan multiple range test • 

v,''''~,. _________________________________ _ 



Table 51b 
positive Adjustment Among Louisiana Subjects Completing Six 
Months of positive Adjustment Evaluation 

Time Period & Sample 

Adjustment by Month 3 
Shock Graduates' 
Prison Paroleesb 

Probationers!: 
Shock Dropoutsb 

F (3.255;=32.59; p < .001 

Adjustment by Month 6 
Shock Graduates' 
Prison Paroleesb 

Probationersb 

Shock Dropoutsb 

F (3.255)=l.6. 93; p < • DOl. 

Effect of SAMPLE 

N= 

259 
72 
68 

106 
13 

259 
72 
68 

106 
13 

Global Test of Effect of Group 
Membership: 

Effect of TIME 

Mean 

0.49 
0 .. 62 
0.48 
0.42 
0.50 

0046 
Oe57 
0.43 
0.40 
0.47 

F (3.255)=29.16; p < • DOl. 

Test of Hypothesis That There is No within Subject Change Over 
Two Measurement Periods: F (1.255;=1.0.03; p < .002 

Effect of TIME x SAMPLE 
Test of Hypothesis That Between Sample Differences 

Are Time-Stable: F (3.255)=0.83; p < .477 

Note: Samples with different letters are significantly different 
at the .05 a error level using a Ouncan multiple range test. 

• 

• 
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Table 510 
positive Adjustment Among Louisiana Subjects Completing Nine 
Months of Positive Adjustment Evaluation 

Time Period & Sample 

Adjustment by Month 3 
Shock Graduates· 
Prison Paroleesb 
Probationersc 

Shock Dropoutsb 

F (3.210)=30.87; p < .001 

Adjustment by Month 6 
Shock Graduates· 
Prison Paroleesb 
Proba tionersc 

Shock Dropoutsb 

F (3.210;=30 • 93; p < • 001 

Adjustment by Month 9 
Shock Graduates· 
Prison Parolees.,b 
Probationersb 
Shock DropDutsa,b 

F(3.210;=~0.52; P < .oo~ 

Effect of SAMPLE 

N= 

214 
55 
48 

100 
11 

214 
55 
48 

100 
11 

214 
55 
48 

100 
11 

Global Test of Effect of Group 
Membership: 

Effect of TIME 

Mean 

0.50 
0.63 
0.51 
0.42 
0.49 

0.49 
0.62 
0.50 
0.40 
0.50 

0.43 
0.53 
0.44 
0.38 
0.45 

F(3.210;=30.85; p < .OO~ 

Test of Hypothesis That There is No within Subject Change Over 
Three Meaf:rurement Periods: F(2.'1lJ9;=14.46; p < .001 

Effect of TIME x SAMPLE 
Test of Hypothesis That Between Sample Differences 

Are Time-Stable: F~~~=2.11; p < .051 

Note: Samples with different letters are significantly different 
at the .05 a error level using a Duncan multiple range test • 

_______ J 



Table 51d 
positive Adjustment Among Louisiana Subjects Completing Twelve 
Months of positive Adjustment Evaluation 

Time Period & Sample N= 

Adjustment by Month 3 178 
Shock Graduates· 45 
Prison paroleesb 38 
Probationersc 86 
Shock Dropouts" 9 
F (3,174;=22.81; p < .. 001 

Adjustment by Month 6 178 
Shock Graduates· 45 
Prison paroleesb 38 
Probationersc 86 
Shock Dropoutsb 9 
F (3,174)=27. 62; p < .001 

Adjustment by Month 9 178 
Shock Graduates· 45 
Prison Parolees.,b 38 
Proba tionersc 86 
Shock Dropoutsb,c 9 
~/(3,174;= 12 .25; P < .001 

Adjustment by Month 12 178 
Shock Graduates· 45 
Prison Parolees· 38 
Probationers· 86 
Shock Dropouts· 9 
F (3,174;=3.80; p < .011 

Effet.7t of SAMPLE 
Globa,l Test of Effect of Group 

Membership: 

Effect of TIME 

Mean 

0 .. 50 
0.64 
0.53 
0.43 
0.51 

0.50 
0.63 
0.52 
0.41 
0.50 

0.46 
0.56 
0.49 
0.40 
0.46 

0.42 
0.48 
0.43 
0.38 
0.38 

F (3,174;=20.67; p < .. 001 

Test of Hypothesis That There is No within Subject Change Over 
Four Measurement Periods: F (3.172r15. 54; P < .001 

Effect of TIME x SAMPLE 
Test of Hypothesis That Between Sample Differences 

Are Time-Stable: F(9,419r2.75; p < .004 

• 

Note: Samples with different letters are significantly different 
at the .05 a error level using a Duncan multiple range test. • 
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Table 52 
Overall (cross-Sectional) Positive Adjustment 
Among New York Subjects 

sample 

Overall Adjustment 
Shock Graduates' 
Shock Dropoutsb 
Prison Parolees.,b 

F (2,234;=4.08; p < .018 

N= 

237 
85 
75 
77 

Mean (S.D.) 

0.51 (0.30) 
0.58 (0.31) 
0.45 (0830) 
0.49 (0.28) 

Note: Samples with different letters are significantly different 
at the .05 a error level using a Duncan multiple range test • 



Table 53a 
positive Adjustment Among New York Subjects completing Three 
Months of positive Adjustment Evaluation 

Time Period & Sample 

Adjustment by Month 3 
Shock Graduates' 
Shock Dropoutsb 
Prison Parolees·,b 

F (2.230)=4.72; p < .01 

N= 

233 
83 
74 
76 

Mean 

0054 
0.61 
0.46 
0.54 

Note: Samples with different letters are significantly different 
at the 005 ex error level using a Duncan multiple range test. 

• 

• 
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Table 53b 
positive Adjustment Among New York Subjects completing Six 
Months of positive Adjustment Evaluation 

Time Period & Sample 

Adjustment by Month 3 
Shock Graduates· 
Shock Dropoutsb 

Prison Parolees"" 

F (2,181;=2.83; p < .062 

Adjustment by Month 6 
Shock Graduates· 
Shock Dropouts· 
Prison Parolees' 

F(2,181;=1. 78; P < .171 

Effect of SAMPLE 

N= 

184 
7C 
53 
61 

184 
70 
53 
61 

Global Test of Effect of Group 
Membership: 

Effect of TIl"'!E 

Mean 

0.60 
0.66 
0.53 
0.59 

0.57 
0.63 
0.55 
0.52 

F(2,181;=2.28; p < .105 

Test of Hypothesis That There is No Within Subject Change Over 
Two Measurement Periods: F(1,181;=1.95; p < .164 

Effect of TIME x SAMPLE 
Test of Hypothesis That Between Sample Differences 

Are Time-Stable: F(2,181;=1.87; p < 0158 

Note: Samples with different letters are significantly different 
at the .05 a error level using a Duncan multiple range test • 



Table 53c 
positive Adjustment Among New York Subjects Completing Nine 
Months of positive Adjustment Evaluation 

Time Period & Sample 

Adjustment by Month 3 
Shock Graduates· 
Shock Dropoutsb 
Prison parolees·,b 

F (2,148)=3 .05 i P < .050 

Adjustment by Month 6 
Shock Graduates· 
Shock Dropouts· 
Prison Parolees· 

F(2,I48rl.76i P < .175 

Adjustment by Month 9 
Shock Graduates· 
Shock Dropoutsb 
Prison paroleesb 

F (2.148r4 .10 i P < .019 

Effect of SAMPLE 

N= 

151 
54 
14 
55 

151 
54 
14 
55 

151 
54 
14 
55 

Global Test of Effect of Group 
Membership: 

Effect of TIME 

Mean 

0.63 
0.69 
0.56 
0.63 

0.64 
0.70 
0.60 
0.61 

0.58 
0.67 
0.51 
0.53 

F (2.148r3 .53; P < .032 

Test of Hypothesis That There is No within Subject Change Ovez 
Three Measurement Periods: F(2.147r6.87; P < .001 

Effect of TIME x SAMPLE 
Test of Hypothesis That Between Sample Differences 

Are Time-Stable: F(4.294rl.1Bli P < .319 

Note: Samples with different letters are significantly different 
at the .05 a error level using a Duncan multiple range test. 

• 
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Table 53d 
Positive Adjustment Among New York Subjects Completing Twelve 
Months of positive Adjustment Evaluation 

Time Period & Sample 

Adjustment by Month 3 
Shock Graduates· 
Shock Dropoutsa 

Prison Parolees' 

F(2.l.30r1.35i P < .262 

Adjustment by Month 6 
Shock Graduates· 
Shock Dropouts· 
Prison Paroleesll 

F(2.13o)=1.71; P < .185 

Adjustment by Month 9 
Shock Graduates' 
Shock Dropoutsa.b 
Prison Paroleesb 

F (2.130r3 .08; P < .049 

Adjustment by Month 12 
Shock Graduates' 
Shock Dropouts·,b 
Prison Paroleesb 

F (2.130)=3 .54; P < .032 

Effect of SAMPLE 

N= 

133 
52 
35 
46 

133 
52 
35 
46 

133 
52 
35 
46 

133 
52 
35 
46 

Global Test of Effect of Group 
Membership: 

Effect of TIME 

Mean 

0.64 
0.69 
0.59 
0.63 

O~67 
0.71 
0.68 
0060 

0.61 
0069 
0.57 
0.54 

0.58 
0.67 
0.54 

.0.50 

F (2.1JOr2 • 78; P < • 066 

Test of Hypothesis That There is No Within Subject Change Over 
Four Measurement Periods: F(3,I28)=7.986; p < .001 

Effect of TIME x SAMPLE 
Test of Hypothesis That Between Sample Differences 

Are Time-Stable: F~z~=1.847; P < .091 

Note: Samples with different letters are significantly different 
at the .05 a error level using a Duncan multiple range test. 

I 



Table 54 
Overall (Cross-sectional) positive Adjustment 
Among South Carolina subjects 

Sample 

Overall Adjustment 
DPPPS Shock Graduates' 
DOC Shock Graduates' 
Prison Parolees' 
Probationers' 
Split-Probationers' 

N= 

326 
85 
84 
64 
69 
24 

Mean (S.D.) 

0.46 (0.29) 
0.47 (0.25) 
0.42 (0.33) 
0.50 (0.29) 
0.46 (0.28) 
0.46 (0.31) 

Note: Samples with different letters are significantly different 
at the .05 a error level using a Duncan multiple range test. 

• 

• 
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Table 55a 
positive Adjustment Among South Carolina Subjects completing 
Three Months of positive Adjustment Evaluationl 

Time Period & Samplez 

Adjustment by Month 3 
DPPPS Shock Graduates· 
Prison parolees' 
Probationers' 
Split-Probationers' 

F(3:ZJ8)=O .11; P < .955 

N= 

242 
85 
64 
69 
24 

Mean 

0.51 
0.51 
0.53 
0.51 
0 .. 51 

INote: Samples with different letters are significantly 
different at the .05 a level using a Duncan multiple range test. 
2Note: Data were not'collected for DOC shock sample over time • 

J 
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Table 55b 
positive Adjustment Among South Carolina SUb?ects Completing 
six Months of positive Adjustment Evaluation 

Time Period & Sample2 

Adjustment by Month 3 
DPPPS Shock Graduates' 
Prison Parolees' 
Probationers' 
Split-Probationers' 

F(3,223)=O.06; p < .981 

Adjustment by Month 6 
DPPPS Shock Graduates' 
Prison Parolees' 
Probationers" 
Split-Probationers' 

F(3,wrO.38i P < .765 

Effect of SAMPLE 

N= 

227 
82 
60 
64 
21 

227 
82 
60 
64 
21 

Global Test of Effect of Group 
Membership: 

Effect of TIME 

Mean 

0.52 
0.51 
0.52 
0.52 
0.54 

0.48 
0.49 
0.47 
0.46 
0.55 

F (3,WrO .21; p < .887 

Test of Hypothesis That There is No Within Subject Change Over 
Two Measurement Periods: F(l,mr1.61; P < .206 

Effect of TIME x SAMPLE 
Test of Hypothesis That Between Sample Differences 

Are Time-Stable: F(3,w;=0.31; P < .815 

lNote: Samples with different letters are significantly 
different at the .05 a level using a Duncan multiple range test. 
2Note: Data were not collected for DOC shock sample over time. 

J 
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Table 55c 
positive Adjustment Among South Carolina subjects Completing 
Nine Months of positive Adjustment Evaluation1 

Time Period & Sample2 

Adjustment by Month 3 
DPPPS Shock Graduates' 
Prison Parolees· 
Probationers' 
Split-Probationers' 

F(J,l98;=O.18; p < .912 

Adjustment by Month 6 
DPPPS Shock Graduates' 
Prison Parolees' 
Probationers' 
Split-Probationers' 

F (3,198;=0.69; p < .558 

Adjustment by Month 9 
DPPPS Shock Graduates' 
Prison Parolees' 
Probationers' 
Split-Probationers· 

Effect of SAMPLE 

N= 

202 
72 
53 
56 
21 

202 
72 
53 
56 
21 

202 
72 
53 
56 
21 

Global Test of Effect of Group 
Membership: 

Effect of TIME 

Mean 

0.53 
0.54 
0.51 
0.52 
0.54 

0.50 
0.53 
0.49 
0.46 
0.55 

0.48 
0.50 
0.46 
0.46 
0.46 

F f3,I98rO .39; P < .758 

Test of Hypothesis That There is No Within Subject Change Over 
Three Measurement Periods: F (2,197;=2.62; p < .075 

Effect of TIME x SAMPLE 
Test of Hypothesis That Between Sample Differences 

Are Time-Stable: F(6,J94)=O. 43; P < .858 

INote: Samples with different letters are significantly 
different at the .05 a level using a Duncan multiple range test. 
2 Note: Data were nc.:°.: collected for DOC shock sample over time • 



Table 55d 
positive Adjustment Among south Carolina Subjects Completing 
Twelve Months of positive Adjustment Evaluationl 

Time Period & Sample2 N= Mean 

Adjustment by Month 3 165 
DPPPS Shock Graduates' 62 
Prison Parolees' 37 
Probationers' 47 
Split-Probationers' 19 
F (3,161rO. 56; P < .643 

Adjustment by Month 6 165 
DPPPS Shock Graduates' 62 
Prison Parolees' 37 
Probationers' 47 
Split-Probationers' 19 
F (3,161)=0.59; p < .622 

Adjustment by Month 9 165· 
DPPPS Shock Graduates· 62 
Prison Parolees' 37 
Proba tioners' 47 
Split-Probationers' 19 
F (3,161)=0 • 63; p < .595 

Adjustment by Month 12 165 
PPPPS Shock Graduates' 62 
Prison Parolees" 37 
Proba tioners' 47 
Split-Probationers· 19 
F(3.l6I)=1.86; p < .139 

Effect of SAMPLE 
Global Test of Effect of Group 

Membership: 

Effect of TIME 

0.53 
0.53 
0.48 
0.56 
0.56 

0.52 
0.52 
0.56 
0.48 
0 .. 57 

0.51 
0 .. 50 
0.56 
0.49 
0.45 

0.47 
0843 
O~59 
0.45 
0.46 

F(3.161ro .37; P < .773 

Test of Hypothesis That There is No Within Subject Change Over 
Four Measurement Periods: F(3.1S9)=1.65; p < .180 

Eff.ect of TIME x SAMPLE 
Test of Hypothesis That Between Sample Differences 

Are Time-Stable: F (9,387r1 .86; P < .056 

lNote: Samples with different letters are significantly 
different at the .05 a level using a Duncan multiple range test. 
2Note: Data were not collected for DOC shock sample over time. , 

• 

• 

• 
I 



Table 56 
Exit Cohort Membership and Overall (cross-Sectional) 
Positive Adjustment Scores By State 

Exit Cohort N= Mean 

Florida F(4.'J.7S)=lO. 07; P < .001 
cohortoa 14 0.393 
Cohortl

a 67 0.304 
Cohor~a 76 0.288 
cohort3

a 65 0.405 
cohortl 58 0.542 

Georgia F(4.241)=O .23; P < .922 
Cohortoa 31 0.441 
Cohort!a 41 0.409 
Cohor~· 46 0.416 
Cohort3

a 65 0.429 
Cohort/ 63 0.398 

Louisiana F(4.27JrB. 65; P < .001 
Cohortoa 2 0.472 
cohortl

b 17 0.298 
cohor~ .. b 45 0.395 
cohort3a,b 36 0.397 
Cohort: 178 0.470 

New York F(4.2J2)=14. 14 i P < .001 
cohortoa,b 4 0.438 
cohort l

b 49 0.332 
cohor~b 33 0.344 
cohort3

a,b 18 0.474 
Cohort4

a 133 0.623 

South Carolina F (3.2JSr2 .59; P < .053 
Cohort l

a 15 0.386 
Cohort2

a 25 0.393 
Cohort3

8 37 0.423 
Cohort: 165 0.508 

Note: Samples with different letters are significantly different 
at the .05 a error level using a Duncan multiple range test. 

l 

• 

• 

• 



• 

• 

• 

Table 57 
Linear Regression of Overall Positive ~djustment on Supervision 
Intensity Indicators In Florida (N=272) 

variable 

Equation 1 

Intercept 
Mean Primary contacts 

R2 = .059 

Equation 2 

B 

~276 
.069 

Intercept .289 
Mean Seconda.ry contacts .083 

R2 = .043 

Eouation 3 

Intercept 
Mean Primary Contacts 
Mean Secondary contacts 

R2 = .059 

.276 

.067 

.003 

s.e.{B} 

.030 

.017 

.031 

.024 

.031 

.032 

.045 

Sig. 

p < .001 
P < .001 

p < .001 
P < .001 

p < .001 
P < .036 
P < .939 

Decision: Delete Secondary Contacts From The Models 



Table 58 
Assessment Of Nonlinear Relationship Between Overall positive 
Adjustment and Primary contacts In Florida (N=273) 

variable B s.e.{B} Sig. 

Equation .1 

Intercept .278 .030 P < .001 
Mean Primary contacts .068 .017 P < .001 

r2 = .058 

.EgJlation 2 

Intercept .258 .031 P < .001 
Mean ·Primary Contacts .109 .023 P < .001 
Contacts2 -.047 .019 P < .014 

R2 = .079 

Equation 3 

Intercept .394 .050 P < .001 
Mean Primary contacts .023 .034 P < .508 
contacts 2 -.103 .025 P < sOOl 
contacts3 .056 .017 P < ,.001 

R2 = .116 

• 

• 

• 
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Table 59 
Assessment Of Nonlinear Relationship Between Overall positive 
Adjustment and Prim,ary contacts In Georgia (N=241) 

variable .6 s.e. {S} sig. 

Equation 1 

Intercept .286 .032 P < .001 
Mean Primary contacts .119 .027 P < .001 

r2 = .077 

Equation 2 

Intercept .275 .033 P < .001 
Mean Primary contacts .142 .030 P < .001 
contacts2 -.047 .027 P < .081 

R2 = .089 

Equation 3 

Intercept .376 .046 P < .001 
Mean Primary contacts .063 .039 P < .105 
contacts2 -.140 .040 P < .001 
contacts3 .083 .027 P < .003 

R2 = .123 



• 

Table 60 
Assessment Of Nonlinear Relationship Between Overall Positive 
Adjustment and Knowledge Scores In Louisiana (N=278) 

variable B s.e.{B} Sig. 

Equation 1 

Intercept .568 .013 P < .001 
Knowledge Score -.187 .016 P < .001 

r2 = .342 

Equa,tion 2 

Intercept .562 .013 P < .001 
Knowledge Score -.195 .016 P < .001 
Knowledge Score2 .056 .029 P < .051 

R2 = .351 

Equation 3 

Intercept .595 .022 P < • 001 
Knowledge Score -.233 .026 P < .001 
Knowledge Score2 .013 .037 P < .718 
Knowledge score3 .086 .046 P < .066 

R2 = .359 

• 

• 
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Table 61 
Assessment Of Nonlinear Relationship Between Overall Positive 
Adjustment and Surveillance Scores In Louisiana (N=278) 

variable B s.e.{B} Sig. 

Equation 1. 

Intercept .355 .010 P < .00l 
Surveillance Score .190 .017 P < .00l 

r2 = .315 

Equation 2 

Intercept .359 • 01~. P < .001 
Surveillance Score .212 .021 P < .001. 
Surveillance Score2 -.073 .043 P < .093 

R2 = .322 

Equation 3 

Intercept .339 .020 P < .001 
Surveillance Score .239 .030 P < .001. 
Surveillance Score2 .01.2 .082 P < .884 
Surveillance Score3 -.1.22 .099 P < .21.9 

R2 = .326 



Table 62 
Assessment Of Nonlinear Relationship Between Overall Positive 
Adjustment and Requirements Scores In Louisiana (N=278) 

variable B s.e.{B} Sig. 

Equation 1 

Intercept .281 .021 P < .001 
Requirements Score .058 .007 P < .001 

r 2 = .192 

Equation 2 

Intercept .280 .021 P < .001 
Requirements Score .056 .007 P < .001 
Requirements Score2 .004 .004 P < .402 

R2 = .194 

Equation 3 

Intercept .268 .035 P < .001 
Requirements Score .061 .013 P < .. 001 
Requirements Score 2 .004 .005 P < .361 
Requirements Score3 -.001 .003 P < .680 

R2 = .195 

• 

• 
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Table 63 
Assessment Of Nonlinear Relationship Between Overall Positive 
Adjustment and Primary contacts In South Carolina (N=Jl0) 

Variable B s.e. {S} Sig. 

Equation 1 

Intercept .330 0037 P < .001 
Mean Primary contacts .149 .036 P < .001 

r 2 = .052 

Equation 2 

Intercept .352 .035 P < .001 
Mean Primary contacts .178 .035 P < .001 
contacts2 -.255 .048 P < .081 

R2 = .132 

Equation 3 

Intercept .449 .054 P < .001 
Mean Primary contacts .083 .054 P < .123 .. 
contacts2 -.329 .057 P < .001 
contacts3 .142 .061 P < .020 

R2 = .147 



Table 64 
Estimated Impact of within-Subject Changes in Supervision 
Intensity on within-Subject Changes in positive Adjustment 

state and Interval N = 'Y Sig. 

Florida 
T2 - Tl 186 .043 P < .093 
T3 - T2 118 .077 P < .005 
T4 - T3 63 .053 P < .288 
End - Tl 171 .112 P < .001 

Georgia 
T2 - Tl 174 .077 P < .076 
T3 - T2 140 .109 P < .002 
T4 - T3 77 .024 P < .746 
End - T1 162 .056 P < .165 

South Carolina 
T2 - T1 223 .056 P ~~ .395 
T3 - T2 201 .095 P < .008 
T4 - T3 166 .165 P < .001 
End - T1 223 .115 P < .003 

Log,isiana 
T2 - Tl 259 

Knowledge -.060 p < .001 
Surveillance .147 p < .001 
Requirements .059 p < .001 

T3 - T2 214 
Knowledge -.102 p < .001 
surveillance .127 p < .001 
Requirements .036 p < .001 

T4 - T3 178 
Knowledge -.034 p < .076 
Surveillance .182 p < .001 
Requirements .032 p < .001 

End - T1 259 
Knowledge -.059 p < .001 
surveillance .120 p < .001 
Requirements .043 p < .001 

aNote: T=Time Period; 'Y = Parameter estimate for effect of a 
unit increase in ~(supervision intensity) on ~(positive 
adjustment). 

• 

• 
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Table 65 
Tests For Sample x Supervision Intensity Interaction Terms 
in Florida (N=27J) 

variable F-test based on partial (Type III) SS 

Equation 1: Linear Model 

Sample F = 2.11 P < .123 rz,261) 
contacts F (l,267) - 17.97 P < .001 
Sample x contacts F (2,261) = 1.25 P < .290 

Equation 2: Quadratic Model 

Sampl~' F(2,2M) = 0.56 P < .003 
contacts F(1,2M) = 24.30 P < .001 
Contacts2 

F (1,264) = 5.71 P < .032 
Sample x contacts F (2,2M) = 2.02 P < .135 
Sample x Contacts2 

F rz,2M) = 3.41 P < .035 

Equation 3: Cubic Model 

Sample F rz,261) = 0.82 P < .443 
Contacts F (1,261) = 0.05 P < .816 
contacts 2 F (1,261) = 19.75 P < .001 
Contacts3 

F (1,261) = 14.92 P < .001 
Sample x Contacts F rz,261) = 1.28 P < .280 
Sample x Contacts2 F (2,261) = 4.40 P < .013 
Sample x Contacts3 

F (2,261) = 0.38 P < .682 

I 
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Table 66 
Specification of Effect of Sample and Supervision Intensity on 
positive Adjustment in Florida (N=273) 

variable s.e.{S} sig. 

Intercept .333 e061 p < .001 
Shock Sample· .076 .037 P < .041 
Dropout Sample· -.030 .040 P < .452 
contacts .045 .035 P < .203 
contacts2 -.086 .026 P < 0001 
contacts3 .045 .017 P < .009 

R2 = .1.40 

-Reference category = prison parolees. 

• 

• 

• 
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Table 67 
Tests For Sample x supervision Intensity Interaction Terms 
in Georgia (N=241) 

Variable F-test based on partial (Type III) SS 

Equation 1: Linear Model 

Sample F (2,215) = 0.01 P < .999 
contacts F (1,215) = 13.90 P < .001 
Sample x contacts F (2,215) = 0.08 P < .927 

Equation 2: Quadratic Model 

Sample F (2,2J2) = 0.07 P < .930 
contacts F(l,2J2) = 20.61 P < .001 
contacts2 

F (1,2J2) = 18.66 P < .001 
Sample x contacts F(2,2J2) = 0.25 P < .777 
Sample x Contacts 2 

F (2,212) = 6.57 P < .002 

Eguation 3 : Cubic Model 

Sample F (2,229) = 3.21 P < .042 
contacts F (1,229) = 12.03 P < eOOl 
Contacts 2 F (1,229) = 30.6'7' P < .001 
Contacts3 

F (1,229) = 3.57 P < .060 
Sample x Contacts F (2,229) = 3.70 P < .026 
Sample x Contacts2 F (2,229) = 6.77 P < .001 
Sample x Contacts3 

F (2,229) = 5.44 P < .005 

---------_._----------------- ~----



Table 68 
specification of Effect of Sample and Supervision Intensity on • 
positive Adjustment in Georgia (N=241) 

variable B s.e.{S} Sig. 

Intercept .393 .048 P < .001 
Shock Sample· -.045 .038 P < .238 
Prison Parolees· -.065 .039 P < .102 
contacts .088 .042 P < .036 
contacts z -.156 ~041 P < .001 
contacts3 .079 .027 P < .004 

RZ = .133 

aReference category = probationers. 

• 
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Table 69 
Tests For Linear sample x Supervision Intensity Interaction Terms 
in Louisiana (N=278) 

variable F-test based on partial (Type III) SS 

Equation 1: Linear Model For Knowledge Scores 

Sample 
Knowledge 
sample x Knowledge 

F (3,270) = 3 .51 
F(1,270) = 40.71 
F(3,270) = 0.39 

p < .016 
p < .001 
P < .759 

Equation 2: Linear Model For Requirements Scores 

Sample 
Requirements 
Sample x Requirements 

F(3,270) = 3.37 
F(l.270) = 15.34 
F (3,270) - 3.95 

p < .019 
P < .001 
P < .009 

Eguation 3: Linear Model For Surveillance Scores 

Sample 
Surveillance 
Sample x Surveillance 

F (3,270) = 0 • 83 
F(l,270) = 38.98 
F (3,270) = 2.54 

p < .476 
P < .001 
P < .057 



Table 70 
Specification of Effect of Sample and supervision Intensity on • 
positive Adjustment in Louisiana (N=278): Separate Effects Models 

variable B 

Equation 1: Knowledge Scores 

Intercept 
Shock Sample' 
Prison Sample' 
Dropout Samplel 

Knowledge 

R2 = .380 

.530 

.070 
-.001 

.012 
-.160 

Equation 2: surveillance Scores 

Intercept 
Shock Sample' 
Prison Sample' 
Dropout sample' 
Surveillance 

R2 = .315 

.348 

.002 

.011 

.030 

.193 

Eguati.on 3: Requirements Scores 

Intercept 
Shock Sample' 
Prison Sample' 
Dropout Sample' 
Requirements 

R2 = .239 

.289 

.089 

.037 

.032 

.041 

'Reference category = probationers. 

s.e.{B} 

.019 

.019 

.018 

.031 

.017 

.013 

.026 

.018 

.032 

.025 

.024 

.022 

.019 

.034 

.009 

Sig. 

p < .001 
P < .001 
P < .954 
P < .694 
P < .001 

p < .001 
P < .835 
P < .556 
P < .363 
P < .001 

p < .001 
P < .001 
P < .058 
P < .350 
P < .001 

• 

• 
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Table 71 
Specification of Effect of Sample cmd Supervision Intensity on 
positive Adjustment in Louisiana (N=278): Combined Effects Model 

variable B s.e.{B} Siq. 

Intercept .430 .023 P < .001 
Shock Sample& -.044 .023 P < .058 
Prison sample· -.004 .016 P < .807 
Dropout Sample· .005 .028 P < .861 
Knowledge -.148 .016 P < .001 
Surveillance .110 .026 P < .00l 
Requirements .028 .008 P < .001 

RZ = .491 

'Reference category = probationers. 



Table 72 
Tests For Sample x Supervision Intensity Interaction Terms 
in South Carolina (N=310) 

Variable F-test based on partial (Type III) S5 

Equation 1: Linear Model 

Sample F(4,JOO) = 1.82 P < .125 
contacts F (1,300) = 19.64 P < .001 
Sample x Contacts F(4,300) = 1.81 P < .127 

Equation 2: Quadratic Model 

Sample F(4.295) = 1.49 P < .205 
contacts F (1.295) = 14.45 P < .001 
Contacts:/. F (1,295) = 19.38 p< .001 
sample x Contacts F(4.295) = 1.63 P < .166 
Sample x Contacts z 

F(4.295} = 1.16 P < .329 

Equation 3: Cubic Model 

Sample F(4.290) = 1.39 P < .236 
contacts F (1.290) = 1.92 P < .167 
contacts 2 F (1.290) = 12.79 P < .001 
contacts3 

F (1.290) = 0.21 P < .644 
Sample x Contacts F(4.290) = 1.62 P < .168 
Sample x contacts 2 

F(4.29O) = 0.35 P < .844 
Sample x contacts3 

F(4.290) = 0.79 P < .534 

l 

• 

• 
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Table 73 
Specification of Effect of .Sample and Supervision Intensity on 
positive Adjustment in South Carolina (N=310) 

variable 

Intercept 
DPPPS Shock Sample' 
DOC Shock Sample' 
Prison Parolees' 
Split-Probationers' 
contacts 
Contactsz 
contacts3 

RZ = .154 

B 

.469 

.003 
-.054 
-.002 
-.017 

.079 
-.336 

.141 

·Reference category = probationers • 

s.e.{B} 

.059 

.045 

.044 

.048 

.065 

.055 

.058 

.061 

sig .. 

p < .001 
P < .944 
P < .224 
P < .972 
P < .798 
P < .156 
P < .001 
P < .022 



Table 74a 
Failure criteria Distributions By state • 
state Number of Cases Percent Failing 

Failure by Arrest 

Florida 289 52.6% 
Georgia 262 
Louisiana 278 45.3% 
South Carolina 326 51.2% 

Revocation For New Crime 

Florida 289 20.8% 
Gecrgia 262 31.7% 
Louisiana 278 11.5% 
South Carolina 326 10.4% 

Revocation For Technical Violation 

Florida 289 12.5% 
Georgia 262 4.6% 
Louisiana 278 10.4% • South Carolina 326 12.0% 

• 
I 
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Table 74b 
positive Adjustment Scores Across Failure criteria 

Mean positive Adjustment Scores 

state Non-Failures 

Failure By Arrest 

Florida 
Louisiana 
South Carolina 

Revocation For 

Florida 
Georgia 
Louisiana 
South Carolina 

Revocation For 

Florida 
Georgia 
Louisiana 
South Carolina 

* p < .OS 
** P < .01 
*** P < .001 

0.513 
0.466 
0.571 

New Crime 

0.426 
0.459 
0.445 
0.489 

Technical Violation 

0.396 
0.425 
0.445 
0.487 

Failures 

0.257 
0.404 
0.354 

0.188 
0.328 
0.385 
0.210 

0.249 
0.249 
0.372 
0.261 

INote: Reported p-values are two-tailed • 

t-valuea 

8.87··· 
3.64$0>· 
7.30··· 

S.06··· 
4.51"· 
2.21"' 
7.22··· 

3.82·" 
2.52· 
2.59 0

• 

5.98··· 

J 
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Table 74c 
Supervision Intensity Scores Across Failure Criteria' 

Mean Supervision Intensity Scores 

State 

Failure By Arrest 

Florida 
Louisiana (K) 
Louisiana (R) 
Louisiana (S) 
South Carolina 

Non-Failures 

7.08 
1.15 
2.56 
0.62 
1.65 

Revocation For New Crime 

Florida 
Georgia 
Louisiana (K) 
Louisiana (R) 
Louisiana (S) 
South Carolina 

7.10 
2.82 
1.22 
2.69 
0.68 
1.71 

Revocation For Technical Violation 

Florida 
Georgia 
Louisiana (K) 
Louisiana (R) 
Louisiana (S) 
South Carolina 

* p < .05 
** P < .01 
*** P < .001 

6.06 
2.56 
1.25 
2.65 
0.66 
1.73 

Failures 

6.23 
1.35 
2.91 
0.81 
1.80 

4.80 
1.98 
1.40 
2.93 
0.91 
1.94 

10.65 
2.39 
1.20 
3.28 
1.07 
1.74 

t-valueb 

0.74 
-1.51 
-2.64·" 
-1.92· 
-1.01 

1.63 
2.70· 

-0.88 
-1.15 
-1.24 
-0.88 

-2.66·· 
0.19 
0.22 

-2.92"· 
-2.52-
-0.03 

aNote: Supervision intensity scores represent mean number of 
monthly offender contacts (no log transformation) in Florida, 
Georgia, and South Carolina. In Louisiana, there are three 
measures. The (K) index represents lack of knowledge (ranges 
from 0 to 8) while the (R) index measures the level of 
requirements (ranges from 0 to 6) and the (S) index captures the 
level of off~nder surveillance (ranges from 0 to 5). 
~ote: Reported p-values are two-tailed. 

1 

• 

• 

• 



• 

• 

• 

Table 74d 
Zero-Order Correlation Coefficients Between positive Adjustment 
and supervision Intensity stratified By Whether Offender Is 
Revoked For A Technical Violation During Follow-Up Period-

state TV = No TV = Yes N= 

Florida +.317 +.075- 36 
Georgia +.258 +.48S e 12 
Louisiana (K) -.609 -.484 29 
Louisiana (S) +.614 +.488 29 
Loui.siana (R) +.483 +.442 29 
South Carolina +~209 +.331 38 
. = correlation coefficient not significant at p < • 05 level • 

aNote: N refers to the number of subjects with technical 
violations and scores on both positive adjustment and supervision 
intensity measures. TV = Technical Violation • 

I 



Table 75 
Assessment of Demographic and Offender Characteristics' 
Effects on positive Adjustment in Florida 

variable Mean positive Adjustment/Correlation 

Offender Race/Ethnicity 

Nonwhite 
White 

ta~ = 2.66; p < e008 

Offender Age at Beginning 
of Community Supervision 

Type of Offense 

Violent 
Drug Related 
Property and Other 

Fa.277)=2.01; p < .135 

Offense For Current Sentence 

New Crime 
Technical Revocation 

ta~ = -1.82; p < .070 

Offending History 

• , 

Prior Record 
No Prior Record 

ta~ = 1.51; p < .131 

.340 

.425 

r = .192; P < .001 

.419 

.387 

.348 

.390 

.310 

.337 

.392 

• 

• 

• 
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Table 76 
Assessment of Demographic and Offender Characteristics' 
Effects on positive Adjustment in Georgia 

Variable Mean Positive Adjustment/correlation 

Offender Race/Ethnicity 

Nonwhite 
White 

t(> .. , = 3.22; p < .002 

Offender Age at Beginning 
of Community Supervision 

Type of Offense 

Violent 
Drug Related 
Property and other 

F (2,243;=1 • 59; P < .206 

Offense For Current Sentence 

New Crime 
Technical Revocation 

t(2C) = -0.59; p < .556 

Offending History 

Prior Record 
No Prior Record 

t(2#) = 2.55; P <' .011 

~378 

.477 

r = .032; P < .616 

.449 

.448 

.394 

.421 

.398 

.373 

.450 

------,-----------------------------------------------



Table 77 
Assessment of Demographic and Offender Characteristics' 
Effects on positive Adjustment in Louisiana 

variable Mean positive Adjustment/correlation 

Offender Race/Ethnicity 

Nonwhite 
White 

t~) = 4.63; P < .001 

Offender Age at Beginning 
of Community supervision 

Offender Age at First 
of Arrest 

Type of Offense 

Violent 
Drug Related 
Property and Other 

F (2.248r5 .37; P < .005 

Offense For Current Sentence 

New crime 
Technical Revocation 

t~~ = -0.04; p < .966 

Offending History 

Prior Record 
No Prior Record 

t(2~ = -0.79; p < .430 

.405 

.487 

r = .067; P < .266 

r = -.016; p < .802 

.387 

.483 

.432 

.440 

.439 

.439 

.424 

• 

• 

• 
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Table 78 
Assessment of Demographic and Offender Characteristics' 
Effects on positive Adjustment in New York 

Variable Mean positive Adjustment/Correlation 

Offender Race/Ethnicity 

Nonwhite 
White 

t~~ = 2.11; p < .036 

Offender Age at Beginning 
of Community Supervision 

Offender Age at First 
of Arrest 

Type of Offense 

Drug Related 
Property 
Violent and Other 

F (2,234;=1. .19; P < .306 

Offending History 

Prior Record 
No Prior Record 

t~~ = 1..1.2; p < .265 

.489 

.592 

r = .156; P < .016 

r = .232; P < .001 

.526 

.450 

.522 

.502 

.573 



Table 79 
Assessment of Demographic and Offender Characteristics' 
Effects on Positive Adjustment in South Carolina 

variable Mean positive Adjustment/Correlation 

Offender Race/Ethnicity 

Nonwhite 
White 

t~) = 4.68; P < .001 

Offender Age at Beginning 
of community supervision 

Offender Age at First 
of Arrest 

Type of Offense 

violent 
Drug Related 
Property and Other 

F (2,322;=1.39; p < .252 

Offense For Current Sentence 

New Crime 
Technical Revocation 

t~) = -0.65; p < .519 

Offending History 

Prior Record 
No Prior Record 

t~) = 2.40; p < .017 

.402 

.550 

r = .048; P < .388 

r = .073; P < .192 

.511 

.483 

.440 

.463 

.429 

.433 

.515 

• 

• 

• 
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Table 80 
Analysis of positive Adjustment For Subjects completing 
Three Months of Evaluation In Florida (N=2S0) 

Effects on positive Adjustment 

variable M3 MS M9 M12 

Intercept -0.43·· 
Shock samplel 0.13° .. 
Dropout sample1 -0.03 
Nonwhite Indicator -0.14·· .. 
Age at Comm. supv. 0.03·'· 
Violent Offense 0.14·$· 
Drug Offense2 0.07 
New Crime Indicator 0.14"· 
Contacts w/Offender O.OOS··· 

Overall Mean 0.422 
Adj. Shock Mean3 0.511-
Adj. Dropout Mean3 0.352b 

Adj. Prison Mean3 0.379b 

R2. .220 

• S .10 P •• S .05 P .... 
S .01 P 

INote: Reference category is comprised of " prison parolees. 
2Note: Reference ca,tegory is comprised of all other offenders. 
3Note: Samples with different letters are significantly 
different at the .05 ~ error level • 



Table 81 
Repeated Measures Analysis of Positive Adjustment For Subjects 
Completing six Months of Evaluation in Florida (N=196) 

Effects on positive Adjustment 

variable M3 M6 M9 M12 

Intercept -0.37 -0.69··· 
Shock Sample1 0.1'0·· 0.12·· 
Dropout Sample1 -0.01 0.02 
Nonwhite Indicator -0.15··· ,..0.15··· 
Age at Comma SUrV. 0.03·· .. 0.05° .. 
Violent Offense 0.16··· O.OS 
Drug Offense2 0.13·· o .1So 

•• 

New Crime Indicator 0.14 .... o .19·~· 
Contacts w/Offender 0.007··· 0.006··· 

Overall Mean 0.450 0.407 
Adj. Shock Mean3 0.511- 0.4761! 
Adj. Dropout Mean3 O.401b O.374a,b 
Adj. Prison Mean3 0.414b 0.3S6b 

R2 .220 .207 

Within-Subjects Anal~sis4 

Effect of TIME 
Test of Hypothesis That There is No Within subject Change Over 

Two Measurement Periods: F a.I87)=1 • 87 i P < e 173 

Effect of TIME x Violent Offense Indicator 

" 
•• 

Test of Hypothesis That There is No Change in the Effect of the 
VIOLENT Crime Indicator Over Two Measurement Periods: 
Fa.187r3.27i p < .072 

p S .10 
P S .05 
P S ~Ol 

1Note: Reference category is comprised of prison parolees. 
2Note: Reference category is comprised of all other offenders. 
3Note: Samples with different letters are significantly 
different at the .05 a error leVf.tl. 
4Note: Effect of TIME and stati~:tically significant (p < .10) 
changes in the effects of predictors over values of TIME are 
rep~rted. 

• 

• 

• 
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Table 82 
Repeated Measures Analysis' of Positive Adjl',stment For Subjects 
completing Nine Months of Evaluation in Florida (N=123) 

Effects on Positive Adjustment 

variable M3 M6 M9 M12 

Intercept 0.05 -0.32 -0.60· 
Shock Sample1 0.09· 0.12·· 0.20 •• 0 

Dropout samplel 0.08 -0.02 0.04 
Nonwhite Indicator -0.21 .. •• -0.16"· -0.170 

•• 

Age at Comma SUpV. 0.02 0.03·· 0.04·· 
Violent Offense 0.14·· 0.06 0.09 
Drug Offense2 0.08 0.13 0.13 
New Crime Indicator 0.13

0 
0.12 0.10 

Contacts w/Offender 0.01··· a.009 .. •• 0.01··· 

Overall Mean 0.528 0.490 0.419 
Adj. Shock Mean3 0.569' 0.560' 0.525' 
Adj. Dropout Mean3 0.557- 0.421a,b 0.36Sa,b 
Adj. Prison Mean3 0.480' 0.43gb 0.32gb 

R2 .257 .1.64 .219 

Within-Subjects Analysis4 

Effect of TIME 
Test of Hypothesis That There is No within Subject Change Over 

... 
••• 

Three Measurement Periods: F (2,218;=1095; p < .145 

p S .10 
P S .05 
P S .01 

INote: Reference category is comprised of prison parolees. 
2Note: Reference category is comprised of all other offenders. 
3Note: Samples with different letters are significantly 
different at the .05 a error level. 
4Note: Effect of TIME and statistically significant (p < .10) 
changes in the effects of predictors over values of TIME are 
reported. 



Table 83 
Repeated Measures Analysis of positive Adjustment For Subjects 
completing Twelve Months of Evaluation in Florida (N=5S) 

Effects on positive Adjustment 

variable M3 M6 M9 M12 

Intercept 0.25 -O.lS -0.44 -0.46 
Shock Sample! 0.01 0.04 0.06 -0.04 
Dropout Sample l 0.05 -0.09 0010 0.05 
Nonwhite Indicator -0.19··· -0.12 -0.09 -0.12 
Age at Comma Supv. 0.01 0.04· 0.05·· 0~O5·" 

Violent Offense2 0.12 O.OS 0.11 -0.02 
Drug Offense2 O.OS -0.02 O.OS 0.03 
New Crime Indicator 0.02 0.04 -0.10 -0.02 
Contacts w/Offender O. OOS·· 0.005 0.010 

•• 0.009·· 

Overall Mean 0.576- 0.571- 0.540' 0.480-
Adj. Shock Mean3 0.576- 0.605- 0.569- 0.448-
Adj. i>l';'opout Mean3 0.61S' 0.479- 0.604· 0.53S-
Adj. Prison Mean3 0.56S· 0.565& 0.507· 0.491· 

R2 .263 .190 .259 .266 

Within-Subjects Analysis4 

Effect of TIME 
Test of Hypothesis That There is No Within Subject Change Over 

• 
•• 
••• 

Four Measurement Periods: F(3.147;=~.04; p < .377 

p S .l.0 
P S .05 
P S .Ol. 

INote: Reference category is comprised of prison parolees. 
2Note: Reference category is comprised of all other offenders. 
3Note: Samples with different letters are significantly 
different at the .05 a error level. 
4Note: Effect of TIME and statistically significant (p < .10) 
changes in the effects of predictors over values of TIME are 
reportEld. 

• 

• 
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Table 84 
Analysis of Positive Adjustment For Subjects completing Three 
Months of Evaluation In Georgia (N=210) 

Effects on Positive Adjustment 

variable M3 M6 M9 M12 

Intercept 0.40··· 
Shock Sample1 0.06 
Prison Sample1 0.05 
Nonwhite Indicator -0.01 
Violent offense2 0.00 
Drug Offense2 0.05 
Priors Indicator -0. OS· 
contacts w/Offender 0.01·· 

Overall Mean 0.448 
Adj. Shock Mean3 0.468· 
Adj. Prison Mean3 0.466" 
Adj. Probation Mean3 00411' 

R2 .049 

• P ~ .10 ... 
S .05 P ••• P S .01 

INote: Reference category is comprised of probationers. 
2Note: Reference category is comprised of all other offenders. 
3Note: Samples with different letters are significantly 
different at the .05 a error level • 



Table 85 
Repeated Measures Analysis of Positive Adjustment For Subjects ~ 
Completing six Months of Evaluation in Georgia (N=174) 

Effects on Positive Adjustment 

variable M3 M6 M9 M12 

Intercept 0.39··· 0.43··· 
Shock Sample! 0.08 -0.04 
Prison samplel 0.09 0.02 
Nonwhite Indicator -o.o~ -0.16··· 
Violent Offense2 -0.02 0.08 
Drug Offense2 0.05 0.08 
Priors Indicator -0.11· -0.03 
contacts w/Offender 0.02·· 0.02··· 

Overall Mean 00452 0.411 
Adj. Shock Mean3 0.475· 0.376· 
Adj. prison Mean3 0.480· 0.438· 
Adj. Probation Mean3 0.393· 0.4171 

R2 .077 .154 

within-subjects Analysis4 

Effect of TIME 
Test of Hypothesis That There is No within subject Change Over 

Two l"leasuralllent Periods: F(1,I66rOo14; p < .709 

c 

... .... 

Effect of TIME x Nonwhite Indicator 
Test of Hypothesis That There is No Change in the Effect of the 

Nonwhite Indicator Over Two Measurement Periods: 
F (1,166)=5.11; p < .02,5 

p S .10 
P S .05 
P S .01 

lNote: Reference category is comprised of probationers. 
2Note: Reference category is comprised of all other offenders. 
3Note: Samples with different letters are significantly 
different at the .05 Q error level. 
4Note: Effect of TIME and statistically significant (p < _10) 
changes in the effects of predictors over values of TIME are 
reported. 

~ 

~ 
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Table S6 
Repeated Measures Analysis.of positive Adjustment For Subjects 
Completing Nine Months of Evaluation in Georgia (N=12S) 

Variable 

Intercept 
Shock samplel 

Prison sample1 

Nonwhite Indicator 
Violent Offense2 

Drug Offense2 

Priors Indicator 
contacts w/Offender 

Overall Mean 
Adj. Shock Mean3 

Adj. Prison Mean3 

Adj. Probation Mean3 

Within-Subjects Analysis4 

Efxl!;ct of TIME 

Effects on Positive Adjustment 

M3 

0.38··· 
0.09 
0.13· 

-0.02 
-0.00 

0.06 
-0.11" 

0.02· 

0.452 
0.463-
0.50411 

0.3761 

.072 

MG 

0.49 U
• 

-0.03 
-0.01 
-0.20··· 

0.08 
O.OS 

-0.03 
O. C2·· 

00424 
0.40S1 

0.4251 

0.4391 

.164 

M9 

0.44··· 
0.01 
0.04 

-0.17'"·· 
0.19·· 
0.10 

-0.10 
0.01 

0.382 
003721 

0.405· 
0.3651 

.157 

M12 

Test of Hypothesis That There is No Within Subject Change Over 
Three Measurement Periods: F(2.uorO.04; P < .958 

o 

Effect of TIME x Nonwhite Indicator 
Test of Hypothesis That There is No Change in th~ Effect of the 

Nonwhite Indicator Over Three Measurement Periods: 
F (2.uor3. 71; P < .026 

Effect of TIME x Violent Crime Indicator 
Test of Hypothesis That There is No Change in the Effect of the 

Violent Offense Indicator Over Three Measurement Periods: 
F (2.240)=2 .28; P < • 105 

p S .1.0 
•• ••• p S .05 

P S .01 
INote: Reference category is comprised of probationers. 
2Note: Reference category is comprised of all other offenders. 
3Note: Samples with different letters are significantly 
different at the .05 a error level. 
4Note: Effect of TIME and statistically significant (p < .10) 
changes in the effects of predictors over values of TIME are 
reported. 
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Table 87 
Repeated Measures Analysis of positive Adjustment For Subjects 
Completing Twelve Months of Evaluation in Georgia (N=63) 

Effects 

variable M3 

Intercept 0~31** 
Shock Sar plel 0.13 
Prison Samplel 0.09 
Nonwhite Indicator -0.08 
Violent Offense2 0.07 
Drug Offense2 0.02 
Priors Indicator 0.03 
contacts w/Offender Q.03 

Overall Mean 0.450 
Adj. Shock Mean3 0.494· 
Adj. Prison Mean3 0.446' 
Adj. Probation Mean3 0.361· 

R2 .098 

Within-Subjects Analysis4 

Effect of TIME 
Test of Hypothesis That There 

• ... 

Four Measurement Periods: 

p S .10 
P S .05 

on Positive Adjustment 

MIS M9 M12 

0.41··· 0.51··· 0.40".8 

-0.00 -0 .. 00 0.06 
0.09 0.08 0.09 

-0.28··· -0.30··· -0 .. 24··· 
0.08 O.OS 0.07 
0.01 0.13 0.14 

-0.01 -0.09 -0.13 
0.05··· O.OJ 0.03·· 

0.384 0.397 0.360 
0.34711 0.363· 0.35S" 
0.441· 0.447· 0.392· 
0.347· 0.366' 0.299· 

.328 .278 .278 

is No within Subject change Over 
F (3.16SrO .. 70; P < .550 

••• P S .01 
tNote: Reference category is comprised of probationers. 
2Note: Reference category is comprised of all other offenders. 
3Note: Samples with different letters are significantly 
different at the .05 a error level. 
4Note: Effect of TIME and statistically significant (p < .10) 
changes in the effects of pr~dictcrs over values of TIME are 
reported. 

• 

• 

• 
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Table 88 
Analysis of positive Adjustment For Subjects completing 
Three Months of Evaluation In Louisiana (N=253) 

variable 

Intercept 
Shock sample1 

Prison sample1 

Shock Dropout sample1 

Nonwhite Indicator 
Age at Comma Supv. 
New Crime Indicator 
Knowledge Index 
Requirements Index 
Surveillance Index 

Overall Mean 
Adj. Shock.Mean2 
Adj. Prison Mean2 
Adj. Probation Mean2 
Adj. Dropout Mean2 

• ... 
0 .. 

p S .. 10 
P S .05 
P S .01 

Effects on Positive Adjustment 

M3 

0.34··· 
-0.07 0 

•• 

0.01 
0.00 

-0.05··· 
0.003"· 
0.01 

-0.05··· 
0.03··· 
O. 08~·· 

0.484 
0.431-
O.SOgb 

O.SOlb 
O.503b 

.613 

M6 M9 

INote: Reference category is comprised of probationers. 
2Note: Samples with different letters are significantly 
different at the .05 a error level. 

M12 



Table 89 
Repeated Measures Analysis of positive Adjustment For Subjects 4It 
Completing Six Months of Evaluation In Louisiana (N=236) 

variable 

Intercept 
Shock samplel 

Prison sample' 
Shock Dropout sample1 

Nonwhite Indicator 
Age at Comma Supv. 
New Crime Indicator 
Knowledge Index 
Requirements Index 
Surveillance Index 

Overall Mean 
Adj. Shock Mean2 

Adj. Prison Mean2 

Adj. Probation Mean2 

Adj. Dropout Mean2 

Within-Subjects Analysis3 

Effect of TIME 

Effects on Positive Adjustment 

M3 

0.42·· .. 
-0.04· 

0.00 
0.03 

-O.OSe •• 
0.002·· 

-0.01 
-0.05··· 

o. Ole 
o ~ 09·e 

.. 

0.496 
0.4638 

O. SlOb 
O.S061

•
b 

0.531b 

• 656 

M6 

0.39··· 
-0810··· 
-0.03 

0.02 
-0.03·· 

0.002 
0.03-

-0.08-08 

0.02·" 
0.09

8
'" 

0.461 
0.393· 
O.471b 

0.496b 

o e 516b 

.549 

M9 M12 

Test of Hypothesis That There is No Within Subject Change Over 
Two Measurement Periods: Fa.Z26;=O.90; p < .343 

Effect of TIME x New Crime Indicator 

• 
•• 
••• 

Test of Hypothesis That The Effect of the New Crime Indicator 
Is Time-Stable Over Two Measurement Periods: 
Fa.m;=3.83i P < .052 

Effect of TIME x Knowledge Index 
Test of Hypothesis That The Effect of the Knowledge Index 

Is Time-Stable Over Two Measurement Periods: 
F a,m;=8.9; P < .003 

p S .10 
P :S .05 
P S .01 

tNote: Reference category is comprised of probationers. 
2Note: Samples with different letters are significantly 
different at the .05 a error level. 
3Note: Effect of TIME and statistically significant (p < .10) 
changes in the effects of predictors over values of TIME are 
reported. 

• 

• 
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Table 90 
Repeated Measures Analysis-of positive Adjustment For Subjects 
completing Nine Months of Evaluation In Louisiana (N=194) 

variable 

Intercept 
Shock sample1 

prison samplel 
Shock Dropout sample1 

Nonwhite Indicator 
Age at Comma Supv. 
New Crime Indicator 
Knowledge Index 
Requirements Index 
Surveillance Index 

Overall Mean 
Adj. Shock Mean2 

Adj. Prison Mean2 

Adj. Probation Mean2 

Adj. Dropout Mean2 

within-Subjects Analysi~ 

Effect of TIME 

Effects on Positive Adjustment 

M3 

0.43··· 
0.00 
0.03 
0.02 

-0.04··· 
0.002" 

-0.03· 
-0.04··· 

0.01 
0.10··· 

0.503 
0.49S" 
0.52111 

0.494-
0.517-

.626 

M6 

O.3S··· 
-0.02 

0.02 
0.05· 

-0.03 00 

0.004··· 
-0.01 
-0.07··· 

0.02'" 
0.09 0 

•• 

0.493 
0.472' 
0.513a,b 

0.48Sa,b 
O.543b 

.704 

M9 

0.36··· 
-0.05 
-0.01 

Oc02 
-0.03 

0.004··· 
-0.01 
-0. OS .. •• 

0.03·· 
0.04·· 

0.439 
0.401-
0.44611 

0.454" 
0.47S' 

.481 

M12 

Test of Hypothesis That There is No Within Subject Change Over 
Three Measurement Periods: Fa~~=1.29; p < .278 

• 

Effect of TIME x Knowledge Index 
Test of Hypothesis That The Effect of the Knowledge Index 

Is Time-Stable Over Three Measurement Periods: 
F a.368;=10. 77; P < • OO~ 

Effect of TIME x Surve~llance Index 
Test of Hypothesis That The Effect of the Surveillance Index 

Is Time-Stable Ove~ Three Measurement Periods: 
Fa~68r6.39; p < .002 

p S .10 
•• ••• p S .05 

P S .01 
lNote: Reference category is comprised of probationers. 
2Note: Samples with different letters are significantly 
different at the .05 a error level. 
3N'ote: Effect of TIME and statistically significant (p < .10) 
changes in the effects -of predictors over values of TIME are 
reported. 



Table 91 
Repeated Measures Analysis of positive Adjustment For Subjects ~ 
Completing Twelve Months of Evaluation In Louisiana (N=lS9) 

Variable 

Intercept 
Shock Sample1 

Prison Samplel 
Shock Dropout Sample' 
Nonwhite Indicator 
Age at Comma SUpVe 
New Crime Indicator 
Knowledge Index 
Requirements Index 
Surveillance Index 

Overall Mean 
Adj. Shock Mean2 

Adj. Prison Mean2 
Adj. Probation Mean2 
Adj. Dropout Mean2 

Within-Subjects Analysis3 

Effect of TIME 

Effects on positive Adjustment 

M3 

0.42·C
• 

0.03 
0.04 
0.03 

-O.OSo •• 
0.003· 

-0.02 
-0.04··· 

Oe01 
0.10··· 

0.S11 
O. S26' 
0.5291 

0.4921 

O. S231 

.S8S 

M6 

0.42° •• 
0.04 
0.05·· 
0.06· 

-0.04"· 

c:::. j 0 0,,:> 
c ~1 (0coo 

00 'i1 

0 .. O~~co 

0.S04 
0.521C,b 
O. S2Sb 

0.4791 

O. S39a,b 

.661 

M9 

0.44··· 
0.01 
0.03 
0.05 

-0.02 
0.003· 
f).02 

='0 f)Soee 

=@oGtVI 
@o IOS°.,,, 

0.471 
00467' 
g.4931 

00459· 
0.51011 

• 561 

M12 

0.39··· 
-0.02 
-0.00 
-0.00 
-0.04·· 

O.OOS··· 
0.01 

-0.09··· 
0.01 
0.00 

0.422 
0.40S' 
0.424· 
0.429' 
0.4268 

.413 

Test of Hypothesis That There is No Within Subject Change Over 
Four Measurement Periods: F(3.4'I7)=O.72; p < .538 

Effect of TIME x Knowledge Index 

• 

Test of Hypothesis That The Effect of the Knowledge Index 
Is Time-Stable Over Four Measurement Periods: 
F(3.447)=9.28; p < .001, 

Effect of TIME x Surve~llance Index 
Test of Hypothesis That The Effect of the Surveillance Index 

Is Time-Stable Over Four Measurement Periods: 
F (3.4.m=8 • 63; p < .001 

p S .10 
•• 5 .e. pS.O 

P S .01 
lNote: Reference category is comprised of probationers. 
2Note: Samples with different .letters are significantly 
different at the .OS ~ error level. 
3Note: Effect of TIME and statistically significant (p < .10) 
changes in the effects of predictors over values of TIME are 
-reported •. 

• 

• 



• 

• 

• 

Table 92 
Analysis of Positive Adjustment For Subjects Completing Three 
Months of Evaluation In New York (N=233) 

Effects on Positive Adjustment 

Variable MJ M6 M9 M12 

Intercept 0.33 
Shock Sample1 0.05 
Dropout Sample l -0.08 
Nonwhite Indicator -0.07 
Age at First Arrest 0.01 
other/Violent Offense2 0.07 
Drug Offense2 0.03 
Priors Indicator -0.02 

Overall Mean 0.542 
Adj. Shock Mean3 00596' 
Adj. Prison Mean3 0.550a,b 

Adj. Dropout Mean3 0.473b 

R2 .064 

• S 010 P •• 
P S .os ... 
p S .01 

tNote: Reference category is comprised of prison parolees. 
2Note: Reference category is comprised of property offenders. 
3Note: Samples with different letters are significantly 
different at the .05 a error level. 



---------~-----------

Table 93 
Repeated Measures Analysis of positive Adjustment For Subjects • 
Completing Six Months of Evaluation In New York (N=184) 

variable 

Intercept 
Shock sample1 

Dropout sample1 

Nonwhite Indicator 
Age at First Arrest 
other/violent Offense2 

Drug Offense2 

Priors Indicator 

Overall Mean 
Adj. Shock Mean3 

Adj. Prison Mean3 

Adj. Dropout Mean3 

Within-Subjects Analysis3 

Effect of TIME 

Effects on Positive Adjustment 

M3 

0.34 
0504 

-0.05 
-0.05 

0.02"' 
0.04 
0.01 

-0.03 

0.599 
0.596-
0.550a,b 
0.473b 

.064 

M6 

-0.19 
0.05 
0.03 

-0.11"' 
0.04·· .. 
0.12 
0.11 
0.04 

0.573 
0.596-
0.572-
0.547& 

.111 

M9 M12 

Test of Hypothesis That There is No Within Subject Change Over 
Two Measurement Periods: F(i.176r9 • 04; P < .003 

" 
•• 
••• 

Effect of TIME x Age at First Arrest 
Test of Hypothesis That The Effect of Age at First Arre~t 

Is Time-stable Over Two Measurement Periods: 
FO.176)=7.14i P < .008 

P S .10 
P S .OS 
P S .01 

INote: Reference category is comprised of prison parolees. 
2Note: Reference category is comprised of property offenders. 
3Note: Samples with different letters are significantly 
different at the .05 Q error level. 

• 

• 
--------------- ----
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• 

• 

Table 94 
Repeated Measures Analysis ·of Positive Adjustment For Subjects 
completing Nine Months of Evaluation In New York (N=151) 

Effects on Positive Adjustment 

Variable M3 M6 M9 M1.2 

Intercept 0.46·· 0.03 0.13 
Shock sample! 0.05 0.05 0.11 
Dropout Sample! -0.07 -0.00 -0.01 
Nonwhite Indicator -0.05 -0.13"· -0.18 
Age at First Arrest 0.01 0.04 .. •• 0.03 
other/Violent Offense2 0.01 0.08 0.05 
Drug Offense2 -0.01 0.03 0.05 
Priors Indicator -0.02 -0.00 0.01 

Overall Mean 0~634 0.642 0.579 
Adj. Shock Mean3 0.68Sa 0.675a 0.652· 
Adj. Prison Mean3 O.6J3a,b 0.622a 0.540a,b 
Adj. Dropout Mean3 0.S6Sb 0.619a O.528b 

R2 .068 .111 .143 

Within-Subjects Analysis3 

Effect of TIME 
Test of Hypothesis That There is No Within Subject Change Over 

Three Measurement Periods: Fa.I42r2 .97; P < .055 

Effect of TIME x Age at First Arrest 
Test of Hypothesis That The Effect of Age at First Arrest 

Is Time-Stable Over Three Measurement Periods: 

• 
•• .... 

Fa.U2r4002i P < .020 

p s .~o 

p S .05 
P S .O~ 

INote~ Referenc,e category is comprised of prison parolees. 
2Note: Reference category is comprised of property offenders. 
3Note: Samples with different letters are significantly 
different at the .05 a error level. 



Table 95 
Repeated Measures Analysis of positive Adjustment For Subjects 4It 
Completing Twelve Months of Evaluation In New York (N=133) 

variable 

Intercept 
Shock sample1 

Dropout Samplel 
Nonwhite Indicator 
Age at First Arrest 
other/Violent Offense2 
Drug Offense2 
Priors Indicator 

Overall Mean 
Adj. Shock Mean3 
Adj. Prison Mean3 

Adj. Dropout Mean3 

Within-Subjects Analysis3 

Effect of TIME 

Effects on Positive Adjustment 

. M3 

0.46·· 
0.04 

-0.04 
-0.05 

0.01 
0.01 

-('.03 
-0 .. 02 

0.641 
0.679' 
O.63S i 

0.595' 

.042 

M6 

0.06 
0.06 
0.06 

-0.13--
0.03··· 
0.04 
0 .. 01 
0.01 

0.666 
0.686' 
0 .. 627' 
0.6SS' 

.125 

M9 

0.19 
0.11· 
0.01 

-0.20 
0.02 
0.05 
0 .. 06 
0.04 

0.607 
0.673' 
0.56111 

0.570' 

.137 

M12 

0.03 
0.11 
0.03 

-0.17·· 
0.03·· 
0.05 
0.07 

-0.03 

0.579 
Oe 6391 

0.555' 
0.5261 

.143 

Test of Hypothesis That There is No Within Subject Change Over 
Four Measurement Periods: F(3.123)=2 .~08; P < .. ~03 

co 

•• 
••• 

Effect of TIME x Nonwhite Indicator 
Test of Hypothesis That The Effect of the Nonwhite Indicator 

Is Time-Stable Over Four Measurement Periods: 
F (3,123)=2 .25; P < • 086 

Effect of TIME x Age at First Arrest 
Test of Hypothesis That The Effect of Age at First Arrest 

Is Time-Stable Over Four Measurement ~eriods: 
F(3.123)=3.25; p < .024 

p ~ .~O 
P S .05 
P S .O~ 

lNote: Reference category is comprised of prison parolees. 
2Note: Reference category is comprised of property offenders. 
3Note: Samples with different letters are significantly 
different at the .05 a error level. 

4It 

• 



• 
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• 
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Table 96 
Analysis of Positive Adjustment For Subjects Completing Three 
Months of Evaluation In South Carolina (N=228) 

variable 

Intercept 
Shock sample! 
Prison sample1 

Split-Probation sample! 
Nonwhite Indicator 
Age at Comma Supv. 
Priors Indicator 
contacts w/Offender 

Overall Mean 
Adj. Shock Mean2 

Adj. Prison Mean2 

Adj. Probation Mean2 

Adj. Spa Probation Mean2 

-
•• 
••• 

p S .10 
P S .05 
P S .01 

Effects on Positive Adjustment 

M3 

0.20 
-0.03 

0002 
-0.04 
-0.12---

0.02-
-0.05 

0.01 

0.521 
0.5011 

0.5461 

0.530" 
0.4921 

.065 

M6 M9 

lNote: Reference category is comprised of probationers. 
2Note: Samples with different letters are significantly 
different at the .05 a error level • 

M12 



Table 97 
Repeated Measures Analysis of positive Adjustment For Subjects 
completing six Months of Evaluation In South Carolina (N=220) 

variable 

Intercept 
Shock samplel 

Prison Samplel 

Split-probation samplel 

Nonwhite Indicator 
Age at Comma Supv. 
Priors Indicator 
contacts w/Offender 

Overall Mean 
Adj. Shock Mean1 

Adj. Prison Mean2 
Adj. Probation Mean2 

Adj. Spa Probation Mean2 

within-Subjects Analysis] 

Effect of TIME 

Effects on Positive Adjustment 

M3 

0.22 
-0.03 
-0.00 
-0.00 
-0.14·· .. 

0.02· 
-O.OS 

0.01 

0.519 
0.501-
0.527· 
0.530· 
o e 526-

.078 

MS 

0.28 
-0.02 
-0.00 

0.06 
-O.lS·" 

0.01 
-O.OS 

0.03·· 

0.483 
0.464-
0.485· 
0.485-
0.549-

.102 

M9 M12 

Test of Hypothesis That There is No within Subject Change Over 
Two Measurement Periods: Fa~~=0.10; P < .752 

• ... .... 
p S .10 
P S .OS 
P S .01 

tNote: Reference category is comprised of probationers. 
2Note: Samples with different letters are significantly 
different at the .05 a error level. 
3Note: Effect of TIME and statistically significant (p < .10) 
changes in the effects of predictors over values of TIME are 
reported. 

• 

• 

• 



• 

• 

• 

Table 98 
Repeated Measures Analysis' of Positive Adjustment For Subjects 
Completing Nine Months of Evaluation In South Carolina (N=198) 

variable 

Intercept 
Shock Sample1 

Prison sample1 

Split-Probation sample1 

Nonwhite Indicator 
Age at Comm. Supv. 
Priors Indicator 
contacts w/Offender 

Overall Mean 
Adj. Shock Mean2 

Adj. Prison Mean2 

Adj. Probation Mean2 

Adj. Sp. Probation Mean2 

within-Subjects Analysis3 

Effect of TIME 

Effects on Positive Adjustment 

M3 

0.18 
-0.01 
-0.02 
-0.01 
-0 e 14··· 

0.02· 
-0.05 

0.03 0
• 

0.526 
0.523· 
O.51SI. 
0.537· 
0.524· 

.oss 

M6 

Oe31 
0.03 
0.02 
0.08 

-0.148
" 

0.01 
-0.05 

0.03·" 

0.500 
0.502· 
0.5011 

0.476· 
0.555· 

.083 

M9 

0.20 
-0.01 
-0.01 
-0.06 
-O.lS··· 

0.02 
-0.05 

0.03·· 

0.474 
0.479· 
0.475' 
0.484· 
0.423· 

.107 

M12 

Test of Hypothe.sis That There is No Wi thin Subj ect Change Over 
Three Measurement Periods: Fa~)=0.35; p < .702 

• 
•• 

p S .~o 
p S .05 
P S .O~ 

tNote: Reference category is comprised of probationers. 
2Note: Samples with different letters are significantly 
different at the .05 a error level. 
3Note: Effect of TIME and statistically significant (p < .10) 
changes in the effects of predictors over values of TIME are 
reported • 



Table 99 
Repeated Measures Analysis of Positive Adjustment For Subjects 4It 
Completing Twelve Months of Evaluation In South Carolina (N=163) 

Effects on positive Adjustment 

variable 

Intercept 
Shock sample1 

Prison Sample1 

Split-Probation samplei 

Nonwhite Indicator 
Age at Commo Supv. 
Priors Indicator 
Contacts w/offender 

Overall Mean 
Adj. Shock Mean2 

Adj. Prison Mean2 
Adj. Probation Mean2 
Adj. Spa Probation Mean2 

M3 

0 .. 36 
-0.05 
-Oe08 
-0.01 
-0 .. 15··· 

0.01 
-0.03 

0.02 

0.528 
0.516& 
0.484& 
0.566' 
0.553& 

R2 .078 

Wi,thin-Subjects Analysis3 

Effect of TIME 

M6 

0.25 
0.00 
0.06 
0.07 

-0.13·"" 
0 .. 01 

-0.05 
0.05°" 

0.~17 
0.497& 
0.555& 
0.495& 
0.566& 

.092 

M9 

0.21 
-Of~ 02 
0.06 

-:'0,,. 06 
r ~ •• 

-('Lt;16 
d.02 

-0.03 
0.04" 

0.502 
0.481· 
0.565& 
0.504& 
0.444· 

.097 

M12 

0.41 
-0.07 

0 .. 13-
0.02 

-0.19""" 
0.01 

-0.11"" 
0.02 

0.470 
0.397· 
0.59Sb 
0.464a,b 
0.481a,b 

.137 

Test of Hypothesis That There is No Within Subject Change Over 
Four Measurement Periods: F(3.465rO .28; p < .840 

" 
•• 
ee. 

Effect of TIME x SAMPLE 
Test of Hypothesis That The Effect of Sample Membership is 

Time-Stable Over Four Measurement Periods: 
F (9,465)=2 .04; P < .033 

p S .10 
P S .05 
P S .01 

INote: Reference category is comprised of probationers. 
2Note: Samples with different letters are significantly 
different at the .05 a error level. 
3Note: Effect of TIME and statistically signj,ficant (p < .10) 
changes in the effects of predictors over values of TIME are 
reported. 

• 
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Figure 1 
Sources of Subject Attrition in Florida 
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Figure 2 
Sources of Subject Attrition in Georgia 
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Figure 3 
Sources of Subject Attrition in Louisiana 
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Figure 4 
Sources of Subject Attrition in New York 
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Figure 5 
Sources of Subject Attrition in South Carolina 
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Figure 6 
Posttest Design With N onequivalent Groups 
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Figure 7 
Primary Contact Levels Over Follow-Up Period in Florida 

3.00 

2.80 

2.60 

-- 2.40 
tr.I - 2.20 

~ 2.00·-
~ 
~ 1.80 
(.) 

~ 1.60 

0 1.40 
U 

~----------~6--________ __ 
. ~ 

'01) I .:~(l .. - .. -~-.'\'"' 

0 1.00 .....l 

a 0.80 >-

:E 0.60 

0.40·-

0.20 

0.00 
M3 M6 M9 M12 

o Month 3 + Month 6 0 Month 9 6 Month 12 

Study Follow-Up Period 



r _W_W ____ W i r-- _ ~ .~-~.., 

Figure 8 
Secondary Contact Levels Over Follow-Up Period in Florida 
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Figure 9 
Primary Contact Levels Over Follow-Up Period in Georgia 
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Figure 10 
Knowledge Index Scores Over Follow-Up Period in Louisiana 
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Figure 11 
Surveillance Index Scores Over Fonow-Up Period in Louisiana 
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Figure 12 
Requirements Index Scores Over Follow-Up Period in Louisiana 
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Figure 13 
Primary Contact Levels Over Follow-Up Period in South Carolina 
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Figure 14 
Supervision Intensity by Treatment Sample in Florida 

2.00 r--------------------------, 
1.90 
1.80 
1.70 
1.60 
1.50 
1.40 

1.30 
1.20 
1.10 

1.00 
0.90 
0.80 
0.70 
0.60 
0.50 

0.40 
0.30 
0.20 
0.10 

0.00 

Secondary Contacts 7 Contacts -.::::~;;/lr""ll~ 

Shock Groduates Shock Dropouts Prison Parolees 

• 

• 

• 



• 
Figure 15 
Primary Contact Levels by Treatment Sample in Georgia 
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Figure 16 
Knowledge Score Levels by Treatment Sample in Louisiana 
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Figure 17 
Surveillance Score Levels by Treatment Sample in Louisiana 
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Figure 18 
Requirement Score Levels by Treatment Sample in Louisiana 
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Figure 19 
Primary Contact Levels by Treatment Sample in South Carolina 
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Figure 20 
Distribution of Positive Adjustment Scores in Florida 
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Figure 21 
Distribution of Positive Adjustment Scores in Georgia 
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Figure 22 
Distribution of Positive Adjustment Scores in Louisiana 
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Figure 23 
Distribution of Positive Adjustment Scores in New York 
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Figure 24 
Distribution of Positive Adjustment Scores in South Carolina 
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Figure 25 
Mean positive Adjustment Scores Over Time in Florida 
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Figure 26 
Mean Positive Adjustment Scores Over Time in Georgia 

1.00 

0.90 

..... 
0 0.80 Cl) 

E en 0.70 :.:s 
:.tr 
< 0.60 

Cl) 

> 0.50 .-..... Subjects Completing .-en 
0 0.40 A.c 
0 
~ 0.30 Cl) 

~ 
0.20 

Ii- First -Third Quarters 

\SUbj~~ ~ =4 ~ 
First Q:leting '\ 

Subjects Completing Subjects Completing 
First & Second Quarters Four Quarters 

0.10 

0.00 
M3 M6 M9 M12 

o Month 3 Analysis + Ma~:" 6 Analysis <) Month 9 Analysis I> Manth 12 Analysis 

Notc: Curvcs are not based on mutually exclusive groups of subjects. For example, all subjects who 
completed the first-third quarters are included in the three anc six month analyses as well . 



I 

Figure 27 
Mean Positive Adjustment Scores Over Time in Louisiana 
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Figure 28 
Mean Positive Adjustment Scores Over Time in New York 
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Figure 29 
Mean Positive Adjustment Scores Over Time in South Carolina 
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Figure 30 
Mean Overall Positive Adjustment Score By 
Treatment Sample in Florida 
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Figure 31 
Mean Overall Positive Adjustment Score By 
Treatment Sample in Georgia 
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Figure 32 
Mean Overall Positive Adjustment Score By 
Treatment Sample in Louisiana 
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Figure 33 
Mean Overall Positive Adjustment Score By 
Treatment Sample in Ne\iv York 
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Figure 34 
t Mean Overall Positive Adjustment Score By 
I Treatment Sample in South Carolina 
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Note: Positive Adjustment Scores are averaged over each 
subject's follow-up period (regardless of the length). 
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Figure 35 
Mean Overall positive Adjustment Score By 
Exit Cohort Groups in Florida 
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Figure 36 
Mean Overall Positive Adjustment Score By 
Exit Cohort Groups in Georgia 
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Figure 37 
Mean Overall Positive Adjustment Score By 
Exit Cohort Groups in Louisiana 
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f Figure 38 
f Mean Overall Positive Adjustment Score By 

Exit Cohort Groups in l\few York 
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Figure 39 Mean overall positive Adjustment Score By 
Exit Cohort Groups in South Carolina 
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Mean Overall Positive Adjustment Score and Mean Number of Monthly Contacts 
By 20 Equal-N Groups Ranked on Contact Levels in Florida 
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Figure 41A • Linear, Quadratic, and Cubic Regression Functions For Contact Levels and Estimated 
Overall Positive Adjustment Scores In Florida 
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natural log transfonn of contact levels. The exponentiated log-values (raw contact 
levels) are presented here. Percentiles refer to relative standing on primary contact 
rates. 
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Figure 41B 
Comparison of Alternative Model Specifications To Actual Mean Values of 
the Positive Adjustment Score Given Contact Levels in Florida. . 
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Figure 42 
Mean Overall Positive Adjustment Score and Mean Number of Monthly Contacts 
By 20 Equal-N Groups Ranked on Contact Levels in Georgia 
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Figure 43A 
Linear, Quadratic, and Cubic Regression Functions For Contact Levels and Estimated 
Overall Positive Adjustment Scores In Georgia 
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aged over each subject's complete follow-up period). Models were estimated on a 
natural log transform of contact levels. The exponentiated log-values (raw contact 
levels) are presented here. Percentiles represent relative standing on primary contact 
rates. 
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Figure 43B 
Comparison of Alternative Model Specifications To Actual Mean Values of 
the Positive Adjustment Score Given Contact Levels in Georgia. 
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Figure 44 
Mean Overall Positive Adjustment Score and Mean Knowledge Scores 
By 19 Equal-N Groups Ranked on Knowledge Scores in Louisiana 
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Note: Positive Adjustment Scores and Knowledge Scores are averaged over each 
subject's follow-up period (regardless of the length). 



Figure 45 
Mean Overall Positive Adjustment Score and Mean Surveillance Scores 
By 15 Equal-N Groups Ranked on Surveillance Scores in Louisiana 
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subject's follow-up period (regardless of the length). 
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Figure 46 
Mean Overall Positive Adjustment Score and Mean Requirements Scores 
By 20 Equal-N Groups Ranked on Requirements Scores in Louisiana 
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Note: Positive Adjustment Scores and Requirements Scores are averaged over each 
subject's follow-up period (regardless of the length). 



Figure 47A 
Linear, Quadratic, and Cubic Regression Functions For Knowledge Scores and 
Estimated Overall Positive Adjustment Scores In Louisiana 
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Note: Regression functions are estimated on overall positive adjustment scores (aver­
aged over each subject's complete follow-up period). Models were estimated on a 
natural log transform of knowledge scores. The exponentiated log-values (raw knowl­
edge scores) are presented here. Percentiles refer to relative standing on the knowledge 
index. 
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Figure 47B 
Comparison of Alternative Model Specifications To Actual Mean Values of the Positive 
Adjustment Score Given Knowledge Scores. 
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Linear, Quadratic, and Cubic Regression Functions For Surveillance Scores and 
Estimated Overall Positive Adjustment Scores In Louisiana 
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Figure 48B 
Comparison of Alternative Model Specifications To Actual Mean Values of the Positive 
Adjustment Score Given Surveillance Scores. 
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Figure 49 e 
Linear Regression Function For Requirements' Scores, Estimated Overall Positive 
Adjustment Scores, & Actual Positive Adjustment Scores In Louisiana 
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Figure 50 
Mean Overall Positive Adjustment Score and Mean Number of Monthly Contacts 
By 20 Equal-N Groups Ranked on Contact Levels in South Carolina 

Note: Positive Adjustment Scores and Monthly Contact Rate are averaged over each 
subject's follow-up period (regardless of the length). 
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Figure 51A 
Linear, Quadratic, and Cubic Regression Functions For Contact Levels and Estimated 
Overall Positive Adjustment Scores In South Carolina 
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rates. 
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Figure SIB 
Comparison of Alternative Model Specifications To Actual Mean Values of 
the Positive Adjustment Score Given Contact Levels in South Carolina. 
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Figure 52 
Assessment of Interaction Between Linear and Quadratic Primary Contacts 
Components and Treatment Sample in Florida 
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Figure 53 
Assessment of Interaction Between Linear, Quadratic, and Cubic Primary Contacts 
Components and Treatment Sample in Florida 
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Figure 54 
Estimated Effect of Primary Contacts and Treatment Sample Membership 
on Overall Positive Adjustment Scores in Florida 
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Figure 55A 
Assessment of Interaction Between Linear and Quadratic Primary Contacts 
Components and Treatment Sample in Georgia 
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subject's complete follow-up period). Models were estimated on a natural log transform of contact levels. 
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standing on primary contact rates . 



Figure 56 
Estimated Effect of Primary Contacts and Treatment Sample Membership 
on Overall Positive Adjustment Scores In Georgia 
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Note: Regression functions are estimated on overall positive adjustment scores (averaged over each 
subject's complete follow-up period). Models were estimated on a natural log transform of contact levels. 
The exponentiated log-values (raw contact levels) are presented here. Percentiles represent relative 
standing on primary contact rates. 
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Figure 57 
Assessment of Surveillance x Sample Interaction Effect on 
Positive Adjustment Scores In Louisiana 
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Note: Regression functions are estimated on overall positive adjustment scores (averaged over each 
subject's complete follow-up period). TIlls model was estimated on a natural log transform of the surveil­
lance index used in Louisiana. The exponentiated log-values (raw surveillance scores) are presented here. 
Percentiles represent relative standing on the surveillance index. 



Figure 58A 
Assessment of Requirements x Sample Interaction Effect on 
Positive Adjustment Scores In Louisiana 
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Figure 58B 
Assessment of Requirements x Sample Interaction Effect on 
Positive Adjustment Scores In Louisiana After Controlling For Other 
Measures of Supervision Intensity (Knowledge and Surveillance Levels) 
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Note: Regression functions are estimated on overall positive adjustment scores (averaged over each 
subject's complete follow-up period). The efiect of the requirements index is displayed here with knowl­
edge and requirements scores fixed at their means (log knowledge=O.699 and log surveillance = 0.435). 
Percentiles represent relative standing on ilie requirements index. 



Figure 59 
Specification of Effect of Knowledge Scores on Positive Adjustment 
By Treatment Sample· in Louisiana 
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subject's complete follow-up period). Models were estimated on a natural log transform of knowledge 
scores. The exponentiated log-values (raw knowledge scores) are presented here. Percentiles represent 
relative standing on knowledge scores. 
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Figure 60 
Specification ofEifect of Surveillance Scores on Positive Adjustment 
By Treatment Sample in Louisiana 
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subject's complete follow-up period). Models were estimated on a natural log transform of surveillance 
scores. The exponentiated log-values (raw surveillance scores) are presented here. Percentiles represent 
relative stancling on surveillance scores. 



Figure 61 
Specification of Effect of Requirements' Scores on Positive Adjustment 
By Treatment Sample in Louisiana 
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Note: Regression functions are estimated on overall positive adjustment scores (averaged over each 
subject's complete follow~up period). Percentiles represent relative standing on requirements scores. 
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Figure 62 
Estimated Effect of Knowledge Scores on Positive Adjustment 
By Treatment Sample Controlling For Requirements' and Surveillance Scores 
in Louisiana 
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Note: Regression functions are estimated on overall positive adjustment scores (averaged over each 
subject's complete follow-up period). The model was estimated using the log of overall knowledge scores. 
Here. the logs have been eX']lOnentiated back to original knowledge index scores. The effect of the knowl­
edge index is displayed here with surveillance and requirements scores fixed at their means (log surveil­
lance = 0.435 and requirements = 2.722). Percentiles represent relative standing on the knowledge index. 



Figure 63 
Estimated Effect of SUlVeillance Scores on Positive Adjustment 
By Treatment Sample Controlling For Knowledge and Requirements' Scores 
in Louisiana 
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Note: Regression functions are estimated on overall positive adjustment scores (averaged over each 
subject's complete follow-up period). The model was estimated with overall surveillance scores measured 
in log wtits. Here, the log units have been exponentiated back into raw surveillance scores. The effect of 
the surveillance index is displayed here with knowledge and requirements scores fixed at their means (log 
knowledge = 0.699 and requirements = 2.722). Percentiles represent relative standing on the surveUlance 
index. 
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Figure 64 
Estimated Effect of Requirements Scores on Positive Adjustment 
By Treatment Sample Controlling For Knowledge and Surveillance Scores 
in Louisiana 
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Note: Regression functions are estimated on overall positive adjusunent scores (averaged over each 
subject's complete follow-up period). The effect of the requirements index is displayed here Vrith knowl­
edge and surveillance scores fixed at their means (log knowledge = 0.699 and log surveillance = 00435 ). 
Percentiles represent relative standing on the requirements' index. 



Figure 65 
Estimated Effect of Primary Contacts and Treatment Sample Membership 
on Overall Positive Adjustment Scores In South Carolina 
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subject's complete follow-up period). Models were estimated on a natural log trnnsform of contact levels. 
The exponentiateC', log-values (raw contact levels) are presented here. Percentiles represent relative 
standing on primary contact rates. 
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~ Figure 66 
Structure of Cross-Sectional Positive Adjustment Model 
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Figure 67 
Structure of Four-Wave Recursive Panel Model 
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Figure 68 
Florida Cross-Sectional Positive Adjustment Model 

Vector of Fixed Effects 

Variable 

". ... "" 
S"""I...shock 
Sln1>I<"llrcpoul 
Norrwbitr­
~@Com.Supv. 
Violet Offtmc 
1Jru8°fTc .... 
NcwCrime 
Cohorr=Minina 
Cohort I 
Cohort 2 
Cohoc1 J 

B 

2.793 
.o.lGB 
.0.111 
.0.101 
·0.0'4 
0.'" 

.0.001 

.0.047 

.o.2S0 

.0.1 IS 

.0.091 

.0.247 

Vector of Fixed Effects 

Variable 

"."""" 
5"",,1_ 
51n1>1 .. llropout 
Nom>!Iil. 
N«@Com Supv. 
Violat Offcntc 
DruBOft'""" 
NcwCrime 
CoMit=-Mipinft 
Cohort I 
Cohort 2 
Cohort 3 

B 

.0.469 
0.132 
0.0" 

·0.109 
0040 
0.084 
0.062 
0.149 

.0.196 

.0.189 

.0.189 

.0.12' 

s.e.{B} 

0.119 
0132 
0.1'3 
0.120 
0.032 
0.142 
0.171 
0.161 
0.26' 
0.169 
0.165 
0.166 

s.e.{B} 

0.115 
0.014 
0.038 
0.032 
0.003 
0.OJ6 
0042 
0040 
0.070 
0.041 
0.040 
0.041 

Sig. 

p<.OOI 
p<.OO6 
p< .469 
p<.i22 
p< .098 
p< 002 
p<.994 
p<.771 
p<.336 
p<.49' 
p<."B 
p< .Jl9 

Sig. 

p<.012 
p<.OOI 
p<.1048 
p<.OOI 
p<.OOI 
p<.OI9 
p<.144 
p<.OO2 
pC.OO6 
p<.OOI 
p<.OOl 
p<.OOl 

Mean Log 
Primary 
Contacts 

(Valid N 276) 

Effect fi 

Linear .040 
Quadratic -.059 
Cubic .036 

Mean 
Positive 

Adjustment 
(Valid N 273) 

s.e. {a} 

.031 

.023 

.015 

• 

p< 

.203 

.011 

.018 

Nole Shook and Dropoul offenders are compared 10 """.on Parolee •. Violent and Drug offende .. are compared to Property and "Other" offende ... Offende .. who are <c,ving a IICIttenee ror. new crime lie compared to offendm who are.ming. sentence 
ro,alcchnicol violation ofcommw1ity supem.ion conditions. Dummy cahall effec" adj\i'tlbe intClCcpt tCIITI up or down relotiYelo membmhip in cohort 4 (lbe group completing all rour mCiSlltcmen"). 



1 

Figure 69 • 
Validation of Cross-Sectional IvIodels in Florida 
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Figure 70 
Florida Four-Wave Recursive Panel Model 
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Figure 71 
Validation of Wave 1 Models in Florida 
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Figure 72 
Validation of Wave 2 Models in Florida 
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Figure 73 
Validation of Wave 3 Models in Florida 
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• Figure 74 
Validation of Wave 4 Models in Florida 
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Figure 75 
Estimated Effects of Primary Contacts For A Hypothetical Observation in 
Exit Cohort #4 in Florida 
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Figure 76 
Georgia Cross-Sectional Positive Adjustment Model 
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Figure 77 • Validation of Cross-Sectional Models in Georgia 
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Figure 78 
Georgia Four-Wave Recursive Panel Model 
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Figure 79 
Validation of Wave I Models in Georgia 
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• Figure 80 
Validation of Wave 2 Models in Georgia 
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Figure 81 • Validation of \Vave 3 Models in Georgia 

1.50 

1.40 Five EquaI-N Groups Ranked in Order of Predicted Contact Level 
1.30 

1.20 

1.10 

1.00 
'!l 0.90 ~ 
~ 0.80 -to) 

0.70 co 
C 

0.60 8 
0.50 

0.40 

0.30 

0.20 

0.10 

0.00 

~ Predicted Mean ~ Observed Mean • 
1.00 

0.90 Five Equal-N Groups Ranked in Order of Prcdicted Positive Adjustment 

0.80 

e 
0 0.70 u 

C,.) -<:: 
() 

0.60 ~ E 
u; 
:::l 

0.50 :.a' 
< 

0.40 ~ () 

:~ 
on 
0 

0.30 ~ c.. 

0.20 f-
I 

I 
0.10 I-

! 
O.O~ 

I 

~ Preaicteo Meo', ~:'~"',l Ot'served Meop '. 



--- -~---------------------------' 

Figure 82 
Validation of Wave 4 Models in Georgia 
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Figure 83 
Estimated Effects of Primary Contacts For A Hypothetical Observation in 
Exit Cohort #4 in Georgia 
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Figure 84 
Louisiana Cross-Sectional Positive Adjustment Model 
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Figure 85 
Validation of Cross-Sectional Models in Louisiana 
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Figure 86 
Louisiana FOUf-Wave Recursive Panel Model 
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Figure 87 
Vaiidation of Wave 1 Models in Louisiana 

5 Equal~.J Groups Ranked on Knowledge Scores 
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Figure 88 
Validation of Wave 2 Models in Louisiana 

5 Equal-N Groups Ranked on Knowledge Scores 
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Figure 89 
Validation of Wave 3 Models in Louisiana 

5 Equal-N Groups Ranked on Knowledge Scores 
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'Figure 90 
Validation of Wave 4 Ivfodels in Louisiana 
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Figure 91 
Estimated Effects of Knowledge Index For A Hypothetical Observation in 
Exit Cohort #4 in Louisiana 
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Note: Models were estimated on a natural log transfonn of the knowledge score. The 
exponentiated log-values (raw knowledge scores) are presented here. Percentiles refer 
to relative standing on the knowledge index. For this presentation, all predictor van.· 
abIes were constrained to their time-period specific means. 
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Figure 92 
Estimated Effects of Surveillance Index For A Hypothetical Observation in 
Exit Cohort #4 in Louisiana 
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Figure 93 
Estimated Effects of Requirements mdex For A Hypothetical Observation in 
Exit Cohort #4 in Louisiana 
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Figure 94 
New York Cross-Sectional Positive Adjustment Model 

Vector of Fixed Effects 
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OO.ul 
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Sig. 

p<.14S 
p<.I70 
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p< .227 
pC .• 54 
p<.206 
p<.OOI 
pc.OOI 
p<.IIS 

t.A..-·.· .. ' 

Mean 
Positive 

Adjustment 
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e 

Nofe: Shock gradual"" IUId shock dropouts are compared to • gIoup of prison parolees. Property off<llders are the reference woup for offense Iyp<s. The ",1Idel estimales comparison effects fot drug QITense and "Qth:t" QITenses {which includcll violent 
offense.'. All oITend ... in dIe New '1ork .tudy were clossified as havina committed a new crime. The new crime indical"-' ill, therefore, 1101 included in these models. Offenders with • prior arresllJld/or COIl\letion record"", compared 10 oITenders wiUloul, 
rec(lld A~e al the beginning of commlUlily supervision was nol includ<d in the analysis because il is sullicicndy collinear with age al first artest thaI neither variable is significandy related to ;><>sitive .djustm<lll when both Me included in the model Age It 
firsl arre<llUId age al the beginning of commlUlily iupervision are both predictive of positive adjustmenl bul the shock 5IIJlIple is comprised of offenders who were signilicendy older II tho tEl' of their firslwesl Controlling for age ., firsl artesl reduces the 
oITecl of the shock progmm on I'Ositi.e adjustment. Dwnmy cohort eITeets adjusllhe inlercepllerm up or down relative 10 membership in eohort 4 (tho group completing an four m12Z!lfetlenU). Supervision inlensily indicators were 1101 available far 
analysis in NewYark. . 
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Figure 95 
Validation ofCross-Section.al Positive Adjustment Model In New York 
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Figure 96 
New York Four-Wave Recursive Panel Model 

Wave 1 Analysis (N = 233) 

VlIlllble 0 l.e.{O) Sig. 

Int""'pl O.~IO 0.191 p<.OO8 
Sample=Shock 0048 O.<J48 p<3!7 
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Age@ FiB! Amil 0008 0010 1'<366 
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-0.027 0.072 p<.110 

Positive Adjustment 
Evaluation At Third Month 

N""233;R'=.216 

Wave 2 Analysis (N = 184) 

Variable 0 I.e {51 Sig. 

Inletcep! -O.27~ O.l~3 p< .074 
Sampl ... SlIOCk 0.034 0.D38 p< .369 
Sample-Dropout 0079 0039 p< .0~2 
Nonwhite ·0069 0.038 p<.073 
Age@ First An .. t 0019 0007 p<.OO9 
Violent/Oth .. Offense 0092 0047 p<.0~4 
DrugOlTeme 0079 0042 p<.06O 
Prior Record 0072 0.048 p<.I40 
Cohort I 
Cohort 2 -0.242 0.041 p<.OOI 
Cohortl -0.146 0.052 p<.OO6 

+.733; p < .001 

Positive Adjustment 
Evaluation At Sixth Month 

N'"184; R': .653 
+.76l1;p< .001 
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Wave 3 Analysis (N = 151) Wave 4 Analysis (N = 133) 

Variable 0 s.e.{D} Sig. V";";b!e 1) 5.e.IB} Sig. 

Inlett<pl O.l3~ 0.169 p<.424 Int=ept 0.158 O.!lI p<.I56 
Sampl ... Shock 0.076 0.043 p<.081 Sampte-Shock 0.003 0.029 p<.932 
Sam17 .... Dropout -0.001 0.04-( p<.971 Sampte-Dropcut 002\\ 0.1)30 p<.306 
Nonwhitr -007S 0.043 p<.08S Nonwhite 0.027 0.030 p<361 
Age@ First An .. t -0.002 0.008 p<.803 Age@'",tArres! 0.009 0006 p<.117 
Violent/Other Offense -001$ 0.055 p<.786 Violent/Other Offense -0.002 0.035 p<.96~ 
Drug Offense 0.074 0.041 p<.602 Drug Offense 0.0\4 0.033 p<.614 
Prior Reeord 0.019 0.056 p<.741 Prior Record -O.06S 0.037 1'<.069 
Cohort I Cohort I 
CohOOl Cohortl 
Cohort 3 -0.064 O.OS~ p<.242 Cohortl 

Positive Adjustment 
Evaluation At Ninth Month I 986' 001 

N r. 151; R' = .613 +. .p<. 

Positive Adjustment 
Evaluation At Twelfth Month 

N~133; R' = .862 

Note: Shock graduat .. and shock dropouts on: compared to a smup of prison parolees. Property offenders !te the reference group for offense types. The mode! eslimlles comparison ef!tclll for drug off.".. end·other" offenses (which includes vi>lent 
off ens .. ). All offenders in the New York study wae c .... ilied .. having committed I new aime. The new aime indical"';', therefore. notinC!~ in th ... models. Offenders wilh a prior mest andIor co.",ictionreeord are compared to off<1ldm without a 
reeord. Age at the beginning of community lupeNision WGS not included in the analysis because it is sufficiently collin ... with age at firslanest that neither vuiable is significantly related to po5i~ve adjustment when both are included in t.ie modd. Age at 
fint arrest and age at the beginning of community .upervision lie both predictive ofpo5itive adjustment but the shock sample is comprised of offendm who were .ignificantly ol<!or al the age of!heir lint &mat ControlIing for lIB" at fint arrest reduces the 
efTect "fthe shock prognun on positive adjllltment. Dwruny coh~rt eff:o!: adjusl the intereept term up or down relative to membership in 0011011 4 (the group completing aD four meuurernenls). Supervision iltensity indic&tors were not aVlilable for 
Ilnalysis in New York. 
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Figure 97 
Validation of Wave 1 - Wave 4 Positive Adjustment Models In New York 

5 Equal-N Groups Ranked on Positive Adjustment Scores 

1.00.r------------------------------------------------------, 1.00 

0.90 0.90 

O.BO I- Month 3 0'0~ Month 6 
0.70 0.70 

0.60 0.80 

o ~o 0."0 

0-0 0 . .&0 

0.30 O.JO 

0,,.0 0.20 

0.10 0,10 

000 
2 3 • 

0.00 

" !I 

~ p'.dict.d ..... 0".. ~ Ob'S.,. ... l!!"d ..... 0" .. ~ Pr.d<:t.d "'''.on'l ~ Obtl~rv.d UZ!Dn'll 

tOo 
1,00 

0.90 

oeo 

0,90 

oeo ~ Month 12 Month 9 
0.70 0.70 

O.GO 0.60 

0,50 0.50 

O,AO o.~o 

0.30 030 

0.20 0.20 

0.10 
O.SO 

0.00 
0.00 

2 3 4 " 
~ P".d1c\.d u.~. ~ C'ob".' .... ;f Veon_ 

~ Pr.dlct.d Ufron. ~ Ob.erved IUcrC"' 

• • • • ~--j 



• • • rdll·.·.'!'.·, r::.-~. = • .;., 
Figure 98 
South Carolina Cross-Sectional Positive Adjustment Model 
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,<.00' 
p< .177 
p<.002 
pc.OII4 
p<.429 
,<.043 
p<.3U 
,<.686 
p<.19' 
,<.186 
p<.001 
p<.716 
pC .141 

Sig. 

,<.OlO 
,<.123 
p<.727 
p<.743 
,<.624 
p<.OOI 
p<.lOO 
p<.OIO 
p<.HI 
p< .26' 
p< .021 
p< 413 
p< 213 
p<ol97 

IvIean Log 
Primary 
Contacts 

(Valid N 306) 

Effect 1! 

Linear 
Quadratic 
Cubic 

.073 
-.333 
.155 

Mean 
Positive 

Adjustment 
(Valid N=306) 

s.e. {.6} 

.. 054 
.057 
.059 

p< 

.180 

.001 

.009 

Note: DOC Shock, DPPPS Shock, Split. Probationer and Prison Parole. offend"" are compared 10 Probationers. Violent and Drug offend"" are compared to Properly and "Other" offendm. Offenders who are sming. sentence for. new me are 
compared 10 offendm who are .erving l ser.ttncc for a technical violation of conummity supervi!ion conditions. Offendm with • prior most andlor conviction record are compared to offenders williou!.. record. Age at !Irs! arrest WlS not included in the 
analysis because il is sufficiently collinear with age at beginning of community supmision that neither variable is significanUy relat.d to positive odjustmenl when both are included in the model By itse!l; age at firs! arrest is not predictive of positive 
adjustment although age at the beginning of communi!; !upervL<ion is. Dummy cohort effects adjust the intttcept term up or down relative to mernbenhlp in cohort 4 (the group completing aD four measUlelllents). 
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Figure 99 • Validation of Cross-Sectional Models in South Carolina 
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Figure 100 
South Caroiina Four-Wave Recursive Panel Model 

Wave 1 Analysis (N = 242) Wave 2 Analysis (N = 227) 
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Figure 101 • Validation of Wave 1 Models in South Carolina 
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I Figure 1.02 

Validation of Wave 2 Models in South Carolina 
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Figure 103 • Validation of Wave 3 Models in South Carolina 
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• Figure 104 
Validation of Wave 4 Models in South Carolina 
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Figure 105 
Estimated Effects of Primary Contacts For A Hypothetical Observation in 
Exit Cohort #4 in South Carolina 
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Note: Models WI!re estimated on a natural log transform of contact levels. The 
exponentiated log-values (raw contact levels) are presented here. Percentiles refer to 
relative standing on primary contact rates. For this presentation, all predictor variables 
were constrained to their time-period specific means. 
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