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I. INTRODUCTION

The state exercises no contrel over citizens that is more

profound than the authority it assumes in imposing a criminal

sanction. Recognizing this awesome power, l&gal philosopliers
have emphasized the necessity of limits to the state's
authority to punish.[1]* 1In a nation of laws, sentencing
should be rational, evenhanded, and consistent. Yet observers
as knowledgeable as Judge Marvin Frankel have observed: "We
have in our country virtually no legislative declarative of the
principles justifying criminal sanctions."[2] And researchers
have found that in jurisdiction atter jurisdiction sentencing
could be described as disparate, ér at best, inconsistent.[3]

Both the United States Senate and the House of
Representatives have responded to these concerns with major
revisions of the federal criminal codes, including changes in
the sentencing process aimed at making sentences more
purposeful and fair.[4] Both chambers of Congress have
proposed bills that would institute sentencing guidelines.[5]
And both have insisted that these guidelines take into accecunt
the purposes of sentencing as explicitly enunciated in
legislation.[6] |

At the time of this writing, differences in the Senate and
House versions of the revisions have not been reconciled. It
seems, however, that the two houses will agree on the propriety

of sentencing guidelines and that this call for guidelines will

Numbered notes appear at the end of the chapter.
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require empirical study of sentencing as it is currently
practiced in the federal courts. With this in mind, the
Federal Justice Research Program of the Department of Justice
contracted with the Institute for Law and Social Research to
conduct research on sentencing in the federal district courts.

This report presents findings from one aspect of that study.

A. THE CALL FOR GUIDELINES

The Federal Sentencing Research Project was not
commissioned to actually develop guidelines. Rather, the focus
of the research effort was more narrow, namely, to provide a
Federal Sentencing Commission with information that it could
use to formulate guidelines. An important aspect of this body
of information is the identification and analysis of those
factors about offenders and their offenses that seem to explain
how judges currently sentence.

In order to develop and institute guidelines, the Senate
has called for a sentencing commission that will have
responsibility for conducting sentencing studies and developing
from those studies a set of guidelines to be used by federal
judges. 1In general,

The Commission, in the guidelines promulgated ... shall,

for each category of offense involving each category of

defendant, establish a sentencing range that is consistent
with all pertinent provisions of title 18, United States

Code. If a sentence specified by the guidelines includes a

term of imprisonment, the maximum of the range established

for such a term shall not exceed the minimum of that range
more than 25 percent.[7]

The Senate further indicated factors that might be considered

in those guidelines, including the grade of the offense, the

S
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nature and degree of harm caused, and so on.[8] It also

proscribed some factors as being inappropriate for inclusion,

such as the offender's race, sex, and socioeconomic status.[9]
Of course, the Senate could not be precise in specifying

the weight that should be attached to each factor. Therefore,

it made the following stipulation:

The Commission, in initially promulgating guidelines for
particular categories of cases, shall be guided by the

average sentences imposed in such categories of cases prior
to the creation of the Commission, and in cases involving
sentences to terms of imprisonment, the length of such
terms actually served, unless the Commission determines
that such a length of term of imprisonment does not
adequately reflect a basis for a sentencing range that is
consistent with the purposes of sentencing described in
subsection 101(b) of title 18, United States Code.[10]
This provision of the revised federal codes constituted a
beginning research agenda for this sentencing project--the
analysis of historical sentencing patterns in the United States
District Courts.

This analysis is only a first step in the formulation of
guidelines. For one, we have attempted to analyze only the
sentences that judges have historically imposed. Going beyond
this statistical study to make policy decisions relevant to
guidelines will have to be done by a sentencing commission. We
trust they will be assisted, but certainly not limited, by the
statistical analysis in completing the formulation of
guidelines.

There is another reason why this study is only a first step
in guidelines construction. To the extent that the imposition

of sentences has, in the past, been seen as irrational or not

in conformity with prevailing norms, predicating guidelines on
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statistical analysis of historical patterns would tend to
solidify these past deficiencies. Congress clearly intended
something other than repeating any existing errors when it

advised judges and the sentencing commission to consider the

following:

(1) the nature and circumstances of the offense and the
history and characteristics of the defendant;

(2) the need for the sentence imposed-~

(a) to afford adequate deterencde to criminal conduct;

(b) to protect the public from future crimes of the
defendant;

(c) to reflect the seriousness of the offense, to
promote respect for law, and to provide just
punishment for the offense; and

(d) to provide the defendant with needed educational
or vocaticnal training, #edical care, or other

correctional treatment in the most effective
manner.[11]

Thus we recognize congressional intent that guidelines should
be dynamic, responding to changing norms, new scientific
findings, and informed opinions. This report does not address
all these concerns, although additional research being
conducted under this contract (reported in companion
reports[12]) is germane, and we do indicate in other separate
reports how the guidelines might be modified in order to

implement congressional intent.[13]

B. OUTLINE OF THIS REPORT
In this report, we present the findings pertaining to the
sentencing cof offenders in federal district courts. The

analysis concentrates on 1l offenses: bank embezzlement,

postal embezzlement, forgery, mail fraud, bank robbery, drug
offenses, income. tax violations, homicide, bribery, false
claims and statements, and other federal offenses {(consisting
of a random sample of all offenses not named here).  Although
this list does not specify each and every type of federal
offense, the research should serve as.a model for expanded
study, presumably under the auspices of a sentencing
commission. Most of the analysis was conducted using data from
eight district courts: New Jersey, Northern Ohio, Middle
Florida, Northern California, Eastern New York, Western
Oklahoma, Connecticut, and Northern New Mexico. For reasons
explained later, it was decided that these districts are
representative of the federal circuits. Some of the analysis
was conducted on a national sample.

Data for the study were drawn primarily from piresentence
investigation reports and, to a lesser extent, from the
automated files of the Administrative Office of the U.S.
Courts. The years sampled were 1973-1978. We are grateful to
officials for the Administrative Office of the U.S. Courts, the
Federal Judicial Center, and other in the judiciary for being
instrumental in this data collection.

In Chapter II, a detailed account of the research design is
presented. This account first summarizes selected studies of
sentencing practices, including some pertaining to tederal
courts, and critiques the methodology used in those studies.
This critigue lays the groundwork for the approach taken in

this study. Then the chapter turns to data requirements and



how those requirements were met. The chapter closes with a
discussion of the study's methodology.

In Chapter II, we suggest how the statistical tool used in
this study might be interpreted. Then in Chapter IV, some
descriptive statistics on the offenders included in the sample
are provided.

Chapters V through XV constitute the bulk of the report.
These chapters report the findings pertaining to sentencing for
each of the 11 offense categories. Each chapter contains a
descriptive profile of the offense and convicted offenders.
Each chapter also reports on the determinants of the imposition
of a prision sentence, of the length of time served by
offenders who were sent to prison, and of the length of
probation for offenders not sentenced to prison. When
relevant, these chapters include an analysis of sentencing
differences across the eight districts included in the study.
In the final chapter, XVI, we turn to heuristic methods by
which preliminary guidelines might be derived from these

results.
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II. METHODOLOGY

Seminal work in constructing sentencing guidelines can be
attributed to Wilkins, Gottfredson, and Kress,[1] and recent
studies have made major advances iﬁ this area.[2] 1In addition
to social scientists interested in guidelines construction,
other researchers have analyzed sentencing patterns without
applying their results to policy questions.[3] Taken together,
these guideline and non-guideline works have paved the way for
an analysis of sentencing behavior by contributing to both a
theory of sentencing and a methodology of analysis. We grate-
fully acknowledge the lead that these past studies provided our
study.

New research settings and somewhat different concerns give
rise to new analytical problems, however, and necessitate that
future research build on the past without necessarily repli-~
cating it. Therefore, we open this chapter with a brief review
and critique of prior research in order to indicate how our
analysis both differs from and is similar to what has been done
previously. To the extent that our analysis differs from the
analysis conducted by others, care is taken in Section A to
explain this departure.

The present research also required a somewhat different
data base than that used in previous analyses. In Section B of
this chapter, we turn to a discussion of those data needs.

Then in Section C, we detail, step-by-step, how the analysis

was actually conducted.

II-1

Overall, this chapter is technical. Although we attempted
to limit the use of statistical Jjargon and rigorous Jjustifica-
tions cf technigques, it is impossible to avoid altogether the
technical aspects of statistical analysis. Therefore, we have
sought a middle ground. Readers with little or no quantitative
background may choose to skim this chapter, taking largely on
faith the results presented in Chapters V through XVI. Those
readers who have a more advanced grasp of empirical analysis
will, presumably, find the chapter useful in explaining our
methodology. It is hoped that methodologically sophisticated
readers will recognize our desire to reach readers with less

sophistication and bear with us during the attempt.

A. CRITIQUE OF THE SENTENCING LITERATURE

Sophisticated statistical methods have only recently been
used in conjunction with large data bases to analyze the de-
terminants of sentences in state and federal courts. In this
section, we review some of those studies, paying special atten-
tion to the methods used in the empirical analysis. The pur-
pose of this review, which will indicate advantages and dis-
advantages of each technique, is to suggest an analytical
strategy that can be used in the present study.

Existing studies can be classified according to three cri-
teria (see Figure II.l). First, studies vary according to the
level of statistical controls and can be classified as having
extensive controls, limited controls, or no controls. Those
employing extensive controls typically use a data base that

includes at least a majority of the key variables that a judge
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Figure II.1.

CLASSIFICATION OF EMPIRICAI SENTENCING STUDIES

" URVEL OF

STATISTICAL CONTROLS

Extensive Limited
A § 1
OFFENSE OFFENSE
Offense/Generic T Aggreqate Offense/Generic T Agqqregate
1 1 ' v
Model tHodel Model Model
1 | i I T
\J ¥ Y A L f \J LBR ]
In/Out Other 1n/0Out Other In/Out _ Other tn/0ut Other
Calpin(b) Partrldge Dungworth(a) Talarico(l) Rhodes (y) Rurke{c) Zimmerman{c, j)
{e)
Clarke(a) Rhindes (g) Wilkins(b)

HcCarthy(d)
Rhodes (g, h)
Shane-Dubow (b)

Zalman(a)

KEY: Statistical Techniques employed:

(a) multiple regqrrasion (QLS)

(b) stepwise regression{OLS)

(c) log-linear cantingency table
(d})"multiple reqrrsaion with factor analysis
{(e) simulation

(€)
(1)
(h)
(i)
(Jj)

Sutton (b, f) Chiricos (b)

Eisensatein(b) Pope (f)

predictive attribute analysis

probit

tobsit '
discriminate analysls

loqit

Numbers in brackets refer to studies listed in Bibliography.
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would likely consider when imposing a Seéntence. Those studies

employ statistical techniques suitable to "holding constant"”

ship between Sentence and an independent variable of interest.
Other studies make limited use of controls, use a reduced data
base containing a subset of variables that a judge might con-
sider relevant to sentencing, and often employ a less sophisti-
cated statistical technique. sti11 Other studies lack statis-
tical controls ang rely on inferences drawn from bivariate cor-
relations between pairs of variables.

Second, studies differ according to the extent to which they
distinguish types of offenses. At one extreme researcﬁers have
analyzed separate offense types (robbery, burglary and so on).
At the other extreme, researchers have dggregated crimes, some-
times using crude measures, such as dummy variables, to "con-
trol" for the offense. Between these extremes, still other re-
searchers have analyzed sentencing within generic offense cate-
gories, such as Property crimes, violent crimes, and sex
offenses.,

A third dimension along which Ssentencing studiesg vary is in
model construction. A popular theory has been the in/out para-
digm, according to which sentencing is a bifurcated Process.

In this model, it is assumed that the judge initially makes a
determination about the appropriateness of @ prison sentence

for a given offender and offense. Once the determination is
made, the judge is Assumed, in the second stage of the decision-
making process, to impose a prison term, if incarceration is

warranted, or Otherwise a term of probation or a fine.

I1I-4



Alternatives are possible, including a paradigm in which the
imposition of a prison term and its length are simultaneous
considerations.

Finally, numerous statistical techniques have been used, !
including two-way contingency tables, multiple linear re-
gression, probit, logit, discriminate analysis, log-linear
contingency table analysis, and predictive attribute analysis.
A few researchers have used simulation techniques, supported by
statistical analysis. Only a handful of researchers have em-
ployed techngues—--such as analysis of covariance--that are
directly suitable to analyzing sentencing patterns across
districts.

We reviewed several empirical studies of sentencing in
state and federal courts. A list of these studies, broken down
by the categorization presented abkove, appears in Figure II.1l.
Excluded from this list are early studies that used very
limited or no statistical controls. These studies were
previously summarized by Hagan, and more recently by
Shane~DuBow.[4]

Qur review led to the belief that extensive statistical
controls were necessary to avoid "specification error"” in the
empirical analysis. In the present context, specification
error means that if an important variable is excluded from the
statistical model, the exclusion of that variable may cause
another included variable (that is highly correlated with the
excluded variable) to appear to influence sentencing when, in

fact, it is the effect of the excluded variable acting through

the included variable that is important. As an example, race
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and employment may ke strongly correlated. If race has no
influence on the sentence imposed, while employment is con-
sidered by judges to be important when impecsing a sentence,
then any analysis that includes race but excludes employment
would appear to find a relationship between race and sentence.
To avoid making similar spurious interpretations, we considered
it mandatory to assemble a large amount of information about
the offender's background, his criminal history, the offense he
committed, and processing variables, such as the method of his
conviction.

Our review also led us to believe that sentencing analysis
should be conducted on a crime~-specific basis. Conduéting the
analysis on all crimes taken as a group, Or even on generic
groups of offenses, can lead to misleading results. As an
example, compare the significance of the dollar loss resulting
from an embezzlemerit with the dollar loss resulting from a bank
robbery. In the former, the loss may signify the magnitude of
the offense. But in the latter, the seriousness of a robbery,
in which persons are put into danger, may dwarf the effect of
any pecuniary loss. The consequence may be that jddges give
little or ﬁo weight to dollar loss for robbery cases but pay a
great deal of attention to the loss for embezzlement. If both
cffenses entered into a single regression specification, the
coefficient associated with dollar loss would be an amalgam of
the effects of the loss variable for the two offenses taken
individqually. 1Inferences drawn from the analysis might be

incorrect.
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An additional aspect of the sentencing analysis that has of- é i
ten escaped scrutiny is the choice of a model to be used in the
research. Models are very important in empirical aralysis. Be-
sides guiding the statistical analysis, they lend interpreta- ;
tions to statistical findings. Without a goocd model, the re-
searcher is left with "patterns" but not "explanations."

The most widely used is the in/out model. Some researchers
have addressed only the first part of this model, the decision 1 
to sentence an offender to jail or prison. Occasionally,
analysis has been expanded to look at an ordinal variable, such
as no prison, jail (a short term), or prison (a long term).
Other researchers have looked only at the second stagelof the
decision-making process: the length of prison time. Still
other resea#chers have analyzed both the in/out decision and
the length of incarceration.

Due to the important distinction between prison and proba-
tion, it is appropriate to investigate the in/out decision.
No special difficulty arises in the way that researchers have
approached this estimation problem, although we do recognize
and will address later some related statistical issues. R

In contrast, estimates of incarceration length have been
problematic. Researchers who estimate sentence length by
assigning a value of zero to nonprison sentences risk
introducing a specification error into their model. As an
illustration of this possibility, look at Figure II1.2. The :
horizontal axis measures the seriousness of the offense (x),
which, in this hypothetical illustration, is assumed to be the

only variable relevant to sentencing. Prison length (y) is
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measured on the vertical axis, with the value of zero being
assigned to probation. Prison length equals a+8x+c, where e is
truncated normal; that is, prison lengths of less than zero are
unobservable. Using ordinary least squares to regress y on X
violates theoretical assumptions that underlie this statistical
technique and leads to biased estimates of and that may be
misleading. If for example, a regression line is fit to all
offenders regardless of whether they were sentenced to prison,
the regression line lies everywhere above the true line and is
skewed so that offenders committing less serious offenses
appear to receive more severe, sentences. There is little
consolation in examining the sentences given to the subset of
offenders who are sentenced to prison, since for this subset
the regression line is even more distorted away from the true

sentencing line.

I1-8



Solutions to the problems identified above require the use
of appropriate statistical techniques. 1In this regard, the
methods used by researchers have not always been equal to the
task, as the following discussion indicates.

It is .desirable to use a multivariate tool to estimate
the severity of a sentence, and numerous techniques have been
employed. Looking first at the probability of receiving a
prison sentence, ordinary least squares (OLS) has frequently
been used. There are other methods that are theoretically more
sound (probit, logit, log-linear contingency tables), but these
have not in practice been shown to be superior when drawing in-
ferences about sentencing.

Researchers have also used OLS regression to analyze the
length of sentence, although in this latter application, the
use of OLS regression is not as well advised. Some researchers
have fit their model to the full complement of data, including
offenders sentenced to prison and offenders sentenced to
probation. Other researchers have fit their models to the
subgroup of offenders who receive prison terms. In either
case, the estimation technique may suffer from biases asso-
ciated with estimating regressions on limited (i.e., bounded or
discrete) dependent variables. And, estimating the sentence
based only on offenders who receive prison terms further
complicates the analysis by reducing the variance in the
independent variables. Note how, in the illustration, the
variable seriousness has a concentration of values in the high
range when Observations are limited to those persons sentenced

to prison. It is well known in the literature of multivariate

I1-9
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statistics that the less variance in the independent variable,
the less precise the estimates of the regression coefficients.
In fact, given the reduced sample size when observations are so
limited, statistical inference becomes tenuous for offenses
infrequently resulting in prison. In this analysis, we will

suggest a technique, tobit, for estimating the expected length

of incarceration.

Many researchers have used stepwise regression analysis (or
related techniques, such as all sets regression and predictive
attribute analysis) as a data-reduction technique. Basically,
stepwise regression requires the researchers to look first for
the single variable that explains the maximum amount of variance
in the dependent variable. Then, partialing out the effect of
this variable, the researchers look next for a second indepen-
dent variable that explains the largest amount of residual vari-
ance. This procedure continues until the remaining variables
explain an arbitrarily small amount of the residual variance
and are therefore excluded from further consideration.

A trouble with stepwise techniques is that the magnitude
and statistical significance @f the regression weights really
indicate not only the impact of the included variable, but also
the impact of other excluded variables that are correlated with
both the included variable and the dependent variable. That
is, the regression weights are sensitive to the intercorrela-
tions among the included, excluded, and dependent variables.
Thus, stepwise techniques have only limited appeal in explain-

ing sentencing variation, especially when prior research
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provides justifications for which variables to include in the ‘ §
model.
In addition to the above considerations, comparing sentences
across jurisdictions requires special techniques. Only a few
Tesearchers have actually made sophisticated analyses of this e
type, although some researchers have made more casual attempts
at comparisons. Analysis of covariance is the appropriate
technique for evaluation of data from different jurisdictions.
The above summary has identified several problems confronted
in the past by researchers and has also uncovered some new prob-
lems that will have to be addressed in the present research.
This summary is now used for two purposes: (1) to indicate the
type of data that will be used to accommodate the analysis and

(2) to indicate, step-by-step, how the analysis is conducted.

B. DATA REQUIREMENTS

Data needs are implied by the above discussion. We indi-
cated the need to identify variables that are known or strongly
expected to influence sentences. This requirement virtually
necessitates that a data file be used that has been coded for
research purposes from a large number of presentence investi-
gation reports.

We also pointed out that the analysis should be conducted
on a crime-specific basis. Analysis that is based on a data
file that aggregates diverse offenses, or even a data file that
differentiates between generic offense types, is unlikely to be
useful. Such data bases run too great a risk of leading to

results to which the researcher may attach spurious inferences.
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Thus, it is evident that the data file must contain a suffi-
cient number of observations per offense type to make statis-
tical analysis meaningful.

We have also indicated that analysis of covariance would be
the appropriate approach to take in analyzing interdistrict
sentencing variation. Using this technique imposes a further
constraint on the data base, namely, that there be a sufficient
number of observations per offense for multiple sites included
in the analysis.

Since project resources precluded the analysis of all
federal crimes, it was necessary to select a limited set of
offenses and conduct a prototypical analysis on this subset.

To be chosen for analysis, an offense had to satisfy three

criteria:

(1) There had to be a sufficient number of federal convic-

tions for the offense to assure an adeguate sample for the
interdistrict comparison. This generally meant an excess
of 1,000 convictions for a given year.

(2) An offense had to be reasonably homogeneous, meaning
that the offense classification could not represent
generically similar but substantively different offenses.
Homogeneity was determined by inspecting subcategories
for logical consistency (e.g., transportation of forged
securities did not seem sufficiently like postal forgery
to include both offense types in the category "forgery'),
and by assuring that the subcategories of an offense
resulted in prison sentences at about the same rate
(e.g., if offense X and offense Y typically resulted in
prison 80 percent and 20 percent of the time, respectively,
they were not included in the analysis even though they
otherwise seemed to resemble each other).

(3) Some offenses—-such as auto theft--were eliminated
from consideration because of information that elements
of this offense differed greatly across the country due
to U.S. Attorney declination policy.

At this stage, the categorization and data were drawn from

published reports by the Administrative Office of the U.S.

Courts (A.0.).[5]
I1-12



Following consultation with the project's advisory board,
Department of Justice officials, and others, the project team
selected seven offenses to include in the analysis. These
offenses are listed in Table II.l,'along with their A.O0. codes.
Note that one offense--random others—--consists of a random sam-
ple of offenses that were not included among the other specific
offenses. This was done to enable the inclusion of all federal
offenses in the analysis, recognizing the inherent limitations

in using any "miscellany" category.

Table II.1 OFFENSES EXAMINED

Offense A.0. Code
Bank Robbery 1,100
Embezzlement 4,100

4,200
Income Tax 4,510
4,520
4,530
Postal Fraud 4,700
Forgery 5,600
5,710
5,720
Drugs 6,500~
6,899
Other -
Ealse Claims 4,991
Homicide 100~
310
Bribery of Public Officials 7,100
Lending Institutions (Fraud) 4,600

II-13
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After this selection had been made and the preliminary
steps taken toward data collection; we found that we would be
able to include additional white collar offenses and homicide
in the analysis, thus allowing us to cover the full range of
federal offenses by major sentence-severity group. Augmenting
the data with four additional offenses posed some different
pProblems. Because of the relative scarcity of convicted white
collar and homicide offenders, we were forced to expand this
part of the analysis to a national sample, thus precluding an
interdistrict comparison of sentencing for these four crimes.
In addition, it was discovered that unlike the seven offenses
chosen earlier, presentence investigations (PSIs) are ‘rare for
many white collar offenses. Since PSIs were the primary data
source, we concluded that excluding cases for which PSIs were
not prepared might impose sampling errors on the data
collection. Therefore, an additional criterion was added to
those criteria used in selecting cases: only white collar
offenses that had PSIs prepared for 80 percent of the offenders
would be considered for inclusion in this study. After
consulting with advisory board members, DOJ officials, and
other knowledgeable persons, four offenses (listed at the
bottom of Table II.l) were selected. Ultimately, we were
unable to analyze the "lending institutions fraud" data due to
time and resource limitations.

Having chosen the offenses of interest, we proceeded to
sélect the districts to be included in the sampling frame for

the 11 offenses. Selection was purposeful:. It was our
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intention to chocse districts that represented different sizes
and regions of the country.

Before reviewing this selection, a second concern should be
discussed. Interest centered on the average sentence imposed
on federal offenders, given the offenders' backgrounds and the
crimes committed. Therefore the analysis concentrated on
districts whose overall sentencing patterns appeared to cor-
respond to the overall national average. It was hoped, thereby.
that atypical districts would not enter the statistics that
might be used in the const;ﬁction of sentencing guidelines.[6]

To make this determination, districts were ranked according to

the following formula:

ER D 5
'zl i z X4
= xij ij j=1 571
P. 1
i
S5y 7 = 5 '
* 5 z X, .
s 1]
I Xi' J=1
j=1
where:
S; = district i's severity score,
Xjs = the number of prison sentences for offense j in district
J i,
X;: = the number of convictions for offense j in district i,
J and
Pi = the proportion of prison sentences for offense i in all

j districts,
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A severity index was calculated over five offenses: robbery,
larceny, embezzlement, fraud, and drugs. These five were
chosen because they are the highest volume felonies in the
federal system. A district was selected for possible inclusion
in the study if its severity index fell within one standard
deviation of the overall mean.

Following consultation with officials from the Probation
Division ¢0f the Administrative Office of the U.S. Courts, we
concluded that 22 districts that otherwise satisfied the re-~
search needs were known to regularly produce "good" presentence
investigation reports. From this list, 8 districts were se-
lected that provided both geographic spread and variation in
office size. These 8 are listed in Table II.2, along with the
number of offenders convicted during 1977, the district's rank
in terms of the number of convictions, and the number of
standard deviations above or below the mean of the severity
index previously discussed. The selection is somewhat biased
toward larger districts, and it includes somewhat more
districts that were above the mean of the severity index.

From the eight districts, termination tapes[7] supplied by
the Administrative Office of the U.S. Courts were used to
systematically sample the most recent 120 PSIs, per offense,
from each of the five largest districts and the most recent 40
PSIs, per offense, from each of the three smaller districts.
While this sample was not random, pctentially biasing the
results in an unknown way, we concluded that the most recent
PSIs would have the most validity for the construction of

sentencing guidelines, given both the likelihood that future
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Table II.2 DISTRICTS EXAMINED

. std. Dev.

‘ . No. of Cases, Size Above/Below
District 1977 " Rank Severity Index
New Jersey 1,164 7 -.54
Eastern

New York 965 14 +.22
Northern Ohio 734 20 +.,42
Northern

California 641 24 +.25
Middle

Florida 539 29 -.12
Western

Oklahoma 308 35 +.56
Connecticut 286 45 +.56
New Mexico 246 51 +.56

sentencing patterns might follow recent historical trends, and
the absence of a compelling reason to study older sentencing
decisions. Also, for every district sampled, the data were
drawn from multiple years, which vitiated any probiems with
"seasonality."[8]

The time frame for the sample was 1973-1978. When fewer
than the intended 120 (40) PSIs were found, we did not search
earlier than 1973, preferring not to tax excessively the good
will of the districts that provided the data and‘thus opting to
select somewhat fewer than the targeted number of PSIs. For
the national sample, the intent was to select the 660 most re-

cent PSIs regardless of district. As was true cf the
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district-by-district sample, the search for PSIs ended in 1972,
even if fewer than the targeted number were available.

The "random other" offense sample was systematically drawn
by selecting every tenth PSI, starting with the most recent,
excluding the offenses sampled above. Because of the timing of
the decision to analyze additional offenses, white collar and
homicide offenses were originally included in the "random
other" sample. Eventually these offenses were extracted from
the random other file.

The PSIs were collected in Washington, D.C., through the
cooperation and under the auspices of the Probation Division of
the Administrative Office of the U.S. Courts. Code forms were
developed by INSLAW staff, coders were trained, data were coded
and made machine-readable, and quality checks were instituted
to assure the overall reliability of the resulting data. These
steps are detailed in a separate report.[2]

The end product was a data base consisting of somewhat less
than 660 federal offenders for each of 11 offenses.[10] These
data consisted of a quantification of the narrative information
considered by a sentencing judge, as that information is re-
ported in the presentence investigation report. Steps were
taken to ensure that these data were of high quality and that
the data were representative of cases coming before judges
across the U.S. District Courts. We also attempted to ensure
that these data would be adequate to analyzing sentencing dif-
ferences across the country. In the next section, we discuss

how these data were analyzed.
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C. THE ANALYSIS OF SENTENCING DATA

We analyzed the PSI data in order to identify factors that

influence the sentences received in U.S. District Courts and to

determine if there was general agreement across districts about
the factors that should influence the severity of the criminal
sanction. Although this problem was clear, methods used to
address it were not straightforward. 1In this section, we
indicate how the analysis was conducted and previde an
explanation for the techniques employed.

Several aspects of sentencing were deemed sufficiently
important to command the attention of this study. The decision
to imprison was qualitatively different from any other’ sentence
that the state could impose, so part of the analysis was
concerned with the imposition of a Prison sentence. For
present purposes, the term "prison" includes all incarceration
terms in excess of 15 days--in federal and state prisons, local
jails, and community éorrections facilities.

Although the qualitative distinction between prison and no
prison is important, we could not ignore the quantitative
differences among sentences of different lengths. Therefore,
the analysis also examines the length of a prison stay. The
length of prison is quantified in two ways. For the most part,
this analysis will concentrate on the length of time that an

offender actually serves. Of course, time served is not

directly observable in our data base since many offenders
included in the sample were still imprisoned at the time of

data collection. The only way to include time served in the
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analysis is to estimate it from the maximum sentence imposed by
the judge, a task that can be accomplished with considerable
accuracy given the "good time" release practices of the Bureau
of Prisons, the parole guidelines used by the U.S. Parole
Commission, and the sentencing statute.[11] An alternative way
of guantifying time served was to use the maximum sentence
imposed by the sentencing judge.

These two alternative methods for quantifying sentence
length have different implications for the research. Analysis
that is predicated on time served~rather than time sentenced
does not model pure judicial behavior. ©On the contrary, such
analysis reveals a combination of judicial and administrative
decision making. Our concern is with sentencing guidelines,
and because the Senate's version of the criminal code revisions
specifies that time served is to be used as a basis for
cuideline construction, our analysis will concentrate on time
served. Nevertheless, judicial decision making is of more than
passing interest, so we have also analyzed the sentences
imposed by judges. This latter part of the analysis--sentence
imposed--will be referred to several times in the following
chapters, although time served receives most of our attention.

For offenders not sentenced to prison, alternatives to
confinement are relevant. Prcbation is the most frequently
used alternative, and as such, it will occupy much of our
attention. Fines are less frequéntly employed and the analysis

revealed little regularity in their application. Therefore,
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the analysis of fines will be limited. Other alternatives,
including community service and restitution, are infrequently
imposed and do not figure in this report.

Beyond choosing a dependent va;iable, it is necessary to
select a model to be used to guide the analysis and interpret
the statistical findings. The in/out model has figured
prominently in studies of sentencing, virtually dominating the
empirical analysis used to support guideline construction. The
in/out model is used in the present analysis, although not
exclusively, as will be pointed out.

In estimating a statistical model that conforms to the
in/out paradigm, researchers have typically fit an orqinary
least squares (OLS) regression to a binary dependent variable
that indicates whether the offender was sentenced to prison.
Researchers of a more sophisticated bent have used some
alternative techniques, such as probit, logit and log-linear
contingency tables, all of which have a more rigorous
theoretical justification, but are more difficult to
interpret. By and large, our experience indicates that both
techniques lead to comparable results. When thé probability of
prison is estimated in this study, statistical significance
will be assessed using the probit model, but when we discuss
substantive meaning, the parameters associated with OLS
regression will be used.

When estimating the second stage of the in/out model, we
will use OLS regression on the subset of offenders sentenced to

prison. Thus, the parameters estimated will serve as measures
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of substantive meaning, while the derived tscore will indicate
statistical significance.

Reservations have been voiced akove about using OLS
regression to estimate time served. As the analysis will
reveal, these reservations appear to be well founded. Thus a
second model--called the "expected length of incarceration"
model~--was also adopted. This model assumes that the judicial
decision making process occurs in one step. That is, the judge
determines the length of incarceration at the same time that he
determines whether a prison sentence should be imposed. To
determine the length of the sentence, all the data--not just
that pertaining to offenders sentenced to prison--are -included
in the analysis. The statistical technique used for this model
is tobit, which reveals both the statistical significance of
explanatory variables and their substantive impact on the
length of time served.

Using OLS regression, we also estimate the length of
probation imposed on offenders. Estimating probation this way
suffers from the same problem of truncated dependent variables
that was attributed to the second stage of the in/out model.
Unfortunately, statistical methodology does not appear to be
readily available to adjust for this problem with respect to
probation, and out of necessity we have had to content
ourselves with OLS regression.[12]

There are a total of four types of regressions fit to the
PSI data: the probability of prison (OLS and probit), the

length of prison time for offenders serving time (OLS), the
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expected length of prison time for all offenders (tobit), and
the length of probation for offenders sentenced to probation
(OLS). The dependent variable took on several forms: an
indicator that prison was imposed,‘the length of time actually
served, the maximum sentence imposed by the judge, and the
length of probation.

Taken together, these regressions "explain" the normal
sentences meted out by federal judges as these sentences are
modified by Bureau of Prison and Parole Commission policy. 1In
addition to explaining the normal sentence, we were interested
in answering the question of whether judges agree among
themselves about the sentences that should be received'by
offenders convicted under similar circumstances. Due to the
small sample size per judge, this question could not be
answered directly. Instead, it was necessary to address a
somewhat broader question of whether the sentences imposed on
similar offenders under similar circumstances differed across
the eight districts examined in this study. To the extent that
such differences are uncovered, this findings could imply that
judges themselves disagree about sentences, at least from one
district to another.

In order to test for these potential interdistrict
differences, it was necessary to fit a separate regression to
each offense for each district. Two models were fit. ' Prokit
was used to test for differences in the rates of imprisonment.
Tobit was used to test for differences in the length of time

served. A maximum likelihood ratio test was used to determine
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whether the differences across the districts were statistically
significant.[13] Due to software limitations, the probit model
could not always be tested. Where these difficulties arose,
OLS regressions were used as substitutes, and an F test was
employed to test for statistical significance.

This summary described the analysis that will be presented
in the following chapters. But it does not provide much detail
about how the analysis was conducted. Some of this detail is
provided next.

Analyzing sentencing requires that explanatory variables be
selected carefully. It is impossible to select every piece of
information that might matter to the sentencing judge. Such an
all-encompassing approach would provide too much information
for the statistical model to handle. 1In pruning the data set,
however, the researcher may be making policy decisions since he
is, in fact, determining variables that are likely to enter
into sentencing guidelines.[14] We wish to be explicit about
how this problem of variable selection was approached.

The first ster in selecting variables was to develop a data
coding instrument. Variables that were omitted at the coding
stage were obviously unavailable for analysis at a later Qate.
While we cannot discuss in detail here the development of the
coding instrument (see report referenced in note 9), it is
noteworthy that this instrument was quite comprehensive.

The initial significant step in selecting variables
followed inspection of descriptive statistics of the variables

found in the PSI. Variables that had little natural variance
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were generally excluded from consideration. This decision was
made because these variables were unlikely to be found to be
statistically significant.[15]

An additional important step was to eliminate from
consideration variables that seemeé unlikely to matter to the

sentencing judge. Here we were guided by past research as well
as by members of the advigory board. As an example, eye color
was not included in the analysis, but an offender's race was.
Eye color was judged to be irrelevant to the sentencing de-

cision. Note that race is likely to be judged as inappropriate

to the sentencing decision but perhaps not irrelevant. It is
very important that the analysis include all variables that
have a significant impact on sentencing even if a senfencing
commission should, at a later date, not want to include them in
the guidelines. To do otherwise would be to include a variable
such as race implicitly in the analysis, by allowing the impact
of race to affect the apparent effect of a different,
legitimate variable, such as employment. Therefore, this
analysis included variabies that were potentially relevant to
sentencing whether or not these factors were ethically
justifiable.[16]

A large number of variables typically remained at this
stage. In order to reduce this number, factor analysis was
employed to reduce a large set of background variables to a
smaller set of factor scores. As a rule, between 27 and 31 :
background variables were reduced to between 8 and 10 salient

factors, such as employment and drug use. These factor scores i
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were then used in the analysis along with the offender's
criminal record, descriptors of the offense and processing
variables.

Once these steps were completed, the analysis still used
between 20 and 30 variables. As a rule, we attempted to err on
the side of over-inclusion, a luxury that the ample sample
sizes afforded. There were good reasons for over-inclusion.
For one, there exist only limited lists of variables that
might, on an a priori basis, be included in the analysis. 1If a
relevant variable is left out of the analysis, statistical
results will obviously fail to reveal the importance of that
excluded variable. 1In addition, the importance'that i;
attached to a different included variable may in reality be
attributed to the absence of the excluded variable.

To guard against such potentially serious omissions, the
models were highly inclusive. For this same reason--concern
that an included variable would stand in for variables excluded
from the model--stepwise and related proceduras were eschewed.

Notwithstanding the concern for specification error, there
were times when variables were eliminated from the model simply
for parsimony. That is, the results were sometimes clearer
when seemingly excess variables were eliminated and regressions
were rerun. This decision to eliminate variables that were
statistically insignificant was particularly useful in those
instances in which the statistical analysis would otherwise

have been constrained by missing information.
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Two variables were eliminated from the analysis despite
their theoretical importance. The type of attorney employed by
the offender was one of those variables. We feel safe in its
elimination because early analysis.revealed it to be
statistically insignificant for the offenses in which it was
included, and there seemed to be no compelling reason to
include type of attorney in a guideline scheme. The fact that
the offender was held in jail pending trial was a second
variable eliminated from the analysis.: Here we were less
secure because this variable was highly significant in explain-
ing sentence in early analyses for those offenses for which it
was tested.

Why was pretrial release eliminated? Although the
relationship between pretrial release and sentence was strondg,
it was difficult to know whether the effect should be
attributed to the fact that the offender was jailed or to the
fact that pretrial release is highly correlated with the
seriousness of the offense and the blameworthiness of the
offender, that is, the same factors that influence the severity
of the sanction. If the former, then, the variable should have
been included in the model. Otherwise a specification errorr
might follow. However, if the latter is true--and there is
evidence that judges anticipate the future sentence when making
pretrial release decisions-~-then pretrial release to some
extent stands in for other explanatory variables. This would
not be a serious problem[17] if it were not for the presumption

that many of the explanatory variables are measured with a fair
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amount of error. (See summary report and assessment of federal
data sources.[18]) The result may be that pretrial release
serves as a proxy for these variables that are measured with
error, and in so doing, tends tc mask the actual impact of
those proxied variables. We concluded that the latter problem
was the more serious and decided, therefore, to eliminate the
variable pretrial release from the sentencing model. It should
be noted, however, that few of the pffenders analyzed in this
study were held in jail prior to trial. The exceptions were
offenders convicted of homicide, bank robbery, and drug

offenses.

D. SUMMARY

In this chapter, we have commented on past studies of
sentencing practices in federal and state courts. Finding the
methodology from these studies to be basically sound, we
nevertheless recommended modifications suited to the analysis
of sentencing in federal courts. Our analysis includes
estimates of the probability of prison, the length of time
served for persons going to prison, and the length of probation
for persons not going to prison. The analysis also examines
the extent to which sentences are uniformly imposed on similar
otfenders convicted under similar circumstances across federal
courts.

It was impossible to avoid discussing the use of
statistical methodology when writing this report. In order to

make the findings available to a methodologically less
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sophisticated audience, the substantive findings reported in
Chapters V through XVI are reported in a nontechnical fashion,
and technical material is placed in appendexes. In the next
chapter, we explain how the nontechnical discussion follows

from the statistical analysis.
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NOTES

Leslie T. Wilkins, et al., Sentencing Guidelines:
Structuring Judicial Discretion (Washington, D.C.:
Government Printing Office, 1978).

Joseph C. Calpin, Jack M. Kress, and Arthur M. Gelman, "The
Analytical Basis for the Formulation of Sentencing Policy,"
(Draft, Albany, N.Y.: Criminal Justice Research Center,
1978); Marvin Zalman, et al., Sentencing in Michigan:
Report of the Michigan Felony Sentencing Project (Lansing,
1979); Sherwood Zimmerman and Alfred Blumstein, "A Strategy
for the Empirical Analysis of Sentencing Behavior in
Ser.tencing Guideline Development,” paper presented at the
annual meeting of the American Society of Criminology,
Philadelphia, November 9, 1979; and John P. McCarthy, Jr.,
"Report of the Serntencing Guidelines Project to the
Administrative Director of the Courts," State of New Jersey
Administrative Office of the Courts Sentencing Guidelines
Project.

An excellent review is provided by Sandra Shane-Dubow, et
al., Felony Sentencing in Wisconsin (Madison, Wis.: Public
Policy Press, 1979}.

Shane-Dubow, Felony Sentencing; John Hagan, "Extra-Legal
Attributes and Criminal Sentencing: An Assessment of a
Sociological Viewpoint," Law and Society Review 8, no. 2
(Winter 1974)

Annual Report of the Director, Federal Offenders in the
U.S. Courts (Washington, D.C.: Administrative Office of
the U.S. Courts, 1977), Table D4AD.

This method of selection, which excludes the extreme
districts that might appear in a random sample, conflicts
with a secondary objective in the analysis: to analyze
sentence differences across districts. However, we
considered that the primary task should be to determine the
conditional average sentences for average districts.

As their name implies, the termination tapes constitute an
automated file of all criminal cases terminated in the U.S.
District Courts for a specified year.

A problem remains that the smaller the district the older
its PSIs. If extreme temporal patterns are apparent over a
four-year period, that could complicate the analysis.
Evidence presented elsewhere (see the companion project
report on "Review and Revision of a Sentencing Guideline
System") suggests that this problem is not great.
Therefore, we have ignored it in the analysis.

See the companion project report on "Data Documentation for
the Analysis of Sentencing Decisions.”
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NOTES (cont'Qd)

10. The number for less than 660 if the number of observations
available over the sampling time frame was less than the
targeted 660.

1ll. Anthony Partridge, et al., The Sentencing Options of
Federal District Judges (Washington, D.C.: Federal
Judicial Center, 1979).

12. A parole sentence has both an upper and a lower limit,
which makes the statistical problem more difficult. Also,
the specification of the model, in which probation time
increases and then falls to zero when a prison sentence is
imposed, is difficult.

13. It bears repeating that the probit model tests for
differences among districts, but that the tobit model,
which examines time served, somewhat confounds the
differences across districts by introducing the Bureau of
Prisons and the Parole Commission, both of which are
assumed to employ guidelines uniformly across the nation.

l4. In fact, the variables that are put into the model- likely
somewhat "represent" variables that are excluded from the
model. This issue is known in the statistics literature as
specification error.

15. There is a technical reason for this. Other things equal,
the measured correlation between two variables decreases
along with the variance in either one of them. As the
distribution of one of the variables approaches a constant,
it is unlikely that their relationship will be seen as
statistically significant. This makes intuitive sense. 1In
order to see how factor X affects sentences, it is
necessary to see some variance in factor X, accompanied by
some variance in the sentence. If factor X does not vary,
then the relationship obviously cannot be detected.

l6. Besides being methodologically correct, this strategy
greatly reduces the policy role that a researcher would
have to take if the researcher himself Had to decide which
variables to eliminate as inappropriate. We believe, in
addition, that there is little hope to eliminate this
policy role by allowing an advisory board to make the
decision.

17. Inclusion of pretrial release does introduce some
collinearity between the other explanatory variables and
makes statistical inference less precise.

18. See note 9.
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III. INTERPRETATION

The analytical techniques used in this study were reviewed
in the previous chapter. Many of these techniques are likely
to be unfamiliar to some readers, which creates difficulty in
communicating statistical findings. 1In order to overcome
problems with exposition, we have attempted to make available
both a nontechnical and a technical version of the results.

The findings are presented in a nonrigorous fashion in the
main text. One concern in the text is to list those variables
that are of apparent importance to the sentencing decision, as

determined by the variables' statistical significance in a

regression equation. A second concern is to indicate the

substantive meaning of the findings by assessing the quantita-
tive impact that a statistically significant variable has on
the sentence administered. 1In this latter regard, it will
often prove possible to approximate the effect that a given
variable has on the probability of an offender's going to
prison and on the length of time served in prison, using point
estimates to measure the impact. These tindings can generally
be communicated with simple illustrations that require no
statistical background to understand.

The findings are presented in a more rigorous fashion in
the statistical appendixes that follow the substantive
chapters. Results from the numerous regressions} as well as
the factor analyses, are reported in considerable detail for
readers with methodological backgrounds. It is hoped that this
approach of placing technical material after the nontechnical

discussion will allow methodologically less sophisticated
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readers to appreciate the findingg and afford protessional
scrutiny by persons of a more empirical bent.

In this chapter, we indicate how the nontechnical aspects o
of the substantive chapters were derived from the statistical
analysis reported in the appendixes. This is necéssary to
provide a measure of assurance that the claims made in the text
are buttressed by the empirical analysis. The empirical ana-
lysis itself draws on five statistical techniques: ordinary
least sgquares regression, probit, tobit, principal component
factor analysis, and one-way analysis of variance. In conjunc-
tion with the abd;e,“the"étudy also makes use of analysis of
éovariance techniques. When any of these techniques is em-
ployed, an illustration or textual "summary" is provided. 1In

the remainder of this chapter, the relationship between this

summary and the statistical findings is explained.

A. ORDINARY LEAST SQUARES REGRESSION
An ordinary least squares regression model takes the

general form:
Y. =8 + LB.X.. + €,
R o} J lj 1l (l)

where ¥; is the itP observation of the dependent variable, Xij ‘
is the ith observation of the jth independent variable, and €;

is a random error term assumed to be normally distributed with o
a mean of zero and a standard deviation of ¢. The Greek

letters B and B: are parameters estimated by the method of

J

least squares.[1l]
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As it is presented in (1), this model assumes a linear
relationship between the dependent and independent variables.
This assumption is retained throughout the analysis, with the
exception that certain variables have been transformed using
logarithms. Logarithmic transformations were used to somewhat
dampen the influence of extreme values of independent
variables. It was anticipated that threshold effects might
exist for some variables--such as number of counts in the
convicting offense--whereby a distinction between small values
of the independent variable would likely be important, but the
differences between middle and large values would probably be
slight. Logarithmic transformations were also used to account
for these threshold effects. Although we report on limited
attempts to search for interaction terms, for the most part
this search was constrained by (1) the lack of theory to guide
the search, (2) a c¢oncern that the search for interactions
using such techniques as AID are ad hoc and apt to be "driven"
by vagaries in the data, and (3) by the small sample size.
Other researchers, of course, might prefer to search beyond the
linear model and may be somewhat disappointed in our analysis.

The ordinary least squares redgression model is used at two
pPlaces in the analysis. It is used when estimating the
probability that an offender receives a prison sentence. When
this is the use, the dependent variable is measured on a
nominal scale and is coded one for prison and zero otherwise.

The regression weights--the gs in (l1)--then have a straight-
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forward interpretation. As the independent variable Xij
changes by one unit, the probability of prison changes by an
estimated B units. This interpretation is often used in the
text when such statements are made as "men are sentenced to
prison with a probability that is .15 greater than that of
women. "

Ordinary least squares regression is also used when
estimating the second stage of the in/out model. When this is
the case, the dependent variable is the length of time served,
and the regression is estimated for the subset of offenders who
actually received jail or prison terms. Here the regression
weights have a somewhat different interpretation: .as Xij
changes by one unit, the length of confinement changes by Bj
units. Thus, at points in the text, we make statements like
"as the amount of money stolen increases by $1,000, the length
of confinement increases by one month."

It was also convenient to report beta weights (standardized
regression coefficients) for the second stage of the in/out

model. The formula for a beta weight is:

(2)

L]
B. = B Sxy
3 3 g
Y
where 3{ is the standardized regression coefficient, &j is the
regression weight, ij is the standard error of the independent

variable, and Sy is the standard error of the dependent vari-
able. The utility of this mathematical transformation on the
regression weights is that it allows the effects of the inde-
pendent variables to be compared. Thus, when these standardized

weights are presented in a diagram, the diagram provides a
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visual impression of the relative explanatory power of
variables entering into the sentencing decision.

The error term ¢ represents the effect cf variables that
may ha§e been inadvertently excluded from the model, errors in
measuring variables, and a presumed randomness in the way that
sentences are administered. The classical assumptions made
about this error term are that it is normally distributed with
a mean of zero and a constant standard deviation. In practice,
these assumptions are rarely met, invalidating the OLS tech-
nique in a strict, theoretical sense. The technique is robust,
however, meaning that the assumptions need not hold exactly for
inferences drawn from statistical analysis to be regsonable.
But in the present case, deviations from the classical
assumptions appear to be great, and they cause potential
problems that need to be addressed.

When the probability of prison is estimated using OLS
regression, the dependent variable takes on either of two
values--zero or one. .Consequently, the assumptions made about
the error term cannot hold, even approximately. First, a
binary variakle cannot be normally distributed. Second, the
variance of the error term will not, in general, be constant.
Moreover, the regression equation is misspecified such that the
estimated probability could be in excess of one or less than
zero for certain combinations of the Xs. Thus, the ordinary
least squares regression models may be unacceptable for
estimating the prokability of a prison sentence.

Use of OLS regression may also be questionable when

estimating the length of prison time served. When the length
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of prison time is estimated using the OLS regression, the
dependent variable is "truncated," meaning that while positive
values of prison time can be observed, no value of prison time
less than zero is possible. Under these conditions the error
term cannot be normal, but rather, it may be "truncated
normal." Additionally, discarding cases in which no prison
sentence was administered leaves a distorted data sample, as
was discussed in the previous chapter.

Because of the problems with using OLS regression to esti-
mate the conditional probability of prison, probit was also
used to estimate this stage of the sentencing model. And due
to the difficulties with using OLS to estimate timg served,
tobit was also applied to this aspect of the sentencing

decision. Both of these techniques are discussed below.

B. PROBIT
The general form of the probit[2] model can be written:

prlv, =1} = [' LR ke & ]

L o]

where ¢ represents the cumulative standard normal distribution
function. The M and Bs are parameters estimated using maximum
likelihood techniques. The parameter M is set equal to

zero: ¢ is set equal to one (this serves to fix the units).
Prly, = 1] is the probability that the ith opservation of the
dependent variable equals one,

where

Y; equals one if the ith defendant was santenced to

prison.

Xij is the same as defined above.
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While probit provides a theoretically more compelling
technique for estimating the probability of prison, it is much
more difficult to interpret.[3] No longer can the B8s be
interpreted as the increase in the probability of prison given
a unit change in the independent variable, because the impact
of a given B now depends on the magnitude of the entire set
of PBs as well as on the values for all the Xs. Therefore,
whenever a statement such as "the increased probability of
prison for men ...." is made, these descriptive statements will
be drawn from the OLS regressions. On the other hand, whenever
a statement is made about the statistical significance of a
variable on the probability of prison, significance is based on
the probit model.

Also, whenever the standardized regression weights for the
decision to imprison an offender are provided, these weights
are drawn from the probit model. Standardized weights were

calculated tusing the formula:

! = B.5 .
BJ BJ %]

C. TOBIT

In the tobit[4] model, assumptions are analogous to those

made in the OLS and probit models. Let:

(3)

+ XL +IB.X., .
E[Li] = (30+28jxi.) ¢ [80 LBy%i5 [80 %15
g

3J L = +0¢L

where x[L; ] is the expected value of the length of prison

th

time served by the i offender. As before, ¢ represents the

cumulative standard normal distribution function; ¢ represents
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the unit normal probability density function. The 8s and ¢ are
parameters to be estimated.

In this model, the Bs have interpretations that are very
similar to the interpretations given the 8s in the OLS
model.[5] For offenders who havé a probability of prison that
is close to one, the relationship between the length of time
and the independent variables is given by £. Thus, when such
statements are made as "the length of time served increases by
one month for every count in the convicting offense," we are
merely verbalizing the implications of the regression weights.
Such a statement is only approximate. The reader should note
that any variable x has an impact on both the probability and
length of prison, and the statement must be modifiéd for
offenders who have a probability of prison that is less than
one.[6]

It is also possible to compute a standardized regression
weight for the tobit model. The formula is

1

Bj = B

where the variables were defined earlier. When illustrations

jsxj

of the results of the expected length of time served are
provided, these illustrations draw on these standardized

regression weights.

D. ANALYSIS OF COVARIANCE

One of the purposes of this analysis is to compare sentenc—
ing patterns across district courts. This has been done for
the decision to sentence offenders to prison and the decision

as to the expected length of time that those offenders serve in
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canfinement. There are standard statistical techniques for
conducting this type of analysis. Using probit to estimate the
probability of prison, the regressions were fit to all
districts taken together, and to each district taken separately.

Only districts with "sufficient"” observations were included in
the analysis. A likelihood ratio test was used to see if sen-
tencing patterns differed across the districts. The analysis
was repeated for sentence lengths using tobit as the estimating
technique.

There were times when it was impossible, due to software
limitations, to estimate the probit model. When this was the
case, OLS was used to conduct the test. An F ratio was used to
test for statistical significance.

In interpreting results, it must be remembered that the
null hypothesis is that all the Bs are constant across the
districts. If the null hypothesis is rejected, it is rejected
in favor of the research hypothesis that at least some of B8s
differ from zero. It is not necessary that all s differ from
zero, however. Substantively this means that judges may agree
on the salience of some offender/offense/processing variables
but disagree about the significance of others. A statistically
significant finding does not say which of the variables have
different impacts across the districts.

It is important to point out the limits of statistical
inference in this regard because of the way that findings are
reported in the text. In order to illustrate results, we have

compared the regression weights across the districts,
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indicating, for example, that a trial results in 5 additional
months of sentence in one jurisdiction, 10 additional months in
a second, and 15 months in a third. When these results are
presented in this form, they go .beyond the statistical
analysis. We cannot, in the illustration, say that the 5-,
10-, and l5-month difference is statistically significant Jjust
based on the findings that sentences differ across the
districts. As a result, these findings must be interpreted
with some caution.

When conducting the covariance analysis, we fit a parsi-
monious model with fewer variables than the full regressions.
Using a parsimonicus model increases the chances for spe-
cification errofs in the statisticai equations. How much of
the statistical significance "uncovered" across the districts

can be attributed to these specification errors is unknown.

E. FACTOR ANALYSIS

Principal component factor analysis[7] was used to reduce
the number of background variables to a more manageable set.
This factor analysis was conducted over the entire sample of
offenders regardless of the crime for which they were convicted.
It was also conducted individually within each offense group.
The text makes clear which set of results is being used at any
given time.

The number of factors extracted in any analysis was deter-
mined by the number of eigenvalues in excess of one. This

generally produced between 8 and 10 factors. 1In order to
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improve the interpretation of the factor scores, a vari-max
rotation was conducted. For the most part, this rotation
produced factors that had straightforward interpretations,
hence the names attributed to those factors in the
text--employment, marital ties, and so on. However, the reader
should be cautioned that factor scores frequently run counter
to intuition. For example, the factor labeled employment
always decreases with employment and increases with
unemployment. The appropriate interpretation can be gleaned
from inspecting the statistical results provided in the
appendixes.

Factor scores were used in the regression analysis. These
scores were calculated by multiplying the factor coefficients
by the standardized values of the background variables. Al-
though the resulting reduction in data, and the corresponding
reduction in the number of parameters that must be fit, has its
advantages, the data reduction technique also has at least one
disadvantage. The regression weights no longer have simple
interpretations. At times in the text, such statements appear
as "the probability of prison increases by .10 per standard
deviation of employment." The reader might find it useful to
assume that the difference between offenders with the best
employment and worst employment histories is about four
standard deviations. Therefore, in this illustration, the
different in the risks they incur in being incarcerated is on
the order of .40. Some caution must be exercised, since the

distributions of variables such as employment are not
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necessarily normal, and thus, the rule of thumb about standard

deviations is only approximate.

F. ONE-WAY ANALYSIS OF VARIANCE

At several places in the analysis, it was convenient to
compare factor scores for offenders across offense groups.
One-way analysis of variance was frequently a useful statistical
tool for determining whether an offense or offender group
differed according to a factor score. A statistically signifi-
cant F statistic indicated that these factor scores did differ
across the group examined.

In reporting the results, we have often given the average
factor score for a group. As an illustration, the 'drug usage
of offenders was ccmpared for offenders in Eastern New York and
Western Oklahoma by providing the average factor score in those
two districts. The reader is advised to treat a mean of zero
as an average score in such cases and to compare this average
to the number of standard deviations (equal to one) that a
group is above or below the mean. Of course, the statistical
test is for the null hypothesis that the group means are all
equal, and rejecting this hypothesis does not imply that the

means differ for every group in the analysis.

G. SUMMARY

None of the statistical techniques used in this study is
novel, although some are innovative to the analysis of sen-
tencing. In the rest of this report,.we will largely avoid

referring to these statistical techniques. Nevertheless, it is
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hoped that the reader will bear in mind the role that these
tools play in the analysis and that the conclusions drawn in

the text are inferred from findings resulting from this

analysis.
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IV. OFFENDER CHARACTERISTICS

For each offense taken individually, we "factor analyzed"

variables that measured the offgnder's background

characteristics. (The list of variables that entered these

analyses and the derived factor scores are reported in the
appendixes.) The cffender-specific factors were then utilized

to make comparisons of the same type of offender across

districts. By looking at the interdistrict differences in mean

factor scores for any one characteristic, we were able to

determine the degree to which convicted offenders in various
districts were similar with respect to that characteristic.
We also performed a Separate factor analysis to’determine
the ways in which groups of offenders who were convicted of
nine separate offenses varied from each other.[1] As a

tonsequence of comparing mean factor scores, we were able to

deduce the degree to which offender type A averaged higher or
lower on a particular tactor than offender types B through I.
The variables entering this analysis and their factor

coefficients are reported in Table Iv.1.
The following 10 factors emerged from this second factor

analysis: employment history (EMPLOYMENT); marital status

(MARITAL); drug use (DRUGS); interaction with criminal peers

(INTERACT); contact with criminal family members (FAMILY);
contact with criminal cohabitants (COHAB); social adjustment

(SOCIAL); formative years (FORMATIVE); mental health (MENTAL) ;
and a mixed category that did not demonstrate any particular

loading pattern and was subsequently dropped from the analysis.
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Table IV.1. FACTOR LOADINGS FOR NINE OFFENSE TYPES

FMPLOYMENT MARITAL DRUGS  INTRRACT  FAMILY SOCIAL MIXED  MENTAL, FORMATIVE  COHAB
LASTMO &6 0.919 0.a0n 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000
TIME OF §7 0.907 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000
PAST2 55 0.783 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000
SUBSIST 59 -0,712 . 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000
EMSUP 43 0.000 0.919 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000
ECSUP 42 0.000 0.900 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000
MARITAL 7 0.000 -0.780 0.000 0.000 0.000 0.000 0.000 _ 0.000 0.000 0.000
STIMUL 49 0.000 0.000 0.765 0.000 0.000 0.000 0.000 ' 0.000 0.000 0.000
MARIU 48 0.000 0.000 0.687 0.000 0.000 0.000 0.000  0.000 0.000 0.000
SEDATIVE 50 0.000 0.000 0.665 0.000 6.000 0.000 0.000 0.000 0.000 0.000
INTERC =~ 35 0.000 0.000 0.000 0.820 0.000 0.000 0.000 . 0.000 0.000 0,000
INTERS 36 0.000 0.000 0.000 0.814 0.000 0.000 0.000 0.000 0.000 0.000
FAMC 33 0.000 0.000 0.000 0.000 0.875 0.000 0.000 0.000 0.000 0.000
t? FAMCRI = 30 0.000 0.000 0.000 0.000 0.802 0.000 0.000 0.000 0.000 0.000
LY SOCADI 29 0.000 0.000 0.000 0.000 0.000 0.805 0.000 0.000 0.000 0.000
ACAD 28 0.000 0.000 0.000 ~ 0.000 0.000 0.799 0.000 0.000 0.000 0.000
SOCACT 41 0.000 1.000 0.000 0.000 0.000 0.000 0.641 0.000 0.000 0.000
CHURCH 40 0.000 0.000 0.000 0.000 0.000 0.000 0.533 0.000 0.000 0.000
PSYCHT 44 0.000 0,000 0.000 0.000 0.000 0.000 0.000 0.747 0.000 0.000
MENTAL 45 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.728 0.000 0.000
NECES 26 0.000 0.090 0.000 0.000 0.000 0.000 0.000 0.000 0.833 0.000
ABUSED 27 0.000 0.000 0.000 0.000 0.000 0.00¢ 0.000 0.000 0.727 6.000
COHABC 131 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0,848
COHABS 32 0.000 0.000 0.000 0.250 0.000 0.000  -g.317 0.000 0.000 0.630
HEALTH 53 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000
OPIATES 51 0.285 0.000 0.488 0.000 0.000 0.000 0.000 0.000 0.000 0.000
EDUCATE. 6 ~0.268 0.000 0.000 0.0060 0.000 0.353 0.477 0.000 0.000 0.000
DRINKER 46 0.000 0.000 0.000 -0.258 n.000 0.000 -0.471 0.376 0.000 0.000
FAMS 14 0.000 0.000 0.000 0.000 0.408 0.000 -0.317 0.000 0.000 0.000
vp 3.210 2.525 1.905 1.700 1.682 1.639 1.578 1.390 1.372 1.293

The above factor loading matrix has been rearranged so that the columns appear in decreasing order of variance
explalngd by factora, The rows have heen rearranged so that for each succesalve factor, loadinas greater than 0 s0n0
. 5 ’ nppg- lrst; udim& -7} tlf .250({ “» bed olact © zeri] ) s ’ i
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EMPLOYMENT consisted of measures of offenders' employment
histories during the two years preceding their offenses, during
the month preceding the offenses, and at the time the offznses
occurred. This factor also included a measure of offenders’
methods of subsistence. Because of the way each variable was
measured, a negative score indicated a stable employment
history and a positive score indicated an erratic record:

The factor MARITAL was used as an indicator of offenders'
marital stability, including their willingness or ability to
provide economic and emotional support to dependents. It, too,
was interpreted so that a negative score indicated strong
marital ties and a positive score denoted weak ties.

The factor DRUGS was a measure of the frequency with which
offenders used stimulants, marijuana, sedatives, and opiates.
Offenders within a particular offense category were considered
heavy drug users if their mean factor score for DRUGS was large
and positive.

Three variables form the factor INTERACT. Two measured the
extent of close friends' involvement in crime and the friends'
likelihood of encouraging or discouraging the offenders'
criminal activity. The nature of the normative support (social
support in leading a life free from criminal activity) that
offenders received from friends also loaded to form this
factor. A negative mean score indicated that offenders were
most likely to have non-criminal peers.

Like INTERACT, FAMILY was a measure of the normative
support that offenders received from members of their immediate

families. The factor consisted of three measures of family
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crime: criminal activity engaged in by family members when
offenders were children:; crime among family members with whom
offenders had frequent contact as adults; and the level of
normative support that the latter family members provided adult
offenders. Strong support for legitimate institutions was
indicated by larger negative mean scores.

COHABITANT was a factor that measured the extent to which
cohabitants provided offenders with normative support and the
nature of cchabitants' criminal records. A large, negative
mean factor score was taken to mean that cohabitants might
encourage continuance in criminal activity.

The factor FORMATIVE showed scmething about the quality of
the offenders' early family life. It indicated whether
offenders had been abused as children and if their parents had
had difficulty providing the necessities of life. A negative
mean factor score denoted that offenders had not had problems
in early family life.

SOCIAL was a measure of offenders' early academic
adjustment. Three measures--school adjustment, academic
performance and level of education--formed this factor. A
strong positive score incd.icated that offenders had evidenced
good social adjustment.

Finally, if offenders had ever undergone psychiatric
treatment, or if the probation officer indicated that mental
defect led to the commission of crimes, these facts were
reflected in a strong positive score for the factor MENTAL. 5

Table IV.2 shows the mean factor sccres for offenders

convicted of nine different offenses. The reader should keep
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Table IV.2

MEAN FACTOR SCORES FOR NINE OFFENSE TYPES—

AND TEN FACTORS

a/

.

BANK BANK INCOME MAIL ' FALSE
FACTORS HOMICIDE ROBBERY EMBEZZLEMENT TAX FRAUD ,CLATMS FORGERY DRUGS BRIBERY
EMPLOYMENT .33 .66 -.29 -.51 -.08 .18 .25 -.12 -.35
MARITAL .40 .36 .04 -.48 ~.14 Y .26 .10 -.52
DRUGS .15 .52 -.16 ~.23 -.22 -.21 .16 .26 -.10
INTERACT -.36 .44 -.24 -.07 .19 -.30 .14 .96 -.44
FAMILY .03 .17 -.16 -.01 .01 -.08 .17 -.00 -.22
COHAH -.18 .00 -.10 .15 .23 -.00 .16 .25 ~-.44
FORMATIVE .12 .09 -.20 -.05 -.11 -.03 .12 -.11 .02
SOCIAL -.02 -.39 .19 .29 .01 .11 -.22 -.02 .23
MENTAL .24 .05 -.11 .08 .2 -.09 -.04 -.22 -.18
MIXED -.59 -.07 .24 .15 .01 .10 -.22 -.02 .50

a/ Time constraints did not allow calculation or
factor scores for "Random Other" and Postal Embezzlement.



in mind that a factor score has a mean of zero and standard
deviation of one across the total sample. These findings will
be discussed where relevant in Chapters V through XV.

In addition to examining factor scores in each
crime-specific analysis, wé also studied offenders' records of
prior convictions (PRIORREC). To measure the variable, we used
the categorization of prior record that is employed by the
Administrative Office oﬁ the U.S. Courts. The item has the
foillowing groups: (0) the offender has nc known prior
convictions; (1) the offender has prior conviction(s) that
resulted in sentences of probation or suspended sentence
without probation; (2) the offender has prior conviétion(s)
resulting in incarceration for less than one year; (3) the
offender was previously committed under a juvenile delinquency
procedure; and (4) the offender has prior conviction(s) that
resulted iﬁ.incarceration in excess of one year.

Table IV.3 presents the results of cross-tabulating
PRIORREC with the 11 offense types. A quick glance at the
table reveals something of a white collar/street crime
dichotomy. Although most bank embezzlers, bribers, postal
embezzlers, income tax violators, and false claims offenders
have no known histories of conviction, over 60 percent of the
offenders in each of the random othér, homicide, forgery, and
bank robbery categories do. Conversely, although 10 percent or
fewer of those offenders who fall into each of the bank
embezzlement, bribery, postal embezzlement, income tax, or
false claims groups have records of incarcertaion’in excess ©of

one year, appreciably more of the homicide, random other,
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Table IV.3

CROSS-TABULATION OF DEFENDANTS' PRIOR RECORDS
BY OFFENSE TYPE

Bank Postal Tncome Tax False Drug | Random Bank Mail
Prior Record Embezzlement Bribery Embezzlement Violations GClaims Violations ) Homicide Other Forgery Robbery Praud
No Known Prior 85.8 83.0 72.9 65.0 60.3 40.6 35.1 32.7 26.6 19.7 45.0
Convictions (424) (449) (105) (341) (310) (185) + (185) (200) (179) (129) r200)
Prior Convictions Re-
sulting in Sentences
of Probation or 10.7 11.6 21.5 21.7 21.6 32.3 22,2 30.2 25.1 18.9 26.1
Suspended Sentence (53) (63) (31) (114) (111) (210) (117) (185) (169) (124)  (116)
Without Probation
Zﬁ::ng°;‘:1§:§::ze'r‘:;mn 1.8 2.0 2.8 5.1 7.6 9.5 14.6 13.4 17.1 12,7 9.2
for Less Than One Year 9) ‘ (1) (47 (27) (39) (62) (77) (82) (115) (83) (41)
Commitment iUnder

a.4 0.4 1.4 0.4 0.2 1.2 3.4 1.1 2.1 6.2 1.6
Juvenile Deliaquency
Procedure (2) (2) (2) (2) (1) (8) (18) (€))] (14) (41) e
5:;2In§°'1‘:1§;::::e'::;10n 1.2 3.0 1.4 7.8 10.3 16.4 2.7 22,5  29.1 42,5  18.0

| 2

in Excess of One Year (6) (16) (2) (4l) (53) (107) (130) (138) (196) (279) (80)

Total W

(494) (541) (144) (525) (514) (651) (527) (612) (673) (656) (444)



forgery, and bank robbery offenders have suffered that fate.
The same sort of demarcation is obvious to a lesser extent for
offenders who have been sentenced to previous incarcerations
for less than one year; and the-'picture is only somewhat more

uniform with respect to prior sentences of probation and

~Jjuvenile—delindquency commitments.

Examination of Table IV.3 alsc shows that drug offenders do
not fall neatly into either category. Instead most drug

violators have either never been convicted or have received

prior sentences to probation.

Iv-8

o —

R

NOTES

[1] We did not calculat :
e factor scores for "random other"
bostal embezzlement. The random other group was tgg .

diverse in terms of crimes committed for the analysis to

appear meaningful, and there w
: ere
embezzlers in our'sample. £o0 few postal
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V. BANK EMBEZZLEMENT

The picture of the white collar offender furtively involved
in theft and concealment was clearly drawn in Cressey's
examination of financial trust violators.[1l] Cressey specified
that three conditions are necessary before a trusted person
will steal: a) a non-shareable financial problem; b) knowledge
that the problem can be resolved by violating the position of
trust; and c) the ability to rationalize behavior in order to
avoid a criminal self-concept.

In his investigation of employee theft, Rcbin[2] partially
substantiated one of Cressey's contentions: employées who
engage in theft do not possess negative self-concepts. Indeed,
some social scientists have Speculated that the absence of a
clear-cut victim makes embezzlement seem less serious to the
offender than other property offenses, particularly violent
ones.[3] Robin also observed that the employee thief generally
has solid community. ties; and a nonexistent or miﬁor history of
criminal involvement. In addition, Robin discovered. that the
employee who steals is less likely to be prosecuted than other
property offenders. Interestingly, Robin noted several areas
in which his empirical findings conflicted with Sutherland's
theory of white collar crime.[4] Robin found that employee
theft does not involve violations of laws designed to control
industrial activity as Sutherland speculated. Further, Rokin
found that embezzlers are generally middle~ rather than

upper-class individuals. Finally, in contrast to Sutherland's



contention that white collar crime consists of misdemeanor
violations, Robin found that most employee theft is felonious.

The investigations of embezzlement discussed above
stimulate interest in developing descriptions of bank
embezzlement offenders and offenses. To persons unfamiliar
with prosecution in federal courts, bank embezzlement may seem
to be a classic white collar crime, i.e.; it is committed by
persons occupying positions of trust and results in large
financial gains. In reality, bank embezzlement and embezzlers
do not fit this image. Most convicted embezzlers hold
positions that are only nominally white cecllar and Fheir crimes
frequently result in small dollar gains.

To understand this offense, it is useful to differentiate
embezzlers as employees and administrative personnel. Tellers,
proof operators, bookkeepers, and computer operators make up
the employee sector; the cashiers, vice-~presidents, and
president are the bank officers., The auditor, neither an
employee nor an officer, oversees both groups and answers
directly to the board of directors.

The job to which a person is assigned is important because
an individual engages in a form of embezzlement that is closely
related to his occupational role. For instance, the prootf
operator is responsible for verifying the teller's account of
money flow; he encodes checks, sorts checks, and produces the
cash letter. The proof operator involved in embezzlement is
likely to engage in a variation of the following activities:

misencoding checks so that those checks can be credited to his

own account; missorting checks so that his personal check is
rerouted, thereby delaying payment; or falsifying the cash
letter.

The nexus between occupational responsibility and
embezzlement can also be observed in thefts made by bank
executives. The vice-president in charge of loans, for
example, might authorize a fictitious loan for his own use and
perpetuate the deceit by falsifying progress reports pertaining
to that loan.

Check-kiting is a form of embezzlement that is less
job-specific than the offenses described above. In ‘executing a
kite, a bank worker will deposit in his first personal bank
account an unfinanced check drawn on a second outside account.
Before the check has cleared, and in order to cover that
initial "bad" check, the embezzler will write another
unfinanced check, utilizing his final account, and deposit the
latter in his second outside account. During the kite, the
bank worker uses his knowledge of banking systems to purchase
both time and credit and may utilize his growing false credit
to finance numerous ventures. Obviously, if the process of
floating checks is perpetuated over a period of several months
or years, the amount of credit that is manipulated can be
phenomenal.

In addition, a small percentage (7 percent) of convicted
bank.embezzlers are not bank workers. These individuals are
most likely to maintain business or social ties with a bank
employee or executive, and they become involved in embezzlement

through those ties.
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In the next section, we provide considerable detail about
the offenses that bank embezzlers commit.  We are aware that
these descriptions are limited to convicted offenders, and
there are reasons tc believe that convicted offenders differ ;
----————from the general population of bank embezzlers. For one, it
may be that some types of embezzlement are difficult to detect,
or if detected, are hard to prove. For another, U.S. Attorneys
are known to be selective about the embezzlement cases that
they accept for prosecution.[5] Nevertheless, the offenders
and offenses examined here are considered representative of

those appearing before a sentencing judge.

A. THE OFFENSE ; j
The mean dollar value of funds embezzled by convicted ‘
offenders was $51,000; 18 percent of the thefts resulted in a
loss of less than $1,000, and 47 percent of the thefts resulted
in a loss in excess of §5,000. About 14 percent of the
offenders managed to steal more than $50,000. The amount of
funds for which the offender was held accountable at conviction
was much less than the total loss attributed to him by the
description of the offense presented in the presentence
investigation (PSI) report. About 30 percent of the offenders
were convicted of stealing less than $500, and 39 percent were
convicted of stealing between $500 and §5,000. 1In total, 80
percent of the offenders were convicted of embezzling less than
$10,000, while the actual offense involved $10,000 or less 66 | %
percent of the time, according to the PSI account. This k

attrition reflects a combination of inability or unwillingness

to prosecute all counts of the offense and charge reductions
explained by plea bargaining.

In 82 percent of the cases, embezzlements were executed by
pilfering cash or misappropriating credit. 1In these instances,
the average loss was $29,000. Forms, such as loan and employee
documents, were falsified in 18 percent of the embezzlements.
This method netted larger losses—-about $160,000 per offense.
The most typical means of concealing the offense was returning
stolen money or continuing the initial offense (78 percent of
total). In 20 percent of the embezzlement cases, the bank's
general ledger was directly manipulated in order to facilitate
concealment.

The mean length of involvement was ten months. Eighteen
percent of the offenders were involved in embezzlement only
once. Alternatively, 23 percent of the offenders were actively

embezzling for more than one year.

B. THE OFFENDER

Bank embezzlers were expected to have strong family and
community ties. According to descriptive statistics based on
convicted offenders, this expectation is accurate. Ninety-one
percent of the embezzlers came from homes in which parents had
no difficulty providing the necessities of life; 95 percent had
lived in homes in which they were not abused, neglected, or
abandoned, and 93 percent were reported to have evidenced
average or better than average school adjustment. Not
surprisingly, most offenders graduated from high school and

many attended college.
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Bank embezzlers were also expected to have a record of
little if any previous contact with the criminal justice
system. Ninety-seven percent of the defendants had no family
members who were involved in crime; and 94 percent had no close
friends. who.participated in crime. Moreover, 8l percent of the
offenders had never been arrested before the instant arrest for
embezzlement, and 96 percent were not rearrested between the
embezzlement arrest and completion of the PSI. Nearly all of
the embezzlers (99 percent) were released on bail or personal
recognizance before trial. . Finally, 97 percent of the
offenders had never used aliases. In general, these results
lend substaﬁce o the assumption that embezzlers are not career
criminals.

In keeping with Cressey's premise that most embezzlers are
people with non-shareable problems, we expected that bank
embezzlers would generally act alone. The data support this
contention; 87 percent of the embezzlers committed
embezzlements alone. Of the 74 offenders who were involved in

conspiracies, 58 percent shared responsibility with their

‘coconspirators and 42 percent were subordinate figures in the

conspiracy.

We cannot readily compare the community stability of bank
embezzlers with the stability of the general population, or
even with the population of federal offenders. However, we
were able to compare factor scores of bank embezzlers with
those of offenders convicted of eight other high-volume
offenses: bank robbery, forgery, narcotics, income tax

viclation, mail fraud, making false claims, bribery, and
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homicide. According to this comparison, embezzlers had strong
employment histories, second only to the work histories of
income tax violators and bribers. Embezzlers were about
average in terms of marital ties.

Three factors--family legitimate support, friends'
legitimate support, and cohabitants' legitimate support--all
reflect the normative support that the offender receives from
"significant others." Bribers and embezzlers led the group in
the degree to which they received legitimate support from their
families. Embezzlers received support from friends that was
comparable to the support received by those making false claims
and somewhat less than the support that homicide offenders and
bribers received from their peers. Embezzlers and homicide
offenders were similar in terms of their degree of cochabitant
support, but bribers were most successful on this measure.

With reference to the offenders' formative years, the PSIs
indicated that embezzlers were raised in relatively supportive
tamilies, both financially and emotionally. And examination of
the factor SOCIAL indicated that, like bribers and income tax
violators, embezzlers had had little trouble adjusting in
school.

The drug use factor indicated that embezzlers had drug
histories comparable to income tax violators and persons
committing mail fraud, which is to say that they used virtually
no illegal drugs. The final factor--mental health--did a poor
job of discriminating among offenders. We will not attempt to

draw a conclusion about it.



The greatest distinction between embezzlers and other

offenders can be seen in their criminal records. Embezzlers

had trivial criminal records compared with offenders convicted

of other federal offenses. Only 3 percent of the embezzlers

Rad served any prison or jail time, while persons convicted of
bribery--who had the next best records~-had previous
incarcerations in 5 percent of their cases and bank
robbers~-who had the worst records--were previously
incarcerated in 62 percent of their cases.

Overall, these data confirmed our expectations. It is
evident that bank embezzlers come from a fairly stable,
homogenous group. They tend to be individuals from middle- or
lower-class backgrounds who are moderately well-educated and
possess strong &ommunity and family ties. These findings have
important implications for the sentencing analysis. If judges
take background variables into account when making sentencing
decisions, it stands to reascn that bank embezzlers, as a
group, would be treated more or less harshly than other
offenders examined in this study, depending on the judges'
collective sentencing philosophy. But, since background
variables vary little within the embezzlement group, the effect
of social stability variables on sentencing might not be

discernible in the statistical analysis.

C. VARIATION ACROSS DISTRICTS
The characteristics of bank embezzlers, and the offenses

cross districts. For instance,

0

o]

that they commit,; may vary
embezzlers from predominantly rural districts may evidence
stronger community ties than embezzlers from urban districts.
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District variation might, in turn, have an impact on the
sentencing decisions observed across districts. If sentences
are influenced by offender and offense characteristics, and
there is sentence variation across districts, this fact is
important in understanding geographic "disparity." Thus,
selected variables were cross-tabulated using district as the
independent measure. Although there were few significant
interdistrict differences with regard to the analysis of
offender characteristics, those that were discovered are noted
below.

First, the Middle Florida, Northern Ohio, and Ndrthern
California districts had a much higher proportion of
nonadministrative (including non-bank personnel) bank
embezzlers than administrative employee embezzlers. In the
five other districts, the proportions of administrative and
nonadministrative personnel who were involved in embezzlement
were roughly the same.

Second, examination of the sex of embezzlers across
districts indicated that in Connecticut, Eastern New York, and
New Jersey, male offenders predominated (63 percent, 74
percent, and 70 percent of the total embezzlers,
respectively). Alternatively, 63 percent of the embezzlers
from the Northern District of California were female.

In addition, a one-way analysis of variance was executed in
order to examine whether the eight factor measures variedvby
distrigt. Differences between distriects were statistically
significant with respect to defendants' employment histories;

however; significant district differences for the several other
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factors were not found. Mean scores for the factor "employment
history" indicated that in the Eastern District of New York and
in Northern Ohio unemployment histories were noticeably more
prevalent than in each of the other districts. Interestingly,

offenders' prior records, ages, and the criminal histories of

their family members or cohabitants did not vary.

With respect to interdistrict offense differences,
variation for several measures was statistically significant.
First, examination of embezzlement methods across districts
revealed that 30 percent of the embezzlements in New Jersey
involved manipulation of bank forms, although the percentages
of such manipulations in other districts were considerably
smaller. Recall that such manipulations result in a
substantially greater loss to the bank than do cash thefts.
Considering these two bits of information, stiff sentences for
many New Jersey embezzlers would be expected.

Second, there were significant district differences with
respect. to the length of offender involvement in embezzlement.
In New Jersey, Middle Florida, Northern California, and Western
Cklahoma between 23 percent and 30 percent of the embezzlers
had committed embezzlement only once. There were considerably
fewer one-time embezzlers in Northern Ohio, Connecticut, and
New Mexico and somewhat fewer "one-timers" in Eastern New
York. In fact, in New Mexico and Western Oklahoma, 44 percent
and 31 percent of the embezzlers, respectively, were involved
in embezzlement from six months to one year. However, between
10 percent and 13 percent of the embezzlers in each of the

other districts were similarly involved. Twenty-eight | !

v-10

e

N3

percent of the embezzlers in Eastern New York, were embezzling
between one and three years compared with 20 percent or fewer
of the offenders in each of the other districts.

Third, in Western Oklahoma, Middle Florida, and Northern
Ohio, the mean amounts of money embezzled were between $25,000
and $36,000. In Connecticut, Eastern New York, and Northern
California the mean amounts of stolen funds were between
$50,000 and $59,000. Larger mean sums were stolen in New
Mexico ($73,000), where it should also be noted that the sample
size was small, and in New Jersey ($109,000). The large
amounts pilfered in New Jersey would perhaps be expected in
light of the information cited earlier that many New Jersey
embezzlers engaged in lucrative embezzlement techniques.

In conclusion, although few district differences were
discovered with respect to offense and offender
characteristics, those that were revealed are likely to cause
sentences to vary across districts. One would suspect, in
particular, that different districts would necessarily reflect

sentencing variation.

D. SENTENCING BANK EMBEZZLERS

Although ostensibly a white collar offense, bank embezzle-
ment frequently results in a small dollar loss and oftén
resembles petty theft. The offense is generally committed by
persons who demonstrate stable community and social ties. It

is not surprising, then, that sentences tend to be "light."

th
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In our sample of 494 bank embezzlers, conly one in

received any prison time, and even when prison or jail was



imposed, better than half the offenders received less than a
One-year maximum term. On average, a convicted bank embezzler
could expect to serve just more than two months (ten months for

those persons sentenced to prison). As subsequent chapters

demonstrate, these sentences are-righter—than—the—sentences - —————-.

received by most other groups of offenders included in our
study.

A number of factors account for whether an offender will be
incarcerated, the length of time served if incarcerated, and
the length of supervision if sentenced to probation. It is
convenient to group these factors into four categories:
offender characteristics, prior criminal record, offense
characteristics, and processing variables. We discuss each
category below.

Factor analysis was used to derive eight factors repre-
senting an offender's personal characteristics. The factor
andlysis is discussed in Appendix A; the eight factors are
described here.

The offender's employment history was captured in the
factor EMPLOY, which reflected his employment status at the
time the PSI was written, his employment one month prior to
conviction, his employment over the past two years, and whether
he supported himself. MARITAL, the second factor, was
correlated with the offender's marital ties and whether he
provided emotiocnal and financial support for dependents. The
extent to which the offender has known criminal associates
among friends, family, and cohabitants, is indicated by the

variable CRI. CON.; the variable LEG. SUPPORT indicates
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whether friends, family, and cohabitants are judged to support
the offender in leading a legitimate life-style.

The variable UPBRING provides insight into whether the
cffender's family was known either to abuse him or, at least,
to have had difficulty supporting him during his formative
years. Likewise, SOCIAL ADJ. indicates whether the offender had
difficulty adjusting, either socially or educationally, during
his school years. COMMACT is correlated with community
activity, and a final factor, MIXED, is correlated with several
residual variables and has no specific nomenclature.

In addition to the variables derived from the factor
analysis, three other background variables enter the
statistical model: MALE indicates that the offender was a
man; WHITE indicates that he was not a member of a minority
group; and AGE is the offender's age in years.

In general, presentence investigation reports provide
extensive information concerning past criminal histories. But
bank embezzlers infrequently have prior convictions or arrests,
and thus, the criminal record variables used in this study were
limited. A past conviction resulting in probation or jail is
indicated with the variable RECORD. Altogether, 70 embezzlers
had prior convictions, and 53 of these were limited to previous
terms of probation. Beyond prior convictions, DETAINER
indicates that there were detainers pending against the

offender at the time of conviction.

stolen was categorized as: less than $1,000, between $1,000

and $10,000 (BETWEEN 1-10K), between $10,000 and $100,000
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(BETWEEN 10-100K), and greater than $100,000 (MORE THAN 100K) .
The logarithm of the number of months involved in the
embezzlement (TIME INVOLVED), the fact that the offender

actualiy stole more than was indicated in the convicting

offense (ACTUAL); and the offender's position in the—bank
(OFFICIAL or EMPLOYEE with non-bank employees being a residual
group) were additional offense variables. If the offense
involved a conspiracy, the offender's role was noted: ORG.
CON. means that the offender organized the conspiracy, EQUAL
PART. means that he shared an equal degree of participation
with other conspirators, and SUBORDINATE indicates that he
played a subordinate and minor role in the conspiracy.

Processing variables included whether the offender was
convicted at trial (TRIAL), the logarithm of the number of
counts in the convicting offense (COUNTS), and whether the
offender supplied information leading to the arrest or
prosecution of others (SUPPLIED INFO).

As we discussed in Chapter II, both the in/out model and
the expected length of incarceration model were adcpted to
analyze the effect that the above variables have on the
sentences received. In the in/out model, we first examined
whether the offender was sentenced to prison. Then, selecting
only offenders receiving some prison time, we examined those
factors that determined how much time was served.

Once the in/out model was estimated, we turned to the
expected lgﬁgﬁh of incarceration model. Here the expected

length of incarceration was determined from the entire

complement of data, not just from offenders sentenced to jail
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or prison. This section closes with an estimate of the length

of probation served by offenders sentenced to probation.
Complete regression results are reported in Appendix B.

With regard to the probability that a given offender will
be sentenced to prison, the amount of money embezzled is an
important factor (see Table V.1l for the compared importance of
independent variables). Relative to offenders who stole less
than $1,000, offenders taking between $1,000 and $10,000 are
«14 more likely of serving at least some prison time. The
probability increases by about .43 for offenders stealing
between $10,000 and $100,000, and by .74 for offenders stealing
in excess of $100,000. If the offender stole more than was
indicated in the convicting offense, the probability of prison
increased by about .08. |

Other offense-related variables had little or no impact on
the decision to imprison. Holding other variables constant, no
relationship was uncovered between the offender's position in
the bark and his chances of prison, although bank cfficials
tended to steal more money and, thus, went to jail more
frequently than did employees. Nor was the fact that a
conspiracy occurred likely to make a jail term more likely,
although the rareness of embezzlement conspiracies (13 percent)
may account for this finding.

In addition to the magnitude of the offense, the fact that
an offender had a criminal record played some role in the
decision to sentence him to prison, increasing his probability
by about .21.

The only social background variables that

mattered were the fact that the offender was male (which
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persons stealing between $1,000 and $10,000 can expect to
serve--on average--l1l mbnths more than offenders stealing less
than $1,000. Compared with persons stealing less than §1,000,
those stealing between $10,000 and $100,000 received 19 months
of additional time, and those stealing more than $100,000
received an additional 33 months. Offenders who stole more
than they were actually convicted of embezzling could
anticipate an additional é months of time.[6]

Other offense variables played a less important role. The
duration of the offense was not correlated with the length of
time served. Neither did the offender's role in a conspiracy
seem to matter, nor the offender's position with the bank.

The offender's prior criminal record was influential:
offenders who had been previously convicted served an
additional seven months. But other background variables did
not seem to influence the length of prison time served, with
only two exceptions. Males could expect to serve seven months
more than females. And persons with known contacts among other
known offenders tended to do more time.

Considering processing variables, the number of counts in
the convicting offense was positively correlated with the
length of a prison stay. In contrast, offenders convicted by
trial served no longer sentences than offenders convicted by
guilty plea, and offenders who supplied information leading to
the arrest or conviction of others received no special leniency.

Turning from the length of a prison sentence to examine the
length of probaticn for those offenders sentenced to probation,

findings were consistent with those reported above. The ]
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magnitude of the offense is most important in determining thé
length of probation. Relative to offenders embezzling less
than $1,000, embezzlers stealing between $1,000 and $10,000

serve an additional nine months. Offenders stealing in excess

of $10,000 serve an extra 18 months. Note also that offenders

stealing more than the amount for which they were convicted
receive a five-month increment of probation time. Other
variables exerted little influence over the length of
probation.[7]

To summarize these findings, it is evident that the
magnitude of the offense is very important in determining
whether an offender goes to prison, the length of time served
if incarcerated, and the length of probation if not
incarcerated. A criminal record also increases sentence
severity.

Background variables had little or no impact on the
severity of the sentence, and this finding deserves some
comment, especially since these same background factors will be
Seen to be important in determining the sentences received by
other federal offenders. This finding may be attributable to
the fact that bank embezzlers are quite homogeneous. That 1is,
they all are similar in that they are steadily employed and
have overall stable social ties. Because of these
similarities, it is impossible to draw an inference from these
findings about how judges would sentence embezzlers if some
embezzlers lacked this stability. Consequently, the findings

may say little about the motivations of 3judges and parole




officials, but much about the limitations of this particular
data sample.

Processing variables--notably the occurrence of a trial--
had no evident influence on the severity of the sentence.
Might we infer from this that a guilty plea receives no
sentence concession in the federal system? 1In fact, analysis
completed for other federal offenses indicates that a guilty
plea is consistently rewarded with leniency, and these findings
for embezzlement are anomalous. In attempting to explain this
anomaly, we must point out that only 4 percent of federal
embezzlers go to trial. Like trying to infer whether social
backgrounds matter in the sentencing process when all offenders
look alike, it is difficult to conclude whether conviction by
trial leads tc a more severe sentence when so few trials are
observed. Thus, data limitation may explain the apparent

absence of sentence concessions for embezzlers.

E. INTERDISTRICT SENTENCING COMPARISONS

From the previous section, it can be seen that considerable
regularity exists in the sentencing of bank embezzlers. An
interesting question arises regarding whether this regularity
is preserved across district courts. That is, do the same
offense and offender characteristics have the same impact
across districts?

To investigatg this possibility, it was necessary to
specify a parsimahious model containing a subset of variables
entering into the full analysis. This parsimonious model
retained the important offense variables: BETWEEN 1-10K,
BETWEEN 10~100K, MORE THAN 100K, ACTUAL, and TIME INV. The
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defendant's criminal record (RECORD), his sex (MALE), and the
number of counts in the convicting offense (COUNTS) were also
retained.

The results from using this subset of variables to predict

the in/out decision and the expected length of incarceration

are reported in Appendix B. df interest here is whether these
factors seem to have different impacts across the districts.
According to an F test on the probability of prison, imposition
of a prison sentence does differ across the districts. As an
illustration, in each of four study districts (there were
insufficient observations in Eastern New York, New Mexico,
Western Oklahoma and Connecticut to allow analysis)‘there was
consensus that offenders stealing less than $1,000 would rarely
go to prison. This was also true of offenders stealing between
$1,000 and $10,000, although the incidence of prison for these
offenders was more frequent in each district. Here the
consensus ended. In Middle Florida, most offenders stealing in
excess of $10,000 were sentenced to prison. In Northern
california, a prison sentence became highly likely only if the
amount stolen exceeded $100,000. In the other two districts
(New Jersey and Northern Ohio), a prison term was unlikely no
matter what the amount of money stolen. These findings are
consistent with the hypothesis that a prison term is imposed
differentially across federal courts.

This interdistrict difference seems tC carry over when
examining the expected length of time served. Using a
likelihood ratio test, chi-square was statistically significant

at .01, indicating that the expected length of time served
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differed across districts. To illustrate, in three districts
there was agreement that offenders stealing over $100,000 would
serve about three years longer than offenders stealing less
than $l,OOO._ In the fourth district, such a long sentence was
not imposed, even for the most serious offenses. 1In three of
the districts, there was agreement that offenders stealing
between $10,000 and $100,000 would serve 11 to 22 months more
than offenders stealing less than $1,000. But in a fourth,
this group could expect closer to three years. It is
interesting that these differences persist despite a uniform
parole policy used by the U.S. Parole Board, which implies that
the sentence differences can be attributed to judicial decision
making.

It can be concluded that there are differences in the
patterns of sentencing bank embezzlers across U.S. District
Courts. It is somewhat less clear that these differences are
large; the significance of the differences is subject to
judgment. Neither is it clear that they represent disparity in
sentencing, as the appropriateness of sentencing differences is
a normative, not an empirical, question. But the analysis does
seem to point toward differences in the sentencing of bank

embezzlers across federal districts.

T

NOTES

D. R. Cressey, "The Criminal Violation of Financial Trust,"
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G. Robin, "White Collar Crime and Employee Theft," Crime
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This issue is discussed generally by Cressey, "The Criminal

Violation of Financial Trust"; and Robin, "White Collar
Crime and Employee Theft."

See Robin, note 2.

"U.8. Attorneys Do Not Prosecute Many Suspected Violators
of Federal Laws,"” publication number GGD-77-86 (Washington,
D.C.: General Accounting Office, 1978); "United States
Attorneys Written Guidelines for the Declination of Alleged
Vioclations of Federal Criminal Laws" (Washington, D.C.:
U.S. Department of Justice, November 1979).

In interpreting these figures, it must be recalled from
Chapter III that the comparisons ignore the fact that the
variables influence the probability of prison as well as
the length of a prison term. The comparisons made in the
text ignore the fact that the probability of prison is
affected.

This same regression was run using the maximum sentence
imposed by the judge as the dependent variable and tobit as
the estimating technique. The same list of independent
variables was statistically significant in this second

run. Therefore, it appears that the policy of the U.S.
Parole Commission does not much alter the judicially
imposed sanction.
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L VI. INCOME TAX

! According to the Internal Revenue Service, seventy~five to
one hundred billion dollars of legal income was unreported in

f 1976, which resulted in a tax loss of thirteesn to seventeen

billion dollars. Between twenty-five and thirty~five billion

o dollars of illegal income was also unreported, causing an

i additional loss of between six and nine billion dollars.[1]

These figures confirm that income tax violations are a major

i social problem.

Although tax violations are costly, serious empirical
examination has been markedly absent. It is important to
speculate about the reasons for this research hiatus,
especially since these speculations may be relevent to
explaining the way that judges view violators.

In part, the lack of research may stem from general public
ambi&alence about white collar crime. Since white collar
offenses involve neither violence nor injury, they are likely
to receive little publicity compared with the every day crimes
reported in local newspapers. Additionally, there is no ready
victim demanding retribution and no concerned public insisting
on protection. On the contrary, the injury from the offense is
diffuse, and the government is unlikely to appear as a

mistreated victim.

Besides having a missing "victim," the crime is likely to
be committed by an offender who may be somewhat insulated
against public outcry by virtue of his social and economic
status. Sutherland made the point that the white collar

violator is typically a person of respectability, such as a
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doctor or businessman, and is afforded public trust and perhaps
tolerance because of his social position.[2] Although the
empirical analysis presented later in this chapter indicates
that Sutherland's description soﬁewhat overstates the social
standing of income tax violators convicted in federal court, it
is nevertheless true that income tax violators appear more
respectable than routine federal offenders.

Moreover, a person convicted of income tax evasion may be
viewed as an average citizen who has somewhat overstepped the
bounds of propriety. His offense may be one of degree rather
than kind. In particular, since each person with an income
must pay taxes, each person is afforded some apprebiation of
the tax evader's offense. The resulting public "empathy" is
clearly missing for offenses like bank robbery and homicide.
Also, there may be common public appreciation for individuals
who successfully discover legitimate tax loopholes and, to a
lesser extent, the same acclaim may be granted to persons who
employ illegitimate means to escape taxation.

Finally, it should be pointed out that most tax violations
are processed administratively or civilly. This may further
restrict feelings about the magnitude of the offense.

The above is speculative, of course, but to the extent that
it reflects the view of the general population, it may also be
true of federal court judges. We are not saying that judges
perceive income tax violations as trivial. On the contrary,
nearly 40 percent of the offenders in our sample were
incarcerated. We are, however, anticipating a lack of

agreement among judges according to the ways in which income
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tax violators should be sentenced--with some judges treating
income tax violation as a serious offense, and others viewing
it as less serious. The implication of this is twofold.

First, if there is disagreement across judges concerning the
magnitude of the offense and the deservedness of sanction, then
it might be expected that statistical analysis will have less
explanatory power than the analysis for other, less ambiguous
offenses. Second, to the extent that judges are ambivalent
about sentencing income tax violators, we would expect
sentencing disparity.

In this chapter we will attempt to discern the factors that
influence judges in sentencing income tax evaders. The chapter
opens with a discussion of the offense and then turns to a
discussion of the offender. Next, we examine the factors that
"matter" in the sentencing decision. Following the pattern set
in the previous chapter, we will examine two models: the
bifurcated sentencing model and the single-step sentencing
model. The chapter closes with a statistical test of

interdistrict sentence disparity.

A. THE OFFENSE

In this section we provide a statistical description of
income tax violations. The intent is to provide an overview of
the extreme types of cases: those that judges typically
consider as the least serious and deserving of probation and
those that judges typically consider to be the most serious and
deserving of incarceration. Thereby, we hope to provide a
"feel" for the range of offenses observed under the generic

category "income tax."
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Offenses observed in the PSI data fell into two major
categories: (1) failure to file or misreporting of personal or
business income and (2) failure to file or misreporting of
business regulatory taxes, especially social security and
employee withholding.

When the violation was failure to report, or misreporting
of personal or business income, the average offender was
involved in internal revenue code violations over a four-year
period (he was convicted of an offense extending, on average,
over a two-year period). The mean cumulative income for this
four-year period was over £100,000, and the mean amount of
taxes paid was only $6,000; the average defendant's-tax bill
actually came to about §33,000. Interestingly, the amount owed
in the offense leziding to conviction averaged almost $30,000,
not much less than the amount owed in the actual offense, which
implies that charge reductions are minimal.

Comparing violations of business regulatory taxes, it was
Jenerally true that the offender failed to pay either employee
or social security withholding (frequently both). The average
length of involvement in this type of offense was 2.5 years
(1.3 in the offense leading to conviction). The mean amount of
tax money owed was about $28,000, although the amount in the
offense leading to conviction was much less-=-an average of
about $12,000.

' Unlike persons who manipulated personal or business income
tax returns, the majority of those who committed regulatory tax

violations cited debt as their motivating force.

There is considerable range about the above averages. Some
offenses seem almost trivial, and others appear mush more
serious. Looking at offenders who were least likely to go to
prison, we found that they were involved in income tax
violations for an average of two years. They were convicted of
failing to pay less than $10,000. According to the PSI, they
generally made little or no sophisticated effort to conceal
their offenses. They tended to be convicted by guilty plea.

In contrast, the more serious offender, who was likely to be
sentenced to prison, was involved in the offense for an average
of four years and failed to pay more than $50,000. About half
of these offenses were failure to pay taxes on income derived
from an illegal source. These offenders were likely to have
been convicted by trial (79 percent) and more frequently

employed sophisticated methods to hide their offenses.

B. THE OFFENDER

In this section, the social and economic backgrounds of
income tax violators are described and compared with the
backgrounds of other federal offenders. The comparisons are
drawn from the factor analysis described in Chapter IV.
Descriptive statistics are alsc reported for salient background
factors.

Like bribers and bank embezzlers, inccme tax violators have
stable socioeconomic backgrounds. Relative to offenders in
eight other offense groups, income tax violators were about
average in terms of stability of their childhood backgrounds.
For most of them, their parents had little difficulty supplying

the "necessities" of life. Most suffered no childhood abuse.
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And income tax offenders ranked high on the factor that
measured academic adjustment, evidenced by a mean of 11.5 years
of school.

The difference in the social adjustment of embezzlers, tax
violators, and bribers is negligible. Seventy-five percent
were reported to be involved in community activity.

Almost four of every five tax offenders were married. They
were more likely to be married and providing emotional and
economic support to dependents than offenders from any other
offense group except bribery. The comparison with other
offenders alsc showed that income tax violators frequently have
family members who, in the opinion of the probation bfficer,
would likely promote a legitimate life style. Only embezzlers
had a higher score in this regard. In addition, the probation
officer was more likely to judge the income tax violator as
receiving support from friends in retarding criminal activity.

None of the income tax violators had a reported drug
addiction or alcohol dependency. It is not surprising that,
relative to other offenders, income tax violators were free of
heavy drug use.

The average income tax violator also had solid economic
ties. ' Eighty-one percent were steadily employed when the PSI
report was written. Eighty-six percent owned or were buying
their own car; 72 percent owned or were buying a house. The
average offender's assets were about equal to his debt. Thus,
it is not surprising that the employment factor for income tax
violators outshines the employment factor for other violators.

Of course,. this finding was expected, given the nature of the

offense.
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Finally, examination of prior records reveals that while
almost one in five offenders earned their unreported income in
criminal activities, and that many had arrest records, income
tax violators were far from career criminals. Virtually none
had charges pending at the time of arrest (6 percent), had used
an alias (5 percent), or were arrested for any offense
following the instant arrest for tax violations (6 percent).
Still, almost half had an arrest record. Nevertheless, most of
their previous convictions resulted in probation, and almost
all income tax offenders were released prior to trial,
indicating confidence on the part of the judge that these
offenders were likely to appear for trial and were ﬁnlikely to
pose a significant threat if released into the cormunity-.

Overall, then, tax violators had backgrounds that were
similar to the backgrounds of other white collar offenders.
They demonstrated active involvement in social and community
affairs, relatively stable social and economic ties, and no
drug involvement. They had frequently had some previous

contact with the criminal justice system, although the majority

of those contacts resulted in probation.

C. INTERDISTRICT COMPARISONS

When offender characteristics were compared across

districts, significant differences emerged. First, recidivists

were more concentrated in Connecticut, Middle Florida, Northern

ohio, and Northern california, where over 40 percent of the
offenders had previous convictions. In the remaining

districts, prior convictions existed for between 17 and 28
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percent of the sample. 1In addition, 29 percent of those offen-
ders from Northern California, and 21 percent from Northern
Ohio, had served previous prison terms. These findings imply
that the districts vary considerably in the criminogenic
tendencies of persons convicted of tax violations.

Second, when the nine factor score measures were compared
across districts, additional interdistrict differences emerged.
Marital ties were strongest in New Jersey and Western Oklahoma,
and lowest in Northern New Mexico and Northern California.
Other family ties were strongest in New Jersey; they were
weakest in New Mexico and Eastern New York. With respect to
social adjustment, offenders were "best adjusted” in Northern
Ohio and Northern California, and least well "adjusted" in
Western Oklahoma and Eastern New York. Scores for mental
health and othex health factors varied similarly. Although no
causal significance need be attached to these findings, they do
indicate considerable variance in the backgrounds of income tax
violatoré convicted across the federal criminal justice system.

Third, investigation of offense characteristics across
districts also revealed significant differences. For example,
while unreported income was generally derived from legitimate
sources, two districts (Connecticut with 23 percent and Eastern
New York with 28 percent) convicted a disproportiocnate number
of offenders who derived income from illegal sources. _
Interestingly, a negligible percent (2 percent) of the total
sample had organized crime ties, contrary to our expectations
that the tax laws might be used to prosecute organized crime ’ ;

figures who otherwise might be immune from the criminal codes. ]
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Still, it seems reasonable to conclude that prosecutors in
Connecticut and Eastern New York used the tax codes to convict
offenders who, frequently, were violating laws in addition to
the internal revenue codes.

In addition to the source of income, the average length of
time that an offender was involved with income tax violations
varied across districts. Although the differences in time
involved were not great, there were large differences in the
amount of tax money owed. Northern California violators tended
to owe the most; conversely, individuals from Northern New Mex-
ico owed the least. For violators in Middle Florida, Connect-
icut, and Weséern Oklahoma, the amount owed averaged between
$16,000 and $48,000. The mean amount owed in Eastern New York,
New Jersey, and Northern Ohio was between $48,000 and $100,000.
Thus, it would appear that income tax offenses resulting in
convictions are not homogenous across districts, but rather,
the seriocusness of the offense (as indicated by the amount of
tax money owed), how the income was obtained, and the defen-
dant's culpability vary greatly across federal district courts.

In light of these findings, it is reasonable to conclude
that the background of convicted federal tax code violators and
the magnitude of the offenses leading to their conviction vary
considerably across the federal district courts. Because of
this variation, it is reasonable to anticipate that the
sentences meted out to income tax violators might also vary
across districts. But not all these variations could
necessarily be attributed to interdistrict differences in

offenses and offenders. Some variation may be attributable to



differing attitudes toward the appropriate sentence to
administer to similar offenders convicted under similar
circumstances. In the next section, we investigate the
determinants of sentences received by federal tax violators.
Following that, attention turns back to the gquestion of

interdistrict variation.

D. SENTENCING INCOME TAX VIOLATORS

In earlier sections, we demonstrated that income tax
violators tend to come from fairly stable and well-off
backgrounds, relative to offenders convicted of many other
federal offenses. It was aiso shown that income tax violations
frequently involve significant sums of money and that it is not
usual for the offender to engage in tax evasion for a number of
years. Additionally, it is evident that the characteristics of
offenders and offenses vary across the districts examined.

In this section, the discussion concentrates on the
sentences given to income tax violators. Estimates of
sentences are provided using both the in/out model and the
expected length of sentence model.

With respect to sentences, it is evident that federal
judges do not treat tax evasion as a trivial offense. On the
contrary, almost 40 percent of those persons convicted of tax
evasion go to prison. On average, persons going to prison are
sentenced to a maximum term of 10 months and actually serve an
avierage of 6 months before being released by prison or parole
officials.

Twenty-one variables were selected as possibly influencing

sentences. One subset of these variables describes the
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offense. It was possible to determineé the number of years over
which the offender had engaged in tax evasion (YACT), whether
he failed to pay more than $48,000 (HIGH AMOUNT) or hetween
$4,000 and $48,000 (MID AMOUNT), whether he appeared to owe
more in the actual offense than the offense for which he was
convicted (OWED-ACTUAL), and whether his income was derived
from an illegal source, such as illicit gambling (ILLEGAL
INCOME). Together, these variables represent the magnitude of
the offense.

A second subset of variables represents processing
variables. The fact that the offender was convicted by trial
(TRIAL) is indicated, as are the most severe maximum sentence
that could be received given the counts included in the
convicting offense (MOST SEVERE) and the number of counts for
which the offender was convicted (COUNTS). These variables
allow us to discern something about the effects of plea
bargaining and also the formal requirement of the law.

The offender's personal characteristics are represented by
a third set of variables. The variable MALE indicates that the
offender is a man, AGE indicates his age, and WHITE indicates
that he was not a member of a minority group. Several factor
scores round out his background: EMPLOY reflects his
employment history; LEG SUP indicates the extent to which he is
expected to receive support toward leading a legal life-style;
HEALTH reflects his mental stability; CHILDHOOD ADJ summarizes
early school and social adjustments; FORMATIVE YRS provides

information on the extent to which his pre-adult years were
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difficult; SOCIAL indicates his scocial activities; and FAMILY
summarizes the criminogenic background of his family.

The offender's criminal history is reflected in the
variable PRIOR CONV, which simply indicates that he was
previously convicted. The extent of these previous convictions
did not seem to matter in distinguishing the severity of the
sanction. Thus, this simple variable was used in the analysis.

Looking at the decision to imprison (see Table VI.1l), it is
interesting that in contrast to the sentences of embezzlers,
which were largely unaffected by the type of disposition,
income tax violators can expect harsher treatment if convicted
by trial. According to the regression results reported in
Appendix B, a trial increases the probability of prison by
about .30. It is also worth noting that the sentence
concessions awarded to offenders convicted by plea go beyond
the charge and count reductions agreed to by the prosecutor.
That 1s, even after the elements of the convicting offense have
entered the model, the fact that a trial occurred seems to
increase the sentence received. Other processing
variables--~the number of counts and the maximum sentence
prescribed by law=-had little or no impact on the decision tco
incarcerate.

The magnitude of the offense influences the probability of
a prison sentence. Persons failing to pay tax for a prolonged
period of time are more likely to go to prison, and those who
haVe failed to pay more than $48,000 can expect to go to jail
more often. There was no strong relationship between the

amount of tax avoided and the probability of prison when the
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Table VI.1

THE RELATIVE IMPACT OF DEFENDANT AND OFFENSE
CHARACTERISTICS ON THE DECISION TO IMPRISON,
IN/OUT MODEL (INCOME TAX)
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amount involved was less than $48,000. The extent to which the - ‘.

offender tried to conceal his offense mattered little in the
decision to imprison. And unlike the findings regarding
embezzlement, the diffefénce between the actual amount of taxes
avoided and the corresponding amount in the offense leading to
conviction appeared to have no effect on the sentence. Perhaps
this can be explained by the finding, reported earlier, that
charge reductions are minimal for tax violations.

Persons with good employment histories were less likely to
serve prison terms. Likewise, if the probation officer
indicated that the offender was returning to an environment
that was supportive of a legitimate life-style, the offender
was less likely to go to jail. With the exception of age (the
very old offenders were marginally less likely to be
imprisoned), other background characteristics mattered little
or not at all in the sentencing decision. Surprisingly, this
conclusion also extends to the offender's criminal history.

Once the decision has been made to institutionalize, the
in/out model requires that the length of incarceration ke
estimated. When this length was estimated, it was discovered
that many variables that influenced the decision to incarcerate
no longer seemed to affect the length of incarceration, and
conversely, variakles that were relevant to the length of

incarceration seemed not to matter in the decision to

incarcerate (see Table VI.2).

The processing variables were important with respect to the g
length of incarceration. Conviction by trial increased the

length of time served by about two months, although the effect S
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Table VI.2

THE RELATIVE IMPACT OF DEFENDANT AND OFFENSE
CHARACTERISTICS ON THE LENGTH OF INCARCERATION,

IN/OUT MODEL (INCOME TAX)
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| Table VI.3

‘ THE RELATIVE IMPACT OF DEFENDANY AND OFFENSE
was not quite statistically significant. The length also 3 CHARACTERISTICS ON THE EXPECTED LENGTH OF TIME SERVED,
EXPECTED LENGTH OF INCARCERATION MODEL (INCOME TAX)
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offender who failed to pay only once. Finally, income derived
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from an illegal source resulted in almost three additional
mcnths in prison. It is evident that judges and parole
officials cause longer sentences to be administered to
offenders committing more serious crimes.[4]

Processing variables matter in the sentencing decision.
Conviction by trial nets an additional six months. The
sentence 1increases by about two months per (the logarithm of)
the number of counts in the conviction. And the length of
seritence increases with the severity of the legislatively
prescribed sanction; each year called for as the maximum causes
the actual term served to increase by almost one month.[5]

With respect to personal characteristics, once adgain it is
seen that men do more time than women do (by about one year)
and that a good employment history counts to the offender's
advantage. The aged offender is less likely to serve a long
sentence. ' And offenders with previous convictions served an
additional two months compared with offenders with no previous
convictions. Other personal characteristics variables seemed
to matter little or not at all in the sentencing decision.[6]

In summary, the severity of the sanction increases with the
seriousness of the offense, and the greatest regularity in this
regard was found for the expected length of incarceration
model. The examination revealed that processing variables--
especially the fact that conviction resulted from trial--
affected the severity of the sanction. At least for the length
of incarceration model, offenders with criminal convictions
received lengthier sentences. Finally, background character-

istics mattered--particularly age, sex, and employment. These
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findings reveal considerable "regularity" in the sentencing
decision.

We were unable to uncover any regularity in the length of
probation. The regression results are presented in Appendix B,
but they reveal nothing other than the findings that offenders

sentenced to probation receive, on the average, about two years

of supervision.

E. INTERDISTRICT SENTENC ING DIFFERENCES

The "regularity" revealed in the above analysis does not
imply a lack of sentence disparity. ©On the contrary, many of
the parameters estimated above (that is, the effects of the
variables) had low t statistics, and hence, we are éomewhat
uncertain about their exact magnitude. Moreover, the
statistical models had low explanatory power when coﬁpared with
the statistical analysis of the embezzlement data. Much
remains to be explained about the sentences administered to
income tax violators.

In this section, it is demonstrated that-—-as in the case of
embezzlement--there seems to be considerable disagreement
across judicial districts on the sentences that income tax
offenders should receive. Even a cursory inspection of three
large districts reveals that .57 of the sampled offenders go to
prison in Eastern New York, but .28 go to prison in Northern
Ohio, and .15 go to prison in New Jersey. Of course, we have
already shown that the seriousness of the offense and the
background of the offender vary markedly across districts as

well, so simple comparison of sentences is misleading, and a
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more sophisticated statistical methodology must be employed to
discern whether these differences in sentences are attributable
to offender and wffense differences, or to sentence disparity.

An appropriate test~--analysis of covariance--was conducted
for three districts where there was a sufficient number of
Observations to make statistical analysis meaningful: Eastern
New York (N=87), New Jersey (N=66), and Northern Ohio (N=82).
The nature of this test was simply to compare the weights given
various factors in these three districts. Statistical results
are summarized in Appendix B.

The model used to test for interdistrict differences
consisted of the following variables: COUNTS, YACT, TRIAL,
PRIOR CONV., MID. AMT., HI AMT., MALE, MOST SEVERE, AGE, and
EMPLOY. Statistical results revealed that, according to
analyses of covariance tests, districts differed in the
imposition of prison sentences (p <.01) and in the length of
time served by convicted offenders (p<.01).

District differences can be illustrated by inspécting the
weights associated with four variables. In the three districts
taken together, the logarithm of the number of Years involved
in the tax violation increased the probability of prison by .16

.per logarithm of year. But the impact of years involved varied
from .49 in Eastern New York to .02 in New Jersey. Similarly,
failing to report more than $48,000 of taxes increases the
probability of prison by .33 in all three districts together,
but the effect ranges from .50 in Northern Ohio to .11 in
Eastern New York. These findings would seem to reflect

considerable disparity in either the importance attached to the
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seriousness of the offense or to the way that seriousness is
measured.

Granting sentence connessions in exchange for guilty pleas
seems to differ considerably across districts. Overall in the
three districts, a trial increases the probability of prison by
about .33. But in Northern Ohio, persons convicted by trial
seem almost certain to go to prison, but persons convicted by
trial in New Jersey appear to be at no significant dis-
advantage. And while judges in New Jersey and Northern Ohio
appear to give somewhat stiffer sentences to cffenders with
records, judges in Eastern New York seem to pay less attention
to a previous record for this offense.

Parallel findings emerged from analyzing sentence disparity
in the length of time served. Years of invoivement in the
offense increase the length of time served by about seven
months per logarithm of year in Eastern New York, but by almost
none in the New Jersey. The fact tﬁat a large amount of taxes
was unpaid caused time served to increase in Northern Ohio, but
not in New Jersey. Conviction by trial resulted in more time
served in Northern Ohio but not in the other two districts, and
a prior record increased the time served by one month in
Northern Ohio, three months in Eastern New York, and five
mo;ths in New Jersey. These results regarding differences in
the iength of time served agree with findings regarding the
probability of prison that considerable sentence differences

appear to exist across districts in the federal judicial system.
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NOTES

Estimates of Income Unreported on Individual Income Tax
Returns (washington, D.C.: Tnternal Revenue Service

Publication no. 1104, September, 1979.

E. Sutherland, White Collar Crime (New York: Holt,
Rinehart and Winston, 1961). :

i i d ility of
These comparisons ignore the fact'that the probabi
prison ispalso affected by these independent variables.

See Chapter III for an explanation.

The same set of variables are statistically signifigant in
the regression equations that use maximum §entence imposed
by the sentencing judge as a dependent Yarlable. 'However,
as would be expected, the coefficients 1in ?he maximum
sentence regressions exceed those in the time served
regressions.

The judge himself awards an extra 13 months to.offenders
sentenced to prison following conviction by trial. The
centence increases by 7 months per logarithm of the number
of counts and by almost 2 months per year called for in the
legislatively imposed maximum.

Examining judicial decision making, men receivg sentences
almost two years in excess of those women receilve; the
sentence length decreases with age, decreases W}th
employment, and increases by about four months 1f there was

a prior conviction.
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VIiI. FORGERY

Federal forgeries usually involve the falsification of
signatures on stolen U.S. Treasury checks. Often these checks
are removed from the mail or stolen from their owner's
possession, signed by the thief or by a confederate, and cashed
at a bank or .store. 1In a few instances, federal forgeries
involve the manufacture of counterfeit currency. The
counterfeiter either prints bogus bills or tampers with
legitimate notes. As a rule, counterfeiting appears to be
unsophisticated and relies more on the victim's gullibility
than the offender's criminal skills.

Historically, social science investigations of forgery have
largely been limited to interviews with incarcerated local
offenders. Key aspects of the forger's persocnality and social
background have been probed, and with few exceptions,
investigators have agreed about the social-psychological
characteristics that distinguish "typical" forgers. The
following discussion highlights these findings.

Research has been focused on two forgery types--occasional
and habitual. Less attention has been devoted to occasicnal
forgers than to those in the habitual offender group, but
certain similarities between the two can be noted. Whether
occasional or habitual, forgers often appear to be well
educated and intelligent. Also some research indicates that,
regardless of type, forgery offenders come from middle- or

upper-middle class homes.[1] Finally, neither type of offender
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is likely to have extensive contacts with criminal
associates.[2]

Still, habitual and coccasional offenders differ -drastically
in terms of the scopes of their criminal careers. Habitual
offenders are recidivists who commit planned or "systematic"
offenses.[3] They often appear to be manipulative individuals
whose personalities make it difficult for them to maintain
friendships and, in particular, marital ties.[4] However,
where the occasional forger is concerned, researchers agree
that he is not a recidivist and doces not have a criminal
self-image. In addition, his offenses are usually
extemporaneous.[5]

In view of the planned nature of most federal forgeries, it
seems most likely that convicted federal forgers resemble the
habitual offenders who have been studied locally. 1In the next
section, we describe federal offenders and note the
similarities and differences between them and their local

counterparts.

A. THE OFFENDER

As expected in light of the criminological research, the
average forger had a history of weak social ties and an
extensive arrest record. However, in contrast with some of the
existing research, we found that the federal forger lacked
certain aspects of stability that frequently characterize local
cffenders and also typically differed from white collar

offenders.

VIiIi-2

PN

e,

Three-quarters of the federal forgers were males. The mean
age in the sample was 31. Forty-eight percent of the offenders
were white and 49 percent were black.

Most federal forgers were chronically unemployed--only 36
percent were steadily employed during the two year period
preceding their forgery conviction. As a result, forgers had
employment factor scores comparable to those of bank rcbbers
and murderers. Forgers, also like robbers and murders, were
unlikely to have marital ties. Sixty-eight percent of the
forgers were unmarried at the time the PSI was written.

Forgers were more likely than white collar or mail fraud
offenders to use drugs. However, they were somewhat less
likely than street offenders to have a high factor score on
drug use. Twenty-three percent used marijuana either
occasionally or frequently; the same proportion used opiates.
Ten percent were depicted as problem drinkers. Interestingly,
about one-fifth of the forgery offenses were committed to
support drug habits.

Like the typical bank robber, the average forger appeared
to have problems with social adjustment. In childhood, 26
percent of the forgers demonstrated poor social adjustment and
38 percent displayed poor academic adjustment. The average
forger completed less than nine years of school. Also like
bank robbers, a significant proportion of forgery offenders had
parents who had difficulty supplying the "necessities of life"
(24 percent) or had parents who abused them during their

formative years (18 percent).
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The average forger had an extensive criminal history. The
mean number of prier arrests was seven; only 17 percent of the
offenders lacked arrest histories. Seventy percent of the
forgers had prior property arrests, 59‘percent had previously
been arrested for nuisance offenses, 38 percent for crimes
against persons, and 29 percent had drug arrest histories. Of
theose with arrest records, 35 percent had previously been
sentenced to prison in excess of one year. Another 30 percent
had received probation. Twenty-one percent had been sentenced
to less than one year of prison and 11 percent were not
convicted. Finally, 2 percent had been convicted as juveniles
but had no adult convictions.

In addition, almost half of the forgers were known to have
had significant interactions with at least one other known
criminal. Although not surprising, given the extensive amcunt
of conspiracy involved in this offense, the finding was
unanticipated in view of Lemmert's contrary findings about the
systematic check forger.[6] The average forger's family
provided him with a setting that was judged to be about as
supportive of a legitimate life style as did the typical bank
robber's family, which is to say that the family provided very
little support. In comparison with all other offenders, the
forger seemed to receive average normative suppoert from
cohabitants and friends. However, £he average forger did
appear to receive somewhat more normative support from friends,

relative to that received by robbers and drug offenders.
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B. THE OFFENSE

On average, forgery involved a lower dollar loss than did
either embezzlement or income tax violations, and forgers
tended to be involved in their offenses for shorter periods of
time than offenders who committed the former violations. The
mean amount of money stolen through forgery was somewhat more
than $10,000; however, half of the forgeries involved a loss of
under $500. The duration of the average forgery scheme was
three months and consisted of passing two forged items.

Eighty-seven percent of the offenses were forgeries of
stolen U.S. Treasury checks; 12 percent involved counter-
feiting. The data indicate that, in general, forgeries were
executed by two or more individuals. Sixty percent cf the
examined offenses were conspiratorial in nature. Most of the
offenders involved in such conspiracies appeared in the PSIs to
be equally culpable, which indicates that forgery conspiracies

were horizontally rather than vertically organized.

c. INTERDISTRICT COMPARISONS

In this section, offender and offense characteristics are
examined to determine whether they vary across the district
courts. Using analysis of variance techniques, combined with
the factor analysis described in Chapter IV, we discovered
significant variation in six of the 10 ‘seasures of offender
characteristics: drug use, interaction with criminals, social
adjustment, mental health, and interaction with criminal

cohabitants.
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With respect to the background variables, drug use varied
significantly, as indicated by the average factor scores in
each district (X equals the mean score). The typical forger
from Connecticut was more likely to use drugs (X=.44) than were
forgers from all other districts. Northern California
offenders were next (X=.17), and forgers from Northern New
Mexico were least likely to be involved with the use of
narcotics and other drugs (%=-.16).

In addition to drug usage, offenders differed in the extent
to which they associated with other criminals. New Jersey
offenders were most likely to associate frequently with known
criminals (%=.22). In contrast, in Northern New Mexico, the
average offender's factor score was -.25 and in Western
Oklahoma -.24. Forgers in Northern California most frequently
cohabitated with persons with known records (X=.21). Forgers
from Connecticut (X=-.27) and Eastern New York (%=-.24) were
the least likely to cohabitate with persons associated with
crime.

Academic and social adjustment also varied across the
districts; they were weakest for offenders in Western Oklahoma
(X¥=.36) and strongest for those in Connecticut (%=.25).
Offenders in Western Oklahoma were also least likely to have
mental health problems (X=-.25); criminals from Northern
California evidenced most mental health problems (%=.36).

In addition to the regional offender difterences noted
above, there were interdistrict differences in criminal
records. Offenders from Northern California had the most

extensive records of prior convictions--about 2.2 convictions
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per offender. This compared with offenders from Northern New
Mexico who had an average of .78 convictions per offender.
Substantively, however, the interdistrict differences in prior
record were slight.

We also observed differences with respect to offense
variables: the number of forgeries committed prior to arrest
and the amount of money stolen. A majority of offenders from
Northern New Mexico, Western Oklahoma, Middle Florida, Northern
Ohio, and Northern California committed only one forgery before
arrest. In contrast, a majority of the offenders from
Connecticut, Eastern New York, and New Jersey committed between
2 and 25 offenses. Moreover, a sizable proportion of forgers
in Eastern New York (27 percent) and New Jersey (19 percent)
committed over 50 forgeries before being apprehended.

Differences in the magnitude of the offenses leading to
conviction are further emphasized by differences in the amount
ot money stolen through forgery. A small amount of money (less
than $500; was taken by the average offender in Northern New
Mexico, Western Oklahoma, Connecticut, Middle Florida, and
Northern Ohio (all areas with large proportions of one-time
offenders). Surprisingly, despite the fact that a majority of
forgers in Northern California were "one timers," almost one in
three were involved in thefts of between $1,000 and $5,000. 1In
light of their more extensive criminal involvement,; forgers in
Eastern New York and New Jersey stole more than offenders in
the other six districts: 18 percent of the forgers in New York
stole between $10,000 and $30,000, and in New Jersey, 13

percent of the offenders absconded with more than $100,000.
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In concluding this section, it is obvious that the
characteristics of offenders, as well as the elements of their
offenses, vary significantly across the eight districts
included in this study. Hence, if judges consider such things
as the seriousness of the offense, the social stability of the
offender and the offender's criminal record when imposing
sentences--as we will see that they do--then sentences should
vary across district courts. 'In the next section we will see
how these factors do influence sentencing; following that, we
will investigate the extent to which sentence variation across

districts cannot be explained by variation in the above factors.

D. SEﬁTENCING FORGERS

In the two previous sections, we took care to compare the
background of forgers with the backgrounds of other federal
offenders. This comparison demonstrated that forgers' social
characteristics indicated instability; they had extensive
criminal histories; and they frequently used and were addicted
to drugs.

This comparison takes on additional significance in the
sentencing analysis. It will be recalled that these background
variables appeared to have little or no influence on the
sentences given to either tax violators or embezzlers.
However, caution was expressed in drawing this conclusion.
There was little variance in these background variables, so
empirical analysis was unlikely to uncover a statistically
significant relationship. 1In contrast, forgers differ among

themselves. In light of this variation, the analysis of the
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sentencing of forgers is more likely to reveal whether judges
are influenced by employment history, support from social
reference groups, and so on.

In the analysis of the sentencing cf forgers, we controlled
for a number of background variables, primarily by using factor
analytic techniques. Ten factor scores were extracted and
entered into the analysis.

The first factor score was EMPLOY, which characterized the
offender's employment history over the past two years, the past
month, and at the time that the PSI was written. The factor
also indicated his method of subsistence. The second factor,
MARITAL, summarized the extent of the offender's marital ties,
and indicated whether he provided support to dependents. DRUGS
was a factor that did not enter into the analysis of income tax
violators and embezzlers since those offenders typically lacked
drug histories. 1In contrast, forgers used a wide range of
drugs, and the DRUGS factor measured the extent to which they
abstained from use, used occasionally, or were addicted.

FAMILY refleéted the extent to which members of the offender's
family were known to have engaged in crime, and in the opinion
of the person preparing the PSI, the extent to which the
offender's family helped the offender lead a conventional
(legal) lifestyle. INTERACT and COHABS were comparable factors
in which the support (or lack of support) comes from friends
and cohabitants, respectively. SOCIAL ADJ measured the
offender's social and academic adjustment during his
developmental years; likewise, FORMATIVE recorded the amount of

financial and emotional support the offender received from his
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family during those early years. The last factor--MIXED--was a
combination of residual elements describing the offender's
background; these residual elements were not sufficiently
similar to suggest a descriptive-'name. Appendix A gives more
detail on the derivation of these factors.

Three additional "background" variables were used in the
analysis. MALE indicated that the offender was a man. The
offender's age and race were variables used in early
specifications of the statistical model, but they were dropped
in the anaiysis presented here since initial statistical results
demonstrated that neither had a significant impact on the
sentence received;

It was additionally possible to control for the offender'’'s
criminal history. PREVIOUS PROBATION indicated that the
offender had previously been convicted and served a sentence of
probation. In this regard, ANY REVOCATIONS indicated whether a
previcus term of probation or parole had ever been revcked.
PREVIOUS SHORT showed that the offender had served an earlier
term of incarceration that lasted less than one year; PREVIOUS
LONG indicated that the offender had served a previous sentence
of greater than one year. The variable SERVING SENT./WARR.
recorded whether the forger was either serving a sentence at
the time he was arrested for the instant offense or whether
there was a warrant outstanding for his arrest. Together these

five variables provided considerable detail about the forger's

criminal record.
Several additional variables measured the seriousness of L

the offense. MIDDLE AMOUNT indicated that the offender was
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convicted of forging between $1,000 and $10,000. HIGH AMOUNT
denoted conviction for a theft in excess of $10,000. If he
actually forged checks or counterfeited currency in excess of
the amounts for which he was convicted, this fact is indicated
by DOLLAR ACT. The logarithm of the number of years that the
offenders engaged in forgery appeared as DURATION.

We anticipated that the extent of criminal conspiracy
involved in the offense would matter toward determining the
sentence; nevertheless, preliminary analysis did not reveal
that to be true. Thusg, only two variakles out of several
originally used to capture the extent of the conspiracy were
retainmed: PRINCIPAL indicated that the offender oréanized the
cornispiracy and NO. OF CODEFEND was the logarithm of the number
of persons who were arrested in regard to this offense.

Several processing variables were included in the
analysis. COUNTS was the logarithm of the number of counts
included in the convicting offense. TRIAL indicated that
conviction was by trial rather than by guilty plea. MOST
SEVERE MAXIMUM was the maximum number of years of confinement
legally allowed according to the count in the conviction with
the highest maximum sentence. SUPPLIED INFORMATION indicated
that the offender supplied the prosecutor with information used
to arrest or prosecute others.

These variables were used to explain the sentences given to
forgers by federal district court judges. As before, search
for an explanation followed two steps. First, we used the
in/out model to determine the probability of receiving a prison

sentence, and if a prison sentence was observed, the length ot
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incarceration. Second, the expected length of incarceration
model was used to determine how much time an offender with
given characteristics could expect to serve. In both cases,
the length of probation for offenders placed on probation was
also estimated. Results are summarized in Tables VII.l through
VII.3 and discussed below. Complete regression results are
presented in Appendix B.

Looking at the decision to imprison (Table VII.l), and
concentrating initially on the offender's background, it is
evident that offenders with stable employment histories are
much less likely to be sentenced to jail or prison than are
offenders with unstable employment patterns. In fac¢t, EMPLOY
appeared to be one of the most important variables explaining
the probability of going to prison (as indicated by the size of
the standardized regression coefficients). Persons whose PSIs
indicated supportive family ties (FAMILY) were less likely to
go to prison. Otherwise (with the exception of the factor
MIXED), none of the other factors approached statistical -
significance. 1Interestingly, these nonsignificant factors
included DRUGS, the factor that summarized the offender's drug
involvement.

The only other background variable that was important in
explaining the decision to incarcerate was MALE. For men, the
probability of going to prison was .1l greater than for women. ‘ !
Otherwise, as mentioned earlier, race and age seemed to exert

no independent effect on the probability of going to prison.
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THE RELATIVE IMPACT OF DEFENDANT AND OFFENSE
CHARACTERISTICS ON THE DECISION TO IMPRISON,

TABLE VII.1l
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Forgers frequently had criminal records, and judges took
records into account when imposing sentence. Offenders who had
previously been sentenced to a term of probation were .13 more
likely to receive a prison sentence than were offenders with no
previous convicticns. If the offender was previously sentenced
to a year or less of prison, he had a probability that was
about .14 higher, and if he had served a prison sentence in
excess of cne year; he could expect a probability of
incarceration that was around .30 greater than that expected by
an offender with no previous convictions. Additionally, if the
offénder had previously been on probation or parocle and had
that status revoked, the probability of prison jumpea by about
.16. Evidently judges were especially severe in sentencing
offenders who had not made the most of a previous "break."
Likewise, if the offender was in a correctional program
(including probation) at the time he forged a check, or if he
had an outstanding warrant at the time of his conviction for
forgery, he stood a chance of going to prison that was nearly
.10 greater than if he had not. These findings indicate
considerable sensitivity to the offender's past record when
imposing sentence.

The magnitude of the offense also mattered in the
sentencing decision. Compared with an offender who forged less
than $1,000 wortﬂ of documents, an otffender who stole between
$1,000 and $10,000 increased his chances of going to prison by
about .12. And an offender who forged more than $10,000 was
about .17 more likely to "go away." Note also that if the

offtender had forged documents worth morekthan the amount
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corresponding to the offense for which he was convicted, the
sentencing judge was .12 more likely to sentence to prison.
This is additional evidence that the judge looked to the actual
offense as well as the offense of conviction when imposing
sentence. We found no independenf effect derived from the
length of time that the offender had been involved in the
offense, nor from variables indicating the extent of the
¢riminal conspiracy.

Finally, with respect to the decision to imprison,
processing variables mattered. Defendants who entered guilty
pleas were rewarded with a probability of going to prison that
was .21 lower than that observed for offenders convicted at
trial. The probability of prison increased somewhat with the
variable MOST SEVERE MAXIMUM; the probability was about .01
higher per logarithm of the maximum year called for by the
federal statutes.

Turning to the second stage of the sentencing decision, the
statistical model's ability to predict the length of time
served by offenders who did go to prison was limited. (See
Table VII.2.) To summarize, offense characteristics seemed
important: offenders who stole between $1,000 and $10,000
served about three months more than offenders stealing less
than $1,000, and about the same length of time as offenders
stealing more than $10,000. Judges added another three to four
months if the offender actually stole more than was indicated
by his conviction. A previous parole revocation seemed to
increase the time served by an additional two months. Males

received three months in addition to the time served by
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Table VII.2 L i females. Other than MOST SEVERE MAXIMUM (which increased time
THE RELATIVE IMPACT OF DEFENDANT AND OFFENSE served) and COEABITANT support (which reduced it), no other

CHARACTERISTICS ON THE LENGTH OF INCARCERATION,

IN/OUT MODEL (FORGERY) variables played an important role in time served.
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to uncover more regularity in the sentencing decision (Table

0.1540
| . . .
DOLLAR &CT. 01080 g U IV ViI.3).[7] starting with the impact of offender background
. {
PREVIOUS LONG 011470 [-mmmmmoommmmmnen- J characteristics; it was again evident that a good employment
§
naLE O V380 AL background led to a more lenient sentence. Offenders with the
i
ANY REVOCATION 00,1340 - -y
O\ IRWL 27 wezkest employment ties served better than one year more than
PREVIOUS SHORT 0.1230 : .............. ]
’ e offenders with the strongest ties. But other background
COHABS 0.1120 1
Y S LAULAL L , , o
: variables were seen to enter the sentencing decision as well.
min- AR o104 S ymTA , _ : ,
ENPLOY 0.0980 | vsprpne If the offender received support from his family toward leading
WAL TTE LG
CODEF 0,0980  fomsemmiommn 1 a legitimate life-style, he could expect a lighter sentence.
|ecnsnemann—
SUPPLIED INFO. = fececoaeean : -0.,0970 The same seemed to be true if the offender received support
----------- t
!
DRUGS 040920 |=mmmmmmmey from cohabitants. If the offender used drugs, he could expect
i
FokRATIVE 00790 TTTIIId to do more time, especially if he was addicted. As before,
FARILY ¢.0740 : -------- 1 N . . .
R males could expect to serve a longer period of time (about six
HI.ANT, 0.0490 Je=emcean 1 .
T months) than females. Clearly judges paid particular attention
HIXED S | -0.0670
------- : to the offender's social background when imposing sentence.
PREVIOUS PROBATION S ' ~0.0640
------- 1
COUNTS 0.0510 L»" Offense-related variables also played an important role.
jem-—
DURATION 0.0410 {=nmv ) Persons who stole between $1,000 and $10,000 could expect to
R i
1 i
SERVE SENT./UARR. 9.03%0  1--- : serve about six months longer than offenders who stole less
!
socIAL - -0.0340 than $1,000, but about two months less than offenders who stole
1
TRIAL o-0310 -7 more than $10,000. Persons whose forgery netted more than the
MENTAL 0.0200 :-] s L
Vv amount for which they were convicted could expect an additional
MARITAL 0.0110 |
: seven months.[8]
INTERACT 0.0040 1
i . .
[ Persons with criminal histories were dealt with more
PRINCIPAL i -0.0030
I

NOTE: THE BARS REPRESENT THE RELATIVE SIZE OF THE RETA

harshly than offenders with no records, especially if the

WEIGHTS AS DETERMINED FROM THE OLS MODEL. 1
VARIABLES THAT WERE STATISTICALLY SIGNIFICANT AT 4
+05 HAVE BEEW SHADED. E

g VIi-17

VII-1l6

2

=

N




Table VII.3

CHARACTERISTICS ON T
HE EXPECTED LENGTH OF
TI
EXPECTED LENGTH OF INCARCERATION MODEL (FgﬁGggiyED,

PRIOR LONG !
£.8877 (%
|‘£33433§37 )

EMPLOY 4.0733 :
\ZZ2Z2222
FRIOR SHORT 3.3499 :m
i
f

ANY REVOCATIONS 3.2363 |m
t
DOLLAR ACT. 2.8780 :m
1
1
oy
}
MOST SEVERE Hay 2 I
‘. 2.6191
‘zzzz
'
1
)
H

HMALE 2.7511

MIDDLE AMOUNT
2.2589
N gl

AIXED y

FRIOR PRORATION ”
2.0478
2
!

A

FaMILY 20139
2.

t

1

T !
RlaL 1.9797 |
(
‘

A
SERVE SEFT./WaRR, 1:.925¢ ]

ZZ

SUPFLIED INFG. :

ez,

HIGH AMODUNT

-l.8L33

72

-
~
m
o
-

DRUGS 1,419

2
COHAPS e
1.27¢7 :
FORMATIVE 1.0270 :--
l==
DURATION 0.9422 ll--
[
CaunTs 0.9032 l'--
|-..]
CODEFEND 0.756: :-
l—]
INTERACT 0.45C2 :-
2 |_]
SOC1AL ‘alU. [ll -0.58¢2
1
HENTAL [I| ~0.5€22
'
MAFITAL 0.2945 :
13
FRINCIFAL G.03¢7 :
L R
NOTE: THE BARS REFRESENT THE RELATIVE SI;E-B;-;;E-;E;;-'

WEIGHTS as DETERNINEL FROH THE I

4 . TORIY EL.
VARTAKLES THAT WERE STATISTIZALLY ;IG:?:%;&N' L
+O0% HWAVE REE: SHATIEN .

VII-18

%

remnme

recidivist unsuccessfully served a previous term of probation.

Relative to forgers who had no previous convictions, forgers

with a previous probation term could expect to serve an

additional five months. Offendetrs who had done a previous

prison term of less than one year could expect to serve an

extra eight months. And if the offender had already served a

prison term in excess of one year, he could count on an

additional 13 months. Moreover, if there were any previous

probation or parole revocations, about seven months would be

added to the expected length of incarceration, and if the

offender was serving a sentence at the time of his conviction

(or if there was an outstanding warrant for his arrést) he

could expect an additional four months. It is evident that

previous record is one of the most important determinants of

how the offender will be treated at sentencing.[9]
Processing variables also counted. Making accommodations
with the "system" yielded a somewhat lighter sentence.
Offenders who cooperated with the government by supplying
information leading to the arrest/prosecution of others served

about four months less than offenders who did not supply such

information. Persons who were convicted at trial served

approximately seven months more than persons convicted by a
plea of guilty. The offender could also expect to serve almost

one month for every year stipulated in the most severe maximum

sentence allowed by the most serious count for which he was

convicted.[10]

Compared with the length of the prison sentence, the term

of probatidn given to offenders who received probation was
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irregular. Offenders who had previously served long prison
terms could expect a longer term of probation, although few
were sentenced to probation. OQOffenders who stole more than
$1,000 could also expect a somewhat longer probation term
compared with offenders stealing less than $1,000.[11] As
before, judges awarded a somewhat longer probation term to
offenders who had stolen more than was indicated by their
conviction. Other than these variables, a drug history
somewhat increased the term of probation, as did the criminal
contacts the offender maintained in the community.

To summarize, the above findings pertaining to sentencing
correspond closely with a priori notions. As a rulé, the
severity of the sentence increases with the seriousness of the
offense, increases with the extent of the offender's criminal
record, decreases with the strength of his community ties and
social stability, and is affected in anticipated ways by
processing variables. It is interesting to compare these
findings with the sentences received by embezzlers and tax
violators. The most notable contrast is that social
background is important in the sentences received by forgers,
while it was not important in the sentencing of other
offenders. The reader is reminded that this finding need not
imply an inconsistency in the sentencing of forgers; more
likely, with forgers, judges are faced with sentencing
offenders with less stable backgrounds. Judges apparently
respond by taking social instability into account during the

sentencing process. o
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The same can be said of criminal record and its impact on
the sentence administered. While embezzlers and tax code
violators with criminal records were given stiffer sentences,
the effect was not found to be véry strong in any of our data,
and it was sometimes somewhat inconsistent. At the time those
findings were presented, we speculated that the lack of
extensive records on the part of embezzlers and tax code
evaders might explain why the relationship between sentence and
record was not stronger. The strong relationship between these

two variables for forgers lends strength to that speculation.

E. INTERDISTRICT SENTENCING COMPARISONS

In order to test for interdistrict sentencing differences,
it was necessary to adopt a parsimonious model with only 1l
variables. Since a larger number of variables were
statistically significant in the tests reported in the previous
section, we must caution that this parsimonious model may not
be adequate to represent the complexity of sentencing forgers.
To the extent that our model is misspecified because of omitted
variables, this misspecificaton may make it more likely that we
will attribute spurious interpretations to differences
uncovered across districts.

The variables included in the model are the following. 1In
order to capture the magnitude of the offense, we have retained
the variables MIDDLE AMOUNT, HIGH AMOUNT, and DOLLAR ACT. 1In
ofder to control for the offender's criminal record, we used
the variables PRIOR LONG, PRIOR SHORT, ANY REVOCATIONS, and

SERVE SENT./WARR. Two processing variables--TRIAL and MOST
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SEVERE MAX--were used. Only one personal characteristic
variable was retained, the offender's sex (MALE).

Tests for interdistrict differences were run across five
districts. Those districts, and the number of observations in
each, were Eastern New York (95), New Jersey (93), Northern
California (83), Northern Ohio (109), and Middle Florida (111).

We first tested for interdistrict differences in the
imposition of a prison term. 1In order to conduct this test, we
used an F test, basing the regressions on ordinary least
squares. The test did not reveal a statistically significant
difference across districts using a critical value of .0l.

Findings were similar for a test conducted on the expected
length of time served. Using the tobit model, the chi-square
‘test was based on maximum lilelihood ratios. The tests did not
reveal statistically significant differences across districts,
using a .01 critical value.

At least for the sentences administered to forgers,
district court judges seem to agree about the factors that
should be taken into account when imposing sentence, as well as

about the weight given to each factor.
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The magnitude of the impact of the independent variables
discussed in this section is overstated. See Chapter IV
for an explanation.

According to regression results on maximum sentence, the
sentence itself is about 18 months greater for offenders
who steal in excess of $1,000. Evidently, the parole
authorities exert a strong moderating effect on these
sentencing differences.

The variables accounting for time served are the same as
those accounting for the maximum sentence.

The effect of processing variables is also reflected in the
differences in maximum sentence, although the
"accommodations" are greater for sentence than for time

served.
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11. Offenders stealing more than $10,000 did riot receive
significantly greater probation terms, although this
finding is likely influenced by the small number of
otfenders who stole this much but d4id not go to prison.
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VIII. DRUGS

At the federal level, convicted drug offenders are most
often involved in importing, mangfacturing, and/or distributing
controlled substances; less than two percent of the violators
exclusively used drugs. Unfortunately, little social science
research has been conducted on drug-supply networks and
distributors, although much has been documented about drug
users and abusers. - Moreover, the scope of the information that
is available about drug trafficking is narrow, due either to
the specific nature of the drugs examined or the regional
constraints imposed by the geographic afea from which the
sample is drawn. For example, Moorel[l] studied heroin
distribution in New York City, and his conclusions are useful
but limited in their generalizability. He described seven
levels in the distribution scheme, ranging from importations,
at the top, to users, at the bottom. The distinction between
the bottom three levels and the top four was that activities at
the base involved both use and sale. In additicn, Moore noted
that two other economic activities transpired at each of the
seven levels: dilution of the heroin and packaging of the drug
into lesser amounts.

A more generalizable typology is used by fthe Drug
Enforcement Aéency (DEA). The DEA's hierarchy of drug
offenders transcends the problems of drug specificity (by
including a wide range of drugs) and regional bias {by being
applied across the country). In addition, the scheme
incorporates both quantitative information about drug weights
and gualitative data about the offender.
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From this typology, four "classes" of offenders emerge.
Class I violators, the most serious offenders, deal in large
quantities of pure drugs and are considered responsible for t f
introducing drugs into the illegél market. These individuals
are likely to head criminal organizations or to administer
large-scale drug importation or manufacturing operations.
Class IT offenders deal in considerably smaller quantities of
pure drugs than do Class I offenders and are likely to head
distribution rings, but they are not responsible for the drug's
emergence into the illegal marketplace. Unlike those in the
first two categories, Class III violators are judged only in
terms of the amounts of drugs in which they deal. Hénce, if an
offender cannot be identified as a head of a drug operation,
but nonetheless deals in relatively large guantities of drugs,
he is considered a Class III offender.[2] Finally, Class IV
offenders are all those who deal in quantities of drugs less
than the minimums specified for Class III offenders.

Because the DEA system affords a reasonable classification
of drug offenders across a wide behavorial range, we identified
offenders in the PSI sample according to this scheme. Results
of those efforts will be discussed in a subsequent section.

One additional source of information is noteworthy. 1In a
1972 publicaticn, Blum[3] surveyed dealers involved in
marketing a wide range of drugs in San Francisco. Although the
study is area-specificg, it stands out as one of few works that
describe drug vendors. Hence, several of the findings can

provide a base for useful comparisons with PSI data. ; E
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Blum'é sample of dealers ranged in age from 12 to 70; the
median age fell between 19 and 23. Over half of the sample had
some college education and 10 percent had college degrees.

Blum also noted that a sizable proportion of his dealers were

financially stable. At the time of interview, half the sample

‘had full-time jobs, which were equally mixed between "white"

and "blue" collar positions. Most of the dealers were white (8
percent were black).

With respect to family background, 55 percent of the
dealers came from middle- to upper-middle-class households.
Twenty-three percent claimed that one or both parents had a
record of at least one felony arrest.

Blum also noted that in terms of social interaction, 90
percent of the dealers preferred solitary over group
activities. Ninety-one percent claimed good relationships with
parents; however, one-third reported having trouble relating to
school officials.

Finally, Blum observed that one-quarter to one-third of the
dealers had used alcohol, tranquilizers, sedatives,
amphetamines, marijuana, hallucinogens, or opiates during their
teen years. The proportions of dealers using each of these
drugs (except hallucinogens) increased directly with age. The
numbers using cocaine increased from 15 percent in the teen

years to 26 percent among those over 25,

A. THE OFFENDERS
Comparing convicted federal drug offenders with Blum's San

Francisco sample highlights some important similarities and
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differences.[4] Looking first at similarities, we observed the
following. Seventy-five percent of the federal drug offenders
were white, which was fewer than Blum noted, but which
nevertheless indicates the predoﬁinance of whites in drug
trafficking. Second, as Blum discovered with respect to local
violators, federal drug offenders appeared moderately stable
financially.  fFifty-five percent of the drug offenders were
recorded as steadily employed in the month preceding their drug
arrests. Sixty-six percent of the federal offenders owned or
were purchasing cars. And 81 percent claimed that their
parents had not had difficulty providing life's necessities.
Third, like Blum's dealers, a considerable number of‘federal
drug merchants were also drug users. However, fewer federal
offenders than in Blum's study were engaged in using controlled
substances, ard the variety of drugs used was considerably
narrower. Forty percent of the federal drug offenders used
marijuana and 26 percent used stimulants. 1In béth cases, the
proportion of users was much lower than that claimed by Blum.
A small percentage (14 percent) of the federal drug violators
used opiates; but of those who did, 78 percént were heavy
users. Finally, cnly 3 percent of the federal ocffenders had
alcohol problems {markedly higher among Blum's sample) and 5
percent used sedatives.

On the other hand, federal offenders differed in several
key respects from Blum's local dealers. For one, the federal
dealers on average were considerably older (mean age tor PSI

offender was 46 years). - However, this age difference can be

attributed largely to prosecutor policy, as offenders who are
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arrested by federal authorities do not differ from offenders
arrested by local authorities.[5] Second, although drug
offenders were relatively well educated (10.5 mean years of
school), less than one-third had some college or more advanced
training compared with 50 percent in Blum's sample. Third,
although Blum noted that more than one-quarter of his dealers
had family members with criminal records, only 14 percent of
the federal offenders had at least one family member with a
felony arresé record. Nevertheless, 54 percent of the federal
offenders had significant contact with criminals residing
outside of the home. And these people were most often depicted
as individuals likely to promote the defendant's criminal
activities.

With reference to the criminal histories of the federal
drug offenders themselves, we observed that 72 percent had
arrest records. Of those with such histories, the mean number
of arrests was five. These prior offenses were most likely to
be labeled nuisance or drug offenses and were very unlikely to
involve organized, white-collar, or sex crimes. Between these
extremes, about 38 percent of the offenders had been arrested
for property crimes and 25 percent had been arrested for crimes
against persons.

Conviction information pertaining to those offenders with
prior records showed that most offenders had either avoided
previous convictions (18 percent) or had received probation (44
percent). About 13 percent of the drug offenders had

previously been sentenced to serve terms of one year or less,
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and 23 percent had been sentenced to confinement in excess of
one year.

Offenders were also coded according to the DEA scheme
described above. Ten percent of the drug offenders were
labeled Class I vioclators, 13 percent were Class II1 offenders,
28 percent were Class III offenders, and the remaining 49
percent were Class IV violators (including 15 percent who were
minor figures in conspiracies, and 2 percent who were
exclusively users). One in five offenders was a member of an
organized criminal group; most organized criminals fell into
Classes IITI and IV.[6] The fact that more Class I violatcrs
were not judged to be organized criminals may indicate the
difficulty of convicting high-level organized crime figures or
it may reflect processing selectivity where such criminals are
concerned.[7]

Comparisons of the typical drug offender with offenders
convicted of the other offenses included in this study alsc
revealed similarities and differences. In many ways, drug
offenders resembled bank robbers, forgers, mail fraud
violators, and homicide offenders. In other respects, drug
offenders were like those who make false claims, embezzle bank
funds, or bribe public officials. And on one final dimension,
drug offenders were singularly notorious.

Locking at the similarities first, we found that drug
offenders, like bank robbers, homicide offenders, and forgers,
were apt to have experienced financial and emotional
difficulties in childhood. Drug offenders, forgers, and mail

fraud violators were the offenders most likely to have
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cohabitants who were involved in crime. Examination of the
factor DRUGS showed that drug use among drug offenders was
comparable to drug consumption among forgers; however, neither
type of offender used drugs as extensively as the average bank
robber. Last, drug and homicide offenders matched with respect
to the factor SOCIAL. Both types of offenders displayed
moderately poor average scores on the factor "school
adjustment” (X's for both = -.02), although they ranked better
on this factor zhan forgers (X = -.2) or bank robbers (X = -.4).
Turning next to areas in which drug offenders most resemble

white collar offenders, we first saw that the drug cffender's

tendency toward regular employment (X = —.1) was like the
employment pattern of false claims (x = -.2) and mail fraud
offenders (x = -.1). Drug offenders were about as likely as

bank embezzlers to be married and providing support for
dependents. Bribers, bank embezzlers, and drug offenders all
displayed few mental health problems. And drug cffenders
received family support for legitimate institutions to the same
degree that income tax violators received such support.

Yet, with reference to the one remaining factor, INTERACT,
the typical drug offender was far more likely (X = .76) than
the average violator in any other offense group to have
sigriificant contact with criminal peers, a finding that perhaps

reflects the necessarily conspiratorial nature of drug cffenses.

B. A THE OFFENSE

Federal drug offenses primarily involved the supply and

distribution of controlled substances. These activities
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assumed several forms, required a variety of offender skills,
and involved a range of drugs. Also, these kinds of activities
typically fell into the domain of drug dealers and hence did
not account for much of the drug‘involvements of users or
peripheral drug figures.

With reference to the flow of drugs, the data showed that
51 percent of the drug dealers were involved in selling drugs
that were primarily to be resold. Nineteen percent of the
offenses were éimed at selling drugs that were partially
intended for resale and partially tor consumption. Another 15
percent of the cases involved the sale of drugs to final users.

Fifty-two percent of illicit drug trafticking in&olved the
marketing of controlled substances that were either imported or
were manufactured by an illicit domestic source. Another 21
percent of the activity involved drug importation only; 8
percent cénstituted drug manufacture; 3 percent involved the
illegal distribution of drugs by registrants (persons licensed
to dispense drugs); and 2 percent involved the distrikution of'
drugs stolen from registrants.

Of the drugs marketed, 39 percent were schedule I
controlled substances, 42 percent were schedule II substances,
1 percent were schedule IV drugs, and 12 percent were some
combination of schedules I through IV.[8] No schedule V drugs
were recorded. The specific drugs most often menticned in the
PSIs were heroin, cocaine, marijuana, PCP, methamphetamines,
and LSD. Thirty~eight percent of the cases involved some
gquantity of heroin, and 43 percent of the cases involved

cocaine deals.
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Certain age and racial groups were more prominent in some
drug activities than in others. For example, more individuals
between the ages of 26 and 35 and between 47 and 50 were
described as drug importers than were drug offenders younger
than 26 or older than 50. More of those in the 36-46 age group
were depicted as drug manufacturers than were other drug
violators. And fewer in the 26 to 35 age bracket were
described as distributors than those in other age groups. 1In
fact, those 51 and older were recorded as drug distributors 71
percent of the time.

In addition, there were certain differences in the racial
distribution of dealing activities. Over half of the members
of the "other" race category (Asian, American Indian) were
described as participants in importation, while only 28 percent
of the blacks and 22 percent of the whites were similarly
depicted. Two-thirds of the blacks and the whites were
described as distributors of illegal domestic goods, but only
41 percent of the "other" group were depicted in that fashion.

Drug dealing was lucrative. The mean gross profits from
drug sales, on the basis of available data (25 percent
missing), was $87,000. This figure is skewed upward somewhat
by 28 percent of the offenders who made over $200,000 during
drug activities.” Then again, the full extent of the offenders'
involvement in sales was seldom mentioned, so the mean amount

probably understates the profitability of the crime.

C. DISTRICT DIFFERENCES
The distribution of offenders and offense types was fairly
even across districts. This statement is borne out most
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strikingly by the fact that analysis of variance techniques
revealed significant district differences for only 3 ot the 10
drug factor scores. Nevertheless, cross-tabulations of some
key descriptive variables by district revealed some interesting
patterns.

First, comparison of mean scores for three factor
measures--INTERACT, COHABIT, and DRUGS~-indicated significant
interdistrict variation. Drug offenders in Western Oklahcma
and Northern New Mexico were less likely to interact closely
with criminal peers than violators in Middle Florida and New
Jersey, which probably reflects the less extensive conspiracies
in the first two districts. Next, the mean score fo% the
factor COHABIT was appreciably higher (.32) for offenders in
Northern Ohio than for viclators in the seven other districts.
This finding indicates that offenders in Northern Ohio were
most likely to have cohabitants who encouraged criminal
behavior. Finally, drug use, represented by the factor DRUGS,
was least prevalent among New Jersey drug dealers.(i = -.3) and
most pervasive among offenders in Western Oklahoma (.4),
Connecticut (.3), and New Mexico (.2). Of course, this finding
may indicate that these small districts were more likely to
prosecute users and small-time dealers.

Second, looking at district variations in specific offender
measures, we saw that serious offenders appeared more often in
certain districts than in others. Nearly 20 percent of the
drug dealers in Northern California, New Jersey, and Eastern
New York were coded as Class I violators; however, the

proportions of Class I offenders in Connecticut (1l percent),
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Northern New Mexico (6 percent), Middle Florida (6 percent),
and Western Oklahoma (0 percent) were considerably smaller.
Offenders in Northern California, New Jersey, and Eastern New
York were also coded as Class II offenders more often than
offenders in other districts. In fact, over 40 percent of the
offenders in Northern New Mexico, Western Oklahoma,
Connecticut, and Northern Ohio were considered Class II
violators. Next, 80 percent of the defendants in Eastern New
York were convicted of offenses for which the possible maximum
sentence for the top convicting count was 15 years in prison.
Yet, 63 percent or fewer of the defendants in the seven other
districts faced similarly stiff penalties. In this same vein,
appreciably fewer defendants in Eastern New York were released
before trial than in other districts. In addition, about
one=-quarter of the offenders in Eastern New York, New Jersey,
Northern Ohio, and Northern California were involved in
organized crime. ﬁht organized crimes constituted only 14
percent of New Mexico's drug crimes and 13 percent of Middle
Florida's; the proportions in Western Oklahoma and Connecticut
were less than 9 percent.

Third, there were some district differences with respect to
offense characteristics. For one, two-thirds of the drug
offenses in Eastern New York involved importation, compared
with 30 percent or less of the activities in the other
districts. In addition, 20 percent of New Jersey's drug crimes
involved drug manufacture, but very little of the drug activity
in the other districts included manufacturing. Also, the types

of drugs handled by offenders varied across districts. Over
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half of the drug activity in Eastern New York and over 40
percent of the crimes in New Mexico, Northern California, and
Western Oklahoma involved schedule I substances. The amount of
schedule I trafficking in other districts was less than 30
percent. Over half of the drug traffic in Connecticut and New
Jersey aﬁé nearly half in Middle Florida involved schedule II
controlled substances.

Given the information about defendants in Eastern New York,
in particular, one might assume that offenders there had also
had extensive contact with the criminal justice system.
Instead, what we found was that Northern Ohio, Middle Florida,
and New Jersey had the largest proportions of habitual
offenders (those with histories of four or more arrests) and
that Eastern New York, with its 34 percent habitual offenders,
fell toward the lower end of the distribution. Moreover, well
over half of the violators in Western Oklahoma and Eastern New
York did not have histories of prior convictions. Perhaps what
we Observed in Eastern New York was a larger proportion of

professional dealers who managed to escape detections over long

time periods.

D. SENTENCING DRUG OFFENDERS

Most drug offenders in federal court are convicted of
selling, rather than using, controlled substances. For this
reason, drug offenses are seen as especially serious, and 70
percent of the offenders are sentenced to prison. Once
sentenced to prison, the average offender served just over two

years; the average maximum sentence was six years.
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An examination was conducted to determine which factors
"mattered" in the sentencing decision. Four groups of factors
were used: Dbackground factors, criminal records, offense-
related variables, and processing variables. Each of these
groups is described below.

Factor analysis was conducted on 29 background variables,
and a total of 11 factors were extracted as a result. The
complete analysis is reported in Appendix A; the factors are
summarized here.

EMPLOY was a factor score made up of the offender's
employment history (as measured by his employment over the past
two years, the past month, and at the time that the PSI was
prepared) and the method by which the offender subsisted.
MARITAL, the second factor, was highly correlated with the
offender's marital ties, and the degree'of support provided
dependents.

Three factors measured the extent to which the offender was
expected to receive support from others toward leading a
crime-free life-style. FAMILY, INTERACT, and COHABS measured
the amount of support received by the offender from his family,
friends, and cohabitants, respectively. Offenders with drug

histories had high scores on DRUGS; likewise, offenders who
abused alcohol and whc had other known health problems had high
Scores on DRINK. SOCIAL ADJ indicated whether the offender had
trouble adjusting to school and social activities; FORMATIVE
indicated whether his parents had difficulty supplying him with

the necessities of life, or abused him, during his formative

years.
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Two other factors--labeled MIXED 1 and MIXED 2--were
associated with a cluster of dissimilar variables. Thus, they
were given no specific names.

In addition to the background variables, the analysis
controlled for the offender's past criminal record. The most
extensive criminal histories were recorded as PRIOR LONG, which
indicated that the offender previously served a prison term in
excess of one year. A previous term less than one year was
noted by PRIOR SHORT, and a prior probation term was reflected
in PRIOR PROBATION. The variable SERVE SENT./WARR. recorded
the fact that the offender was serving a penal sentence or had
a warrant outstanding for his arrest at the time tha£ he was
arrested on the current drug offense. ANY REVOCATIONS
indicated that he previously had had probation revoked.

Several variables were used to capture the magnitude of the
offense. The offender's position in the drug's distribution
chain was indicated using five variables. ORGANIZED indicated
that the offender organized or managed the manufacture,
distribution, or dispensing of the controlled substance. Three
other variables showed that he occupied a lesser position in

the distribution chain. If he provided the drug to others who
primarily intended to resell rather than consume the drug, his
position was noted as DISTRIB 1. If he provided the drug to a
mixed group of buyers--some of whom resold and some of whom
consumed the purchase--his position was characterized as
DISTRIB 2. Offenders who provided the drug primarily to final .
users were characterized as occupying a lower position on the ‘

distribution chain--DISTRIB 3. Note that the following roles ]
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pPlaced the offender in a residual group, judged to be of lower

order in terms of crime seriousness:

(1) The offender played a minor supporting role and did

ngt deal directly with the sale of the controlled substance
(i.e., the defendant had no contract with the drug).

(2) The offender played a minor role, acting primarily as

a conduit for the controlled substance sold by others

(i.e., the defendant simply transported the drug).

(3) The offender used the drug only.

We also attempted to distinguish "organized crime" from
other types of crime. Although this distinction had to be
somewhat ‘arbitrary with respect to drug offenses, in general an
offender was judged to be a member of organized crime if two
conditions were met:

(1) There was evidence that the offender was a member of

an organized criminal group, that is, a group with a

permanent hierarchy that coordinated cngoing criminal

activity.

(2) The offense was committed to benefit such a group.

Additionally, we distinguished offenders who sold heroin
(HEROIN) and offenders who sold cocaine (COKE) from offenders
selling other types of drugs.

Several processing variables entered the statistical
models. TRIAL indicated that the offender was convicted by
trial rather than by guilty plea. MOST SEVERE MAX. was the
maximum sentence, in months, that the offender could have
received for the top charge on which he was convicted. COUNTS
was the logarithm of the number of counts with which the
offender was convicted. SUPPLIED INFO. indicated that the

offender provided information used to arrest or prosecute

others.
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Using the above variables, we were not able to distinguish
persons sentenced to probation and prison as accurately as we
predicted prison for other offenses. There may be several
explanations for this, including the fact that it is difficult
to predict the imposition of probation when most offenders are
sentenced to prison. In addition, it should be noted that for
drug offenders it was very difficult to code information
consistently from the presentence investigation reports.
Nevertheless, the analysis did uncover regularity in the
decision making pertaining to incarceration.

The seriousness of the offense appeared to make an
important difference in determining who went to prisén. The
larger the maximum sentence that was legislatively prescribed
for the top charge in the conviction, the greater was the
probability that the offender served prison time. 1In general,
the probability of prison increases by about .00l per every
monith called for in the maximum sentence. Beyond this, persons
who had organized or managed the manufacturing, distributing,
or dispensing of a controlled substance were .l4 more likely to
go to prison. And offenders who appeared to be associated with
organized crime also went to prison more frequently than
offenders who appeared to have no ties to organized crime, by
about .09. Given the overall probability of prison, these
findings would seem to indicate that cffenders who organize
drug networks, or who were convicted of the most serious drug é
offenses, or who were memkbers of crganized crime were virtually

guaranteed a prison term.
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The offender's criminal record also played a role in the
decision regarding his imprisonment (See Table VIII.1).
Ofienders who had previously served prison terms in excess of
one year were .18 more likely to go to prison than were
offenders who had never been incarcerated. While the effect
was less definite statistically, a prior prison term of less
than one year seems to increase the likelihood of prison by
about .13. Otherwise, the variables indicating a past criminal
record did not have a significant impact on imprisonment.

Regarding personal characteristics, a stable employment
history decreased the probability of going to prison. And as
before, males were more likely than females to serve time; the
probability was almost .30 higher. Other personal
characteristics in the data did not appear to influence the
sentence.

With respect to the remaining processing variables, the
importance of the maximum legal sentence associated with the
top convicting charge has already been noted. Additionally,
the probability of prison seemed to increase with the number of
counts in the convicting offense.

Using the in/out model to examine the length of time
served, it was evident that the seriocusness of the offense was
an important determinant of the length of time that the
offender served (Table VIII.2). The statutory maximum for the
top charge at conviction increased the time served by an
average ot almost one month per year. Lcoking at the
distribution heirarchy, we noted that the higher the offender's

position in the drug distribution network, the more time he
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served. Compared with offenders who simply used but did not
sell drugs, or who played only peripheral roles, offenders who
played progressively higher roles in the distribution network

received progressively longer sentences: 6 months more for

Class III, 9 months more for Class II, 1l months more for Class
I, and 12 months for organizers and directors of distribution
networks. Persons distributing heroin served about 4 months
more than persons distributing other types of drugs.

A criminal history increased the length of time that the
offender served. Offenders who had served a previous term of
prison had their present sentence increased by 6 to 7 months,
compared with cffenders who had never previously been convicted
or whc had, at most, served a previous term of probation. And
although the effect was statistically of marginal significance
(t = 1.64), persons who had previously had probation revoked
served an additional 3 months.

Processing variables seemed to have had an important etffect
on time served. Decfendants who entered guilty pleas served
about 6 menths less time than offenders convicted at trial.
Those offenders who supplied information leading to the arrest
or prosecution of others could expect as a reward to do about 4
months less time.

The only other statistically significant variable in the
in/out model was employment history, and as expected, those
offenders who had demonstrated fairly stable employment
patterns served less time.

Examining the length of time served using the expected

length of incarceration model, the results were gualitatively
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similar, but quantitatively different. 1In general, the in/out

model understated the sentences received by offenders who had

committed the most seriocus offenses and who had the most

extensive criminal backgrounds. The in/out model also

overstated the sentences for offenders who committed the least

serious offenses and who had the least extensive criminal
records.

From the expected length of incarceration model (see Table
VIII.3), we again saw that the magnitude of the offense had
great importance in determining the length of time that the
offender would serve. The length of time served increased by
nearly one month per year of maximum sentence allowed by law
according to the top charge at conviction. There was a steady
progression of enhancements in sentences for offenders who were
progressively higher in the drug distribution networks.
Compared with persons who only used drugs or who played
peripheral roles in the drug's distribution, offenders at the
next level (Class III: sold primarily to users) served an
additional 6 months. Offenders in Class II (sold to a mix of
users and sellers) served an additional 8 months; offenders in
Class I (sold to others who would resell the drug) served an
additional 10 months on average. Offenders who organized or
managed the distribution network served an additional 14
months. And offenders selling heroin, specifically, had an
additional 6 months added to their time, compared with
offenders selling other contraband.

Criminal records were important in determining the length

of time that an offender served (See Table VIII.3). A prior
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Table VIII.3

THE RELATIVE IMPACT OF DEFENDANT AND OFFENSE
CHARACTERISTICS ON THE EXPECTED LENGTH OF TIME SERVED,
EXPECTED LENGTH OF INCARCERATION MODEL (DRUGS)
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prison term increased the length of a prison stay by an average
of 11 months for offenders who previously served terms in
excess of 1 year and by 10 months for offenders who served
previous prison sentences of less than 1 year. Those effects
were relative to offenders who had never been convicted or who
had, at worst, served a previous term of probation.

Looking at processing variables, we see that conviction by
trial increased time served by an average of 7 months. But if
the offender’'s testimony led to the prosecution of others, he
served 6 months less time. Otherwise, prison time increased by
5 months per logarithm of the number of counts in the
convicting offense.

Regarding personal characteristics, males served 17 more
months than did females. Employed offenders served
considerably less time than the unemployed. The difference was
about 16 months between offenders who had the best and
offenders who had the worst employment histories.

In our total sample of 651 offenders, only 191 received
probation. Because of miséing data, which would further
decrease this limited sample size, we concluded that regression
analysis of the length of a probation term would not be
worthwhile. We do note, however, that judges sentenced drug
offenders to an average of 36 months of supervision, including
probation and special parole terms. The law allows the judge
to append a special parole term to the sentences of imprisoned
drug offenders. Probation terms (excluding special parole
terms), which are imposed on persons not sentenced to prison,

averaged about 42 months.
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E.  INTERDISTRICT SENTENCING COMPARISONS

We examined the differences in sentencing patterns across
five districts where a sufficient number of observations made
such comparisons possible. The districts and the numbers of
observations were Eastern New York (110), New Jersey (101),
Middle Florida (94), Northern Ohio (95), and Northern
California (94).

A parsimonious model was used to draw these comparisons.
This model included 14 explanatory variables: COUNTS, SUPPLIED
INFO., HEROIN, ORGAN 1, DISTRIB 1, DISTRIB 2, DISTRIB 3,
ORGANIZED, TRIAL, PRIOR LONG, PRIOR SHORT, PRIOR PROBATION,
MALE, MOST SEVERE MAX. and EMPLOY. Results from fitting this
model across the five districts are presented in Appendix B.

We did not uncover a statistically significant difference
across those five districts in the prebability that offenders
would be sentenced to prison. Nor did we find a significant
difference in Ehe length of time that offenders would serve if
sentenced to prison. We conclude that, with respect tc persons
convicted of drug offenses, there is not a wide difference
across the districts in the sentences that they will serve.

In contrasting these findings with some of the earlier
findings, there may be two reasons why interdistrict sentencing
differences do not emerge for drug offenses. First, there may
be little gquestion that drug offenders deserve at least some
prison time, and thus, there is little discrepancy in the rates
at which sellers are sentenced to prison. Second, there may be
disagreement about the length of prison. But, given the fact

that the U.S. Parole Board has control over a majority of drug
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sellers due to the long sentences meted out for this offense,
and that the Parole Board uses uniform rules for releasing

offenders, sentence disparity tends to be reduced by

administrative policy.
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NOTES

Mark Moore, "Economics of Heroin Distribution," Polic
Concerning Drug Abuse in New York State, Vol. III.
(Croton-on-Hudson, New York: Hudson Institute, 1¢70).

The quantities that are considered large enough for Class

IIT classification vary with the type of drug. The amounts

tend to increase as the dangerousness of the drug decreases.

For instance, if a person deals 125 grams or more of heroin

a month, he may potentially be considered a Class III ‘
violator. Where marijuana is concerned, however, the

minimum is much larger: 500 kilos per month.

Richard H. Blum and Associates, The Dream Sellers (San
Francisco: Jossey-Bass, 1S72).

In a personal communication, Jack Hausner~-who is presently
engaged in a study of dual jurisdiction prosecutions--
informs us that there is great attrition in the number of
cases reported by federal authorities that are prosecuted
by U.S. Attorneys. Hausner's findings cast doubt on any
assertion that convicted federal drug cffenders resemkle
typical local drug offenders.

Barbara Boland, "Incapacitation as Applied to Federal
Offenders" (INSLAW, 1980).

It is also noteworthy that blacks were significantly
overrepresented in organized crime. Thirty-two percent
of the black offenders were involved in organized crime,
26 percent of those in the "other" racial group had
organized crime connections, and only 15 percent of the
whites were involved in organized crime.

Top~level organized criminals may not be pursued by
police and prosecutors because of the organized power
structure that insulates those offenders, tirst, from
detection and, second, from conviction if they are
detected. )

For a breakdown of drugs included in each schedule, see
Public Law 91-513, 91st Congress, H.R. 18583, October
27, 1970; also known as the Comprehensive Drug Abuse

‘Prevention and Control Act of 1970.
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IX. MAIL FRAUD

In executing a mail fraud, the offender uses the mail
service as a silent, criminal partner. By misrepresenting
himself, the offender may obtain goods or services through the
mail without adequately compensating merchants. Alternatively,
he may use the mail to aid in receiving payments for goods or
services that he does not intend to provide.

There are numerous mail fraud schemes. One commcn mail
fraud involves mailing falsified credit card or loan appli-
cations. Other types are engineered to appeal to the
psychological needs of the victim. The offender may promise
the victim a perfect mate, a "perfect" figure, or eternal
youth; the victim is, in turn, duped into paying for a product
that is either never delivered or worthless. Mail fraud can
also be an aspect of an offender's legitimate business
dealings. For ihstance, a doctor may report inflated fees to a
patient's insurance company and pocket the surplus payment. 1In
many instances, entire businesses can be devoted to using the

mail to defraud victims.

A. THE OFFENDER

Mail fraud offenders found in this study were typically
white. (19 percent were black; 3 percent were "other"), and male
(13 percent were female; 2 percent were corporations). The
mean age was 39 years.

As children, most mail fraud offenders were well adjusted
and academically proficient. In fact, nearly two-thirds of

those convicted of mail fraud had completed high school or some
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higher level of education, although the mean education level .
was 1l years. Only 1l percent of the offenders had parents who
had difficulty providing life's necessities and 1l percent were
abused by their parents. |
Fifty-eight percent of the offenders were married, and 63
percent were fairly reqularly employed prior to their mail

fraud arrests. Of those with dependents, over two-thirds

provided those charges with both emotional and economic ¢

support. Further evidence of the relative stability of this
group is the fact that mail fraud offenders were infrequently
drug or alcochol abusers.

Few mail fraud offenders had contact with criminal family
members or cohabitants. About 22 percent of the offenders were
known to associate with criminal peers. Although contact with
other offenders was infrequent, 64 percent of the violators had
previously been arrested. The largest proportion (44 percent)
of offenders had been arrested for property offenses, followed
in smaller proportions by arrests for nuisance (32 percent) and
white collar (33 percent) violations, as well as crimes against .
persons (21 percent). Less than 8 percent had arrest histories
that included organized crime, sex, or drug offenses.

Forty-one percent of those with records had previously
received sentences to probation. Another 13 percent were never
convicted and 2 percent were convicted as juveniles. The
remaining were sentenced to incarceration--14 percent for a . J
pericd less than one year; 28 percent for terms in excess of .

one year.

'Y
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With respect to the factors MARITAL, SOCIAL, DRUGS, and
EMPLOY, comparisons of mean factor Scores across offense groups
indicated that persons convicted of mail fraud were most
similar to the white collar offenders appearing in our study.
In contrast, with reference to the factors COHABIT, FORMATIVE,
FAMILY, MENTAL, and INTERACT, mail fraud offenders had most in
common with those committing drug offenses, forgeries, or
homicides.

Looking at the first set of comparisons, we see that like
false claims offenders, mail fraud violators were fairly likely
to be married and to have been well-adjusted children. Mail
fraud offenders were as unlikely as false claims and income tax
offenders to abuse drugs--which is to say that they rarely used
drugs. Finally, false claims, drug, and mail fraud offenders
demonstrated comparably steady employment histories.

Examination of the second set of comparisons revealed that
mail fraud and drug offenders had comparable levels of
interaction with criminal cohabitants. Also, both mail fraud
ahd drug offenders had stable early family experiences.

Neither fraud nor homicide offenders were likely to have
extensive contact with criminal family members or to have
mental health problems. Finally, forgers and mail fraud
offenders were likely to interact with criminal peers, although
neither were so likely as bank robbers or drug offenders to

have such contact.
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B. THE OFFENSE

Mail fraud was generally a group crime; in fact, many Of
the offenses seemed to have a business~like orientation. The
typical offense had a fairly loné duration, but the dollar loss
from the offense was not so great as the dollar loss from many
other federal offenses.

A majority of the offenders convicted of mail fraud were
engaged in offenses that resulted either as sidelines of the
offenders' legitimate business activities (20 percent) or as
principal products of mail fraud businesses (45 percent). Only
35 percent of the mail fraud convictions were derived from
schemes that were unrelated to the offender's occupaéion.

Fifty-three percent of the PSIs indicated that the cases
were conducted by two or more cffenders. Because of the large
numbers of business-related mail frauds, this group
participation is not surprising, although because of double
counting of PSIs the percent of offenses with multiple
offenders is not this high. The average fraud lasted for 11
months, during which time a mean amount of $42,000 was stolen.

In two of every three cases, the victims of mail fraud were
corporations, such as banks, stores, and insurance firms. In
an overwhelming number of cases (76 percent), these frauds were

conducted for the offender's personal or business advantage.

C. INTERDISTRICT DIFFERENCES
With few exceptions, offender characteristics were

essentially uniform across districts. Analysis of variance

1X-4

revealed significant interdistrict differences with respect to
only 2 of the 10 offender measures. First, mail fraud
offenders in Western Oklahcma were most likely to have adjusted
well in school and other early social settings (SOCIAL)
(Xx=.46). Mean scores for this measure were also comparatively
high for offenders from New Mexico (X=.2%) and New Jersey
(¥=.20). However, violators in Connecticut scored least well
on the social adjustment measure, as evidenced by their mean
score of -.60. Second, there were significant interdistrict
differences in the ways in which defendants were reared by
their parents (FORMATIVE). As children, offenders from
Northern California were considerably more likely than
offenders from other districts to have been abused, and their
parents were more likely to have had difficulty supplying the
necessities of life (X=.46). This disparity was particularly
noticeable when compared with the mean factor score for
offenders in New Jersey (%¥=-.30). Differences in the mean
scores for this factor were negligible for the other six
districts.

The data also indicated one interdistrict offense
difference. Larger mean amounts of money (between $50,000 and
$60,000) were stolen by offenders in New Mexico and New Jersey
than in any of the other districts. In four districts--
Connecticut, Middle Florida, Northern Ohio, and Northern
California-—the average amounts stolen were less than $30,C00.

Nevertheless, these disparities seemed slight quantitatively.
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D. SENTENCING MAIL FRAUD OFFENDERS

Federal court judges viewed mail fraud as an offense of .
sufficient seriousness to warrant prison sentences for almost
half of the offenders sentenced. 'Of the offenders serving
time, better than half served at least one year, and almost
one-third served two or more years. AS is shown in this
section, ther sentence administered varied considerably with the
offender's background, aspects of hisAoffense, and processing
variables. ; . -

As was true for forgers, persons using the mail to defraud
victims came from diverse social backgrounds, thus allowing
judges to take social background into account when séntencing.
In this analysis, it was possible to control for a number of
those background elements. Several factor scores were derived
(see Bppendix A for elaboration).

The first factor score was EMPLOY, which measures the
extent to which the offender was employed at the time the PSI
was written, over the past month, and over the last two years,
as well as his present means of subsistence. The second
factor, MARITAL, was an indicator of whether the offender lived
with a spouse and whether he provided emotional and economic
support for dependents. DRUGS reflected the offender's known
history of drug usage. The factor reflected both the extent of
drugs used, as well as the existence of offender addiction.

The next three factors--FAMILY, INTERACT, and COHABS~--measured
our estimates of the degree to which the cffender received

guppert. in leading & crime-free life from, respectively, family
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members; friends, and cohabitants. These three factors were
also highly related to the known criminal histories of members
of these respective groups. SOCIAL ADJ and FORMATIVE provided
indications of "difficulties" the offender had as a child. The
former indicated whether he adjusted well socially, especially
in school. The latter indicated whether his family had
difficulty supplying him with the "necessities of life" and
perhaps even mistreated him. The final factor, MIXED, had no
strong relationship to a homogeneous set of variables; it had
the strongest correlations with the offender's health,
education, church attendance, and social activities.

Three other background variables entered the analysis. AGE
was the offender's age in years. MALE indicated the offender's
sex. WHITE specified that the offender was not a member of a
minority group.

Criminal records were important to the sentencing
decision. PROB OR 1lYR recorded the fact that the offender
previously served a senten¢e of either probation or
incarceration for less than one year.[l1] PRISON 1lYR indicated
that the offender served a previous sentence that exceeded one
year. Those two variables made it possible to differentiate
persons with no earlier convictions (the residual group) from
others.

Numerous variables were used to control for aspects of the
offense. Many of the mail frauds involved conspiracies, and
several variables were used to measure the extent of those

corispiracies. CODEFEND is the logarithm of the number of
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persons who were arrested in connection with the offense. In

order to know the oferder's involvement with the conspiracy, we

included three additional variables. PRIMARY indicated that

the offender organized and ran tﬂe criminal enterprise. If the
ofiender appeared to be equally culpable with compatriots in
cQQQIEZ§;§”£he fraud, SHARED indicated this assessment. If the
offender was only marginally involved with the crime, the
variable PERIPHERAL indicated this limited responsibility. And
if the offender supplied information that led to the arrest or
conviction of others, SUPPLIED INFO indicated that to be the
case.

Other offense variables provide measures of the ﬁagnitude
of the offense. MORE THAN 30K denoted an offense that resulted
in the loss of over $30,000. Offenses in which the dollar loss
was between $1,000 and $30,000 were indicated by BETWEEN
1-30K. A residual category, of course, remained for offenses
of less than $1,000. DURATION was the logarithm of the number
cf months during which the offender used the mail illegally.

The final group of variables consisted of processing
information. Persons convicted by trial rather than guilty i
plea were denoted by the variable TRIAL. COUNTS was the
logarithm of the number of counts in the conviction. Almost
all offenders were convicted of offenses with a five-year
maximum sentence, so we did not attempt to control for this
statutory maximum.

When these variables were used to predict the probability
of going tb prison, the resulting statistics were similar to

those derived for forgery (Table IX.l). Certain background

i
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variables seemed to be considered by the judge when he decided
on a prison sentence. Offenders who demonstrated stable
employment records were less likely to go.to prison. The same
was true of offenders who showed family ties--living with a

spouse and providing emotional and economic support for

dependents. Although the effect was not quite statistically
significant, offenders who were known to be users of drugs, and
especially those who were addicted, could expect to go to
prison more frequently than offenders who were drug free.

In addition to the influence of the offender's social
background, his criminal history contributed toward his
incarceration. Offenders who previously served terms in excess
of one year could expect to go to jail with a probability that
was about .24 greater than offenders with "clean" records.
Offenders who had served a previous term of less than one year,
or whc had previously been on probation, were somewhat (.06)
more likely to go to prison, although the findings were not
statistically significant. As was true of forgers, persons
committing mail fraud were more likely to go to prison (by
about .14).if they were either awaiting trial on a prior arrest
or serving a sentence for a past offense at the time of the
mail fraud. Unlike the analysis of forgery, however, we found
no independent effect from a previous parole revocation on the
decision to imprison a person convicted of mail fraud.

The effect of the magnitude of the offense on the

sentencing decision was more difficult to interpret. Compared

IX-10

& e d

with offenders stealing less than $1,000, those who stole over
$30,000 had the probability of prison increased by about .12,
and those who stole between $1,000 and $30,000 had the
probability increased by about .07. However, neither effect
was statistically significant. The duration of the offense
appeared to have a marginal impact on the probability of
prison, increasing the likelihood by .04 per logarithm of years
involved in the offense.

Otherwise, the extent of the conspiracy had little effect
on the decision to incarcerate. Identifying the role played in
the conspiracy (ORGANIZED CONSPIRACY, SHARED RESPONSIBILITY,
PERIPHERAL FIGURE) provided no insight into the senténcing
decision. And surprisingly, the number of persons involved in
the crime was negatively correlated with the individual
offender's chance of going to prison.[2]

When the length of time served was examined for persons
going to prison, a familiar pattern reappeared (Table IX.2).
Variables that were important'to the décision to imprison were
not always importéht in determining the length of time served.
Likewise, variables important to the former were not
necessarily important to the latter.

Prior record was important to determining the length of
time served. Compared with offenders who had never previously
been convicted, offenders who previously served a term in
eXcess of one year could expect to serve an additional 11

months for th

(0]

mail fraud convietion. The magnitude of the

offense also mattered. Offenders responsiktle for over $30,000
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about one year less than persons with the worst employment
histories. Additionally, persons who appeared to receive
support in living a crime-free life from cchabitants, friends,
and (marginally significant) family served less time. Drug
users--especially addicts--tended to serve more time than
persons who were free of drug histories. Males served
sentences that were about nine months longer than females.
Also, as age increased, so did the sentence (by about .25
months per logarithm of age). These findings point to the
importance of social background in determining the length of
time that an offender will serve.

The magnitude of the offense also appeared to be
important. Persons who stole in excess of $30,000 served an
average of about five months longer than offenders who stole
between $1,000 and $30,000. The latter offenders served around
three months more, on average, than persons who stole less than
$1,000. Note also that peripheral figures received a "break";
they tended to serve about nine months less than all other
convicted mail frauders. Also note that the variable
CODEFEND--which previously had an unexpected sign associated
Wwith it--was not statistically significant in the regression
results.

Finally, the importance of processing variables should be
pointed out. Defendants convicted by trial served longer
sentences, on the average. Persons convicted by guilty plea

crmoa ntence concession of approximately 10

months. [5]
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In summarizing this section, we note once again that there
was considerable regularity in the sentences administered by
federal district court judges. $ocial background variables
exerted an important effect on the severity of the sentence

served. In general, offenders who demonstrated relatively _ E

stable social ties went to prison less frequently, and served 5
less time when they did so, than offenders who had weak social
ties. The same can be said of offenders who lacked criminal
histories. They rece;ved more lenient treatment than that
received by persons who had previously been convicted and
incarcerated. The magnitude of the offense played at least a
marginal role in sentencing, with offenders who committed more
serious offenses receiving more severe sentences. Suprisingly,
the extent of the conspiracy mattered little, or not at all,
when it came to sentencing. And once again it was shown that
conviction by trial is a virtual guarantee of receiving a

severe sentence.

E. INTEﬁDISTRICT SENTENCING DIFFERENCES

As we did for éhe previous offense groups, we examined
whether the sentencing of mail fraud violators differed across
district courts. The number of observations was sufficient to
enable us to compare three districts: Eastern New York (85
observations), New Jersey (86 observations), and Middle Florida
(82 observations). A parsimonious model was chosen to conduct

the tests. This model used the following variables: SERVE

R
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SENT. WARR., PERIPHERAL, BETWEEN 1-30K, MORE THAN 30K, PROB OR

1Y, PRISON 1lv, TRIAL, MALE, AGE, EMPLOY, MARITAL, DRUGS,
INTERACT, FORMATIVE, and COHABS. This model was suggested by
the findings reported in the Previous section.

We conducted the initial test using ordinary least squares
regressions on the probability of a prison sentence. The F
test failed to reveal differences in sentencing across these
three districts. Thus, it was concluded that no additional
tests were likely to be profitable, and we could not reject the
hypothesis that sentences were fairly uniform across these
three districts.

It must be pointed out that there were very few
observations used in these tests relative to the number of
parameters that needed to be estimated. Unlike sentencing
patterns observed for other offenses, sentencing in mail fraud

cases could not be estimated with a small set of variables.

This small sample size may explain the lack of significant

findings.
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NOTES

Initial analysis indicated that judges did not

differentiate between a previous term of probation and a
previous sentence of less than oné year., As a result, we
have combined these two categories in this analysis.

A possible explanation for this mnegative correlation, as
well as the statistically insignifiant impact of the dollar
loss in the crime, is that the coders were instructed to
provide the dollar loss for the entire criminal enterprise
when coding the PSIs. Thus, if ten conspirators were
involved in a credit card scheme, arid each stole $100, then
the total dollar loss was $1,000. If judges looked at each
individual's involvement in the offense, the $1,000
estimate clearly overstates the magnitude of the offense.
The resulting measurement error would bias the parameters
for MORE THAN 30K and BETWEEN 1-30K toward zero. And since
the dollar  amount would be overestimated for conspiracies,
the resulting specification error would cause CODEFEND to
be biased in the negative direction.

These estimates from the tobit model do not take intc
account the impact that the independent variables have on
the probability of incarceration. See the discussion in
Chapter III.

It is interesting to note that the maximum sentence
increases by 27 months for offenders who served previous
prison terms and by 9 months for offenders who served prior
probation terms. In general, the variables that were
statistically significant in determining time served were
also significant in determining maximum sentence.

Judges actually impose 14 extra months maximum sentence on
offenders convicted at trial.
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X. BANK ROBBERY

Like street robbery, bank robbery involves both the theft
of property and at least the threat of violence, yet the two
offenses differ significantly in terms of dollar loss and
amount of harm to victims. First, the average "take" in bank
robbery far exceeds the average street robbery profit.[1]
Second, despite the fact that robbery always involves
conirontation between the robber and the victim, the use of
force varies between the two offenses. Conklin reported that
offenders shoved, beat, or stabbed victims in 46 percent of
street robberies.[2] Nagin and Cook reported comparable
figures ranging between 42 and 56 percent, depending on the
number of offenders involved in each incident.[3] VYet, based
on information about victim injury, less than 5 percent of the
tederal bank robberies examined in this study involved
comparably serious uses of force.

Many social scientists agree that an important factor that
distinguishes bank robbers from street robbers is the level of
expertise demonstrated by the offenders. The assumption is
that since banks are less vulnerable victims than most of the
targets in street robberies, amateurs, rather than professional
robbers, are most likely to accept the challenge of bank
hold-ups. Professional robbers seem to prefer to plan their
offenses, thereby guaranteeing that the victim will be
surprised and allowiné the robber to dominate the
confrontation.[4] According to Einstadter, professionals

prefer to victimize liquor, drug, and grocery stores, despite



the bank's appeal as a "big score."[5] On the other hand,
because amateurs are not as aware of the need for planning and
victim control, they are likely to tackle banks. As a

consequence, bank robberies often involve slipshod thieving and

trequently result in apprehension of the offenders.

Other measures indicated that robbers lacked social
stability. Bank robbers received weak normative support from
cohabitants (although they did somewhat better than forgers or

drug offenders in this respect) and from friends (they 4id

Overall, they had very weak ties

better than drug offenders).

The picture that emerges from this cursory comparison of
two offense types is that street robbery is likely to be more
violent and less lucrative than bank robbery. Also, unlike
bank robbery, street robbery is more likely to be engaged in by
professionals. It is somewhat surprising, then, that bank
robbers convicted in federal courts receive sentences that are
harsher than the sentences of local street robbers.[6]

Although it is impossible in this report to compare the reasons
for these differences adequately, we will provide greater

insight into the bank robbery offenders, coffenses, and

sentences in the following sections.

A. THE OFFENDER

The typical bank robber was an unemployed, poorly educated,
male recidivist in his late twenties. He was slightly more
likely to be black than white and was unlikely to be a
professional robber, as this term was used above.[7] Only 24
percent of the robbers were consistently employed during the
two years preceding the bank robbery offense.[8] Seventy-one
bercent of the robbers were unmarried at the time the PSI was
written. Only 47 percent of those with dependents provided
their wards with economic support, and only 58 percent provided

emotional support to dependents.

with non-criminal reference groups. Additionally, drug use was

high among bank robbers. One in three convicted bank robbers
used opiates. Additionally, 11 percent of the offenders were
problem drinkers. Not surprisingly then, 7 percent of the
offenses were related to alcohol use, and 25 percent were
drug-related, according to the accounts provided by probation
officers. .

The families of bank robbers (like the families of forgers)
were judged to provide weak support for legitimate
institutions. Also, robbers (again like forgers) were most
likely to have had unstable childhood backgrounds. As‘
children, 22 percent were abused and 24 percent lived in homes
where the parents had difficulty providing the necessities of
life. 1In addition, bank robbers evidenced poor adjustment in
school. Forty-six percent did work that was below average or
poor; bank robbers achieved a mean of just nine years of
education.

With respect to their criminal records, most robbers had
had extensive contacts with the criminal Jjustice system. The
median number of prior arrests was six, highest among the
Seventy percent of the offenders had

offenders we oObserved.

been arrested at least once for commission of a property

offense; 68 percent had histories of arrests for nuisance
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offenses; and 62 percent had been arrested previously for
crimes against persons. Drug-related arrests were recorded for
32 percent of the bank robbers. Less than 10 percent of the
robbers had histories of arrests for sex crimes, and no robber
was previously arrested for organized crime offenses. Looking
at past convictions, we discovered that over 60 percent of the
offenders had served some time in prison, and better than 40
percent had served previous terms in excess of one year. More
than four in five were previously convicted. Fifty-four
percent of the offenders had detainers pending at the time of
their instant offense; 75 percent were detained in jail prior
to trial. Yet most of the bank robkbers were not repéat bank
robbers. 1In fact, in 90 percent of the PSis examined, the

criminal committed only one episode of bank robbery.

B. THE OFFENSE

In 68 percent of the cases, bank robberies were committed
by two or more offenders. Although it was typical for one or
more of the conspirators to possess a weapon, the incidence of
injury was rare; victims were injured or killed in only 4
percent of the cases. Even fewer offenses (3 percent) resulted
in the kidnapping of hostages. O0f course, these figures are
not meant to minimize the psychic cost to victims, which may be
great compared to the physical loss. In keeping with our
expectation that bank robkery is a monetarily appealing
offense, our data indicated that the average bank robbery

resulted in a $19,000 loss to the bank.

Yet despite monetary gain and non-violent outcomes, bank
robberies were not well planned. Offenders used disguises in
only 24 percent of the cases; they were known to have examined
the bank's internal environment pfior to the offense in only 14

percent of the offenses; and they developed a long-range plan

to dispose of the proceeds in ohiy 5Apercent of fﬁe cases.
Having a getaway car available was the only consistent element
of planning; this occurred in two of every three offenses.
Overall, this absence of planning tended to confirm that, from
the standpoint of criminal acumen at least, bank robberies are

executed by non-professionals.

C. DISTRICT DIFFERENCES

Seven of the factored offender characteristics differed
significantly across federal districts, although the
differences were gquantitatively slight, which indicates that
bank robbers had similar characteristics in all districts
examined. Analysis of variance revealed the following: (1)
According to mean factor scores, offenders in Western Oklahoma
and Middle Florida were most likely to be employed (X=-.5 and
-.4, respectively) and offenders in Eastern New York were least
likely to be regularly employed (%=.2). (2) Mean scores
corresponding to the factor MARITAL were highest in Western
Oklahoma (%=-.5) and lowest in Northern California and Eastern
New York (x=.1l). (3) Bank robbers in New Mexico and Western
Oklahoma were most often described as socially and academically
well adjusted (X=.5 for each) in contrast with offenders in

Eastern New York (%=-.4), who were least well adjusted in these



measures. (4) With respect to drug use, bank robbers in
Northern Ohio used drugs least often (X=-.3) and offenders in
Northern California most often. (5) Mean scores for the factor

INTERACT indicate that robbkers in'Middle Florida, New Mexico,
and Western Oklahoma had the least contact with other criminals
(X=-.2), especially when compared with offenders in Eastern New
York, (X=.5). (6) In New Jersey, offenders were the least
likely to suffer me.cal illness (X=-.3), es%ecially relative to
robbers in New Mexico and Northern California (X greater than
.3). Finally, compariscon of the factor FORMATIVE indicated
that robbers in Northern California (X=-.2) and New Jersey
(x=-.1) were the least likely to have had parents who either
abused them as children or found it difficult to provide the
necessities of life. In contrast, offenders in Connecticut

were most likely to have had difficult childhood experiences

(

Eed]

=.3). Taken together, these findings would seem to indicate
a typical offender with somewhat weaker social ties in Eastern
New York and the larger districts, relative to Western Oklahoma
and the smaller, more rural districts. Quantitatively, these
differences are not great, however. Moreover, prior records
did not seem to differ greatly across the jurisdictions.

Larger interdistrict differences were discovered when
comparing offense characteristics, which leads us to the belief
that either (a) the nature of robbery differs across federal
jurisdictions or (b) prosecutory filing and case processing
standards vary across the country. For one, despite the fact
that most bank robbers averaged one robbery before

apprehension, in Eastern New York the average was 3.5, and in
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New Jersey and Northern California the norm was 2. In view of
this finding, it is not surprising that the amounts of money
stolen also varied across districts. The average "take" in
Eastern New York and New Jersey was between $20,000 and

$40,000, which was considerably greater than the average for

all other districts. 1In addition, the use of weapons and the
infliction of injury varied. 1In Eastern New York, 78 percent

of the offenses involved weapons or injury, as did 74 percent

of the offenses in Northern Ohio and New Jersey. Yet in
Northern California and Middle Florida, almost half of the
offenses were clearly nonviolent. These findings may indicate
that judges in the eight districts examined are called upon to
sentence offenders who have gommitted widely different

offenses, although all have been convicted of some form of bank
robbery.

In conclusion, since there were many interdistrict offender
and offense differences, some interdistrict differences in
sentencing are to be expected. Perhaps most persuasive in
building this expectation is the finding that offenses within
certain districts appear to be considerably more serious than
offenses in others. 1In the following section, we'begin

examining these sentencing patterns.

D. SENTENCING BANK ROBBERS

It is evident that bank robbery is a very serious offense.
The law provides for at least a 20-year maximum for most counts
of bank robbery, and judges respond with maximum sentences in

excess of 10 years for 60 percent of the offenders.



Altogether, 9 of every 10 bank robbers receive some prison
time, and on the average, a convicted bank robber serves about
five years.

It is also evident that judges do not impose prison
sentences indiscriminately. Rather, they look both to the
offender's background and to the crime that was committed. 1In
this regard, neither all robbers nor all robberies are alike.

In order to investigate the factors that seem to matter in
determining the sentences served by bank robbers, we identified
salient aspects of the offender's offense and background. With
respect to offender background, factor analysis was used to
identify 11 background factors. '

Many of these factors are similar to those used in earlier
analyses. EMPLOY, for example, again provides a measure of the
offender's employment history. Likewise, MARITAL indicates the
extent to which the offender has marital ties and provides
economic and emotional support to dependents. The extent to
which the offender would likely receive support from
significant others in leading a life-style free of crime is
reflected in FAMILY SUPPORT (support from his family), COHAB
SUPPORT {support from cochakitants), and INTERACT SUPPOET
(support from friends and associates). The factor SOCIAL tends
to provide insight into community participation. DRUGS
measures the extent to which the offender uses or is addicted
to drugs. Of the remaining factors, MENTAL HEALTH and HEALTH,
respectively, measure the cffender's mental and physical
health. FORMATIVE YEARS indicates the "difficulties" that the

offender had during his formative years. Finally, MIXED is a
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residual factor with no specific nomenclature. Derivation of
these factors is discussed in Appendix A.

Three additional background variables entered the
analysis. Male indicates the offénder's sex. WHITE indicates

his race, and AGE is his age in years.

The four-part categorization of criminal record that was
used previously was also retained. Offenders who served a
previous term of probation, but never a prison term, are
identified by PREVIOUS PROBATION. A previous prison sentence
was also noted by PREVIOUS SHORT for offenders who previously
served a term of less than one year (orvcommitment under a
juvenile delinquency petition), and by PREVIOUS LONG for
offenders who served a previous term of one year or more. A
residual category represents offenders with no known prior
convictions.

Note that several other criminal record variables were
included in the analysis. DETAINER indicates that there was a
detainer pending against the offender at the time he was
sentenced, implying that he may have committed additional
offenses in other jurisdictions. ANY REVOCATIONS indicates
that the offender was previously placed on probation or parole
and had that probation or parole revoked. SERVE SENT./WARR.
indicates that the offender was either serving a sentence at
the time of his offense or had an arrest warrant outstanding.

We were also able to control for several aspects of the
offense. Many bank robberies are committed by groups of
offenders. If this was the case, and if the offender played

more than a minor role in the offense, variable GROUP indicates
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that the offender was engaged in an organized group offense.
If he played only a minor role in an otherwise organized
offense, the variable PERIPHERAL makes note of this lesser
role. oOffenders who commit their‘robberies alone constitute a

residual group. Some bank robberies yield only a small amount

of cash, and.éﬁould be distinguished from larger "hauls." 1If
the official account of the crime corresponding to the
convicting offense indicated between $500 and $1,000, BETWEEN
500-1K records that fact, and MORE THAN 1K indicates that the
amount stolen officially exceeded $1,000. Of course, a
residual category indicates that the amount taken was
officially less than $500. The logarithm of the numﬁer of
banks robbed is provided in NO.ROBB.A. While very few bank
robberies result in physical harm to victims, a small
percentage do. If the robbery resulted either in harm causing
hospitalization or death, or if the robbers took hostages, then
an indication of this is provided by the variable
EXTENUATING.[9]

The remaining variables are Processing variables. The
logarithm of the number of counts is recorded in COUNTS.
Conviction by trial rather than by guilty plea is indicated by
TRIAL. And SUPPLIED INFO. indicates that the offender supplied
information leading to the arrest or prosecution of others.
MAXIMUM SENTENCE was the maximum sentence in years that could
have been imposed on the offender given the most serious ;
offense for which he was convicted.

When examining how the above factors influence the

probability of a prison sentence, we must be aware that few -
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offenders avoid prison altogether, which makes estimation of
the decision to imprison especially subject to error. That
said, four conditions seemed necessary for the offender to
avoid a prison term. First, the offender must have had a
relatively clear past criminal record, limited at most to a
previous term of probation, and he must have had no additional
charges pending at the time of his conviction for bank

robbery. Second, his offense must have involved a small amount
of money--less than $500. Third, he must have been able to
demonstrate stable employment ties. And fourth, he must have
been convicted of an offense calling for at most a limited term
of imprisonment. Otherwise, he can expect to serve at least
some time in a federal prison or local correctional facility.
These conclusions were drawn from the regression results on the
in/out model, as reported in Table X.1l.

Once sentenced to prison, according to the second stage of
the in/out model, a number of additional factors enter into the
decision pertaining to the amount of time that he will serve.
Processing variables dominate this decision, especially the
maximum sentence that can be imposed given the most serious
charge at conviction.[10] As this variable increases by 1
yvear, the sentence increases by a little more than 1.5 months.
Thus, offenders convicted of a "top charge" calling for a
25-year maximum can expect to serve approximately 8 months more
than an offender convicted of a "top charge" calling for a 20-
year maximum (47 percent of the offenders were coﬁvicted of
offenses with a 20-year maximum and 35 percent were convicted

of top charges with 25-year maximums; approximately 12 percent

X=11l



THE RELATIVE IMPACT OF DEFENDANT AND OFFENSE
CHARACTERISTICS ON THE DECISION TO IMPRISON,

Table X.1.

IN/OUT MODEL (BANK ROBRERY)

- e - - - - -
e e D B 5 i e 2 e D S - - - -

PURLIC OFFICIAL

EGUAL

TRIAL

MALE

ORGANIZED
IMMIG

MOST SEVERE
GOV.CONTRACT
TAXES

WHITE

PRIOR RECORD
MORE THAN 1 MO.
MORE THAN 1 YR,
SUPINF

COUNTS

D A 5 8 e O 5 P D D S D M 0 0 D G W D D () " P -

THE RELATIVE SIZE OF THE BETA
WEIGHTS AS CALCULATED FROM THE PROBIT MODEL.
VARIABLES THAT WERE STATISTICALLY SIGNIFICANT AT
+05 HAVE BEEN SHADED.

NOTE: THE BARS REPRESENT

i
OIS T
|
AN 77/ 72 SLIL LI OL6
1
028 Ity
|

02020 N\ Trwa A
l

RAINY 77770/ k.
l

0,1431 |-===
|
0.1327 (====-
!
0.0696 ==t
==
1
-=i
-1
t
0.0501 -
{=J
i
0.0444 |-
1-J
!
ol
-1
]
0.02735 Ij

-0.04614

~0.,02%4

R Y

oy

s

were convicted of ofenses with 1l0-year maximums). In addition,
the number of counts in the conviction tended to increase
thelength of time served by about 3 months per the logarithm of
the number of counts, although tﬁe effect was not quite
statistically significant. The fact that the offender was
convicted by trial rather than by guilty plea did not appear to
affect the length of time served, perhaps because the U.S.
Parole Commission ignores the method of conviction when making
parole release decisions.[11]

While processing variables seem to dominate the time served
decision, other variables play a role in determining the length
of confinement. It appears that judges and parcle officials
look beyond the convicting offense to examine the offender's
actual offense. In this regard, offenders who steal in excess
of $1,000 receive six months more time, on average, than
oftenders stealing less than $500. The enhanced amount seems
to be somewhat less for persons stealing between $500 and
$1,000.[12] The number of robberies committed increases the
length of time served by almost 5 months per logarithm of the
number of robberies. This finding is not surprising since the
parole guidelines take the number of robberies into account
when determining the release date of an incarcerated bank
robber. And offenders who committed their crimes in groups
could expect to do considerably more time--almost 8
months-~than offenders acting alone. Also, if victims were
hospitalized or hostages were taken an average of almost 8

months was added to the time served.



In addition to the seriousness of the offense, the
offender's criminal record was instrumental in determining the
amount of time he would serve. If he had previously served a
prison term less than one year, he could expect to serve an

additional year for the current offense, relative to offenders

who had not previously been to prison. And relative to”
offenders who had never before done prison time, an average of
18 months was added to the time served by convicted bank
robbers who had in the past served at least 1 year in prison.
While a previous term of probation did not appear to increase .
the time served for the current offense, a previous probation
or parole revocation netted about 7 monphs of extra time, on
average. Moreover, if the offender had detainers pending at
the time of %is conviction, he could anticipate an additional 6
months to be added to his present sentence. Clearly, an
offender's criminal history is taken into account when
determining the length of time that he will serve. -

One other variable seems to affect the length of time
served. Offenders with stable employment records can expect to
serve somewhat shorter sentences.[13]

When offenses other than robbery were analyzéd, significant
differences sometimes emerged between the results on time
served as derived in the in/out model and the amount of time
served as determined by the expected length of incarceration
model. To the extent that these differences arose because of 3
the truncated data set used in the in/out model, they should be
less aparent for the analysis of bank robbery, since better

than 9 of every 10 rotbers goes to prison. The results from .
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fitting the expected length of incarceration model are
presented next, and it will be seen that these results differ
little from those of the second stage of the in/out model
(compare tables X.2 and X.3).

The most severe maximum sentence that could be imposed for
the top charge again dominates the regression, causing almost
two months of additional prison time ber year called for in the
federal statutes. Thus, offenders convicted of violating
statute 18:2113(a), which calls for a 20~-year maximum, could
expect to do 10 months less time than offenders convicted of
violating 18:2113(d), which stipulates a 25-year maximum. Note
that this difference is somewhat greater in the expeéted lenigth
of incarceration model, as would be expected given the
theoretical discussion presented in Chapter II. Other
processing variables--notably the number of counts in the
conviction and the fact that conviction was by trial--exerted
no statistically significant effect in the expected length of
incarceration regressions.[14]

The influence of offense~related variakles is much clearer
in the expected length of incarceration model. Note that
offenders who stole between $500 and $1,000 could expect to
serve about 13 months more than ocffenders stealing less than
$500. Offenders stealing in excess of $1,000 could anticipate
an additional month beyond that sentence served by those
stealing between $500 and $1,000. Offenders who committed
their offenses in groups received an average of just about 8
months beyond the sentence served by offenders who played

either peripheral roles in a larger crime or who robbed banks
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Table X.2
THE RELATIVE IMPACT OF DEFENDANT AND OFFENSE

CHARACTERISTICS ON THE LENGTH OF INCARCERATION,
IN/OUT MODEL (BANK ROBBERY)
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Table X.3

THE RELATIVE IMPACT OF DEFENDANT AND OFFENSE

CHARACTERISTICS ON THE EXPECTED LENGTH OF TIME SERVED,
EXPECTED LENGTH OF INCARCERATION MODEL (BANK ROBBERY)
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on their own. - In addition, note that if hostages were taken,
or if persons were hospitalized or killed as a result of the
robbery, he offender could expect to serve an additional 10
months of prison time. And incarceration time increased by
almost 5 months per logarithm of the number of.banks robbed.

As was true of the role of offense variables, the role of
the offender's criminal record is clearer in the expected
length of incarceration model. Outstanding detainers and
charges pending result in a more severe sentence--adding an
average of almost 8 months to the time served. BAdditionally, a
record of convictions seems to matter. Offenders who
previously served terms in excess of 1 year faced an'average of
nearly two additional years for the current robbery. Offenders
who previously served prison terms of less than 1 year could
expect their present sentence to increase by slightly over one
year. A previous probation term did not seem to matter unless
the offender had an earlier probation term revoked, in which
case he could anticipate an additional 7 months of
incarceration. It is also interesting that the effect of SERVE
SENT./WARR. is in the anticipated direction; the lack of
statistical significance may be attributable to the strong
correlation between ANY REVOCATION and SERVE SENT./WARR.

Finally, the employment factor seems to be quite important
in determining time served. Roughly, the time served increases
by about 6 months per standard deviation of EMPLQY, indicating
that offenders with the best employment histories serve around
18 months less time than offenders with the worst employment

records. Other background factors seemed to play little or no
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role in determining the amount of time served. Thus, the
effects of 10 additional factor score variables were excluded
from the regression run reported in Table X.3.

Turning from the decision to imprison to the length of

probation, it should be noted that almost all offenders

sentencedemerobation receive a term of 5 years. No

multivariate analysis has been conducted on the probation term
because of the infrequency of probation and because of the lack
of variance in probation terms.

In summarizing this section, it is obvious that processing
variables play the most important role in determining whether
an offender is sent to prison and the amount of time ‘he will
serve once he arrives there. But judges and parole authorities
look beyond the formal constraints of statutory maximums and
pay close attention to elements of the offense. The more
serious the offense, the higher the probability of a Prison
term, and the longer its duration if imposed. Offender
characteristics also influenced the sentence received by
convicted bank robbers; both a serious criminal history and a
spotty employment record seemed to increase the severity of the
sentence.

A question arises as to whether the effects identified in
the above regressions differ across the district courts

examined. We turn to this subject next.

E. SENTENCING DIFFERENCES ACROSS DISTRICTS
A parsimonious model, with only 1l variables, was fit taq

the PSI data in order to test for interdistrict differences in




sentencing. These nine variables constitute that set of
explanatory variables that appeared to be the most important to
determining the amount of time a convicted offender served, and
included DETAINER, ANY REVOCATIOﬁS, GROUP, EXTEN, PREVIOUS
SHORT, PREVIOUS LONG, BETWEEN 500-1K, NO.ROBB.A., MOST SEVERE

MAX., AND EMPLOY.

Tobit was used as the estimating technique, since the
investigation was limited to the length of time that the
offender served. ©No attempt was made to explain differences in
incarceration rates across districts because of the low
frequency of probation terms.

Five districts were examined: Northern California (n=105),
Northern Chio (n=106), Middle Florida (n=96), New Jersey
(n=103), and Eastern New York (n=109). The likelihood ratio
test revealed that there was sentencing disparity across these
five districts, although the quantitative aspects of this
difference appear to be slight.

It is useful to compare the relative impact of the
regression weights across these five districts, starting first
with the variable that dominates the statistical model, MOST
SEVERE MAX. 1In each of the five districts examined, the effect
of this variable was significant at better than .0l, indicating
that judges take into account the maximum sentence specified by
law. Moreover, there was general agreement about how much
weight to attribute to this factor. Overall, each additional
vear called for in the maximum sentence resulted in about 2
additional months of prison time. 1In two of the districts the

effect seemed to be somewhat less (1.2 in one and 1.8 in the .
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other), and in two other districts the effect seemed to be
somewhat greater (3.5 in the first and 3.0 in the second).
However, given the small sample sizes within each district,
these differences should not be cgnsidered great.

A second variable, whether the offense was committed in a

group, also had a fairly consistent impact across the five
courts. Overall, offenders who committed their offenses in
groups could expect an additional 7 months of imprisonment. In
one court, the effect was somewhat greater, equal to about 10
months. But in the four other districts the effect ranged
between 5.8 and 7.0 months. These effects are so similar as to
suggest considerable agreement across district courts with
regard to how much an offender's sentence should be enhanced.
because of group affiliation.

Perhaps this consistency should have been anticipated for
federal bank robbers.. Almost all of these offenders receive
long sentences that make the conv;et subject to parole-
guidelines. Sincs these guidelines are operative across the
five courts, it is not surprising that sentencing seems
relatively unifcorm.

Nevertheless, this is not the entire answer. First, not
all offenders are sentenced to prison, and of those who are, at
least some receive sentences that preclude the application of
parole guidelines.: In addition, some variables do appear to
have a different iﬁpact across the districts, past criminal
record being an illustration.

Overall, offenders who have served a previous prison term

in excess of one year can expect to serve 22 months more than
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offenders who have never previously served lcong prisen terms.
But the effect seems to vary across jurisdictions. In three
districts the effect seems to be much larger, ranging between
27 and 30 months. 1In two others the effect is somewhat less,
between 16 and 18 months of additional time.

It would seem, then, that the parole guidelines cannot
entirely eliminate sentence differences even for bank robbery,
an offense for which the parole guidelines would be éxpected to
have their strongest impact due to their greater
applicability. But for the most part, the combination of

parole guidelines and judicial agreement with regard to the

sentencing of bank robbers produces a sentencing structure that.

shows considerable geographic conéistency.

1.

NOTES

J. E. Conklin, Robbery and the Criminal Justice System (New
York: J. B. Lippincott. Company, 1972): 79-87. Conklin
reported that the average robbery in 1968 netted a median
of $46 which was $11 over the average in 1964. He argued
that to some extent, these figures reflect the fact that
the typical robber does not often rob large commercial
establishments, which offer the potential for large
profits. The mean "take" for bank robbery that is reported
here is $19,000.

Conklin, ibid.

Philip J. Cook and Daniel Nagin, Does the Weapon Matter?
An Evaluation of a Weapons~emphasis Policy in the
Prosecution of Vioclent Offenders, PROMIS Research
Publication no. 8 (INSLAW, 1979).

W. J. Einstadter, "The Social Organization of Armed
Robbery," SBocial Problems, Vol. 17 (Summer 1969): 64-83.

Einstadter.

William M. Rhodes, Plea Bargaining: Who Gains? Who

Loses? PROMIS Research Publication no. 14 (Washington,
D.C.: INSLAW, 1978): "42. Rhodes noted that 58 percent of
the street robbers in D.C. received incarcerative
sentences. However, 90 percent of the bank robbers
examined here were sentenced to prison terms.

For somewhat different descriptions of robbery offenders
see Kristen Williams and Judith Lucianovic, Robbery and
Burglary, PROMIS Research Publication no. 6 (INSLAW, 1978):
Ig—gg; Camp, Nothing to Lose: Bank Robbery in America,
p.-77-88. Williams and Lucianovic discovered that the
average age among robbers and burglars was 22, six years
younger than the average age of bank robbers in our
sample. In Camp's study only 15 percent of the bank
robbers were non-white, a finding which differs
dramatically with the present data. In most other
respects, these two studies presented descriptions of
robbers that parallel the descriptions provided here.

Unemployment was the most pronounced for blacks.

Other variables were used to measure the seriousness of the
offense. We initially controlled for the presence of a
weapon, but found this to be unimportant to the sentencing
decision. A note of caution is necessary here, however.
Reasons exist to cause us to doubt the accuracy of the
weapons variable, which might explain this finding. Addi-
tionally, the maximum senténce that may be imposed may be
enhanced by use of a weapon, and maximum sentence was very
important to the sentencing decision. The number (cont'Qd)
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note 9 cont’'d

10.

11.

12.

13.

14.

of victims injured and the hospitalized, as well as the
offender's direct role in the violence, entered early
specifications but, again, seemed to make little difference
in the sentencing decision. 'Caution should be exercised in
drawing this conclusion since injury is a rare event in
bank robbery. The degree of planning--whether the bank was
"cased" prior to the offense and whether specific plans
were made to "launder" the proceeds--was used in the
regressions. Neither seemed to matter at the time of
sentencing. Because of the complexity of the regression
eqguatijon, these variables were not retained in the final
specification.

The t score ftor MOST SEVERE was 9.3 and the standardized
regression coefficient was .32.

Credence is lent to this explanation by findings from a
nonreported regression on the maximum sentence imposed in
which judges awarded guilty pleas with a "concession" that
was close to two years. Obviously this sentence-concession
does not get translated into a shorter time served.
Otherwise, variables that are strongly correlated with
maximum sentence are also strongly correlated with time
served.

The fact that the dollar amount stolen in the actual
offense differs from the dollar amount associated with the
convicting offense did not have a statistically significant
effect in earlier regression specifications, which led us
to drop this factor from subsequent analysis.

Other background factors are not listed in the regression
results. When included in the model none had a
consistently significant regression coefficient.

Nevertheless, the direction of the coefficient was the same
as in the in/out model, and trials resulting in a somewhat
longer prison stay and the length of time served increasing
with the number of counts. 1In this regard, see note 11.

XI. POSTAL EMBEZZLEMENT

Postal embezzlement includes two distinct types of activ-
ities. One is theft of post office money or valuables. The
other, the one that predominates, entails theft from the mail

of valuables of post office customers. The latteg‘ggF}YiEy is

perhaps more typically regarded as "mail theft," whereas the
former more closely resembles the behavior described earlier

with reference to bank embezzlement.

A. THE OFFENDER

In our sample, more postal employees than supervisors
engaged in postal embezzlement. Eighty-eight percent of the
convicted offenders occupied nonsupervisory positions, lQ
percent were officers (2 percent postmasters), and 3 percent
were not postal employees. In general, these thieves worked
within two post office divisions, Customer Operations and Mail
Sorting, which have jurisdiction over customer contact and mail
handling, respectively.

Postal embezzlers were typically middle-aged (median age
was 45), male (90 percent), and white (68 percent). The postal
embezzlers were likely to be fairly well educated; on average,
offenders completed 11 years of school. Eighty-one percent
demonstrated average or above average academic skills, and 92
percent were socially well adjusted in school. Most postal
embezzlers experienced positive early family situations. Few
(12 pefcent) had parents whose economic status made it
difficult to provide life's necessities, and even fewer (8

percent) were abused as children.
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As adults, mail thieves maintained their social stability.
Sixty-five percent were married and over 80 percent of those
with dependents provided their wards with economic and
emotional support. The PSIs indicated that most of the
cffenders (90 percent) were regularly employed during the two
years preceding their arrests for postal embezzlement.

Arrest and conviction records of postal embezzlers showed
that most had avoided previous contact with criminal justice
officials. Of the 35 percent who did have arrest records, most
had been arrested for minor offenses: 21 percent had Lbeen
arrested for nuisance offenses, 17 percent for property
offenses, and 8 percent for crimes against persons. 'Fewer than
8 percent of the offenders had ever been arrested for drug or
white collar crimes, and none had a record relating to sex
offenses or organized crime. Twenty-three percent had previous
convictions. Few had previously been sentenced to periods of
incarceration--8 percent were sentenced to confinement for less
than one year and 4 percent for periods of incarceration in
excess of one year.

In addition, few postal embezzlers had criminal family
members, cohabiténts, or friends. Such criminal ties were
reported for only 15 percent of the offenders, and in 45
percent of the cases, data coders believed that the significant
individuals in the offender's life would not promote criminal
behavior.

Overall most postal embezzlers avoided drug problems,
although 8 percent of the offenders were alcoholics, and

another 8 percent engaged in the heavy use of opiates. In
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light of this information, it is not surprising that only 8
percent of the offenses were judged to have been committed to
support drug habits and 4 percent of the embezzlements were

related to alcchol use.

B. THE OFFENSE

Most postal embezzlements were committed by lone offenders;
17 percent were committed conspiratorially. Over half of those
participating in conspiracies shared responsibility for
planning the embezzlement and stealing the valuables.

Seventy-eight percent of the offenses involved removal of
valuables from post office customers' mail. The remaiping
offenses were instances of theft from the post office itself,
with embezzlement of money and stamps taking precedence.

The average offense occurred during a six-month pericd.
The mean value of property stolen during the offense for which
the offender was charged was approximately $6,500, although

almost half of the thefts involved property valued at $500 or

less. It should be noted, here, that calculation of the amount
stolen was hindered by the fact that value estimates could not
be made in 33 percent of the cases. Also, the estimate of
amount stolen included offenses in which valuables were
"planted" by federal agents and were subsequently stolen by
offenders. In most of these cases, the value of the "plants"
was the only information that was available akout the dollar

magnitudes of the offenses.
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C. SENTENCING PERSONS CONVICTED OF MAIL THEFT

Our original intention was to analyze bank and postal
embezzlement as one generic offense. However after reading
several presentence investigatioﬁ reports, we discovered that
the two offenses were really quite different. Postal
embezzlement resembles simple theft, and bank embezzlement is
more like a white collar crime. Consequently, we separately
analyzed the sentences given to postal embezzlers.

Because of the post hoc decision to analyze postal
embezzlers separately, the éample size was small--144
observations. Because of this small sample size, we had to
choose a parsimonious model and, thereby: ran the riék of
misspecifying the statistical equations. Estimation was
further complicated by the leniency of sentences routinely
given to postal embezzlers. Only 25 percent are sentenced to
prison, and those offerders sentenced to prison served an
average term of a little less than seven months. Obviously,
when sentences are so much alike, there is little sentence
variance for the statistical analysis to "explain." The reader
should bear in mind these limitations when interpreting our
findings.

‘Altogether, 11 independent variables entered into the
statistical models. Social background included AGE (the
coffender's age in years), MALE (an indicator that the offender
was a2 male), and WHITE (an indicator that the offender was not
a member of a minority). No tactor scores were used.
Nevertheless, we did use the wvariable PAST 2, which measured

the offender's employment stability over the past fLwo years
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prior to conviction, as measured on an ordinal scale. This
variable was selected because of earlier results from other
offense groups that showed that an offender's employment record
was important to the sentence that he received.

MOST SEVERE was the maximum sentence in years that the
judge could have imposed for the most serious convicting
offense. This variable reflected the seriousness of the
offense. 1In addition, we used an ordinal variable TIME
INVOLVED (the log of the time served variable taken from the
code sheet), which recorded how long the offender was engaged
in his crime. DOLLAR ACT, indicated that the offender actually
stole more property than was indicated by the top chérge at
conviction. GROUP indicated that the offender acted with
others to commit the crime.

PRIOR RECORD indicated that the offender had a prior
criminal conviction. SUPPLIED INFO. indicated that he provided
information leading to the arrest or prosacution of others.
COUNTS was the number of counts in the convicting offense
(usually equal to one).

Using the probit model to estimate the probability of a
prison sentence, only the variable TIME INVOLVED was
statistically significant (see Takble XI.1l). Two other
variables--MOST SEVERE and AGE--just missed being statistically
signifiéant of .05. Thus, the probability of prison seemed toO
increase with the length of time that an offender was involved
in his crime. It alsoc seemed to increase with the most severe
sentence that a judge could impose given the convicting

offense. And the probability seemed tc decrease with the
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‘Table XI.1l

THE RELATIVE IMPACT OF DEFENDANT AND OFFENSE
CHARACTERISTICS ON THE DECISION TO IMPRISON,
IN/OUT MODEL (POSTAL EMBEZZLEMENT)
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offender's age. Because of the small sample size, we must be
very guarded about drawing firm conclusions from these findings.

Too few offenders in this sample were sentenced to prison
to allow us to fit thé second stage of the sentencing model.

We were able to fit the tobit model, with results that can be
found in Table XI.Z2.

The amount of time served by postal embezzlers increased by
about 20 months for each year called for by the maximum
sentence allowed for the top charge at conviction. Beyond
this, offenders who committed their offenses over long periods
of time served correspondingly longer sentences. This finding
was not surprising since the U.S. Parole Commission takes
amount stolen into account in its parocle guidelines. Also,
offenders who actually stole more property than was associated
with the convicting offense served more time. Otherwise, time
served seemed to decrease with the offender's age, although
this effect was not quite statistically signdificant.

We did not attempt to estimate the length of probation time
given to those persons who received probation.. The average
probation term was between two and one-half and three years.

Since our postal embezzlement sample consisted of only 144
offenders, it was not possible to conduct a meaningful analysis

of district-by-district variation.
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Table XI.2
THE RELATIVE IMPACT OF DEFENDANT AND OFFENSE

CHARACTERISTICS ON THE EXPECTED LENGTH OF TIME SERVED,
TOBIT MODEL (POSTAL EMBEZZLEMENT)
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XII. HOMICIDE

The range of behavior included in federal homicide statutes
is narrow; it consists of murders of on-duty federal agents and
murders occurring on government reservations, in territory in
the District of Columbia, and in regions under military
jurisdiction. As a result, the offenders included in our study
consist primarily of American Indians and military personnel,
persons who differ from the local offender typically examined
by social scientists. ﬁevertheless, we anticipate that federal
offenses are similar to local offenses, and thus, that it woulad
be useful to examine the literature pertaining to both local
and federsl offenders and offenses.

Research has indicated that homicides typically occur on
weekends, between 6 p.m. and 2 a.m., when most victims and
offenders are engaged in leisure activities.[1l] Approximately
half of the homicides occur at home, about 15 percent at bars,
15 percent in the immediate neighborhood of the victim or
offender, 12 percent on the highway, and the remainder in other
public places.[2]

Consistent with the fact that homicides most frequently
occur around an offender's or victim's neighborhood, a
significant proportion (50-60 percent) of all homicides result

v
from altercations between family members or close friends.[3]
Even during non-familial offenses, the victim or offender, or
both, is usually accompanied by family members or close

friends.[4]
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Overall, more men than women die from homicides. Women are
most often victims of familial homicides; the largest
proportion of men die in non-familial homicides.[5]. Some
researchers have argued that lower class culture fosters a

milieu of violence and encourages outward displays of

aggression[6]; this finding may account for the
disproportionate number of low income minority group members
among convicted homicide offenders.[7]

Investigations of homicides that involve American Indians
suggest that there are both similarities and differences
between the local offenses discussed above and federal
homicides. Like local homicide, homicide that involées Indians
is most often familiél and intragroup.[8] Also, both Indian
offenders and local offenders have limited formal education and
few or no vocational skills. Yet, examination of Indian
homicides also highlights certain respects in which federal
offenders are unique. For instance, compared with the
proportion of Indians in the general population, the number of
Indians incarcerated for homicide is significantly high. Also,
Indian offenses are more likely to involve alcohol than are
homicides involving non-Indians. Moreover, kinship deaths

among Indians, unlike familial homicides among local

populations, involve more female than male victims. It is only

when Indian offenders kill whites that the wvictim is likely to

be male and a stranger.

In the next two sections, the federal homicide ocffender and

his offense are further discussed. The emphasis in both
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sections is on the parallels and distinctions between our

tindings and earlier research.

A. THE OFFENDER

The average federal murderer was unmarried and had a mean
educational level of only eight years. He had difficulty
remaining employed and was unlikely to have longstanding
community ties. Possibly as a result of this overall
instability, only one-third of the offenders with dependents
provided their wards with emotional or economic support.

Although extensive drug use (i.e., marijuana, opiates, and
sedatives) was not typical, alcoholism was a problem for nearly
one-third of the homicide offenders.[9]

Eighty-five percent of the federal offenders had criminal
arrest records; the median number of prior arrests was four.
Nuisance (public order), personal, and property offenses made
up the bulk of these arrests; histories of sex, drug, or white
collar offenses were rare. The largest proportion of those
with prior arrests (29 percent) had previously received
sentences of incarceration in excess of one year. Another 26
percent had been sentenced to probation, and 17 percent had
previously been sentenced to confinement for less than one
yYear. Twenty-four percent of those with arrest histories had
never been convicted.

As was true of local offenders, most convicted federal
murderers were members of minority groups-(16 percent were
white; 46 percent, black; 36 percent, American Indian). The
predominance of minority members among convicted homicide
offenders is consistent with findings from other research.
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Comparing homicide offenders with persons convicted of
other federal crimes revealed some interesting links.  First,
examination of mean factor scores for the factors MARITAL,
EMPLOYMENT, and FORMATIVE indicatéd that homicide offenders

were most like bank robbers and forgers. Each was unlikely to

have marital ties or attachments to dependents, was apt to have.

serious unemployment problems, and in childhood, was likely to
have had difficulty obtaining life's necessities or to have
suffered parental abuse.

With respect to the factor SOCIAL, homicide offenders were
most like drug offenders. As children, neither excelled in
school adjustment. Nevertheless, both were tetter aéjusted
than young bank robbers or forgers.

In contrast, looking at mean scores for the factors DRUGS,
FAMILY, COHABIT, INTERACT, and MENTAL, the average murderer was
similar to the typical white collar offender (fraud, income
tax, embezzlement, or bribery cffender). Like white collar
offenders, the person committing homicide was unlikely to have
a drug problem, did not have close contact with family members,
cohabitants, or friends who were criminals, and was unlikely to

have psychiatric problems.

B. THE OFFENSE

The largest proportion (41 percent) of federal homicide
offenders were convicted on charges of voluntary manslaughter.
In addition, 16 percent of the homicides resulted in first-

degree murder convictions; 21 percent of the cases ended 'in
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convictions for second degree murder; and 19 percent in
convictions for involuntary manslaughter.

The convicting offense varied across demographic groups.
Considerably more women (64 perceht) than men (40 percent) were
convicted of voluntary manslaughter, and appreciably fewer
women (18 percent) than men (37 percent) were convicted of
first- and second-degree murder (combined). Proportionally
more white offenders (34 percent) than black (17 percent) or
Indian (5 percent) offenders were convicted of first-degree
murder. Nearly equal proportions of whites (24 percent) and
blacks (25 percent) were convicted of second-degree murder, and
only 13 percent of American Indian offenders were siﬁilarly
convicted. Over half of the black offenders (53 percent), more
than one-third of the Indian offenders (37 percent), and about
one-quarter of the whites were convicted of voluntary
manslaughter. Forty-five percent of the Indian offenders were
convicted of involuntary manslaughter versus 12 percent of the
murderers who were white and 2 percent of the black ocffenders.

According to the probation officer's accounts of the
crimes, over half of the federal homicides could be considered
"crimes of passion," that is, the direct result of an
unplanned, interpersonal altercation. An additional 10 percent
of the homicides could be termed planned or calculated to
further a particular goal. One in 10 killings occurred during
the course of some other planned felony and was accidental or
spontaneous with respect to that initial offense. Better than
2 in 10 homicides resulted from reckless or negligent behavior

in which the offender did not intend the death of the victim.

XII-5



As expected by statutory definition, a majority (63 percent) of
the crimes of passion resulted in convictions for voluntary
manslaughter. Surprisingly, however, 27 percent of those cases
concluded in first- or second-degfee murder convictions.
Sixty~five percent of the planned homicides resulted in

first-degree convictions, 19 percent in convictions for second-

degree murder, and 10 percent in voluntary manslaughter

convictions. ,

The federal homicide victim was frequently either an
acquaintance of the offender (38 percent of the cases) or was a
member of the immediate family, a relative other than an
immediate family member, or a friend (38 percent cumulative).
Another 24 percent of all federal homicides involved the deaths
of strangers. Like Lundsgaarde's observations in Houston, we
noted an inverse correlation between victim-offender
relationship and the seriocusness of the convicting offense.
Murders of strangers or acquaintances more often resulted in
first- or second-degree murder convictions than did murders of
members cf the other victim groups. Conversely, more murders
involving family and friends ended in voluntary manslaughter
convictions than did stranger and acquaihtance homicides. This
inverse correlation remained when sex and race were held
constant. Generally, homicide resulted in the death of a
single victim; but in about 6 percent of the cases, multiple
deaths occurred. Also, victims verbally or physically provoked
offenders in 27 percent of the homicides.

The victims, the offenders, or both, were using alcohol at

the time of the offense in 41 percent of the homicide o
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offenses. Alcohol was least often a part of offenses that
resulted in first- and second-degree murder convictions (21
percent of the non-alcohol«relatgd offenses were in the
first-degree groups vs. 8 percent of the alcohol-related
offenses; 26 percent of the non-alcohol offenses vs. 13 percent
of the alcohol-related in the second-degree group).

Conversely, alcohol was most often present in cases of
voluntary and involuntary manslaughter. Controlling for race,
the pattern remained for whites and blacks.

The offender's prior record was also related to the
seriousness of the convicting offense. Offenders with
histories of personal or Property crimes were more often
convicted of first- or second~-degree murder than were offenders
without such records. By the same token, persons who committed
homicide in conjuncéion with a property or personal offense
were more likely to be wonvicted of first- or second~degree
murder than individuals whose homicide offenses were not
coinicident with other crimes.

Three other items of offense information are noteworthy. A
deadly weapon (such as a gun, knife, or club) was used in
two-thirds of the homicides. In 12 bercent of the offenses,
the offender attempted to conceal his involvement in the crime
by destroying evidence. Incredibly, most offenders did not
take any special precautions to conceal their offenses. In
fact, 20 percent of the offenders confessed their guilt to the

authorities in advance of arrest.
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C. SENTENCING HOMICIDE OFFENDERS

Judging by the severity of the sentences received by
convicted murderers, homicide is one of the most serious of
federal offenses. In our sample; first-degree murder always

resulted in a prison sentence, and second-degree murder

resulted in a prison term for better than 9 of every 10
offenders. Less serious offenses~-voluntary manslaughter (77
percent), involuntary manslaughter (54 percent), and negligent
homicide (40 percent)--often resulted in some prison time.
Overall, half the offenders were sentenced to a maximum term in
excess of 10 years, and on average, offenders served 4.5 years.
Several offense and offender variables appeared éo
influence judges when they sentenced offenders, and parole
officials when they decided on an offender's release. We
attempted to identify these factors in order t¢ determine (1)
the probability that an offender would be sentenced to prison,
(2) the length of time that he would serve if incarcerated, and
(3) the length of probation served if sentenced to probation.
Ten of these variables described the offender's background,
as derived from the factor analysis reported in Appendix A.
EMPLOY reflected the offender's employment history at the time
the PSI was written, his employment history one month prior to
the instant arrest, and his employment record over the previous
two years. It also indicated whether he supported himself
financialiy.' DRUGS was a second factor that figured
prominently in the analysis. It was strongly related to the
abuse of marijuana, sedatives,. and stimulants, and was scomewhat

less strongly related to the abuse of opiates.
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Besides these two, eight other background variables were
used in the statistical analysis, but they are not reported in
the analysis discussed in this chapter, because none appeared
to have a significant role in det;rmining the severity of the
sentence received by murderers. MARITAL indicated the
offender's marital ties and whether he supported dependents.
INTERACT, FAMILY, and COHABS indicated the extent to which an
offender received normative support from, respectively, persons
with whom he regularly interacted, members of his family, and
his cohabitants. SOCIAL ADJ and FORMATIVE were similar
factors, the first measured the difficulty that the gffender
had adjusting to school and school friends, and the second
measured the extent to which his parents provided emotional and
financial support during his formative years. MENTAL reflected
the offender's mental health. The final factor--MIXED--was
created with several diverse variables and had no specific
nomenclature.

Numerous variables describing aspects of the offense were
analyzed statistically. As will be seen, the degree of the
homicide dominated other offense variables and had the most
explanatory power in the sentencing equations. First-degree
murder was distinguished from second-degree murder (2ND
DEGREE), voluntary manslaughter (VOL. MANSLAUGHTER), and
involuntary manslaughter/negligent homicide (INVOL./NEGLIG).
Several other offense variables had some influence on the
sentence. VERBAL indicated that the victim verbally provoked
either the offender or an associate; PHYSICAL indicated that

the provocation was physical. WEAPON recorded that the
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offender used either a gun or other deadly weapon. If other
persons were involved in the murder, OTHER PERSON recorded that
fact. NO. KILLED represented the number of persons killed.
CONCEAL indicated that the offender attempted to conceal his

offense; and CONFESS indicated that he confessed his offense

prior to being arrested.

Other offense variables did not seem to matter and were,
therefore, excluded from the analysis. We attempted to control
for the oOffender's motive, registering whether he planned his
offense, whether it was committed accidentally during a felony
offense, whether it was the immediate and spontaneous result of
an interpersonal conflict, and whether the death resulted from
reckless or negligent behavior. These factors did not seem to
influence the sentence except, of course, to the extent that
they determined the degree of the murder. Moreover, the fact
that the offender did not directly cause the death, but
participated in an activity that lead to the death, had little
or no bearing on the sentence.

The offender's criminal record was also used in the
analysis. Offenders with no previous convictions were compared
with offenders who had previously been sentenced to probation
(PRIOR PROBATION), offenders who had served a previous term of
less than one year (PRIOR SHORT), and offenders who had served
prior terms in excess of one year (PRIOR LONG). Several
additional prior record variables initially entered the
analysis. We identified whether the offender had any detainers
pending, ﬁhether he had ever had probation revoked, and whether

he was serving a sentence.or had a warrant outstanding for his
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arrest at the time of the homicide. Perhaps because these
later variables were so closely related to the prior sentence
variakles, it was impossible to discern the independent
influenge of these corollary prfor record variables.[10]

Consequently, they were dropped from the analysis.

Males (MALES) were distinguished from females. Likewise,
American Indians (INDIAN) were distinguished from blacks
(BLACK) and other racial groups, including whites. However,
blacks did not seem to receive sentences that differed from
those received by whites, so only the variable INDIAN was
retained in the model. Data problems did not allow a control
on age. '

These variables were first used to predict the imposition
of a prison sentence. Since first-degree murderers were always
sentenced to prison, the analysis was limited to offenders
convicted of lower grade offenses. Thus, in the regressions
summarized in Table XII.l, 2ND DEGREE has been dropped from the
model, and second-dedgree murdefers now constitute a residual
group.

Results revealed that the magnitude of the offense was most
important in determining whether an offender went to jail or
prison. Three out of every four seccnd-degree murderers went
to prison. Other things constant, persons cenvicted of
voluntary manslaughter had a probability of going to prison
that was .08 lower than second-degree murderers, but .25
greater than persons convicted of inveluntary manslaughter.

The "other things held constant" included the number of persons

killed (which increased the probability by about .14 per
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Table XII.1 additional person) and whether the offender attempted to hide

b}

€t

THE RELATIVE IMPACT OF DEFENDANT AND OFFENSE his offense (which increased the probability by .10).

CHARACTERISTICS ON THE DECISION TO IMPRISON,

IN/OUT MCDEL (HOMICIDE) P g Otherwise, an independent effect could not be attributed to
. ; whether the offender was assaulted, whether he used a weapon
INVOL . ZHEGLIG. [[ZZZZ:[:/:T_'Z:Z_'Z:/‘: ) “:;?;;;: -------- ’ and whether he confessed prior to being arrested.
MALE 0. 3236 :2777775 =: : Certain offender characteristics seemed to influence the
: Tt ' probability of incarceration. Males went to prison much more
OTHER FERSONS 0:2640 EZZKZZ/] frequently than did females (the probability was about .30
NG. KILLED 0.2517 LTI . greater), and persons with stable employment histories were

VOL. MANSLAUGHTER sent to prison less frequently. 1In contrast, a number of

|
HT.IZZ: -0.2230

i
CONCEAL 0.1797 i 4 personal factors did not seem to matter. The coffender's
WL .
ERPLOY 0.1782 :if7' . i criminal record was apparently treated as irrelevant. by the
[ L14] '
i judge when deciding on prison, as was the offender's drug
PRIOR LONG 0.1289 |-=---
fmos history. 1In view of previously mentioned findings that
DRUGS 0.1186 t=-=-- :
:‘"" numerous other background variables were not correlated with
WEAPON 0.1104 temmm=

sentence severity, it appears that, for homicide offenders, the

PRIOR PRCBATION . - D . . . .
R ATl ) 0.1044 :___ ( decision to imprison is largely independent of offender
|
CCNFESS - -¢.ce2 . background characteristics.
.._—l i
!
INDIAN 0.0617 t-- Once the offender was sentenced to prison, a number of
j=-
1 " i » ) . .
PRIOR SHORT 0.0536 - | .additional variables seemed to affect the length of time
| -
¢ served. Table XII.2 summarizes the findings from regressions
PHYSICAL 0.0496 -
f- ! § . . . .
f i 3 run on all offenders, including those convicted of first-degree
VERBAL 0.034% - ’ ‘
- ) murder. The offense variables dominated the regressions:
H » H
TRIAL 0.0308 - : ; .
. (- g offenders convicted of second-degree murder served an average
NOTE:  THE KARE REFRESENT THE RELATIVE SIZE OF THE RETA of 18 months less than offenders who were convicted of first-

WEIGHTE AS LETERrINET FROM THE PROTIT SCDEL. g i
VARIAELES THAT WERE CTATISTITALLY SIGNIFICANT Ty . .
AT .05 HAVE BEEN SHADED. degree murder; offenders convicted of voluntary manslaughter
served an average of about two years less than offenders

sentenced for second-degree murder; and offenders convicted of

o
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THE RELATIVE IMPACT OF DEFENDANT AND OFFENSE
CHARACTERISTICS ON THE LENGTH OF INCARCERATION,

Table XII.2

IN/OUT MODEL (HOMICIDE)
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involuntary manslaughter served almost two years less, on
average, than offenders convicted of voluntary manslaughter.

Beyond the degree of the homicide, other offense variables
were taken into account. If the.victim had physically
assaulted the defendant, a member of his family, or one of his
close friends, the sentence was shortened by an average of nine
months. If the offender used a weapon, the length of time
served was typically increased by about eight months. No other
offense variables were statistically significant.

Otffender background and criminal history had some influence
on time served, largely because the pParole authorities take
these factors into account when deciding release. Offenders
who served long prison terms for convictions had their current
sentences increased by over one yYear, 5n average, relative to
offenders with no previous convictions. The comparable effect
for persons who had previously served less than one year was an
increased sentence of about seven months. A previous probation
term did not cause an increase in time served.[11]

Employed offenders served shorter terms, as did offenders
who had "clean" drug histories. TIndians were typically treated
more leniently; they served about one year less than
non-Indians convicted of comparable crimes. Males served about
nine months more than females, on average. The occurrence of a
trial did not increase the probability of prison, nor did it
increase the length of time served.

Findings pertaining to the length of time served by

murderers, as determined using the second stage of the in/out

XII-15



model, can be compared with findings using the expected length

of incarceration model (see Table XII.3). Because most

offenders received at least some prison time, the results were

not expected to differ greatly, but some differences were noted.

The length of time served was largely determined by the

degree of the homicidé. ~Compared With the average sentence

served by persons convicted of first-degree homicide, persons

Table XII.3

THE RELATIVE IMPACT OF DEFENDANT AND OFFENSE
CHARACTERISTICS ON THE EXPECTED LENGTH OF TIME SERVED,
EXPECTED LENGTH OF INCARCERATION MODEL (HOMICIDE)

convicted of second-degree homicide served 21 months less,
persons convicted of voluntary manslaughter served 52 months
less, and persons convicted of involuntary manslaughter served
82 months less. As anticipated, the expected length of
incarceration model distinguished the different lengths of time
served by persons convicted of different degrees of murder more
sharply than did the in/out model in which comparable average
differences in sentences were 18 months, 44 months, and 65
months, respectively.[12] R
The use of a weapon tended to increase time served by about 5
nine months. If other persons were involved in the offense, an 8
average ot an additional year was added to the length of time
served, and an additional eight months were added per person
killed. Offenders who confessed prior to arrest received about
six months less time.
Prior convictions seemed to be interpreted as extenuating
circumstances that led to lengthier sentences. \Thus, offenders
who had committed previous crimes leading to prison terms in
excess of one year served, on average, l4 months more than
offenders who had no prior convictions. Murderers who had |

served previous terms that were shorter than one year served an
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extra nine months, and offenders who served earlier probation
terms servzd an extra seven months, on average. Comparable
numbers from the in/out model were 12, 7, and 3 months,
respectively. Once again, the additional time served by

offenders with records can be attributed to policies of the

parole board, as judges were not observed to sentence
recidivists more harshly than non-recidivists.

On average, Indians served eight months less time than d4id
non-Indians; men served almost two years more time than did
women; and time served decreased with the offender's employment
stability and increased with his drug usage.

Having estimated the probability of going to prison and the
length of time served, it was impossible to determine the
factors that entered into the decisipn regarding the length of
probation. One of every tour murderers received probation, too
few to form the basis of an empirical analysis. We note,
nevertheless, that offenders who were sentenced to probation
received an average term of 40 months.  Almost all (92 percent)
of those oftenders were convicted either of involuntary
manslaughter or negligent homicide.

In summarizing this analysis of the sentences received by
persons convicted of homicide,; it is striking that the sentence
largely depended on the offense that the offender committed,
and this offense can in turn be largely described by the degree
of the homicide. Some other offense-related variables
mattered, but their impacts were marginal.

For homicide, offender characteristics seemed to matter

less than they did for those offenses analyzed in previous
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chapters. Criminal records had some impact, but only because
parole board policy takes criminal record into account when
setting release dates. Employment and drug records were
apparently taken into account, as'was the fact that the
offender was an Indian or a male. But for the most part,
offense variables most accurately predicted the sentence
received.

Perhaps this finding could have been anticipated. After
all, homicide is an extremely serious offense, and as such
"justice" may hinge primarily on the magnitude of the crime
committed. The seriousness of homicide may be unique in
relation to the seriousness of many other federal off;nses.
Homicide may provide the judge with few occasions to temper a
severe sentence because of "deservedness" on the part of thé

offender.
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This finding is colored by the fact that 62 percent of the
Indian offenders in the sample are problem drinkers.

This problem is known as multicollinearity in the technical
literature. When all prior record variables were in the
model, the statistical significance of each was negligible.

These effects must be attributed to parole authorities
because regressions on the maximum sentence revealed that
judges did not increase the sentence imposed as the
offtender's record increased in seriousness.

These estimates do not take into account the impact that

the degree of the homicide has on the probability of
imprisonment. See chapter III for an explanation.
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XIII. BRIBERY OF PUBLIC OFFICIALS

The potential for bribery exists in any situation in which
illicit deals can benefit two or more individuals. The benefit
need not be financial; certain intangible rewards, such as
honor, freedom, or power, are also exchanged as bribes.

Bribery is mainly focused on one of two issues: falsifying
government documents or obtaining exclusive rights to
government funds. Instances of the former activity include
falsifying immigration papers, misgrading food, and altering
criminal records. An example of the latter is price-fixing of
government contract bids. Bribery most frequently involves
immigration regulations, government contracts, grant or aid
stipulations, food regulations, and tax laws. To a lesser
extent, bribes are offered to witnesses, drug agents and
housing inspectors.

Although it is most typical for private citizens to
approach public officials with a bribery scheme, the reverse
does occur. In addition, it is possible that a network ot
individuals, both citizens and public officials, become
involved in a bribery incident. For instance, the owner of a
grain processing plant may bribe a public inspector to falsify
information about grain weights. In turn, the owner may offer
bribes to members of his work force in order to facilitate the
illicit grain scheme. |

In the following sections, we briefly describe the
individuals in our sample who were involved in bribery and

examine the activities in which they engaged.
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A. THE OFFENDERS

Convicted bribers were prototypes of the white collar
criminal 3described by Sutherland.[l] They were typically
married, well educated (with a mean of 12 years of school),

steadily employed, young (mean age 25), non~habitual

offenders. Bribers were generally white, male, and financially
solvent. Few had arrest histories, and those who did tended to
have committed nuisance offenses, such as public intoxication
or disorderly conduct. Bribers' families, cohabitants, and
friends were unlikely to have been involved in crime and were
generally described in the PSI as persbns who would promote
conventional life styles. As children, bribers were not abused
and most were easily provided with life's necessities. Their
early social and academic adjustment was Aaverage or above
average.

Sixty-eight percent of the bribers described in the PS3I
sample were private citizens, 25 percent were public officials,
5 percent were corporations or persons affiliated with corpora-
tions, and 2 percent were members of one large government sub-
contracting firm.

Comparisons of mean factor scores across offense groups
indicated that non-corporation bribers had most in common with
bank embezzlers and income tax violators; in some respects,
they were also similar to homicide offenders and false claims
violators. Bribers had little in common with offenders in the
other offense groups examined.

With respect to the factors EMPLOYMENT and SOCIAL, bribers

were like income tax offenders and bank embezzlers. Violators
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in each of these groups were apt to be employed regularly and
to have displayed positive social adjustment as children.
Bribers also resembled bank embezzlers with respect to the

factors FAMILY and MENTAL. Neither type of offender was likely

.to have been exposed to criminal family members or to have

mental health problems.

Of all the offender groups examined, bribers were least
likely to have criminal cohabitants. And they were unlikely to
have close contacts with criminal éeers.

Finally, bribers, like homicide offenders and bank

embezzlers, were unlikely to have drug proktlems (DRUG).

B. TIIE OFFENSE

In 88 percent of the cases in which a private citizen was
convicted of bribery, public officials were offered bribes; in
another 12 percent of those cases, private c¢itizens accepted
bribes from public officials. Seventy-one percent of the cases
in which a government official was convicted involved
acceptance of bribes from private citizens, and in a majority
of the remaining instances, public officials proposed bribes to
citizens. Where corporations were concerned, public officials
were most often offered bribes; in a few instances, public
officials prcmoted the bribery scheme.

Nearly 70 percent of the schemes entailed manipulation of
government records and the remaining cases involved direct
negotiations for government funds. Thirty-one percent of the
bribery cases involved the Internal Revenue Service, 33 percent

were related to government contracts (including grants and
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aid), 19 percent involved food regulations, 6 percent were
immigration cases, and the remaining 10 percent entailed a
miscellany of drug, housing, and witness-related offenses.

The majority of focd offenses involved upgrading food that
was fit for consumption but not of the gquality claimed by the
inspector. About 12 percent of the food cases entailed
mislabeling adulterated products and 8 percent were cases oOf
misweighting. However, in addition to the fact that food was
at issue in relatively few cases, information about the
specifics of food offenses was missing 20 percent of the time.

About 27 percent of the bribers were involved in bribery
one month or less before apprehension; another 26 percent were
involved in excess of one month but less than one year, and 36
percent were involved for more than one yvear. Information
about the duration of bribery was missing in 10 percent of the
cases.

Twenty-nine percent of the briberies involved three ©r more
participants. Most bribers (79 percent) were judged to have
shared responsibility for their schemes, but about 8 percent
were organizers and another 4 percent played minor roles in the
conspiracies.

When bribe money changed hands, the mean amount of the
bribe was approximately $14,000; but interpretation of this
finding must again be tempered by the fact that there was a
large proportion (21 percent) of missing data.

It was often difficult tc translate the non-financial loss
from bribery into dollar equivalents. In some instances, loss

to the victim was nonpecuniary, involving instead the kinds of
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intangibles mentioned earlier with reference to gains or losses
of pride, national honor, and safety. These kinds of losses
occurred most often in food and immigration cases. In other
instances, especiallj when goverﬁment contracts were involved,
%E yéskpsffigisufgh?stimate the value of the contract, but it
was not feasible to calculate loss on the basis of that
information alone. Finally, a proportion of the PSIs had no
information about dollar loss because of missing data. Because
information about dollar loss was unavailable for close to 67
percent of the cases, it would be misleading to draw inferences

about the seriousness of the cffense using the "loss" variable

alone.

C. SENTENCING OFFENDERS& CONVICTED OF BRIBERY

Since bribery is an offense committed almost exclusively by
offenders who have stable social backgrounds relative to other
federal offenders described in this report, and in view of
other evidence that white collar offenders are generally
treated more leniently than other offenders,[2] our expectation
was that bribery offenders would infrequently go to prison, and
when they did go, that they wculd serve short sentences.
Indeed, bribers were sentenced to probation in nearly 60
percent of the cases examined. And when a briber was sentenced
to prison, he served an average of six months.

What determined the severity of the sentence received by
federal bribery offenders? We address that question here.
Since federal bribery offenders came from homogeneous

backgrounds, however, we did not factor analyze social
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background variables. Thus, with the exception of sex and
race, social background factors were excluded from the
analysis.[3] Three other groups of variables were retained in
the statistical model: offense variables, prior records, and
processing variables.

According to our data base, bribery encompassed four major
issues: taxes, immigration, government contracts {including
grants and aid), and food. The tollowing analysis controls for
those issues using the variables IMMIG, TAXES, and GOV
CONTRACT. Violations relating to food inspection are a
residual category. As noted earlier, two types of offenders
were involved in these offenses; thus the variable PUBLIC
indicated that a public official rather than a private citizen
was being sentenced. We considered that an offender could play
one of three roles in the offense. First, he could have
initiated or organized a bribery scheme that involved a
criminal conspiracy (ORGANIZED). Second, he could have
participated in a criminal conspiracy by sharing responsibility
equally with a majority of the coconspirators (EQUAL), rather
than by organizing the scheme. Third, he could have acted on
his own. Finally with regard to offense variables, we
controlled for the length of time during which the offender was
involved in the bribery scheme. If he was involved for a
pericd in excess of one month but less than one year, this was
noted as MORE THAN 1 MONTH. If his participation lasted longer
than one year, this was indicated by MORE THAN 1 YEAR. The
residual category denoted offenses that lasted less than one

month. It would have been desirable to supplement the
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offense variables described above with the amount of loss that
resulted from the bribery scheme, or would have resulted had
the scheme been successful. But this was not possible for the
reasons noted in Section B.

Since federal bribers had limited criminal records, it was

not possible to proviée the usual detéil about criminal
history. 1Instead, the variable PRIOR RECORD denoted that the
offender had previously been convicted in criminal court and
received at least a previous sentence of probation.

For processing variables, we recorded whether the offender
was convicted by trial (TRIAL) rather than by guilty plea. We
also determined the number of counts in the convicting offense,
denoted by COUNTS (the logarithm of counts). The most severe
sentence in years that could have been iméosed given the top
charge at conviction was indicated by MOST SEVERE. And SUPINF
indicated whether the offender supplied information that led to
the arrest or prosecution of other offenders.

As we said above, variables denoting personal
characteristics were limited to MALE and WﬁITE. Otherwise,
personal characteristics were not examined in the statistical
model.

Analysis of the in/out decision failed to reveal any
difference in rates of incarceration among offenders committing
offenses involving taxes, immigration, government contracts, or
food violation. ©Nor did the analysis uncover any evidence that
the duratiocn of the offense influenced whether the judge
sentenced the offender to prison. We did find that the

offender's role in a conspiracy had an important impact on
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whether he went to prison. Persons who organized a group
engaged in bribing public officials (or accepting bribes from
public officials) were .22 more likely to go to jail than were
persons who did not participate in a conspiracy. Offenders who
participated in a criminal conspiracy that they did not
organize were .02 less likely to serve a prison term than were
organizers, but they were .20 more likely to go to prison than
were offenders who acted alone. We also noted that government
officials were .28 more likely to be imprisoned than were
citizens (see Table XIII.1l).

While factors associated with the offense itself appeared
to influence the sentence, there was no evidence to indicate
that an offender's criminal record mattered when sentencing him
to prison. This finding may simply indicate that there were
toc few serious records among bribers to allow any such
relationship to be revealed. We did find that males went to
Prison more frequently (by .33) than females. But we did not
uncover any celationship between sentence and race. 7

Looking at processing variables, persons who were convicted
by trial were much more likely to serve at least some prison
time. The difference in probabilities was .23.  We did not
find that judges were concerned with the number of counts in
the convicting offense or with the magnitude of the offense as .
reflected in MOST SEVERE. However, this latter variable just |
missed being statistically significant at .05. i

When we examined the length of time served, still using the
in/out model, we discovered a different pattern. First, the 5

offense variables entered the model in a somewhat different
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Table XIII.1l

THE RELATIVE IMPACT OF DEFENDANT AND OFFENSE
CHARACTERISTICS ON THE DECISION TO IMPRISON,
IN/OUT MODEL (BRIBERY OF PUBLIC OFFICIALS)
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THE RELATIVE SIZE OF THE BETA

WEIGHTS AS CALCULATED FROM THE PROBIT MODEL.
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,05 HAVE BEEN SHADED.
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fashion. Persons who were involved in income tax violations
appeared to serve about four months less time than did
offenders in the other three major offense groups. ;
Inexplicably, offenders who had engaged in the offense longer

than one year seemed to serve less time than offenders who had

been involved for less than one year. No pattern was detected

for the offender's participation in a conspiracy; nor did it

appear that the most serious top charge influenced the length

of time served (see Table XIII.2).

Neither the defendant's sex nor race was a determinant of -
the length of time served, acccording to the second stage of
the in/out model. Public officials were marginally more likely
than private citizens to serve additional time (about two
months). And persons with previous convictions served about
four months more than individuals without conviction histories.

Of the processing variables, only the number of counts in
the conviction increased the length of imprisonment. Whether
the offender supplied information leading to the prosecution of
others, or whether he entered a guilty plea instead of going to
trial, had no demonstrable effect on the length of time served.

-The length of time served, as determined by applying the .
expected length of imprisonment model, showed that the type of j
bribery scheme (TAXES, IMMIG, or CONTRACTS) did not seem to
matter in determining the length of time that an offender
served in prison. The same can be said of the duration of the

offense. This latter finding makes more sense than the

previous finding from the in/out model that offenders who had ]

een engaged in bribery for longer periods of time served B
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Table XIII.2
THE RELATIVE IMPACT OF DEFENDANT AND OFFENSE

CHARACTERISTICS ON THE LENGTH OF INCARCERATION,
IN/OUT MODEL (BRIBERY OF PUBLIC OFFICIALS)
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VARIABLES THAT WERE STATISTICALLY SIGNIFICANT
AT .03 HAVE BEEN SHADED.
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shorter sentences. In contrast, participation in a conspiracy

increased the duration of incarceration by an average of about Table XIII.3
' 1 ; i THE RELATIVE IMPACT OF DEFENDANT AND OFFENSE
16 months, no matter what the offenders' role in the : : Cam R I A PECTED LANGTH OF TIME SERVED,
EXPECTED LENGTH OF INCARCERATION MODEL

conspiracy. This £inding also differs from the discovery in (BRIBERY OF PUBLIC OFFICIALS)

the second stage of the in/out model that a conspiracy did not S
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incarcerated private citizens (see Table XIII.3). , P ,ZZ-Z_Z_Z_Z_Z_Z]
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7 !
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1 ' 3
. . N . i i l
s.
the treatment of males or minority group member TRIAL 0.6775 ':ﬂ
. [
Unlike the findings from the second stage of the in/out : I
ORGANIZED 0.4131 i7q
model, evidence pertaining to length of time served indicated :
COUNTS i -0.1713
that a guilty plea reduced the time that an offender served, on :
i i HO. I ~0.1706
average, by 1.5 years. No other processing variables were WORE THak 1 |
~ !
statistically significant. g WHITE : ~0.1542
!
Many federal bribers served terms of probation, and we - MORE THAN 1 YR, 0.1099 |
‘ I
. . . : !
examined the regularity of probation lengths. Offenders who 60V.CONTRACTS 0.0833 :
bribed public officials (or who accepted bribes) when the ; !
SUP INF. : «0.0600
matter at issue was federal inspection cf food, seemed to |
IMNIG 0.0327 |
receive somewhat longer probation sentences. Relative to :
: . . . TAXES ! -0.027%
persons convicted of offenses involving food inspection, i !
. . o . ,, TTNOTE:  THE BARS REPRESENT T HE RELATIVE SIZE OF THE BETA
offenders whc committed crimes pertaining to income taxes, " : NOTE THE BARS REFRESENT o

WEIGHTS AS DETERMINED FROM THE TOBIT MODEL.
VARIABLES THAT WERE STATISTICALLY SIGNIFICANT AT

immigration, or government contracts served about one year less - : +05 HAVE BEEN SHADED.
probation time. The probation term also increased with the ‘
maximum term of prison allowed by conviction to the top !

charge. Offenders with previous convictions could expect to
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serve an additional eight months of probation time, on average,

but other variables did not seem toO influence the length of

probation time.
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NOTES

E. Sutherland, White Collar Crime (New York: Holt,
Rinehart and Winston, 196l1).

Hearings on White Collar Crime, 95th Congress; White Collar
Crime Symposium, American Criminal Law Review 17 (Winter,
1980): 271-300.

When there i1is so little variance in the background factors,
a regression model is unable to detect a relationship
between sentences and social background. Consequently,
social background variables were eliminated from the

model. Additionally, age was frequently missing from the
data base. Given the lack of statistical significance
between age and sentence for the offenses analyzed to this
point, it seemed preferable to maximize the size of the
data base by eliminating age as an explanatory variable.
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XIv. FALSE CLAIMS AND STATEMENTS

A false claims offense is one of a broad range of
activities that involve making false statements to the
government. Generally, the false’claims offender is motivated
by the promise of monetary gain, but his crime may also be
induced by nonpecuniary rewards. Perhaps the most obvious
example of the latter is the false statement made by an alien
who wishes to remain illegally in the country.

False claims made against the government take one of two
forms. The offender may either make a claim that is completely
bogus or he may inflate a legitimate claim. 1In the first
instance, a person may falsify W-2 forms and submit tax records
for work that was never performed. In the latter case, the
offender may aggrandize his tax refund by claiming illegal
exemptions.

Both of the examples cited above involve false statements
made to the Internal Revenue Service. However, the list of
government agencies that may be victimized is long. Prime

targets are welfare and social security agencies, 